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Abstract—We consider a novel hybrid active-passive reconfig-
urable intelligent surface (RIS)-assisted unmanned aerial vehicle
(UAV) air-ground communications system. Unlike the conven-
tional passive RIS, the hybrid RIS is equipped with a few active
elements to not only reflect but also amplify the incident signals
for significant performance improvement. Towards a fairness
design, our goal is to maximize the minimum rate among users
through jointly optimizing the location and power allocation
of the UAV and the RIS reflecting/amplifying coefficients. The
formulated optimization problem is nonconvex and challenging,
which is efficiently solved via block coordinate descend and
successive convex approximation. Our numerical results show
that a hybrid RIS requires only 4 active elements and a power
budget of 0 dBm to achieve an improvement of 52.08% in the
minimum rate, while that achieved by a conventional passive RIS
with the same total number of elements is only 18.06%.

Index Terms—Hybrid active-passive RIS, UAV communica-
tions, power allocation, RIS semi-passive beamforming.

I. INTRODUCTION

Unmanned aerial vehicles (UAVs)-enabled wireless commu-
nications have attracted much interest in the literature owing
to the controllable mobility and cost-effectiveness of the UAV
[1]. However, their system performance can be significantly
degraded due to the blockage of line-of-sight (LoS) links
and severe path loss caused by long-distance transmissions,
especially in complex urban areas [2], [3]. Fortunately, these
challenges can be overcome by deploying reconfigurable intel-
ligent surfaces (RISs) in the system. RIS is a recent introduced
technology allowing reflect radio waves in preferred directions
to significantly improve the system performance [4]–[7]. This
has motivated an increasing number of studies on RIS-aided
UAV communications systems [2], [3], [8]–[14]. Most of
these works focus on optimizing the system performance
through joint transmission and reflecting designs. Specifically,
in [2], [3], [9], a joint design of UAV’s trajectory, power
allocation/transmit beamforming, and RIS passive coefficients
is proposed to maximize the system rate. The works [8], [11],
[15] consider the secrecy rate maximization problems of RIS-
aided UAV systems with the presence of eavesdroppers. The
deployment of low-power consumption RISs can also improve
the system energy efficiency or reduce the transmit power at
the UAV under a constraint on quality of service. Motivated by
this, the works [12], [14], [16] focus on minimizing the power

consumption [16] and maximizing the energy efficiency [12],
[14] of RIS-aided UAV communications systems. Moreover,
RIS-aided non-orthogonal multiple access (NOMA) [16], [17],
ultra-reliable and low-latency [18], millimeter-wave [10], and
THz [13] RIS-aided UAV systems are also considered.

All the aforementioned works consider the passive RISs,
wherein the passive reflecting gains are generally limited and
can be easily surpassed by conventional relaying schemes
[19] unless a very large number of reflecting elements are
employed. In contrast, hybrid active-passive RIS architectures
[20]–[25] are equipped with a few active elements, enabling
both reflecting and amplifying gains simultaneously, can ex-
ploit the advantages of both the passive RIS and the relays.
They can thus overcome the potential limitations of the passive
RIS, especially in harsh transmission scenarios such as with
low transmit power and/or severe path loss. As a result,
the hybrid RIS is shown to provide significant improvement
the system spectral efficiency [22], [26], secrecy rate [27],
harvested energy [28], and reliability [29]. A fully active RIS
with all active elements can achieve better spectral efficiency
[30]–[32], which, however, requires higher power consumption
and hardware cost compared to the hybrid one. In [20], [21],
[33], [34], active RIS elements with RF chains also enable
processing of incident signals and channel estimation.

Motivated by the above analysis, in this work, we propose
deploying the hybrid active-passive RIS to assist the aerial-
ground communications in UAV systems. Thanks to the sig-
nal amplification, the hybrid RIS with a small-to-moderate
size can efficiently compensate for the severe path loss and
blockage in the air-ground links, especially in complex urban
scenarios, as well as for limited transmit power budget at the
UAV. Focusing on system fairness, our goal is to maximize the
minimum rate among the users (UEs) by jointly optimizing the
UAV’s location, power control, and RIS amplifying/reflecting
coefficients. The problem is practically appealing but partic-
ularly more challenging compared to those with conventional
passive RISs due to additional power constraints and amplified
noise/interference caused by RIS active elements, and accord-
ing to the authors’ best knowledge, it has not been investigated
in the literature. To overcome the challenges, we propose an
efficient algorithm based on block coordinate descent (BCD)
and successive approximation (SCA). Specifically, the original
problem is first decomposed into subproblems, which are978-1-6654-3540-6/22 © 2022 IEEE



