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Abstract

Political elites play an important role in the proliferation of
online misinformation. However, an understanding of how
fact-checking platforms pick up politicized misinformation
for fact-checking is still in its infancy. Here, we conduct
an empirical analysis of mentions of U.S. political elites
within fact-checked statements. For this purpose, we col-
lect a comprehensive dataset consisting of 35,014 true and
false statements that have been fact-checked by two ma-
jor fact-checking organizations (Snopes, PolitiFact) in the
U.S. between 2008 and 2023, i. e., within an observation pe-
riod of 15 years. Subsequently, we perform content analy-
sis and explanatory regression modeling to analyze how ve-
racity is linked to mentions of U.S. political elites in fact-
checked statements. Our analysis yields the following main
findings: (i) Fact-checked false statements are, on average,
20% more likely to mention political elites than true fact-
checked statements. (ii) There is a partisan asymmetry such
that fact-checked false statements are 88.1% more likely to
mention Democrats, but 26.5% less likely to mention Re-
publicans, compared to fact-checked true statements. (iii)
Mentions of political elites in fact-checked false statements
reach the highest level during the months preceding elec-
tions. (iv) Fact-checked false statements that mention polit-
ical elites carry stronger other-condemning emotions and are
more likely to be pro-Republican, compared to fact-checked
true statements. In sum, our study offers new insights into un-
derstanding mentions of political elites in false statements on
U.S. fact-checking platforms, and bridges important findings
at the intersection between misinformation and politicization.

Introduction
Online misinformation poses significant challenges to soci-
eties of the twenty-first century (Lazer et al. 2018). Although
the proportion of misinformation in (most) people’s infor-
mation diet tends to be small (Budak et al. 2024; Ecker et al.
2024; Altay, Berriche, and Acerbi 2023), detrimental effects
of misinformation have been repeatedly observed across var-
ious events such as, for example, during elections and crisis
situations (Allcott and Gentzkow 2017; Suciu 2022; Mosleh
and Rand 2022; Hartman et al. 2022; Bär, Pröllochs, and
Feuerriegel 2023). Hence, countering the spread of misin-
formation has become an urgent priority, with extensive re-

Copyright © 2025, Association for the Advancement of Artificial
Intelligence (www.aaai.org). All rights reserved.

search efforts dedicated to analysis of its online diffusion
and detection (Ecker et al. 2022; Horta Ribeiro, Cheng, and
West 2023; Vosoughi, Roy, and Aral 2018; Drolsbach and
Pröllochs 2023; Pröllochs, Bär, and Feuerriegel 2021; Chuai
and Zhao 2022; Chuai et al. 2024a,b). However, despite
these efforts, reducing people’s susceptibility to misinforma-
tion remains challenging (Ecker et al. 2022).

Recent research suggests that political elites (i. e., politi-
cians, political figures) may play a key role in the prolifer-
ation of online misinformation (Flores et al. 2022; Mosleh
and Rand 2022). Over the past 30 years, political figures
have been increasingly mentioned in media representations
with the goal of politicizing social issues (Chinn, Hart, and
Soroka 2020). The strategy of mentioning politicians in
news stories can drive engagement (Osmundsen et al. 2021;
Shin and Thorson 2017) and help to foster specific political
interests, ideologies, or agendas (Druckman 2022; Chinn,
Hart, and Soroka 2020; Hart, Chinn, and Soroka 2020). At
the same time, politicization contributes to partisan and af-
fective polarization, characterized by growing disparities in
viewpoints between adherents of opposing political parties
(Simon et al. 2019; Raymond, Waller, and Anderson 2022;
Saveski et al. 2022). For instance, misinformation mention-
ing politicians has been shown to fragment online political
debates and intensify divisions in public support for poli-
cies related to COVID-19 and climate change (Flores et al.
2022; Heiberger et al. 2022; Chinn, Hart, and Soroka 2020).
In light of a substantial body of research highlighting the
influence of political elites on individuals’ attitudes and be-
haviors (Mosleh and Rand 2022; Enders et al. 2022), the
politicization of misinformation has become a pressing con-
cern that requires further scrutiny.

Fact-checking organizations such as PolitiFact (politi-
fact.com) and Snopes (snopes.com) are vital for identify-
ing and debunking politicized misinformation. Their fact-
checking assessments are supposed to help users to identify
misleading statements in order to curb their spread (e. g., on
social media) (Pilarski, Solovev, and Pröllochs 2024). Pre-
vious studies suggest that fact-checking can indeed improve
misinformation discernment and reduce sharing intentions
for misinformation (Altay, Berriche, and Acerbi 2023; Mar-
tel and Rand 2023). In practice, however, limited resources
often force fact-checkers to prioritize statements for fact-
checking (Sehat et al. 2024). Although their assessments
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are generally considered accurate (Vosoughi, Roy, and Aral
2018; Lee et al. 2023), the necessity of choosing specific
claims to fact-check can invite criticism due to the subjective
nature of the decision (Nieminen and Rapeli 2019). Critics
argue that the selection of claims can reflect political pref-
erences, potentially skewing results in favor of certain po-
litical identities (typically towards the political left) (Singh,
Masud, and Chakraborty 2024). This is problematic as the
perception of bias and subjectivity can erode public trust
in fact-checking organizations. If people believe that fact-
checkers are not impartial, they may be less likely to trust
their findings, regardless of the evidence presented (Drols-
bach, Solovev, and Pröllochs 2024). Despite these vocal con-
cerns, however, empirical evidence on how fact-checking
organizations pick up politicized misinformation for fact-
checking is missing.

Research goal: In this paper, we conduct an empirical
analysis of mentions of political elites within fact-checked
true and false statements. To this end, we collect 35,014
true and false statements that have been fact-checked by
major U.S. fact-checking organizations, namely, PolitiFact
(politifact.com) and Snopes (snopes.com), between 2008
and 2023, i. e., within an observation period of 15 years.
These two fact-checking organizations are among the largest
and most established of their kind (Allcott and Gentzkow
2017; Vosoughi, Roy, and Aral 2018; Mosleh and Rand
2022; Garrett and Bond 2021). Additionally, we construct
a database of U.S. politicians, containing 3703 political
elites (Republicans and Democrats) to measure politiciza-
tion within the fact-checked statements. Subsequently, we
estimate explanatory regression models to analyze how ve-
racity is linked to mentions of U.S. political elites in fact-
checked statements. We also study how this link varies be-
tween election cycles and across topics, and perform content
analysis to explore the role of other-condemning emotions in
the politicization of misinformation.

Contributions: Our work provides empirical evidence on
how fact-checking organizations pick up politicized misin-
formation for fact-checking. We find that: (i) fact-checked
false statements are, on average, 20% more likely to men-
tion political elites than true fact-checked statements. (ii)
There is a partisan asymmetry such that false fact-checked
statements are 88.1% more likely to mention Democrats,
but 26.5% less likely to mention Republicans, compared
to true fact-checked statements. (iii) Mentions of political
elites in fact-checked false statements reach the highest level
during the months preceding elections. (iv) Fact-checked
false statements that mention political elites carry stronger
other-condemning emotions and are more likely to be pro-
Republican. These findings offer new insights into how ma-
jor fact-checking platforms in the U.S. select their targets
to fact-check, and bridge earlier work at the intersection be-
tween misinformation and politicization.

Background
Online misinformation is a pressing societal problem that
platforms, policymakers, and researchers continue to grap-
ple with. The reason is that there are serious concerns that
misinformation on social media is damaging societies and

democratic institutions (Lazer et al. 2018; Ecker et al. 2024;
Feuerriegel et al. 2023). While some critics argue that the
harms of misinformation may be overstated, with expo-
sure to falsehoods often concentrated among narrow fringe
groups (Cinelli et al. 2021; Altay, Berriche, and Acerbi
2023; Budak et al. 2024), negative repercussions of online
misinformation on modern societies have been repeatedly
observed in recent years, especially in the context of elec-
tions and crises (Suciu 2022; Allcott and Gentzkow 2017;
Mosleh and Rand 2022; Hartman et al. 2022). Therefore, the
fight against misinformation is both warranted and required
(Ecker et al. 2024).

The intersection of misinformation and political elites has
garnered increased attention lately (Mosleh and Rand 2022;
Flores et al. 2022; Osmundsen et al. 2021). There has been
a surge of news stories featuring political figures to politi-
cize social issues. Politicization can drive engagement and
help to foster political agendas (Druckman 2022; Chinn,
Hart, and Soroka 2020; Hart, Chinn, and Soroka 2020; Shin
and Thorson 2017; Osmundsen et al. 2021). Understanding
politicization is important as it can contribute to partisan
and affective polarization, which, in turn, strongly affects
how people evaluate information (Chinn, Hart, and Soroka
2020; Shin and Thorson 2017; Flores et al. 2022; Jenke
2023). Existing works show that politicized misinformation
can have profound impacts on voter attitudes and other of-
fline behaviors(Chinn, Hart, and Soroka 2020; Hart, Chinn,
and Soroka 2020; Shin and Thorson 2017; Mosleh and Rand
2022; Enders et al. 2022). For instance, the politicization
of the (seemingly unpolitical) topic of climate change has
contributed to a polarized environment that fosters climate
change denial and misinformation (Chinn, Hart, and Soroka
2020). Likewise, during elections, partisans have been ob-
served to selectively share (oftentimes false) statements that
express animosity toward political opponents (i. e., mem-
bers with the opposite political identity) (Shin and Thorson
2017). Overall, the growing politicization is a pressing con-
cern that has the potential to amplify the negative effects of
misinformation on modern societies.

Research Questions
Previous studies indicate that political elites play a key role
in the proliferation of misinformation. Yet, an understanding
of how fact-checking platforms pick up politicized misinfor-
mation for fact-checking is still in its infancy. To address this
gap, we propose four research questions (RQs1–4), each of
which aims to extract new insights at the intersection of fact-
checking and political elites.

Politicization (RQ1): Fact-checks carried out by fact-
checking organizations are supposed to identify misinfor-
mation in order to inform the public and help curb its
spread. However, the manual fact-checking process is both
labor-intensive and time-consuming, and fact-checking or-
ganizations operate with limited resources (Micallef et al.
2022). This inherent limitation constrains the scale of fact-
checking efforts and forces fact-checkers to prioritize state-
ments based on their potential harm and urgency. Fragmen-
tation and likelihood of spread are two main criteria for fact-
checking prioritization (Sehat et al. 2024). Politicized mis-
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information is particularly prone to go viral, incites partisan
and affective polarization, and poses significant threats to
societies (Flores et al. 2022; Mosleh and Rand 2022; Os-
mundsen et al. 2021). Here, mentioning political elites is a
primary strategy to politicize misinformation stories (Hart,
Chinn, and Soroka 2020; Chinn, Hart, and Soroka 2020;
Druckman 2022). Given this, fact-checking platforms may
prioritize politicized statements mentioning political elites
for fact-checking. However, empirical evidence on how the
mentioning of political elites differs between fact-checked
true and false stories is missing. Accordingly, our first re-
search question (RQ1) states:
RQ1: Are fact-checked false statements more likely to men-
tion political elites than fact-checked true statements?

