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ABSTRACT
The number of young people who are not in education, employment or 
training (NEET) is a key indicator on the state of youth labour markets and 
opportunities for young people more generally. However, it is a diverse 
group as people can be NEET for many reasons, and so understanding the 
importance of these reasons is crucial for targeting policy responses. This 
paper looks at data on young people between the age of 16 and 29 in the 
UK between 1975 and 2015, and highlights which characteristics are 
associated with a higher chance of being NEET and how the importance 
of these drivers has changed over time. We show that the overall NEET 
rate has fallen considerably since the 1980s, but has remained largely the 
same since 2000. Since the 1980s, the reduction in school leavers leaving 
with few or no qualifications, fewer young people having children and 
improvements in the chances for young women to work alongside child-
care responsibilities have all put a downward pressure on NEET rates. 
However, penalties for women with childcare are still large, while an 
increase in the incidence of mental ill health has recently acted in the 
opposite direction.
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1 Introduction

The number of young people who are not in education, employment or training – NEET, as this 
group has become widely known as – is a key indicator on the state of youth labour markets and 
opportunities for young people more generally. The persistence and, in the years following the 
global financial crisis, growth of this group of young people is a major concern for policy makers in 
Europe (O’Reilly et al. 2015), not least because of fears that periods of unemployment or inactivity 
early in the working life incur longer term economic and social consequences. These consequences 
include lower future earnings (Gregg and Tominey 2005; Ralston et al. 2016), higher chances of being 
unemployed and dependent on welfare benefits in the future (Kelly and McGuinness 2015; Gregg 
2001; Arulampalam et al., 2000; ACEVO 2012), and other well-being and health outcomes (Bell and 
Blanchflower 2011; Gutiérrez-García et al. 2017).

Interest in the NEET group originated in the UK in 1988, as a way of describing people between 
the age of 16 and 18 who were not working or studying but were not classified as unemployed due 
to the withdrawal of their entitlement to unemployment benefits. Today the term captures a wide 
range of experiences among young people. In recent years, it has come to cover a much wider age 
range – typically up to 24, and increasingly up to 29 – and covers both those who are unemployed 
and seeking work, as well as those who are economically inactive and hidden by a focus on 
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unemployment statistics (Furlong 2006). This diversity means that making policy that could reduce 
the size of this group requires an understanding of both the relative importance of the different 
reasons why someone becomes NEET, and of how these have changed over time.

This paper looks at data on young people between the age of 16 and 29 in the UK and tracks how 
the incidence or chance of being NEET has changed over the period between 1975 and 2015. It 
highlights which characteristics are associated with a higher chance of being NEET, and how the 
importance of these drivers has changed over time. It makes a number of contributions to the 
literature on tackling NEETs. Firstly, it produces a long-run picture of the size and overall make-up of 
the NEET population aged 16–29 years in the UK from 1975 onwards, placing the current interest in 
this part of the youth population in historical context. Our data show that overall NEET rates have 
fallen considerably since the early 1980s, but that most of this change happened in the 1980s and 
1990s, with little progress since then.

The second contribution of this paper is to better understand the different reasons why young 
people fall into the NEET group. Prior research has described the typical characteristics of the NEET 
population in order to demonstrate the heterogeneity of the group (Eurofound 2016; House of 
Commons Library 2018; Department for Education 2018a; Thompson 2011), but this does not tell us 
about risk factors – that is, the size of the effect of those characteristics on the chance of being NEET. 
Numerous other studies have looked at different risk factors taken one at a time (Social Exclusion 
Unit 1999a; Audit Commission 2010; DCSF/ONS, 2009; 2011) but given the correlation between 
factors such as education, health and family, these are unable to tell us more precisely why some 
people are more likely to be NEET than others. Our study therefore complements the small number 
of other studies which look at risk factors in combination (Bynner and Parsons 2002; Feng et al. 2015; 
Zuccotti and O’Reilly 2019). Our study adds to these contributions in part by using UK Labour Force 
Survey (LFS) data in order to focus on a wider age range over a longer period of time. These data 
allow us to analyse jointly the effects of educational attainment, family living arrangements, child-
care responsibilities and health outcomes for men and women separately, as well as look at regional 
variation across the UK.