Fig. 1. Illustration of the considered hybrid RIS-aided UAV system.

then alternately solved with the SCA technique. Finally, the
proposed design is evaluated by numerical results, which
show that with the same total power budget, the hybrid RIS
offers remarkable performance improvement compared to the
systems without RIS and with the conventional passive RIS.
In particular, the performance gain is more significant when
the UAV’s transmit power budget is limited, which typically
happens in practice due to the UAV’s limited battery capacity.

II. SYSTEM MODEL AND PROBLEM FORMULATION

A. System Model

We consider a UAV-enabled air-ground wireless commu-
nications system, where K single-antenna UEs is served by
a single-antenna UAV. A hybrid active-passive RIS with N
elements is installed on a building facade to assist the air-
ground communications, as illustrated in Fig. 1. We assume
that Na out of N elements are active. These active elements
can potentially be realized by low-power reflection amplifiers
[23], [30], which are recently introduced in [35]. The fully
passive RIS with Na = 0 is a special case of the hybrid RIS.
Thus, in the following, we will use the general term “RIS” for
system descriptions, and use the specific terms “passive RIS”
or “hybrid RIS” for comparisons. We refer readers to [23]–[26]
for more details on the implementation of the hybrid RIS.

Let A ⊂ {1, 2, . . . , N} be the set of the RIS active elements,
|A| = Na. Let αn denote the coefficient of the nth element of
the RIS, where αn = |αn| ejθn , with θn ∈ [0, 2π) representing
the phase shift, and |αn| ∈ [0, 1] for n /∈ A; otherwise, |αn| ≤
amax for n ∈ A. Here, amax is the maximum amplitude of the
active element depending on the power amplification gain of
its active load, which is up to 40 dB [30], [35]. We note that the
reflection amplitude of the RIS passive elements can be smaller
than unity for interference cancelation in multi-user systems
[7]. Let Υ = diag{α1, . . . , αN} be the diagonal matrix of the
RIS coefficients. We define an additional factorization of Υ
as Υ = Φ+Ψ, where Ψ = 1

A
N ◦Υ and Φ =

(
IN − 1

A
N

)
◦Υ

contain the active and passive coefficients, respectively. Here,
1
A
N is an N×N diagonal matrix whose non-zero elements are

all unity and have positions determined by A, and ◦ represents
a Hadamard product.

Let v ≜ [vx, vx, vz]
T , r, and uk denote the locations of

the UAV, the RIS, and UE k in a 3D coordinate system,
respectively. We assume that the UAV flies at a fixed altitude

vz, the RIS is deployed at a fixed position, and the UEs have
slow mobility. Let h0,k, h1 ∈ CN×1, and hH

2,k ∈ C1×N

denote the channels UAV→UE k, UAV→RIS, and RIS→UE
k, respectively, and let {g0,k, g1, gH2,k} be the correspond-
ing small-scale fading channels. As a result, we can write
h0,k = ζ

1
2
0 ∥v − uk∥−

ϵ0
2 g0,k, h1 = ζ

1
2
0 ∥v − r∥−

ϵ1
2 g1, hH

2,k =

ζ
1
2
0 ∥r − uk∥−

ϵ2
2 gH

2,k. Here, ζ0 represents the path loss at the
reference distance, i.e., 1 m, and {ϵ0, ϵ1, ϵ2} are the path loss
exponents. Let hk be the effective channel between the UAV
and UE k. Then, hk can be expressed as hk = h0,k+hH

2,kΥh1.
Denote by sk and pk the transmitted signal and power

from the UAV to UE k, respectively, with E{|sk|2} = 1.
The transmitted signal from the UAV can be given as x =∑K

k=1

√
pksk, 0 ≤

∑K
k=1 pk ≤ puavmax, where puavmax is the

maximum transmit power of the UAV. The received signal
at UE k can be given as

yk =
√
pkhksk +

∑
j ̸=k

√
pjhksj +

(
hH
2,kΨnr + nu

)
, (1)

where nu ∼ CN(0, σ2
u) is the additive white Gaussian noise

(AWGN) at UE k, and nr ∼ CN(0,1A
N ◦ σ2

r IN ) is the
total effective noise including the self-interference and AWGN
noise caused by the RIS active elements operating in full-
duplex mode. Thus, the term hH

2,kΨnr + nu in (1) is the
aggregated noise at UE k.