Partisan asymmetry (RQ2): Politicization typically has
a distinct partisan leaning, favoring either conservative (Re-
publican, right-leaning) or liberal (Democratic, left-leaning)
opinions (Garrett and Bond 2021). Two factors lead us to
anticipate that there may be a partisan asymmetry regard-
ing true and false statements picked up for fact-checking by
professional fact-checking organizations. First, there is am-
ple evidence that the political left and right use the inter-
net differently and right-leaning sources gain more visibility
on social media, a phenomenon known as ideological asym-
metry (González-Bailón et al. 2022; Grossmann and Hop-
kins 2016). Further, adherents of the right have been ob-
served to be more likely to believe and share misinformation
than adherents of the left (Garrett and Bond 2021; Mosleh
and Rand 2022; Nikolov, Flammini, and Menczer 2021;
González-Bailón et al. 2022; Shin and Thorson 2017). Sec-
ond, fact-checking organizations may more frequently tar-
get one political side or another. Anecdotal and small-scale
empirical evidence suggest that fact-checkers in the U.S. tar-
get misinformation from Republicans more often than mis-
information from Democrats (Ostermeier 2011). Motivated
by these two factors, our second research question (RQ2) is
to gauge whether mentions of Democrats and Republicans
vary across fact-checked true and false statements.
RQ2: Is there a partisan asymmetry in mentions of political
elites across fact-checked true and false statements?

Elections (RQ3): Elections are important political events
in democracies, serving as focal points for political engage-
ment and discourse. The campaigning activities of politi-
cal candidates inherently generate a large number of (true
and false) statements, which can affect voters’ attitudes and
behaviors (Mathur and Moschis 2022; Suciu 2022). In re-
sponse to the increased volume, professional fact-checking
organizations may allocate more time and resources than
usual to scrutinize politicized statements (Lee et al. 2023;
Sehat et al. 2024). Consequently, the level of politicization
in fact-checked statements may rise as elections approach.
Therefore, our third research question (RQ3) is:
RQ3: Are political elites more likely to be mentioned in fact-
checked statements as elections draw closer?

Other-condemning emotions (RQ4): A frequently em-
ployed strategy to politicize misinformation is to harness
animosity toward political elites of the political out-group

(Hartman et al. 2022; Rathje, Van Bavel, and van der Lin-
den 2021). Out-group animosity is an effective strategy for
expressing one’s partisan identity and generating engaging
online content. For instance, it has been found that out-party
animosity exerts a substantial influence on the spread of po-
litical misinformation when contrasted with in-party warmth
(Rathje, Van Bavel, and van der Linden 2021). Animosity to-
ward the out-group is frequently expressed through the use
of other-condemning emotions (i. e., contempt, anger, and
disgust), a subset of the moral emotions families (Solovev
and Pröllochs 2022; Dastani and Pankov 2017; Chuai et al.
2025). Other-condemning emotions are reactions to the so-
cial behavior of others, involving a negative judgement
or disapproval (Solovev and Pröllochs 2022; Dastani and
Pankov 2017). Studying the role of other-condemning emo-
tions thus allows one to better understand the context of
politicization, i. e., whether authors of fact-checked state-
ments harness animosity toward the political out-groups.
Accordingly, our fourth research question (RQ4) analyzes
whether fact-checked statements that mention political elites
contain more other-condemning emotions compared to fact-
checked statements that do not mention political elites.
RQ4: Do fact-checked statements that mention political
elites contain more other-condemning emotions compared to
fact-checked statements that do not mention political elites?

Data and Methods
Data Source: Fact-Checked Statements
For our analysis, we collect a large-scale dataset consisting
of true and false statements that have been fact-checked be-
tween 2008 and 2023 (i. e., within an observation period of
15 years) by two major fact-checking organizations, namely,
PolitiFact (politifact.com) and Snopes (snopes.com). We
scrape all fact-checked statements, including associated
information such as verdicts, fact-checking dates, fact-
checkers, and topic tags from these websites (see exam-
ples in Table 1). As a result, our dataset comprises a total
of 35,014 fact-checked statements, with 22,561 statements
originating from PolitiFact and 12,453 statements originat-
ing from Snopes. The fact-checks have been carried out by
608 different fact-checkers. Given that PolitiFact and Snopes
have different scales for rating the veracities of the state-
ments, we follow earlier research (Vosoughi, Roy, and Aral
2018; Markowitz et al. 2023) and classify the ratings into
distinct true or false categories.1 Specifically, PolitiFact pro-
vides six truthfulness ratings, namely, true, mostly true, half
true, mostly false, false, and pants on fire. We consider half
true, mostly false, false, and pants on fire as false ratings;
and the other categories as true ratings. For Snopes, we
consider mixture, mostly false, false, miscaptioned, misat-
tributed, scam, and fake as false ratings. True, mostly true,
correct attribution, legit, and recall are taken as true ratings.

1Analogous to previous research (Markowitz et al. 2023), we
consider fact-checked statements with mixed veracity (e. g., half-
true and mixture) as false ratings. The results in our later analysis
are qualitatively identical if we exclude statements with mixed ve-
racity (see Suppl. Statements Without Mixed Veracity).
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Date Statement Affiliated Party Other-Condemning Veracity

2022-02-25 Gov. Tony Evers has “only gotten one-third of the money Democratic 0.069 True
meant for COVID relief out the door. He is sitting on
$930 million in ARPA funds left unspent. In fact, he still has
CARES Act money from two years ago.”

2018-06-25 $1 billion—that’s how much Bruce Rauner has wasted Republican 0.750 False
with his budget crisis.

2016-10-25 Wikileaks also shows how John Podesta rigged the polls Democratic 0.667 False
by oversampling Democrats, a voter suppression technique.

2014-10-23 Six convictions are connected to an allegation by prosecutors Republican 0.571 False
“that Gov. Scott Walker is at the center of a criminal scheme.”

Table 1: Examples of fact-checked true and false statements. Mentions of political elites are highlighted in bold in the state-
ments. The affiliated parties of mentioned politicians and other-condemning emotions in the statements are included.

In addition to the fact-checking verdicts, we clean the
fine-grained topic tags provided by the fact-checking orga-
nizations and integrate them into our dataset. Specifically,
there are in total 202 topic tags categorized by the two orga-
nizations. The topic tags include many specific social issues,
such as, for example, Coronavirus, Guns, and Immigration.
Summary statistics of the dataset and most frequent topics
are reported in Tables S1 and S2.

Politicization
We examine the politicization of fact-checked true and false
statements based on the mentions of political elites (see Ta-
ble 1), which is the core of most conceptualizations of politi-
cization (Hart, Chinn, and Soroka 2020; Chinn, Hart, and
Soroka 2020). For this purpose, we gather a comprehensive
list of U.S. political elites based on two sources: (i) we col-
lect 4919 public figure names from the People section on
the web page of PolitiFact.2 (ii) We additionally collect the
names of all 1254 members of the U.S. Congress since 2008
from the official Congress website.3 We merge both data
sources together and only consider the political elites af-
filiated with either the Republican or the Democratic party.
The resulting list includes the names of 3703 political elites,
out of which 1938 are Republicans and 1765 are Democrats.
Note that the list of political elites used in this paper is sub-
stantially more comprehensive than the lists used in earlier
research (Hart, Chinn, and Soroka 2020; Rathje, Van Bavel,
and van der Linden 2021; Mosleh and Rand 2022). This al-
lows us to maximize the matches with political elites men-
tioned in the fact-checked statements.

We use the list of political elites to perform string match-
ing of the fact-checked statements. For this purpose, we first
preprocess the texts by removing non-alphabetic and non-
numerical characters. Subsequently, we use the names of po-
litical elites as keywords to match the cleaned texts. State-
ments are considered politicized when they mention one
or more political elites. Out of 35,014 fact-checked state-
ments, 9308 (26.6%) are categorized as politicized. Among
these, 7351 (79%) statements mention only one politician,

2https://web.archive.org/web/20230723193207/https:
//www.politifact.com/personalities/

3https://www.congress.gov/members
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Figure 1: The five most frequently mentioned politicians in
fact-checked statements.

and 1957 (21%) statements mention two or more politicians.
Notably, only 674 (7.2%) statements mention Democrats
and Republicans at the same time. This suggests that most
of the politicized statements have a specific focus on either
Democrats or Republicans.

Fig. 1 shows that Donald Trump, Joe Biden, Barack
Obama, Hillary Clinton, and Nancy Pelosi are the five most
frequently mentioned politicians in the fact-checked state-
ments. The number of fact-checked statements that men-
tion one of these five politicians is 3670, which accounts for
39.4% of all politicized statements.

Manual validation: To evaluate the performance of the
string matching approach, we manually assess 200 fact-
checked statements randomly selected from our dataset. The
weighted average scores of precision and recall are 91%
and 89%, respectively, which indicates a high performance
of the string-matching approach. As a further check, we
evaluate all politicized statements by additionally extracting
fact-checking comments, i. e., the textual verdicts of fact-
checkers, for the corresponding statements (see Suppl. Man-
ual Validation for details). Here, we find an almost perfect
precision score of 99.6%.

Partisan scores: Additionally, each political elite has a
distinct political affiliation, namely, Republican or Demo-
cratic. We code the statements according to the political af-
filiations of the political elites mentioned in the textual con-
tent. If the political elite is Democrat, the partisan score
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is −1, and if the political elite is Republican, the partisan
score is 1. If the statements contain the names of more than
one political elite, we sum the partisan scores. For exam-
ple, if a statement mentions one Republican and one Demo-
crat, then the statement has a partisan score of 0. A positive
score (> 0) indicates that the statement predominantly men-
tions Republicans, whereas a negative score (< 0) signifies
a predominant mentioning of Democrats. Out of all fact-
checked statements, 4403 statements predominantly men-
tion Republicans, and 4455 statements predominantly men-
tion Democrats.

Other-Condemning Emotions
Other-condemning emotions are a subset of moral emotions
and comprise the emotions contempt, anger, and disgust
(Solovev and Pröllochs 2022; Dastani and Pankov 2017). We
use a dictionary-based approach to computationally mea-
sure the expression of other-condemning emotions. Specif-
ically, we employ the NRC emotion lexicon to match emo-
tion words in the cleaned text of the fact-checked statements.
The NRC emotion lexicon is a widely used tool in previ-
ous research (Vosoughi, Roy, and Aral 2018; Pröllochs, Bär,
and Feuerriegel 2021; Solovev and Pröllochs 2022; Chuai
and Zhao 2022; Feuerriegel et al. 2025). It includes 14,154
unique English words and their associations with eight basic
emotions (Mohammad and Turney 2013). Additionally, the
eight basic emotions, namely, anger, anticipation, disgust,
fear, joy, sadness, surprise, and trust, can be combined into
24 complex emotional dyads (Plutchik 1991). For example,
contempt is composed of anger and disgust. In line with
the prior work that has validated the effectiveness of using
NRC emotion lexicon to measure other-condemning emo-
tions (Solovev and Pröllochs 2022), we calculate the scores
of the eight basic emotions and the 24 derived emotions
based on the frequency of words belonging to each emo-
tion category. Subsequently, the score of other-condemning
emotions is calculated as the sum of the scores for contempt,
anger, and disgust. The mean score for other-condemning
emotions in the fact-checked statements is 0.096 (see Ta-
ble S1 for details). This indicates that, on average, the three
other-condemning emotions account for 9.6% of all emotion
components from Plutchik’s emotion model.