The third, and main contribution of the paper is to examine why NEET rates have evolved in the 
way they have over time, and in particular to understand why there has been little change since 
2000. We first examine shifts in the individual characteristics of young men and women that predict 
a greater likelihood of being NEET. We then look at the way the risks associated with these factors 
have changed over time. As we will show, the key individual factors in reducing NEET rates since the 
1980s have been the large fall in the number of men and women with low or no qualifications, the 
reduction in the number of young people with children (which relates to female economic inactivity) 
and the greater likelihood of those who do have childcare responsibilities to also work or remain in 
education than has historically been the case. A striking finding of our study is the recent evolution of 
the role that young people’s mental health plays in determining the chances of being NEET across 
the UK. Since 2007, there has been a rapid increase in self-reported mental ill health. Above other 
reported health or disability issues, mental health has the largest effect on the chance of being NEET; 
this is especially the case for males. While there have been positive effects of a reduced number of 
young people with no or low qualifications, there is little evidence that the attainment of degree- 
level qualifications specifically, which have continued to become more commonplace, has affected 
the chances of being NEET over the past three decades.

Finally, while much of our analysis focuses on individualistic factors that explain young people’s 
chances of being NEET (such as their qualifications or their family structure), we recognise that 
external factors play a key role. Thompson (2011) argues that the focus on individual characteristics 
can take away from the importance of tackling socio-economic factors outside of an individual’s 
control, such as class and family background. These are undoubtedly an important part of the overall 
picture but we lack the data necessary to say anything about this here. However, we are able to draw 
a few conclusions about the impact of economic conditions. We show that when NEET rates have 
fallen significantly (for example, during the 1990s), it has been at a time where general labour market 
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conditions were improving, reducing NEET rates for all young people regardless of their personal 
characteristics. Since 2000, we have seen regional conditions play a key role – we find evidence of 
significant differing outcomes for those inside London and outside London, although these trends 
are different for men and women. Finally, in the period following the global financial crisis, those in 
their teens and early 20s in 2015 are doing better than older cohorts, pointing to a possible scarring 
effect from entering the labour market during an economic recession.

The paper is set out as follows. Section 2 defines NEET for the purposes of our analysis and 
presents the headline NEET figures and trends from our dataset. Section 3 discusses our empirical 
approach to first, estimating the factors that predict differences in the risk of being NEET in the UK, 
and second, understanding why the NEET rate has changed as it has over time. Section 4 presents 
the results of these two analyses. Section 5 concludes with some policy implications.

2 Defining the NEET population in the UK

The term NEET (or ‘status zero’ as the group was initially labelled) was first applied in the UK to those 
between the age of 16 and 18 who were not classified as unemployed due to the withdrawal in 1988 
of entitlement to unemployment benefit for young people of that age (Furlong 2006). This age group 
still receives particular attention (see, for example, Department for Education 2018b). However, in 
recent years, the term has come to cover a much wider age range. For instance, the Office for 
National Statistics’ (ONS) quarterly measure of NEETs covers those between the ages of 16 and 24, 
using Labour Force Survey data rather than administrative data collected by local government (see 
Office for National Statistics 2019). Outside of the UK, it is common to see discussions cover an even 
wider age group (Eurofound 2012) – the EU provides statistics on NEETs up to the age of 29, and 
a similar indicator is now reported in the OECD’s Employment Outlook. We follow this practice in our 
research – as we show later, the problems of non-participation or exclusion do not disappear once 
someone reaches their mid 20s.

Individuals in this age range in our data are either EET (in education, employment or training) or 
NEET – the NEET rate figure described in later sections is the number of NEET individuals over the 
total population. Figure 1 shows the iterative criteria used for determining if someone is NEET or EET. 

Figure 1. NEET definition flowchart.
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Within the NEET category, we distinguish between active and inactive NEETs, where the former are 
all NEETs who are currently searching for a job (i.e. they are the ILO definition of an unemployed 
individual). This distinction is important as previous research has shown that active and inactive 
NEETs represent two qualitatively different groups (Maguire 2014; Eurofound 2016; Dorsett and 
Lucchino 2018).