B. Problem Formulation
Based on (1), the achievable rate of UE k (in nats/s/Hz) can

be expressed as

Rk = log

(
1 +

pk |hk|2∑
j ̸=k pj |hk|2 + σ2

r ∥hH
2,kΨ∥2 + σ2

u

)
. (2)

Let pris denote the transmit power of active elements of the
RIS, it is constrained as pris ≤ prismax. Here, pris can be
computed as pris = E{∥Ψ(nr + h1x)∥2} =

∑
n∈A |αn|2 ξn,

where ξn = σ2
r + |h1,n|2

∑K
k=1 pk, with h1,n being the nth

element of h1. We aim at maximizing the minimum rate of
UEs through optimizing the location and power allocation of
the UAV as well as the RIS beamforming coefficients. This
problem can be formulated as

maximize
v,{pk},{αn}

min
k
{Rk} (3a)

subject to 0 ≤
∑K

k=1
pk ≤ puavmax, (3b)

0 ≤ θn ≤ 2π, ∀n, (3c)
|αn| ≤ 1, ∀n /∈ A, (3d)
|αn| ≤ amax, ∀n ∈ A, (3e)∑

n∈A
|αn|2 ξn ≤ prismax, (3f)

where constraints (3c)–(3f) are design constrains of the RIS.
Note in (3e) that is only active elements (n ∈ A) can
amplify the signals with amplification gains restricted by
amax [30]. Problem (3) is nonconvex, and the optimization of
{v, {pk}, {αn}} are strongly coupled in the objective function
as well as constraint (3f). To overcome these challenges, we
propose an efficient solution in the next section.



III. PROPOSED DESIGN

We first introduce variable τ and arrive at the epigraph form
of (3) as

maximize
τ,v,{pk},{αn}

τ (4a)

subject to Rk ≥ τ, ∀k, (4b)
(3b) − (3f). (4c)

We utilize the BCD approach and decouple (4) into three sub-
problems, regarding UAV’s power control, UAV’s location op-
timization, and RIS beamforming design, which are elaborated
in the following subsections.

A. UAV Power Control

With given {v, {αn}}, the power control can be obtained
by solving problem

maximize
τ,{pk}

τ, subject to (3b), (3f), (4b), (5)

where (3b) and (3f) are convex, but (4b) is not. To overcome
this, we first rewrite Rk in (2) as

Rk = log
(∑K

j=1
pj |hk|2 + σ2

k

)
− r̄k, (6)

where σ2
k ≜ σ2

r ∥hH
2,kΨ∥2+σ2

u is constant with {pk}, and r̄k ≜
log(

∑
j ̸=k pj |hk|2+σ2

k). Now, constraint (4b) can be rewritten

as log
(∑K

j=1 pj |hk|2+σ2
k

)
≥ τ+r̄k,∀k, where r̄k is concave

with {pj}j ̸=k. By the first-order Taylor approximation around
{p(i)j }j ̸=k, an upper bound of r̄k can be found as

r̄k ≤ r̄
(i)
ub,k ≜ log(p̃

(i)
k ) +

1

p̃
(i)
k

∑
j ̸=k

|hk|2 (pj − p
(i)
j ). (7)

where p̃
(i)
k ≜

∑
j ̸=k p

(i)
j |hk|2+σ2

k. As a result, constraint (4b)
can be approximated as

log
(∑K

j=1
pj |hk|2 + σ2

k

)
≥ τ + r̄

(i)
ub,k,∀k. (8)

Finally, we can approximate problem (5) by the following
convex program at iteration i:

maximize
τ,{pk}

τ, subject to (3b), (3f), (8). (9)

B. Optimization of RIS Coefficients

Given {v, {pk}}, the coefficients of the RIS, i.e., {αn}, can
be optimized by solving the following problem:

maximize
τ,{αn}

τ, subject to (3c) − (3f), (4b). (10)