Explanatory Regression Models
In this study, we employ explanatory regression modeling to
answer our research questions. The variables included in our
models are as follows (summary statistics are in Table S1):
• Politician : A dummy variable indicating that the fact-

checked statement explicitly mentions politician(s) (=1;
otherwise 0).

• Republican : A dummy variable indicating that the fact-
checked statement predominantly mentions Republicans
(=1; otherwise 0).

• Democrat : A dummy variable indicating that the fact-
checked statement predominantly mentions Democrats
(=1; otherwise 0).

• Falsehood : A dummy variable indicating that the fact-
checked statement is labeled as false (=1; otherwise 0).

• MTE (Months to Elections): A continuous variable mea-
suring the time interval (in months) between the date of
each fact-checked statement and the next upcoming elec-
tion. Here, we consider 2-year election cycles including
both U.S. presidential and midterm elections.

• Words : The number of words in the cleaned text of each
fact-checked statement. This (control) variable is com-
monly used to account for the content richness of the state-
ments (Chuai et al. 2024b).

• OtherCondemning : A continuous variable measuring
other-condemning emotions in fact-checked statements.
To address research questions RQ1, RQ2, and RQ3, we

treat Politician , Republican , and Democrat as dependent
variables. The explanatory variables are Falsehood , MTE ,
and Words . Note that some fact-checkers might be more fo-
cused on politics and, thus, may prefer to check statements
that mention political elites. Hence, we control for such
heterogeneity among fact-checkers through the use of fact-
checker-specific random effects (i. e., random intercepts).
Formally, we specify the following three logistic regression
models (one for each of the three dependent variables):

logit(y) =β0 + β1Falsehoodi + β2MTEi

+ β3Falsehoodi ×MTEi + β4Wordsi
+ uyear + ufactchecker,

(1)

where y is the binary dependent variable (i.e., Politician ,
Republican , or Democrat), β0 is the intercept, β1 to β4 are
the coefficients of the explanatory variables, uyear are yearly
fixed effects, and ufactchecker are random effects specific to the
fact-checkers. Notably, we also include an interaction term
Falsehoodi ×MTEi , which allows us to analyze whether
the level of politicization in fact-checked false statements
differs from that in fact-checked true statements during elec-
tion periods (RQ3).

To address RQ4, we consider OtherCondemning as the
dependent variable, while treating Politician as an indepen-
dent variable. The rationale is that the politicization of state-
ments may be linked to the expression of other-condemning
emotions (Rathje, Van Bavel, and van der Linden 2021; Das-
tani and Pankov 2017). Consequently, we specify the follow-
ing linear regression model with fact-checker-specific ran-
dom effects and yearly fixed effects:

OtherCondemning =β0 + β1Politiciani

+ β2Falsehoodi
+ β3MTEi + β4Wordsi

+ uyear + ufactchecker.

(2)

Note that in our later analysis, we also consider the inter-
actions of Politician with both Falsehood and MTE . This
allows us to investigate potential variations concerning the
politicization of true and false fact-checked statements and
how the effects vary during elections.

Empirical Analysis
Our dataset consists of 35,014 true and false statements that
have been fact-checked by major U.S. fact-checking orga-
nizations between January 2008 and July 2023. The dataset
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thus spans an observation period of approximately 15 years,
including eight U.S. Midterm and Presidential elections.
The number of fact-checked false statements tends to in-
crease when approaching elections, with the highest peak
observed during the 2016 U.S. Presidential election (Fig.
2a). In contrast, the number of fact-checked true statements
is relatively stable with a significant peak after the 2020
U.S. Presidential election. Fig. 2b shows that the mean of
the variable Months to Elections (MTE ) in fact-checked
false statements (mean of 11.321) is smaller than that in
fact-checked true statements (mean of 12.349). This im-
plies that fact-checks for false statements are more con-
centrated close to elections than those for true statements.
Furthermore, the mean of MTE in fact-checked statements
mentioning political elites (mean of 10.031) is smaller than
that in fact-checked statements without mentioning politi-
cal elites (mean of 12.173). This suggests that as elections
approach, fact-checkers are more likely to target politicized
statements over non-politicized ones (Fig. 2c).

Mentions of Political Elites (RQ1 & RQ2)
We estimate logistic regression models to analyze how ve-
racity ratings are linked to mentions of U.S. political elites
(Republicans and Democrats) in the fact-checked statements
(RQ1 & RQ2). The regression results are reported in Ta-
ble 2. Columns (1), (2), and (3) correspond to the depen-
dent variables Politician , Republican , and Democrat , re-
spectively. As shown in Column (1), the coefficient esti-
mate for Falsehood is statistically significant and positive
(coef . = 0.182, p < 0.001), with an odds ratio (o.r .) of
e0.182 = 1.200 (95% CI: [1.083, 1.330]). This implies that
false statements are 20.0% more likely to mention political
elites, as compared to true statements (RQ1).

Subsequently, we examine how the mentions of Repub-
licans and Democrats differ between fact-checked true and
false statements. For Republican [Column (2)], we find that
the coefficient estimate for Falsehood is significantly neg-
ative (coef . = −0.308, p < 0.001; o.r . = 0.735, 95%
CI: [0.648, 0.833]). This implies that false statements are
26.5% less likely to mention Republicans compared to true
statements. Conversely, when examining Democrat [Col-
umn (3)], we find a statistically significant positive coeffi-
cient estimate for Falsehood (coef . = 0.632, p < 0.001;
o.r . = 1.881, 95% CI: [1.630, 2.172]). This indicates that
fact-checked false statements are 88.1% more likely to men-
tion Democrats than fact-checked true statements. Addi-
tionally, the higher likelihood of mentioning Democrats
in fact-checked false statements compared to fact-checked
true statements is robust across topics (see Suppl. Analysis
Across Topics for details). In summary, our findings imply
that fact-checked false statements are more likely to men-
tion Democrats and less likely to mention Republicans than
fact-checked true statements (RQ2).

Analysis across incumbent U.S. presidents: The ob-
servation period covered by our dataset includes three full
presidential cycles, i. e., two presidential terms from Barack
Obama (from 2008-11-04 through 2012-11-06 to 2016-11-
08, Obama’s incumbency) and one presidential term from
Donald Trump (from 2016-11-08 to 2020-11-03, Trump’s

(1) (2) (3)
Politician Republican Democrat

Falsehood 0.182∗∗∗ −0.308∗∗∗ 0.632∗∗∗

(0.052) (0.064) (0.073)
MTE −0.037∗∗∗ −0.033∗∗∗ −0.033∗∗∗

(0.004) (0.005) (0.006)
Falsehood × MTE 0.007 0.018∗∗∗ −0.004

(0.004) (0.005) (0.006)
Words 0.022∗∗∗ 0.019∗∗∗ 0.014∗∗∗

(0.002) (0.002) (0.002)
Intercept −1.225∗∗∗ −2.157∗∗∗ −2.119∗∗∗

(0.134) (0.172) (0.153)

Fact-checker REs ✓ ✓ ✓
Year FEs ✓ ✓ ✓

#Statements 35,014 35,014 35,014

Table 2: Estimation results for mixed logistic regression
models predicting whether the fact-checked statements men-
tion political elites of either political party [Column (1)], Re-
publicans [Column (2)], or Democrats [Column (3)]. Fact-
checker-specific random effects (REs) and yearly fixed ef-
fects (FEs) are included. Reported are coefficient estimates
with standard errors in parentheses. ∗ p < 0.05, ∗∗ p < 0.01,
∗∗∗ p < 0.001.

incumbency).4 Specifically, there are 14,515 fact-checked
statements during Obama’s incumbency and 11,452 fact-
checked statements during Trump’s incumbency, respec-
tively. We incorporate an incumbency fixed effect (Trump)
and its interaction with Falsehood into the regression mod-
els to examine whether there is a difference in mentioning
political elites in fact-checked statements between Obama’s
incumbency and Trump’s incumbency.

According to the estimation results [see Column (1) of
Table S3], the coefficient estimate of Trump is significantly
positive (coef . = 0.174, p < 0.05; o.r . = 1.190, 95% CI:
[1.039, 1.363]). This indicates that fact-checked statements
(both true and false) during Trump’s incumbency, were 19%
more likely to mention political elites (either Democrats
or Republicans) compared to those during Obama’s incum-
bency. However, when we only consider mentions of Re-
publicans [see Column (2) of Table S3], the coefficient
estimate of Falsehood × Trump is significantly negative
(coef . = −0.258, p < 0.01; o.r . = 0.772, 95% CI:
[0.651, 0.916]). This implies that fact-checked false state-
ments during Trump’s incumbency were 22.8% less likely
to mention Republicans than those during Obama’s incum-
bency. Overall, this indicates a more pronounced partisan
asymmetry in fact-checking activity during Trump’s incum-
bency compared to Obama’s incumbency.

We further examine how the politicization of individual
topics (e. g., Economy, Race and Ethnicity, etc.) has changed

4Additionally, our dataset covers two years of the presidency of
Joe Biden. To ensure comparability with other presidents’ incum-
bencies, we omit the period of Biden’s incumbency and analyze
the temporal trend of mentions of political elites during the period
from 2008 to 2020 and across Obama’s and Trump’s incumbencies.
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Figure 2: Dataset overview. (a) The monthly count of fact-checked true and false statements in our observation period between
2008 and 2023. The eight grey vertical dash lines correspond to eight U.S. election dates. (b) Complementary Cumulative
Distribution Functions (CCDFs) for MTE (months to elections) in fact-checked true and false statements. The difference in
distributions is statistically significant according to a KS-test (KS = 0.073, p < 0.001). (c) CCDFs for MTE in fact-checked
statements w/ and w/o mentions of political elites. The difference in distributions is statistically significant according to a KS-
test (KS = 0.151, p < 0.001).

across presidential incumbencies. To this end, we calculate a
politicization ratio for each of the topics measuring the pro-
portion of statements mentioning political elites relative to
all fact-checked statements on the same topic. We find that
the majority of topics have similar politicization ratios be-
tween Obama’s incumbency and Trump’s incumbency, with
only nine topics having significant differences. Specifically,
as shown in Fig. 3, the topics of “Economy,” “Jobs,” “Trade,”
“History,” and “Elections” have higher politicization ratios
during Obama’s incumbency, while the topics of “Fauxtog-
raphy,” “Congress,” “Criminal justice,” and “Race and eth-
nicity” have higher politicization ratios during Trump’s in-
cumbency (see Suppl. Analysis Across Topics for details).
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Figure 3: The politicization ratios of the nine topics that
have statistically significant differences during Obama’s and
Trump’s incumbencies. The Chi-Square test is conducted for
each topic group. ∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001.

Elections (RQ3)
To answer RQ3, we examine how the likelihood of mentions
of political elites in fact-checked statements varies with re-
gard to the time distance to U.S. elections. The coefficient
estimates for the variable MTE (see Table 2) are consis-
tently negative and statistically significant [coef . = −0.037,
p < 0.001, o.r . = 0.963, 95% CI: [0.956, 0.970] in Col-

umn (1); coef . = −0.033, p < 0.001, o.r . = 0.967, 95%
CI: [0.958, 0.976] in Column (2); and coef . = −0.033,
p < 0.001, o.r . = 0.968, 95% CI: [0.957, 0.978] in Col-
umn (3)]. This suggests that fact-checked statements are
more likely to mention political elites (both Republicans and
Democrats) as elections approach. Specifically, one month
closer to elections corresponds to a 3.7% increase in the
odds of mentioning political elites of either Republicans or
Democrats in fact-checked statements. Furthermore, the co-
efficient estimate for the interaction Falsehood ×MTE in
Column (2) of Table 2 is significantly positive (coef . =
0.018, p < 0.001; o.r . = 1.018, 95% CI: [1.008, 1.028]).
This means that, as time progresses away from elections, the
likelihood of mentioning Republicans in fact-checked false
statements decreases at a slower rate compared to that in
fact-checked true statements. However, the coefficient esti-
mate for Falsehood ×MTE in Column (3) of Table 2 is
not statistically significant (coef . = −0.004, p > 0.05;
o.r . = 0.996, 95% CI: [0.985, 1.007]), which indicates
that there is no corresponding significant difference in the
changes in mentions of Democrats before elections between
fact-checked true and false statements.

The predicted marginal means5 for fact-checked true and
false statements following elections are visualized in Fig. 4.
Consistent with our assessment of the coefficient estimates,
fact-checked statements are more likely to mention politi-
cians and especially Democrats, with the probability of men-
tioning political elites increasing in parallel for both true and
false statements when elections approach (RQ3).

Other-Condemning Emotions (RQ4)
We now analyze whether fact-checked statements that men-
tion political elites express more other-condemning emo-
tions compared to fact-checked statements that do not men-

5Within our logistic regression models, the predicted marginal
means indicate the probability of mentioning political elites in fact-
checked statements.
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Figure 4: Predicted marginal means for the probabilities of mentions of (a) political elites of either political party, (b) Republi-
cans, and (c) Democrats in fact-checked true and false statements. The error bands represent 95% Confidence Intervals (CIs).

tion political elites (RQ4). The regression results are re-
ported in Table 3. We first examine a baseline model
without interactions [Column (1)]. The coefficient estimate
for Politician is significantly positive (coef . = 0.009,
p < 0.001). Specifically, the predicted marginal means
for other-condemning emotions in politicized and non-
politicized statements are 0.102 (95% CI: [0.097, 0.106])
and 0.093 (95% CI: [0.090, 0.096]), respectively. This im-
plies that fact-checked statements with political elites ex-
press 9.7% more other-condemning emotions compared to
those without political elites (RQ4). Additionally, the sig-
nificantly positive coefficient estimate for Falsehood sug-
gests that fact-checked false statements contain more other-
condemning emotions compared to fact-checked true state-
ments (coef . = 0.007, p < 0.01). The predicted marginal
means for other-condemning emotions in fact-checked true
and false statements are 0.090 (95% CI: [0.086, 0.094]) and
0.097 (95% CI: [0.094, 0.100]), respectively. This implies
that fact-checked false statements express 7.8% more other-
condemning emotions compared to fact-checked true state-
ments. Notably, the coefficient estimate for MTE is not sta-
tistically significant (coef . = 0.000, p > 0.05), indicating
that the expression of other-condemning emotions is not sig-
nificantly linked to time to elections.

We further examine the moderating effects of the vari-
ables Falsehood and MTE on Politician . As shown in
Column (2) of Table 3, the coefficient estimate for the in-
teraction Politician × Falsehood is not statistically signif-
icant (coef . = −0.004, p > 0.05), while the coefficient
estimate for Falsehood is significantly positive (coef . =
0.008, p < 0.01). This suggests that fact-checked false state-
ments carry more other-condemning emotions compared to
fact-checked true statements, regardless of whether politi-
cal elites are mentioned. In contrast, the coefficient estimate
for Politician ×MTE is significantly negative (coef . =
−0.001, p < 0.01), whereas the coefficient estimate for
MTE is not significant (coef . = 0.000, p > 0.05). This
suggests that the expression of other-condemning emotions
in fact-checked statements mentioning political elites de-
creases as the time period moves further away from elec-
tions.

Additionally, we include Republican and Democrat in

the model [Column (3) of Table 3]. However, we find that
the coefficient estimates for the two variables are both not
statistically significant (each p > 0.05). This indicates that
mentioning political elites, either Republican or Democrat,
has a similarly positive association with other-condemning
emotions within fact-checked statements.

Analysis across incumbent U.S. presidents: To analyze
differences in other-condemning emotions of fact-checked
statements between Obama’s and Trump’s incumbencies,
we incorporate incumbency fixed effect (Trump) and its
interactions with Politician and Falsehood into the base
model. According to the estimation results [see Column (1)
of Table S5], the coefficient estimate of Trump is signif-
icantly positive (coef . = 0.014, p < 0.01), which indi-
cates that other-condemning emotions in fact-checked state-
ments during Trump’s incumbency are higher than that dur-
ing Obama’s incumbency. Moreover, the coefficient esti-
mates of Politician × Trump (coef . = −0.008, p > 0.05)
and Falsehood × Trump (coef . = 0.005, p > 0.05) are not
statistically significant. This suggests that the high other-
condemning emotions during Trump’s incumbency are not
specific to politicized or false statements but general to all
fact-checked statements.

Exploratory Analysis & Robustness Checks
Partisan leanings of fact-checked statements: Our study
suggests that fact-checked false statements are more likely
to mention Democrats compared to fact-checked true state-
ments. However, previous research indicates that widely
shared fact-checked false statements tend to be pro-
Republican (i. e., benefiting the political right, right-leaning)
(Garrett and Bond 2021; Chen et al. 2021). This disso-
nance may possibly be reconciled by fact-checked false
statements being more likely to harness animosity toward
Democrats compared to true statements. To test this no-
tion, we further examine the use of other-condemning
emotions toward political elites and explore the parti-
san leanings of fact-checked true and false statements.
Here, we combine mentions of politicians (Republicans
or Democrats) and other-condemning emotions together
to define a new dependent variable PartisanLeaning .
We code fact-checked statements as right-leaning (pro-
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(1) (2) (3)
Baseline Interactions Partisanship

Politician 0.009∗∗∗ 0.020∗∗∗ 0.025∗

(0.002) (0.006) (0.010)
Republican −0.005

(0.009)
Democrat −0.004

(0.009)
Falsehood 0.007∗∗ 0.008∗∗ 0.008∗∗

(0.002) (0.003) (0.003)
Politician × Falsehood −0.004 −0.004

(0.005) (0.005)
MTE 0.000 0.000 0.000

(0.000) (0.000) (0.000)
Politician × MTE −0.001∗∗ −0.001∗∗

(0.000) (0.000)
Words 0.001∗∗∗ 0.001∗∗∗ 0.001∗∗∗

(0.000) (0.000) (0.000)
Intercept 0.099∗∗∗ 0.095∗∗∗ 0.095∗∗∗

(0.009) (0.009) (0.009)

Fact-checker REs ✓ ✓ ✓
Year FEs ✓ ✓ ✓

#Statements 35,014 35,014 35,014

Table 3: Estimation results for mixed linear regression
models predicting other-condemning emotions in the fact-
checked statements. Columns (1)–(3) report the estima-
tion results from the baseline model, model with interac-
tions, and model with party indicators of (Republican and
Democrat), respectively. Fact-checker-specific random ef-
fects and yearly fixed effects are included. Reported are
coefficient estimates with standard errors in parentheses. ∗

p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001.

Republican) if they utilize other-condemning emotions
within fact-checked statements that predominantly mention
Democrats; and vice versa. Formally, we define the de-
pendent variable PartisanLeaning as −PartisanScore ×
OtherCondemning , where PartisanLeaning > 0 means
that the statement is right-leaning (pro-Republican), and
PartisanLeaning < 0 means that the statement is left-
leaning (pro-Democrat).

Subsequently, we estimate mixed linear regressions pre-
dicting partisan leanings in fact-checked true and false state-
ments (see Suppl. Political Leanings for details and full es-
timation results). For all fact-checked statements, the co-
efficient estimate of the explanatory variable Falsehood is
significantly positive [coef . = 0.009, p < 0.001; see Col-
umn (1) of Table S6]. This indicates that fact-checked false
statements are more pro-Republican and use higher other-
condemning emotions when mentioning Democrats, com-
pared to true statements. The predicted marginal means
for partisan leanings in true and false statements are
−0.005 (95% CI: [−0.007,−0.002]) and 0.004 (95% CI:
[0.002, 0.006]), respectively. This indicates that, on average,
fact-checked false statements are pro-Republican, whereas
fact-checked true statements are pro-Democrat.

Furthermore, PolitiFact provides author information for

the fact-checked statements. This allows us to partially iden-
tify the political elites who authored the fact-checked state-
ments based on our politician database (see Suppl. Polit-
ical Leanings for details). Specifically, there are 13,693
fact-checked statements from political elites, among which
5640 from Democrats and 8053 from Republicans. Given
this, we conduct a subgroup analysis for fact-checked state-
ments from PolitiFact and validate whether politicians ex-
press more other-condemning emotions in the fact-checked
statements that mention political out-groups compared to
non-partisan authors. According to the estimation results
[see Column (3) of Table S6], fact-checked statements from
Democrats are more pro-Democrat than those from non-
Democrats (coef . = −0.021, p < 0.001). In contrast,
fact-checked statements from Republicans are more pro-
Republican than those from non-Republicans (coef . =
0.012, p < 0.001). Further details and full estimation results
are provided in Suppl. Political Leanings.

Taken together, concordant with our hypothesis, we
find that fact-checked false statements are indeed more
pro-Republican than true fact-checked statements. Further-
more, fact-checked false statements from Republicans are
more pro-Republican and express higher other-condemning
emotions when mentioning Democrats compared to fact-
checked true statements; and we observe the same pattern
for fact-checked false statements from Democrats. These re-
sults strengthen the interpretation of our findings and sug-
gest that fact-checked false statements from partisans are
more likely to harness animosity toward political out-groups
than fact-checked true statements.

Additional robustness checks: We conduct several
checks to validate the robustness of our results: (1) We check
for possible multicollinearity issues. The cross-correlations
among the independent variables in our analysis are fairly
small. Further, the variance inflation factors for the indepen-
dent variables are all close to one; and, thus, well below
the critical threshold of four (see details in Suppl. Cross-
Correlations & Variance Inflation Factors). Taken together,
these findings indicate that multicollinearity is not an is-
sue in our analysis. (2) We exclude fact-checked statements
with mixed veracity ratings and repeat our analysis (see de-
tails in Suppl. Statements Without Mixed Veracity). (3) We
correct false positives in the manually checked politicized
statements and repeat out analysis (see details in Suppl.
Statements With Manual Validation). (4) We exclude fact-
checked statements that contain mentions of both Republi-
cans and Democrats and repeat out analysis (see details in
Suppl. Statements Without Mixed Political Elites). (5) We
include additional fixed effects for the fact-checking orga-
nizations and specific fact-checkers; see details in Suppl.
Organization-Specific Fixed Effects. (6) We include author-
level fixed effects, i. e., we additionally control for the party
affiliations of the authors of the fact-checked statements (see
details in Suppl. Author-Specific Fixed Effects). (7) We con-
duct propensity score matching to balance the samples in
our dataset and repeat our analysis (see details in Suppl.
Propensity Score Matching). Our findings are consistently
supported by all of these checks.
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Discussion
Politicization plays a critical role in driving engage-
ment with online misinformation (Shin and Thorson 2017;
Vosoughi, Roy, and Aral 2018; Pröllochs, Bär, and Feuer-
riegel 2021; Garrett and Bond 2021; Mosleh and Rand 2022;
Rathje, Van Bavel, and van der Linden 2021; Osmund-
sen et al. 2021). As a remedy, fact-checking organizations
(e. g., PolitiFact, Snopes) are supposed to identify and de-
bunk politicized misinformation to curb its spread. How-
ever, an understanding of how fact-checking platforms pick
up politicized misinformation for fact-checking is largely
missing. Here, we contribute to research at the intersection
of misinformation and politicization by conducting a large-
scale empirical analysis characterizing mentions of political
elites within true and false statements that have been subject
to fact-checking by major U.S. fact-checking platforms.