It is easy to see that constraints (3c)-(3f) are convex with
respect to {αn}, but (4b) is not. Furthermore, variable {αn}
has not been exposed in the current form of (4b). As the
first step to solve problem (10), we express Rk as a function
of {αn} in the following derivations. First, we can write the
signal-to-interference-plus-noise ratio (SINR) term in (2) as

γk =
pk|h0,k + hH

2,kΥh1|2∑
j ̸=k pj |h0,k + hH

2,kΥh1|2 + σ2
r ∥hH

2,kΨ∥2 + σ2
u

. (11)

Let α ≜ [α1, . . . , αN ]T ∈ CN×1, H̃2,k ≜ diag{hH
2,k} ∈

CN×N , and h̃12,k ≜ H̃2,kh1 ∈ CN×1. Then, we obtain
hk = h0,k + αT h̃12,k and hH

2,kΨ = αT
1
A
N H̃2,k. With

straightforward algebraic operations, the numerator and de-
nominator of γk in (11) can be expressed as αHQkα +
2R
(
αH tk

)
+ek and αHQ̃kα+2R

(
αH t̃k

)
+ ẽk, respectively,

where Qk ≜ pkh̃
∗
12,kh̃

T

12,k, tk ≜ pkh̃
∗
12,kh0,k, ek ≜ pk |h0,k|2,

ẽk ≜ σ2
u +

∑
j ̸=k pj |h0,k|2 , Q̃k ≜ σ2

r1
A
N H̃

∗
2,kH̃

T

2,k1
A
N +∑

j ̸=k pj h̃
∗
12,kh̃

T

12,k, and t̃k ≜
∑

j ̸=k pj h̃
∗
12,kh0,k. Thus, α is

exposed in the following form of Rk:

Rk(α) = log

(
1 +

αHQkα+ 2R
(
αH tk

)
+ ek

αHQ̃kα+ 2R
(
αH t̃k

)
+ ẽk

)
. (12)

With this form, we can rewrite constraint (4b) as

r̂k ≥ τ + rk, (13)

where r̂k ≜ log
(
∥Q̄

1
2

kα∥2 + 2R
(
αH t̄k

)
+ ek

)
with

Q̄k = Qk + Q̃k being positive semidefinite, t̄k =
tk + t̃k, and rk ≜ log(αHQ̃kα + 2R

(
αH t̃k

)
+ ẽk).

Based on the first-order Taylor approximation around α(i),
we have ∥Q̄

1
2

kα∥2 ≥ F (α; Q̄k,α
(i)) ≜ ∥Q̄

1
2

kα
(i)∥2 −

2
(

Q̄
1
2

kα
(i)
)H (

Q̄
1
2

kα− Q̄
1
2

kα
(i)
)

. Thus, a lower bound of r̂k
is found as

r̂k ≥ r̂
(i)
lb,k ≜ log

(
F (α; Q̄k,α

(i)) + 2R
(
αH t̄k

)
+ ek

)
. (14)

To address the nonconvexity of rk in (13), we introduce slack
variables bk which satisfies bk ≥ αHQ̃kα+2R

(
αH t̃k

)
. Then,

we can find an upper bound of rk as

rk ≤ r
(i)
ub,k ≜ log

(
b
(i)
k + ẽk

)
+

bk − b
(i)
k

b
(i)
k + ẽk

, (15)

by applying the first order Taylor approximation around b
(i)
k .

As a result, constraint (13) can be approximated by the
following set of convex constraints:

r̂
(i)
lb,k ≥ τ + r

(i)
ub,k, ∀k, (16a)

bk ≥ αHQ̃kα+ 2R
(
αH t̃k

)
, ∀k. (16b)

Furthermore, we can rewrite (3f) as αHΞα ≤ prismax, where
Ξ = diag{ξ̃1, . . . , ξ̃N} with ξ̃n = ξn for n ∈ A, and ξ̃n = 0
for n /∈ A. Finally, problem (10) can be approximated by the
following convex program at iteration i:

maximize
τ,α,{bk}

τ, subject to (3c) − (3f), (16a), (16b). (17)

C. Optimization of the UAV’s Location

With given {{pk}, {αn}}, the UAV’ location is the solution
to the following problem:

maximize
τ,v

τ, subject to (3f), (4b), (18)

which is nonconvex and very challenging. To address this
problem, we first expand the expression of Rk in (2) to



show the role of v. Specifically, from the expressions of
{h0,k,h1,hH

2,k} in Section II-A, we can rewrite

pj |hk|2 = pj |h0,k|2 + pj |hH
2,kΥh1|2 + 2pjR(h∗

0,khH
2,kΥh1)