Implications: Our findings imply that major fact-
checking organizations in the U.S. regularly fact-check
politicized misinformation, especially during election
months. However, there is a pronounced partisan asymme-
try: false statements selected for fact-checking are signifi-
cantly more likely to be pro-Republican, while the selected
true statements are more likely to be pro-Democrat. This
finding aligns with earlier conjectures that fact-checking
organizations in the U.S. tend to fact-check the political
right more than the political left (Mena 2019; Nieminen and
Rapeli 2019; Singh, Masud, and Chakraborty 2024). Impor-
tantly, however, this observed asymmetry does not neces-
sarily imply political bias on the part of the fact-checking
platforms in their reporting of politicized false statements.
Instead, it could also reflect the possibility that adherents of
the political right produce a higher volume of (viral) mis-
information that requires fact-checking. Previous research
suggests that widely shared false political statements in the
U.S. are more often pro-Republican (Garrett and Bond 2021;
Chen et al. 2021) and that the political right is more likely
to hold misconceptions than the political left (Mosleh and
Rand 2022). Disentangling these two factors likely requires
a representative sample of all circulating misinformation.
This presents an important – yet difficult – challenge for fu-
ture research.

We further observe a pronounced role of out-group an-
imosity in the politicization of misinformation. Partisans
from both sides of the political spectrum frequently harness
animosity toward political out-groups in their false state-
ments. This out-group animosity is stronger than usual dur-
ing election periods. Such a high prevalence of misinforma-
tion about political out-groups – at least within statements
that undergo fact-checking – is worrying as it could im-
ply that more in-group members believe and share this kind
of misinformation (Rathje, Van Bavel, and van der Linden
2021; Jenke 2023).

From a practical perspective, our study emphasizes the
need for close monitoring of the activities and poten-
tial biases of major fact-checking organizations such as
Snopes and Politifact. These platforms play a significant
role in shaping public opinions and discourse in an era
of widespread misinformation. Additionally, many research
findings depend on the assessments provided by these or-

ganizations (Vosoughi, Roy, and Aral 2018; Allcott and
Gentzkow 2017; Pröllochs, Bär, and Feuerriegel 2021; Gar-
rett and Bond 2021; Rathje, Van Bavel, and van der Linden
2021; Solovev and Pröllochs 2022; Mosleh and Rand 2022).
If fact-checking organizations exhibit bias – whether inten-
tional or unintentional – it could skew public perception, un-
dermine trust in research findings, and diminish confidence
in fact-checking as an (objective) tool to combat misinfor-
mation. Hence, it is essential that fact-checking organiza-
tions not only conduct their work impartially but also main-
tain transparency about their practices (e. g., by being open
about their criteria for selecting claims). Overall, continuous
oversight and transparency are vital for the integrity of the
fact-checking process and ensuring that the public (and the
academic community) can rely on their evaluations.

Limitations and future research: Our work has a num-
ber of limitations, which can fuel future research as follows.
First, our analysis does not reveal whether the observed (po-
litical) asymmetries in fact-checking activities reflect politi-
cal preferences/biases of the fact-checking organizations; or
rather a result of adherents to the political left/right produc-
ing misinformation at different rates. Yet, disentangling this
dual role is challenging as the population of misinformation
is unknown, which provides an important challenge for fur-
ther research. Second, we conduct our analysis based on a
large sample of fact-checked statements collected from two
fact-checking organizations: Snopes and PolitiFact. These
are major fact-checking organizations in the U.S. and have
been used as a main source of fact-checking verdicts in prior
misinformation research. To the best of our knowledge, there
are currently no other fact-checking sources that can provide
comparable fact-checked statements over 15 years. Notwith-
standing, to further generalize our findings, one could collect
fact-checked statements from other fact-checking sources
when available in the future. Third, this study primarily mea-
sures politicization through mentions of formal names of po-
litical elites, which might miss some other forms of politi-
cization (e. g., nicknames of politicians and non-official po-
litical activists). Nevertheless, focusing on mentions of for-
mal names of political elites is a common choice in previous
research and ensures that we do not overestimate politiciza-
tion in false statements (Chinn, Hart, and Soroka 2020). Fi-
nally, this paper focuses on statements in English and the
context of U.S. politics. More data from other countries and
languages need to be collected to foster a more compre-
hensive understanding of the link between politicization and
misinformation across cultures.

Conclusion
Political elites are increasingly mentioned in the discussion
of social issues and play a critical role in driving engage-
ment with online misinformation. However, an understand-
ing of how fact-checking platforms pick up and report false
statements that mention political elites of either Republi-
cans or Democrats remains underexplored. Here, we provide
a comprehensive empirical analysis of mentions of politi-
cal elites in true and false statements that have been subject
to fact-checking by two major U.S. fact-checking organiza-
tions. We find that fact-checked false statements are more
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likely to mention political elites than fact-checked true state-
ments, especially Democrats and during election months.
Furthermore, we demonstrate a pronounced role of out-
group animosity in politicized misinformation. Specifically,
fact-checked false statements that mention political elites
carry stronger other-condemning emotions and are more
likely to be pro-Republican, while fact-checked true state-
ments are more likely to be pro-Democrat. Taken together,
our findings offer new insights into how fact-checking plat-
forms in the U.S. fact-check politicized misinformation, and
bridge important findings on the intersection between mis-
information and politicization.
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Supplementary Materials

Dataset Overview
An overview of the dataset used in this study is shown in
Table S1.

Manual Validation
In addition to manually checking 200 random samples, we
further use three steps to check the precision of our politician
matching approach for all politicized statements:

Step 1: We additionally extract the fact-checking com-
ments in the corresponding fact-checking webpages. Fact-
checkers provide these comments to explain their verdicts
for the veracity of the statements. If the comments also men-
tion other politicians except the politicians mentioned in the
original statements. Then the politician names matched in
the statements have a high probability of being correspond-
ing politicians. Given this, we match politician names men-
tioned in the comments. If there is at least one other politi-
cian in the comments, we take the associated statements as
true positives. As a result, out of the total fact-checked state-
ments that mention politicians, 88.5% are linked to the com-
ments that mention other politicians.

Step 2: We create a list of specific politicians, including
Joe Biden, Kamala Harris, Donald Trump, Barack Obama,
Nancy Pelosi, and Hillary Clinton. We take statements that
mention these specific names as true positives, because these
politician names are somewhat specific to the corresponding
politicians in the context of fact-checking. The true positives
in this regard are 768 out of 1070 statements that are not
identified by Step 1.

Step 3: We manually check the remaining 302 statements
from Steps 1 and 2. We find there are 33 false positives
that mention the names same as politician names but do not
correspond to the politicians. Finally, we combine the three
steps together and find that our politician matching approach
has high performance with a precision score of 99.6%.

Analysis Across Topics
The fact-checked statements in our data concern a wide
spectrum of 202 topics (see Data and Methods). Notably,
out of the 202 topics, 194 (96%) are present in both true
and false statements. Table S2 displays the 20 most fre-
quent topics shared by fact-checked true and false state-
ments. Furthermore, as shown in the embedded figure within
Fig. S1a, the ratios of topics in fact-checked true state-
ments have significantly positive correlations with the ra-
tios of corresponding topics in fact-checked false statements
(r = 0.751, p < 0.001). Additionally, using a paired two-
sample t-test (t = 0.009, p > 0.05), we find that the
ratios of each shared topic in fact-checked true and false
statements do not differ significantly (Fig. S1a). This sug-
gests that the distribution of statements across topics is not
veracity-specific.

While the distribution of topics appears to be independent
of veracity (Fig. S1a), the degree of politicization within
fact-checked true and false claims may differ across social

issues. We examine how mentions of political elites in fact-
checked true and false statements vary across topics. Given
that a single statement can discuss multiple topics, we as-
sess each topic within the same statement separately. To
this end, we count all fact-checked statements that share
the same topic as one statement group. Within each topic-
specific statement group, we employ a Chi-Square test to
evaluate the association between politicization and veracity.
For these in-group tests, it’s worth noting that some groups
may lack a sufficient number of samples. Therefore, we set
a group size threshold ranging from 10 to 50 (in increments
of 5) to assess within-group differences. In each Chi-Square
test, the input is a 2×2 matrix including the counts of politi-
cized and non-politicized statements in true and false cate-
gories.

As shown in Fig. S1b, the ratio of statement groups
in which mentions of political elites exhibit a statistically
significant relationship with veracity relative to all state-
ment groups increases from 28.9% to 52.0% with increas-
ing group size thresholds. However, notably, the ratio of
statement groups in which mentions of Republicans show
a significant association with veracity relative to all state-
ment groups remains relatively low, ranging from 7.4% to
13.3%. Conversely, the ratio of statement groups in which
mentions of Democrats show a significant relationship with
veracity relative to all statement groups rises from 31.5%
to 60.0%. These findings suggest that across various top-
ics, fact-checked false and true statements consistently show
opposing tendencies when it comes to mentioning political
elites, particularly Democrats.

We further consider the politicization ratio within each
group and conduct out-group paired t-tests between fact-
checked true and false statements under each group size
threshold. The politicization ratio indicates the ratio of state-
ments mentioning political elites relative to all statements in
each group. Fig. S1c shows the variance of the difference in
politicization ratio between true and false statements among
the topic-specific groups under each threshold for all politi-
cians (grey), Republicans (purple), and Democrats (yellow).
We consistently observe that the politicization ratio in fact-
checked false statements is significantly higher than that in
fact-checked true statements. This disparity primarily arises
from the increased likelihood of fact-checked false state-
ments mentioning Democrats, while no statistically signif-
icant difference between fact-checked true and false state-
ments is found with regard to mentions of Republicans (Fig.
S1c).

Additionally, we keep the group size threshold at 50 and
examine the changes in politicization ratios of individual
topics between Obama’s incumbency and Trump’s incum-
bency. Specifically, 59 topics are presented in both Obama’s
incumbency and Trump’s incumbency, and each has at least
50 fact-checked statements during either Obama’s incum-
bency or Trump’s incumbency. There are only nine top-
ics with significantly different politicization ratios between
Obama’s incumbency and Trump’s incumbency (as shown
in Fig. 3). The other shared topics have similar politiciza-
tion ratios during two incumbencies.
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Figure S1: Topics in fact-checked statements. (a) The distribution of the differences in shared topics between fact-checked true
and false statements. The embedded scatters describe the ratios of each shared topic in fact-checked true and false statements.
(b) The ratios of statement groups in which the mentions of political elites are significantly associated with the veracity of fact-
checked statements under different thresholds of group size. (c) The differences in politicization ratios between fact-checked
true and false statements under different thresholds of group size. The error bars represent 95% Confidence Intervals (CIs).

Analysis Across Incumbent U.S. Presidents
In the main analysis, we incorporate incumbent fixed effect
(Trump) and its interactions with Falsehood and Politician
to examine the differences in mentions of politicians and
other-condemning emotions between Obama’s incumbency
and Trump’s incumbency. The estimation results for the
main analysis of mentions of political elites and other-
condemning emotions across incumbencies are reported in
Table S3 and Column (1) of Table S5, respectively. Sub-
sequently, we further conduct subgroup analysis across in-
cumbent presidents. The estimation results for the mentions
of political elites are reported in Table S4. Columns (1)–(3)
of Table S4 report the estimation results for fact-checked
statements during Obama’s incumbency, and Columns (4)–
(6) report the results for fact-checked statements during
Trump’s incumbency. These results are consistent with our
findings in Table S3. Additionally, in Table S5, the estima-
tion results for the other-condemning emotions in the fact-
checked statement subgroups during Obama’s [Columns
(2)–(4)] and Trump’s incumbencies [Columns (5)–(7)] are
consistent with the interaction analysis in Column (1).

Political Leanings
We first examine the partisan leanings based on all fact-
checked statements. The estimation results are reported in
Column (1) of Table S6 and used for the main analysis.
Additionally, we conduct the same analysis again based on
fact-checked statements from PolitiFact. The coefficient es-
timate of Falsehood in Column (2) of Table S6 is also sig-
nificantly positive (coef . = 0.008, p < 0.001). Within fact-
checked statements from PolitiFact, the predicted marginal
means for partisan leanings in true and false statements are
−0.004 (95% CI: [−0.007,−0.001]) and 0.004 (95% CI:
[0.001, 0.006]), respectively. The estimates for partisan lean-
ings of fact-checked true and false statements in PolitiFact
are consistent with the estimates based on all fact-checked
statements.

Subsequently, given that PolitiFact provides author infor-
mation for the fact-checked statements, we partially identify

the political elites who authored the fact-checked statements
based on our politician database and incorporate the author
information into the regression. The estimation results are
reported in Column (3) of Table S6 and used for the main
analysis.

We further examine the moderating effects of Falsehood
and MTE on the partisan leanings in fact-checked
statements from Democrats and Republicans. As shown
in Column (4) of Table S6, the coefficient estimate
of Democratauthor × Falsehood is significantly negative
(coef . = −0.014, p < 0.01), and the coefficient esti-
mate of Republicanauthor × Falsehood is significantly pos-
itive (coef . = 0.011, p < 0.05). This indicates that the in-
group leanings for Republicans and Democrats are stronger
in fact-checked false statements than in fact-checked true
statements. Notably, the coefficient estimate of Falsehood
in Column (4) is not statistically significant (coef . =
0.004, p > 0.05). This suggests that the right-leaning of
fact-checked false statements compared to fact-checked true
statements is moderated by partisan authors.

The coefficient estimate for Democratauthor ×MTE is
significantly positive (coef . = 0.002, p < 0.001), and the
coefficient estimate of Republicanauthor ×MTE is signifi-
cantly negative (coef . = −0.001, p < 0.001). This sug-
gests the tendency that fact-checked statements from polit-
ical lefts and rights harness more other-condemning emo-
tions toward political out-groups when elections approach.
Finally, we specifically analyze whether fact-checked false
statements from Democrats express other-condemning emo-
tions differently compared to fact-checked false statements
from Republicans, when mentioning political out-groups.
The predicted marginal mean for partisan leaning of fact-
checked false statements from Republicans is 0.018 (95%
CI: [0.015, 0.021]), while the predicted marginal mean
for partisan leaning of fact-checked false statements from
Democrats is −0.022 (95% CI: [−0.026,−0.017]). The mag-
nitudes of the predicted marginal means in fact-checked
false statements from Democrats and Republicans are simi-
lar, which indicates that the pattern of harnessing animosity
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toward political out-groups is shared by both Republicans
and Democrats in their fact-checked misinformation stories.

Robustness Checks
Cross-Correlations & Variance Inflation Factors
The cross-correlations of the independent variables and their
variance inflation factors are shown in Table S7 and Table
S8, respectively.

Statements Without Mixed Veracity
Statements with mixed veracity ratings (e. g., half-true and
half-false) are included and categorized as false in the main
analysis. To ensure the robustness of our findings, we ex-
clude these statements and perform our regression models
again with the remaining 29,596 fact-checked true or false
statements. The regression results are reported in Table S9
and Table S10. We consistently find that fact-checked false
statements are more likely to mention political elites, espe-
cially Democrats, compared to fact-checked true statements.

Statements With Manual Validation
We corrected the false positives identified in Suppl. Man-
ual Validation and conduct the analysis again. The results
remain robust (see Table S11 and Table S12 for details).

Statements Without Mixed Political Elites
We exclude statements that mention two or more political
elites with mixed party affiliations (i. e., Democrats and Re-
publicans) and conduct the analysis again. The results are
robust and consistent with those in the main analysis (see
Table S13 and Table S14 for details).

Organization-Specific Fixed Effects
We repeat our analysis with organization-specific fixed ef-
fects. The results are reported in Table S15 and Table
S16. Additionally, we repeat our analysis with fact-checker-
specific fixed effects, which allows us to control the hetero-
geneity of fact-checkers explicitly. The results remain robust
and are reported in Table S17 and Table S18.

Author-Specific Fixed Effects
We repeat our analysis with author-specific fixed effects
to control for the types of authors, i. e., Republicans,
Democrats, or others. The results remain robust and are re-
ported in Table S19 and Table S20.

Propensity Score Matching
We conduct propensity score matching for true and false
statements to check the robustness of the regression re-
sults for RQs1–3. Specifically, we match true and false
statements based on the pre-defined variables, i. e., MTE ,
Words , yearly dummies, organization-specific dummies,
and author-specific dummies. With the caliper of 0.001,
“common” support, and “noreplacement” settings, we dis-
card 15,859 false statements and achieve all biases lower
than 0.05 across the independent variables. The regression

results based on the matched true and false samples are re-
ported in Table S21. Additionally, to validate the results
for RQ4, we conduct the same propensity score match-
ing for statements mentioning political elites and state-
ments not mentioning political elites according to the pre-
defined variables: Falsehood , MTE , Words , yearly dum-
mies, organization-specific dummies, and author-specific
dummies. We achieve all biases lower than 0.05 by dis-
carding 69 statements that mention political elites. We
regress the matched statements again for predicting other-
condemning emotions and report the results in Table S22.
The results are robust and consistent with our findings in the
main analysis.
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(1) (2) (3)
All PolitiFact Snopes

Number of statements 35,014 22,561 12,453
Observation start date 01/02/2008 01/02/2008 01/04/2008
Observation end date 07/19/2023 07/19/2023 07/17/2023
Number of fact-checkers 608 585 23
Number of topics 202 152 66
Politician 9,308 6,363 2,945

(26.6%) (28.2%) (23.6%)
Republican 4,403 2,881 1,522

(12.6%) (12.8%) (12.2%)
Democrat 4,455 3,207 1,248

(12.7%) (14.2%) (10.0%)
Veracity

True 9,616 6,199 3,417
(27.5%) (27.5%) (27.4%)

False 25,398 16,362 9,036
(72.5%) (72.5%) (72.6%)

Months to elections 11.603 11.078 12.555
(0.039) (0.048) (0.067)

Other-condemning emotions 0.096 0.092 0.103
(0.001) (0.001) (0.002)

Words 18.376 18.237 18.628
(0.042) (0.054) (0.064)

Table S1: Dataset overview. Column (1) reports summary statistics for the whole dataset. Column (2) reports summary statistics
for the subset of fact-checked statements from PolitiFact. Column (3) reports summary statistics for the subset of fact-checked
statements from Snopes. Percentages or standard errors are included in the parentheses.

(1) (2) (3)
True False Total

Facebook fact-checks 326 4,009 4,335
Politics 1,315 2,663 3,978
Fauxtography 330 1,669 1,999
Health care 528 1,453 1,981
Economy 699 1,130 1,829
Elections 448 1,258 1,706
Taxes 517 1,107 1,624
Coronavirus 156 1,334 1,490
Junk news 3 1,412 1,415
Crime 381 957 1,338
Education 461 845 1,306
Immigration 287 935 1,222
Public health 226 953 1,179
Jobs 391 750 1,141
Federal budget 370 743 1,113
State budget 388 645 1,033
Candidate biography 297 699 996
History 362 607 969
Fake news 17 839 856
Foreign policy 231 584 815

Table S2: The twenty most frequent topic tags attached to fact-checked statements. Column (1) reports the number of fact-
checked true statements for each topic. Column (2) reports the number of fact-checked false statements for each topic. Column
(3) reports the number of all fact-checked statements for each topic.
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(1) (2) (3)
Politician Republican Democrat

Falsehood 0.169∗∗ −0.297∗∗∗ 0.634∗∗∗
(0.064) (0.077) (0.091)

MTE −0.073∗∗∗ −0.063∗∗∗ −0.060∗∗∗
(0.004) (0.005) (0.007)

Falsehood × MTE 0.028∗∗∗ 0.039∗∗∗ 0.010
(0.005) (0.006) (0.007)

Words 0.016∗∗∗ 0.012∗∗∗ 0.013∗∗∗
(0.002) (0.002) (0.002)

Trump 0.174∗ 0.133 0.105
(0.069) (0.082) (0.101)

Falsehood × Trump −0.134 −0.258∗∗ 0.039
(0.072) (0.087) (0.106)

Intercept −1.055∗∗∗ −1.667∗∗∗ −2.209∗∗∗
(0.080) (0.093) (0.100)

Fact-checker REs ✓ ✓ ✓

#Statements 25,967 25,967 25,967

Table S3: Estimation results for mixed logistic regression models predicting whether the fact-checked statements mention
political elites of either political party [Column (1)], Republicans [Column (2)], or Democrats [Column (3)]. Fact-checker-
specific random effects and incumbency (Trump) fixed effect are included. Reported are coefficient estimates with standard
errors in parentheses. ∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001.