= c0,kj ∥v − uk∥−ϵ0 + c1,kj ∥v − r∥−ϵ1

+ c2,kj ∥v − uk∥−ϵ0/2 ∥v − r∥−ϵ1/2 , (19)

where c0,kj ≜ pj |g0,k|2 ζ0, c1,kj ≜ pj |hH
2,kΥg1|2ζ0, and

c2,kj ≜ 2pjR(g∗0,khH
2,kΥg1)ζ0 are constants with respect to

v. While c0,kj , c1,kj > 0,∀k, j, c2,kj can be either positive or
negative, making it very difficult to addressing the noncon-
vexity of (4b). Regarding this, let us introduce set of slack
variables V ≜ {{v0,k}, {v0,j}, v1, v1} satisfying

v0,k ≤ ∥v − uk∥−ϵ0/2 , ∀k, (20a)

v0,j ≥ ∥v − uj∥−ϵ0/2 , ∀j, (20b)

v1 ≤ ∥v − r∥−ϵ1/2 , (20c)

v1 ≥ ∥v − r∥−ϵ1/2 . (20d)

Furthermore, we introduce slack variables {ak, akj} such that

ak ≤

{
c0,kkv

2
0,k + c1,kkv

2
1 + |c2,kk| v0,kv1, if c2,kk > 0

c0,kkv
2
0,k + c1,kkv

2
1 − |c2,kk| v0,kv1, otherwise

,

(21a)

akj ≥

{
c0,kjv

2
0,j + c1,kjv

2
1 + |c2,kj | v0,jv1, if c2,kj > 0

c0,kjv
2
0,j + c1,kjv

2
1 − |c2,kj | v0,jv1, otherwise

.

(21b)

Thus, (4b) is equivalent to the following set of constraints:

log
(
1 +

ak
σ2
k +

∑
j ̸=k akj

)
≥ τ, ∀k, (22)

(20a) − (21b),

which are still all nonconvex. To address (22), we follow a
similar approximation as for (7). Specifically, we have

log
(
σ2
k +

∑
j ̸=k

akj + ak

)
≥ τ + r̃

(i)
ub,k, ∀k, (23)

where r̃
(i)
ub,k ≜ log

(
σ2
k +

∑
j ̸=k a

(i)
kj

)
+

∑
j ̸=k

akj−a
(i)
kj

σ2
k+

∑
j ̸=k

a
(i)
kj

. In what

follows, we provide some useful approximations to tackle the
nonconvexity of (20a)-(21b).

Lemma 1: Consider the following concave power, quadratic,
and bilinear functions: fpow(x; c) ≜ −xc, x ∈ R++, c >

1 or c < 0, fqua(x; c) ≜ −∥x − c∥2 , x, c ∈ Cn, and
fbil(x, y, δs) ≜ δsxy, (x, y) ∈ R2

++, δs = ±1, respectively.
Their convex upper bounds can be found by using the first-
order Taylor approximations as:

fpow(x; c) ≤ Fpow(x; c, x0) ≜ (c− 1)xc
0 − cxc−1

0 x, (24)

fqua(x; c) ≤ Fqua(x; c, x0) ≜ 2(c − x0)T (x − x0)− ∥x0 − c∥2,
(25)

fbil(x, y; δs) ≤ Fbil(x, y; δs, x0, y0) ≜ 0.25(x+ δsy)
2

+ 0.25(x0 − δsy0)
2 − 0.5(x0 − δsy0)(x− δsy). (26)

By using (24)–(26), constraints (20a)-(21b) can be approx-
imated by the following ones at iteration i:

∥v − uk∥+ Fpow(v0,k;−2/ϵ0, v
(i)
0,k) ≤ 0, ∀k, (27a)

Fqua(v;uj , v(i)) ≤ 1/Fpow(v0,j ; 4/ϵ0, v
(i)
0,j), ∀j, (27b)

∥v − r∥+ Fpow(v1;−2/ϵ1, v
(i)
1 ) ≤ 0, (27c)

Fqua(v; r, v(i)) ≤ 1/Fpow(v1; 4/ϵ1, v
(i)
1 ), (27d)

ak + c0,kkFqua(v0,k; 0, v
(i)
0,k) + c1,kkFqua(v1; 0, v

(i)
1 )