Obama Trump

(1) (2) (3) (4) (5) (6)
Politician Republican Democrat Politician Republican Democrat

Falsehood 0.326∗∗∗ −0.122 0.655∗∗∗ −0.061 −0.689∗∗∗ 0.684∗∗∗
(0.075) (0.090) (0.104) (0.098) (0.118) (0.143)

MTE −0.088∗∗∗ −0.075∗∗∗ −0.072∗∗∗ −0.051∗∗∗ −0.045∗∗∗ −0.040∗∗∗
(0.006) (0.007) (0.009) (0.007) (0.008) (0.011)

Falsehood × MTE 0.012 0.021∗ 0.007 0.034∗∗∗ 0.049∗∗∗ 0.007
(0.007) (0.008) (0.010) (0.008) (0.009) (0.012)

Words 0.007∗∗ −0.004 0.015∗∗∗ 0.026∗∗∗ 0.028∗∗∗ 0.011∗∗∗
(0.003) (0.003) (0.003) (0.003) (0.003) (0.003)

Intercept −0.697∗∗∗ −1.252∗∗∗ −2.136∗∗∗ −1.311∗∗∗ −2.011∗∗∗ −2.290∗∗∗
(0.099) (0.112) (0.120) (0.124) (0.142) (0.159)

Fact-checker REs ✓ ✓ ✓ ✓ ✓ ✓

#Statements 14,515 14,515 14,515 11,452 11,452 11,452

Table S4: Estimation results for mixed logistic regression models predicting whether the fact-checked statements mention
political elites of either political party [Columns (1) and (4)], Republicans [Columns (2) and (5)], or Democrats [Columns
(3) and (6)]. Columns (1)–(3) report results based on the fact-checked statements during Obama’s incumbency. Columns (4)–
(6) report results based on the fact-checked statements during Trump’s incumbency. Fact-checker-specific random effects are
included. Reported are coefficient estimates with standard errors in parentheses. ∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001.

420



Obama Trump

(1) (2) (3) (4) (5) (6) (7)

Politician 0.012∗∗∗ 0.011∗∗∗ 0.019∗ 0.037∗ 0.004 0.009 0.006
(0.003) (0.003) (0.008) (0.015) (0.004) (0.011) (0.018)

Republican −0.017 −0.007
(0.014) (0.016)

Democrat −0.021 0.018
(0.014) (0.016)

Falsehood 0.007∗ 0.006 0.005 0.005 0.012∗∗ 0.014∗∗ 0.014∗∗
(0.003) (0.003) (0.004) (0.004) (0.004) (0.005) (0.005)

Politician × Falsehood 0.004 0.004 −0.007 −0.012
(0.007) (0.007) (0.010) (0.010)

MTE 0.000 0.000 0.000 0.000 0.001∗ 0.001 0.001
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)

Politician × MTE −0.001∗∗ −0.001∗∗ 0.000 0.000
(0.000) (0.000) (0.001) (0.001)

Words 0.001∗∗∗ 0.001∗∗∗ 0.001∗∗∗ 0.001∗∗∗ 0.001∗∗∗ 0.001∗∗∗ 0.001∗∗∗
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)

Trump 0.014∗∗
(0.005)

Politician × Trump −0.008
(0.005)

Falsehood × Trump 0.005
(0.005)

Intercept 0.059∗∗∗ 0.060∗∗∗ 0.056∗∗∗ 0.056∗∗∗ 0.071∗∗∗ 0.070∗∗∗ 0.070∗∗∗
(0.004) (0.005) (0.006) (0.006) (0.007) (0.007) (0.007)

Fact-checker REs ✓ ✓ ✓ ✓ ✓ ✓ ✓

#Statements 25,967 14,515 14,515 14,515 11,452 11,452 11,452

Table S5: Estimation results for mixed linear regression models predicting other-condemning emotions in the fact-checked
statements. Column (1) reports result for the model that incorporates incumbency (Trump) fixed effect. Columns (2)–(4) report
results based on the fact-checked statements during Obama’s incumbency. Columns (5)–(7) report results based on the fact-
checked statements during Trump’s incumbency. Fact-checker-specific random effects are included. Reported are coefficient
estimates with standard errors in parentheses. ∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001.
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(1) (2) (3) (4)
All PolitiFact PolitiFact PolitiFact

Falsehood 0.009∗∗∗ 0.008∗∗∗ 0.003∗ 0.004
(0.001) (0.002) (0.002) (0.003)

MTE 0.000 0.000 0.000 0.000
(0.000) (0.000) (0.000) (0.000)

Democratauthor −0.021∗∗∗ −0.032∗∗∗
(0.002) (0.005)

Republicanauthor 0.012∗∗∗ 0.013∗∗
(0.002) (0.005)

Democratauthor × Falsehood −0.014∗∗
(0.004)

Republicanauthor × Falsehood 0.011∗
(0.004)

Democratauthor × MTE 0.002∗∗∗
(0.000)

Republicanauthor × MTE −0.001∗∗∗
(0.000)

Words 0.000 0.000∗ 0.000∗ 0.000∗
(0.000) (0.000) (0.000) (0.000)

Intercept −0.038∗∗∗ −0.049∗∗∗ −0.042∗∗∗ −0.040∗∗∗
(0.005) (0.006) (0.006) (0.007)

Fact-checker REs ✓ ✓ ✓ ✓
Year FEs ✓ ✓ ✓

#Statements 35,014 22,561 22,561 22,561

Table S6: Estimation results for mixed linear regression models predicting partisan leanings in the fact-checked statements.
Column (1) reports result based on all fact-checked statements. Columns (2)–(4) report results based on fact-checked statements
from PolitiFact. Fact-checker-specific random effects and yearly fixed effects are included. Reported are coefficient estimates
with standard errors in parentheses. ∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001.

Politician Falsehood MTE Words

Politician 1.000
Falsehood 0.050 1.000
MTE −0.129 −0.063 1.000
Words 0.069 −0.076 0.019 1.000

Table S7: Cross-correlations among independent variables.

VIF 1/VIF

Politician 1.02 0.976
Falsehood 1.01 0.988
MTE 1.02 0.980
Words 1.01 0.988

Table S8: Variance Inflation Factors (VIFs) for the independent variables.
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(1) (2) (3)
Politician Republican Democrat

Falsehood 0.146∗∗ −0.459∗∗∗ 0.690∗∗∗
(0.056) (0.069) (0.078)

MTE −0.041∗∗∗ −0.033∗∗∗ −0.042∗∗∗
(0.004) (0.005) (0.006)

Falsehood × MTE 0.016∗∗∗ 0.026∗∗∗ 0.005
(0.004) (0.005) (0.006)

Words 0.024∗∗∗ 0.020∗∗∗ 0.017∗∗∗
(0.002) (0.002) (0.002)

Intercept −1.300∗∗∗ −2.015∗∗∗ −2.380∗∗∗
(0.147) (0.183) (0.177)

Fact-checker REs ✓ ✓ ✓
Year FEs ✓ ✓ ✓

#Statements 29,596 29,596 29,596

Table S9: Estimation results for mixed logistic regression models predicting whether the fact-checked statements mention
political elites of either political party [Column (1)], Republicans [Column (2)], or Democrats [Column (3)]. Fact-checker-
specific random effects and yearly fixed effects are included. The statements with mixed veracity are excluded. Reported are
coefficient estimates with standard errors in parentheses. ∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001.

(1) (2) (3)

Politician 0.008∗∗ 0.019∗∗ 0.023∗
(0.002) (0.006) (0.011)

Republican −0.004
(0.010)

Democrat −0.004
(0.010)

Falsehood 0.011∗∗∗ 0.013∗∗∗ 0.013∗∗∗
(0.002) (0.003) (0.003)

Politician × Falsehood −0.008 −0.008
(0.005) (0.005)

MTE 0.000 0.000 0.000
(0.000) (0.000) (0.000)

Politician × MTE −0.001 −0.001
(0.000) (0.000)

Words 0.001∗∗∗ 0.001∗∗∗ 0.001∗∗∗
(0.000) (0.000) (0.000)

Intercept 0.100∗∗∗ 0.096∗∗∗ 0.096∗∗∗
(0.010) (0.010) (0.010)

Fact-checker REs ✓ ✓ ✓
Year FEs ✓ ✓ ✓

#Statements 29,596 29,596 29,596

Table S10: Estimation results for mixed linear regression models predicting other-condemning emotions in the fact-checked
statements. Fact-checker-specific random effects and yearly fixed effects are included. The statements with mixed veracity are
excluded. Reported are coefficient estimates with standard errors in parentheses. ∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001.
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(1) (2) (3)
Politician Republican Democrat

Falsehood 0.181∗∗∗ −0.308∗∗∗ 0.632∗∗∗
(0.052) (0.064) (0.073)

MTE −0.037∗∗∗ −0.033∗∗∗ −0.033∗∗∗
(0.004) (0.005) (0.006)

Falsehood × MTE 0.007 0.018∗∗∗ −0.004
(0.004) (0.005) (0.006)

Words 0.023∗∗∗ 0.019∗∗∗ 0.014∗∗∗
(0.002) (0.002) (0.002)

Intercept −1.244∗∗∗ −2.157∗∗∗ −2.119∗∗∗
(0.134) (0.172) (0.153)

Fact-checker REs ✓ ✓ ✓
Year FEs ✓ ✓ ✓

#Statements 35,014 35,014 35,014

Table S11: Estimation results for mixed logistic regression models predicting whether the fact-checked statements mention
political elites of either political party [Column (1)], Republicans [Column (2)], or Democrats [Column (3)]. Mentions of
politicians are validated according to Suppl. Manual Validation. Fact-checker-specific random effects and yearly fixed effects
are included. Reported are coefficient estimates with standard errors in parentheses. ∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001.

(1) (2) (3)

Politician 0.009∗∗∗ 0.020∗∗∗ 0.022∗
(0.002) (0.006) (0.010)

Republican −0.003
(0.009)

Democrat −0.002
(0.009)

Falsehood 0.007∗∗ 0.008∗∗ 0.008∗∗
(0.002) (0.003) (0.003)

Politician × Falsehood −0.003 −0.004
(0.005) (0.005)

MTE 0.000 0.000 0.000
(0.000) (0.000) (0.000)

Politician × MTE −0.001∗ −0.001∗
(0.000) (0.000)

Words 0.001∗∗∗ 0.001∗∗∗ 0.001∗∗∗
(0.000) (0.000) (0.000)

Intercept 0.099∗∗∗ 0.095∗∗∗ 0.095∗∗∗
(0.009) (0.009) (0.009)

Fact-checker REs ✓ ✓ ✓
Year FEs ✓ ✓ ✓

#Statements 35,014 35,014 35,014

Table S12: Estimation results for mixed linear regression models predicting other-condemning emotions in the fact-checked
statements. Mentions of politicians are validated according to Suppl. Manual Validation. Fact-checker-specific random effects
and yearly fixed effects are included. Reported are coefficient estimates with standard errors in parentheses. ∗ p < 0.05, ∗∗

p < 0.01, ∗∗∗ p < 0.001.
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(1) (2) (3)
Politician Republican Democrat

Falsehood 0.192∗∗∗ −0.308∗∗∗ 0.668∗∗∗
(0.054) (0.065) (0.076)

MTE −0.040∗∗∗ −0.034∗∗∗ −0.035∗∗∗
(0.004) (0.005) (0.006)

Falsehood × MTE 0.008 0.018∗∗∗ −0.003
(0.004) (0.005) (0.006)

Words 0.020∗∗∗ 0.019∗∗∗ 0.013∗∗∗
(0.002) (0.002) (0.002)

Intercept −1.278∗∗∗ −2.111∗∗∗ −2.158∗∗∗
(0.136) (0.173) (0.158)

Fact-checker REs ✓ ✓ ✓
Year FEs ✓ ✓ ✓

#Statements 34,340 34,340 34,340

Table S13: Estimation results for mixed logistic regression models predicting whether the fact-checked statements mention
political elites of either political party [Column (1)], Republicans [Column (2)], or Democrats [Column (3)]. Fact-checker-
specific random effects and yearly fixed effects are included. The statements with mixed political elites are excluded. Reported
are coefficient estimates with standard errors in parentheses. ∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001.