+ Fbil(v0,k, v1; sgn(c2,kk), v
(i)
0,k, v

(i)
1 ) ≤ 0, ∀k, (27e)

c0,kjv
2
0,j + c1,kjv

2
1 + Fbil(v0,j , v1; sgn(c2,kj), v

(i)
0,j , v

(i)
1 )

≤ akj , ∀k, j, (27f)

where sgn(x) returns the sign of x ∈ R. Constraints (27a)–
(27f) are convex assuming that ϵ0, ϵ1 < 4. Similarly, by
writing ξn = σ2

r + c3,n(∥v − r∥−ϵ1/2)2, where c3,n ≜
|g1,n|2 ζ0

∑K
k=1 pk is independent of v, we can rewrite (3f)

equivalently as the set constraint (27d) and∑
n∈A

|αn|2
(
σ2
r +

∑K

k=1
c3,nv

2
1

)
≤ prismax. (28)

In summary, we can approximate problem (18) at iteration i
by the following convex program:

maximize
τ,v,V

τ, subject to (23), (27a) − (28). (29)

We summarize the joint optimization of the power allocation
and locations of the UAV and RIS reflecting/amplifying coeffi-
cients in Algorithm 1. In step 1, the initial solutions to {v(0)},
{p(0)}, {α(0)

n }, {b(0)k }, and V(0) = {v(0)0,k, v
(0)
1 , v

(0)
0,k, v

(0)
1 } are

generated. In steps 2–7, subproblems (9), (17), and (29) are
alternatively solved and {v(i)}, {p(i)}, {α(i)

n }, and V(i) are
updated over iterations until the objective value converges. The
total complexity of Algorithm 1 is O(I(

√
K + 2(K + 1)3 +√

N + 2K + 1(N +K + 1)3 +
√
K2 + 4K + 2(2K + 5)3)),

where I is the number of iterations until convergence.

Algorithm 1 Algorithm to Solve Problem (3)

1: Initialization: Set i = 0. Generate initial values {v(0)}, {p(0)},
and {α(0)

n }. Initialize {b(0)k } and V(0) = {v(0)0,k, v
(0)
1 , v

(0)
0,k, v

(0)
1 }

to hold the equalities in (16b) and (20a)–(20d), respectively.
2: repeat
3: Solve problem (9) for given {v(i)} and {α(i)

n } to obtain
solution {p⋆k}. Set {p(i+1)

k } = {p⋆k}.
4: Solve problem (17) with given {p(i+1)

k }, {v(i)}, and {b(i)k }
to obtain solutions α⋆ and {b⋆k}. Set α(i+1) = α⋆ and
{b(i+1)

k } = {b⋆k}.
5: Solve problem (29) with given {p(i+1)

k }, {α(i+1)}, V(i) to
obtain solution {v⋆} and V⋆. Set {v(i+1)} = {v⋆} and
V(i+1) = V⋆.

6: Update i = i+ 1.
7: until the increase in the objective value is smaller than ε.

IV. NUMERICAL RESULTS

In this section, we provide numerical results to validate the
performance gain of the hybrid RIS. In the simulations, we
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Fig. 2. Convergence of Algorithm 1 with N = 40, puavmax = 20 dBm, Na =
2 and prismax = 0 dBm.
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Fig. 3. Optimal locations of the UAV (for 20 channels), N = 40, Na =
{2, 4}, puavmax = 20 dBm, and prismax = 0 dBm.

set vz = 100 m, β0 = −30 dB and σ2
u = −90 dBm, and

σ2
r = (η + 1)σ2

u. Here, we recall that σ2
r is the total power of

noise and residual self-interference of the RIS, and η = 1
dB represents the possible residual self-interference caused
by the active elements [36], [37]. We consider an area of
100×100 m2, where K = 4 UEs are randomly and uniformly
distributed, and the RIS is placed at r = [50, 100, 50] m. We
assume Rayleigh fading channels between the UAV and UEs,
deterministic LoS channel between the UAV and the RIS, and
Rician fading channels between the RIS and UEs with a Rician
factor of κ = 10. These are based on the fact that the LoS
links between the UAV and UEs can be easily blocked by
high buildings, while the RIS can be deployed at a certain
height to exploit the LoS channels [2], [15], [17]. Thus, we set
{ϵ0, ϵ1, ϵ2} = {3.2, 2.0, 2.2}. The positions of the RIS active
elements are fixed to A = {1, . . . , Na}. To solve the convex
subproblems, we use modeling tool YALMIP with MOSEK
solver. The convergence criteria is set to ε = 10−4.

We first show in Fig. 2 the convergence of Algorithm 1,
which is initialized as follows: First, the UAV’s initial location
is right above the center of the area and at the height of
vz = 100 m. The UAV’s transmit power is initialized as
pk = puavmax/K,∀k, implying an equal power allocation to UEs.
Then, the initial coefficients of the RIS are set to α

(0)
n =

rejθ
(0)
n ,∀n, where phase shifts {θ(0)n } are randomly generated

in [0, 2π), and r satisfies (3e) and (3f). It is observed from
Fig. 2 that Algorithm 1 converges after about 20 iterations.

In Fig. 3, we plot the optimized locations (for 20 channels)
of the UAV in the systems without RIS, with passive RIS,
and with hybrid RIS. It is observed that in all the considered
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Fig. 4. Minimum rates versus UAV maximum transmit power, N =
40, Na = {2, 4, 8}, puavmax ∈ [0, 30] dBm, prismax = 0 dBm.
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Fig. 5. Minimum rates versus numbers of RIS elements, N ∈ [10, 100],
Na = {2, 4, 8}, puavmax = 20 dBm, prismax = 0 dBm.

systems, the UAV flies either above one of the UEs (e.g., sub-
area 2) or in between the UEs. However, with the deployment
of RIS, the UAV also flies above the RIS (sub-area 1), which
is not seen for the system without RISs. Furthermore, the UAV
deploys near the hybrid RIS more frequently than the passive
RIS. In particular, when the number of active elements in the
hybrid RIS increases, the chances that the UAV flies near the
RIS also increases, and there is a case that it flies right above
the hybrid RIS with Na = 4 active elements. These results on
the UAV’s locations show that the hybrid RIS can significantly
enhance the air-ground channels so that the UAV does not
necessarily always flies near or in between the UEs; it can also
fly above the RIS to exploit the strong reflecting channels.

In Fig. 4, we show the minimum rates versus the UAV
maximum transmit power. It is observed that both the passive
and hybrid RISs offer performance improvement to the system.
However, the gains of the passive RIS and hybrid RIS with
Na = 2 are limited. When the number of active elements
increases, i.e., with Na = {4, 8}, the hybrid RIS offers very
significant performance improvement. For example, at puavmax =
10 dBm, the passive RIS achieves an improvement of 18.06%
compared to the case without RIS, while those attained by
the hybrid RISs with Na = {4, 8} are {52.08%, 73.61%},
respectively. In particular, the gains of the hybrid RIS are more
significant at low puavmax, which generally happens in practice
due to the limited capacity of the UAV’s battery.

We show in Fig. 5 the minimum rates of the considered
systems versus N , i.e., N ∈ [10, 100]. It is seen that as N
increases, the passive RIS performs approaching the hybrid
ones. In contrast, the performance improvement is not always
clearly seen for the hybrid RIS. Specifically, with Na = 2, the
minimum rate increases quickly with N , but with Na = {4, 8},
it increases relatively slowly because the passive reflecting
gain is dominated by the active beamforming gains. Thus,



adding more passive elements does not provide significant
improvement to such hybrid RISs. Furthermore, it is seen that
a hybrid RIS with N = 10 and Na = 4 performs comparable
to the passive RIS with N = 100.

V. CONCLUSION

We proposed the deployment of the hybrid active-passive
RIS architecture to enhance the performance of UAV commu-
nications systems. In this hybrid RIS, a few active elements
were employed to provide the RIS with both reflecting and
amplifying gains. We formulated a max-min rate problem and
proposed an efficient algorithm based on the BCD and SCA
approaches to optimize the UAV’s location, power control, and
RIS amplifying/reflecting coefficients. Finally, the proposed
design was evaluated through extensive numerical results. It
was numerically justified that the hybrid RIS offers remarkable
performance improvement compared to the systems without
RIS and that with the conventional passive RIS. For future
studies, RIS-aided air-ground communications systems with
multiple UAVs and multi-antenna devices can be considered.
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