(1) (2) (3)

Politician 0.009∗∗∗ 0.018∗∗ 0.018∗∗
(0.002) (0.006) (0.006)

Republican −0.001
(0.004)

Falsehood 0.007∗∗ 0.008∗∗ 0.008∗∗
(0.002) (0.003) (0.003)

Politician × Falsehood −0.002 −0.002
(0.005) (0.005)

MTE 0.000 0.000 0.000
(0.000) (0.000) (0.000)

Politician × MTE −0.001∗ −0.001∗
(0.000) (0.000)

Words 0.001∗∗∗ 0.001∗∗∗ 0.001∗∗∗
(0.000) (0.000) (0.000)

Intercept 0.092∗∗∗ 0.089∗∗∗ 0.089∗∗∗
(0.009) (0.009) (0.009)

Fact-checker REs ✓ ✓ ✓
Year FEs ✓ ✓ ✓

#Statements 34,340 34,340 34,340

Table S14: Estimation results for mixed linear regression models predicting other-condemning emotions in the fact-checked
statements. Fact-checker-specific random effects and yearly fixed effects are included. The statements with mixed political
elites are excluded. Reported are coefficient estimates with standard errors in parentheses. ∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗

p < 0.001.

425



(1) (2) (3)
Politician Republican Democrat

Falsehood 0.183∗∗∗ −0.309∗∗∗ 0.633∗∗∗
(0.052) (0.064) (0.073)

MTE −0.037∗∗∗ −0.033∗∗∗ −0.032∗∗∗
(0.004) (0.005) (0.006)

Falsehood × MTE 0.007 0.018∗∗∗ −0.005
(0.004) (0.005) (0.006)

Words 0.022∗∗∗ 0.019∗∗∗ 0.015∗∗∗
(0.002) (0.002) (0.002)

Intercept −1.213∗∗∗ −2.163∗∗∗ −2.078∗∗∗
(0.134) (0.172) (0.151)

Fact-checker REs ✓ ✓ ✓
Year FEs ✓ ✓ ✓
Org FEs ✓ ✓ ✓

#Statements 35,014 35,014 35,014

Table S15: Estimation results for mixed logistic regression models predicting whether the fact-checked statements mention po-
litical elites of either political party [Column (1)], Republicans [Column (2)], or Democrats [Column (3)]. Fact-checker-specific
random effects, yearly fixed effects, and organization-specific fixed effects are included. Reported are coefficient estimates with
standard errors in parentheses. ∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001.

(1) (2) (3)

Politician 0.009∗∗∗ 0.021∗∗∗ 0.025∗
(0.002) (0.006) (0.010)

Republican −0.005
(0.009)

Democrat −0.003
(0.009)

Falsehood 0.007∗∗ 0.008∗∗ 0.008∗∗
(0.002) (0.003) (0.003)

Politician × Falsehood −0.004 −0.004
(0.005) (0.005)

MTE 0.000 0.000 0.000
(0.000) (0.000) (0.000)

Politician × MTE −0.001∗∗ −0.001∗∗
(0.000) (0.000)

Words 0.001∗∗∗ 0.001∗∗∗ 0.001∗∗∗
(0.000) (0.000) (0.000)

Intercept 0.098∗∗∗ 0.095∗∗∗ 0.095∗∗∗
(0.009) (0.009) (0.009)

Fact-Checker REs ✓ ✓ ✓
Year FEs ✓ ✓ ✓
Org FEs ✓ ✓ ✓

#Statements 35,014 35,014 35,014

Table S16: Estimation results for mixed linear regression models predicting other-condemning emotions in the fact-checked
statements. Fact-checker-specific random effects, yearly fixed effects, and organization-specific fixed effects are included. Re-
ported are coefficient estimates with standard errors in parentheses. ∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001.
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(1) (2) (3)
Politician Republican Democrat

Falsehood 0.197∗∗∗ −0.290∗∗∗ 0.641∗∗∗
(0.053) (0.065) (0.075)

MTE −0.036∗∗∗ −0.032∗∗∗ −0.032∗∗∗
(0.004) (0.005) (0.006)

Falsehood × MTE 0.006 0.017∗∗∗ −0.005
(0.004) (0.005) (0.006)

Words 0.023∗∗∗ 0.019∗∗∗ 0.015∗∗∗
(0.002) (0.002) (0.002)

Intercept −1.746∗∗∗ −2.549∗∗∗ −2.559∗∗∗
(0.445) (0.566) (0.631)

Fact-checker FEs ✓ ✓ ✓
Year FEs ✓ ✓ ✓

#Statements 34,323 33,692 33,870

Table S17: Estimation results for fixed logistic regression models predicting whether the fact-checked statements mention
political elites of either political party [Column (1)], Republicans [Column (2)], or Democrats [Column (3)]. Fact-checker-
specific fixed effects and yearly fixed effects are included. Reported are coefficient estimates with standard errors in parentheses.
∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001.

(1) (2) (3)

Politician 0.009∗∗∗ 0.020∗∗∗ 0.021∗
(0.002) (0.006) (0.010)

Republican −0.001
(0.009)

Democrat 0.001
(0.009)

Falsehood 0.005∗ 0.006∗ 0.006∗
(0.002) (0.003) (0.003)

Politician × Falsehood −0.003 −0.004
(0.005) (0.005)

MTE 0.000 0.000 0.000
(0.000) (0.000) (0.000)

Politician × MTE −0.001∗∗ −0.001∗∗
(0.000) (0.000)

Words 0.001∗∗∗ 0.001∗∗∗ 0.001∗∗∗
(0.000) (0.000) (0.000)

Intercept 0.119∗∗∗ 0.115∗∗∗ 0.115∗∗∗
(0.031) (0.031) (0.031)

Fact-checker FEs ✓ ✓ ✓
Year FEs ✓ ✓ ✓

#Statements 35,014 35,014 35,014

Table S18: Estimation results for fixed linear regression models predicting other-condemning emotions in the fact-checked
statements. Fact-checker-specific fixed effects and yearly fixed effects are included. Reported are coefficient estimates with
standard errors in parentheses. ∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001.
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(1) (2) (3)
Politician Republican Democrat

Falsehood 0.206∗∗∗ −0.167∗ 0.526∗∗∗
(0.053) (0.066) (0.074)

MTE −0.037∗∗∗ −0.031∗∗∗ −0.036∗∗∗
(0.004) (0.005) (0.006)

Falsehood × MTE 0.007 0.017∗∗∗ −0.003
(0.004) (0.005) (0.006)

Words 0.022∗∗∗ 0.018∗∗∗ 0.015∗∗∗
(0.002) (0.002) (0.002)

Intercept −1.455∗∗∗ −2.617∗∗∗ −2.117∗∗∗
(0.137) (0.184) (0.159)

Fact-Checker REs ✓ ✓ ✓
Year FEs ✓ ✓ ✓
Author FEs ✓ ✓ ✓

#Statements 35,014 35,014 35,014

Table S19: Estimation results for mixed logistic regression models predicting whether the fact-checked statements mention
political elites of either political party [Column (1)], Republicans [Column (2)], or Democrats [Column (3)]. Fact-checker-
specific random effects, yearly fixed effects, and author-specific fixed effects are included. Reported are coefficient estimates
with standard errors in parentheses. ∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001.

(1) (2) (3)

Politician 0.010∗∗∗ 0.022∗∗∗ 0.025∗
(0.002) (0.006) (0.010)

Republican −0.004
(0.009)

Democrat −0.003
(0.009)

Falsehood 0.006∗ 0.006∗ 0.006∗
(0.002) (0.003) (0.003)

Politician × Falsehood −0.003 −0.003
(0.005) (0.005)

MTE 0.000 0.000 0.000
(0.000) (0.000) (0.000)

Politician × MTE −0.001∗∗ −0.001∗∗
(0.000) (0.000)

Words 0.001∗∗∗ 0.001∗∗∗ 0.001∗∗∗
(0.000) (0.000) (0.000)

Intercept 0.109∗∗∗ 0.106∗∗∗ 0.106∗∗∗
(0.009) (0.009) (0.009)

Fact-Checker REs ✓ ✓ ✓
Year FEs ✓ ✓ ✓
Author FEs ✓ ✓ ✓

#Statements 35,014 35,014 35,014

Table S20: Estimation results for mixed linear regression models predicting other-condemning emotions in the fact-checked
statements. Fact-checker-specific random effects, yearly fixed effects, and author-specific fixed effects are included. Reported
are coefficient estimates with standard errors in parentheses. ∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001.
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(1) (2) (3)
Politician Republican Democrat

Falsehood 0.317∗∗∗ 0.074 0.462∗∗∗
(0.063) (0.077) (0.088)

MTE −0.037∗∗∗ −0.033∗∗∗ −0.034∗∗∗
(0.004) (0.005) (0.006)

Falsehood × MTE 0.001 0.001 0.004
(0.005) (0.006) (0.007)

Words 0.022∗∗∗ 0.018∗∗∗ 0.016∗∗∗
(0.002) (0.003) (0.003)

Intercept −1.566∗∗∗ −2.818∗∗∗ −1.975∗∗∗
(0.160) (0.208) (0.184)

Fact-checker REs ✓ ✓ ✓
Year FEs ✓ ✓ ✓
Org FEs ✓ ✓ ✓
Author FEs ✓ ✓ ✓

#Statements 19,155 19,155 19,155

Table S21: Estimation results for mixed logistic regression models predicting whether the fact-checked statements mention
political elites of either political party [Column (1)], Republicans [Column (2)], or Democrats [Column (3)]. The samples are
filtered by propensity score matching. Fact-checker-specific random effects, yearly fixed effects, organization-specific fixed
effects, and author-specific fixed effects are included. Reported are coefficient estimates with standard errors in parentheses. ∗

p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001.

(1) (2) (3)

Politician 0.009∗∗∗ 0.021∗∗∗ 0.025∗
(0.002) (0.006) (0.010)

Republican −0.004
(0.009)

Democrat −0.004
(0.009)

Falsehood 0.006∗ 0.006∗ 0.006∗
(0.002) (0.003) (0.003)

Politician × Falsehood −0.003 −0.003
(0.005) (0.005)

MTE 0.000 0.000 0.000
(0.000) (0.000) (0.000)

Politician × MTE −0.001∗∗ −0.001∗∗
(0.000) (0.000)

Words 0.001∗∗∗ 0.001∗∗∗ 0.001∗∗∗
(0.000) (0.000) (0.000)

Intercept 0.110∗∗∗ 0.107∗∗∗ 0.107∗∗∗
(0.009) (0.009) (0.009)

Fact-checker REs ✓ ✓ ✓
Year FEs ✓ ✓ ✓
Org FEs ✓ ✓ ✓
Author FEs ✓ ✓ ✓

#Statements 34,945 34,945 34,945

Table S22: Estimation results for mixed linear regression models predicting other-condemning emotions in the fact-checked
statements. The samples are filtered by propensity score matching. Fact-checker-specific random effects, yearly fixed effects,
organization-specific fixed effects, and author-specific fixed effects are included. Reported are coefficient estimates with stan-
dard errors in parentheses. ∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001.
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