In order to calculate the number and proportion of individuals who are NEET in the UK, we use 
data from the UK Labour Force Survey, which was produced annually from 1975 until 1992 and then 
quarterly thereafter. Table A1 in the Appendix summarises the LFS variables used in each year to 
operationalise the definition of NEET in Figure 1. For the quarterly surveys, we use the second quarter 
(April to June) data as this is closest to the period when the annual survey data fieldwork was 
conducted, which is important because there is a cyclical element to NEET measurement.

Figure 2 shows the proportion of 16 and 29-year olds that were NEET between 1975 and 2015. The 
variables available prior to 1985 are less consistent in terms of what questions are asked – we believe 
we have produced the best possible definition using what was available to us in the LFS, but for 
clarity we depict this as a different time series. In general, NEET rates have trended downwards since 
the 1970s and reached a low point in the 2000s before levelling out, with female NEET rates being 
just 1 percentage point lower in 2015 than in 2000 and male NEET rates being 1 percentage point 
higher in 2015 than in 2000. Around this trend, the NEET rate has unsurprisingly followed economic 
cycles, with increases in the early 1980s and early 1990s and then again after the 2008–9 global 
financial crisis. Putting those cycles to one side, the overall change in NEET rates over forty years 
seems to be from around 19–20% to approximately 14%.

Figure 3 shows the breakdown of the headline figure by gender and into active and inactive 
NEETs. Over the whole time period, a greater proportion of NEETs are female rather than male, but 
this gap has narrowed significantly as NEET rates for women have fallen almost continually while the 
low point for men came in 1990. In the 1980s and early 1990s, male NEETs were almost always 
searching for work, today male NEETs are almost evenly split between the active and inactive 
category as the male inactive NEET rate has risen since 1990. What is most striking about this 

Figure 2. The NEET rate, 1975–2015.
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increase in inactive male NEETs is that it has occurred during a time when educational opportunities 
have been hugely expanded both in terms of further and higher educational programmes, and 
shorter-term training programmes in the workplace.

These trends do not vary much by age (not shown in the figures). The current near-even split 
between active and inactive NEETs for males is observed for teenagers as well as those in their late 
20s. The decline in female active and inactive rates can be seen across age groups, although it is far 
more pronounced, particularly in terms of inactivity for those over the age of 21. For females over 25, 
inactive NEET rates fell from over 35% in 1985 to 18% in 2015. Later in the paper, we link this to the 

Figure 3. Active and inactive NEET rates by gender, 1975–2015 (a) Male (b) Female.
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fall in the proportion of women with child care responsibilities (which were much more common for 
women in their mid to late 20s), as well as the weakening of the predicted relationship between 
those responsible for child care and inactivity.

Finally, it is worth noting the plateauing of NEET rates since 2000 is common to all age groups 
within both genders – that is, it is not masking a large fall in the NEET rate for one group and an 
accompanying large rise in the NEET rate for another. For women, there is essentially no change in 
NEET rates for those under 22 between 2000 and 2015, and a decline of only around 2.5 percentage 
points for those over 21 (as compared to 7 percentage points between 1990 and 2000). For men, all 
age groups have slightly higher NEET rates in 2015 than in 2000, and this is not just due to the 
consequences of the 2008 financial crisis – these rates increased between 2000 and 2007 across the 
board, and most notably for the under 25s.

With this overview in mind, the remainder of this paper looks at two key questions: (1) what 
factors place people at a higher chance of being in the NEET population, and (2) how can we account 
for the change in size and composition of this population over time, particularly with regards to the 
relative lack of progress at reducing NEET rates since 2000.

3 Data and methods

The two questions require two separate empirical approaches, which we explain below. We first 
conduct a regression analysis on our LFS data (from 1985 onwards) to jointly estimate the key 
predictors for being NEET – this is set out in section 3.1. The question about changes in the NEET rate 
over time uses a Blinder-Oaxaca decomposition approach (Jann 2008), which is explained in section 
3.2. Results follow in section 4.

3.1 Estimating risk factors for being NEET in the UK

While the NEET population is diverse, there are certain characteristics which are more strongly 
associated with being part of this group. To unpick these factors, we estimate a linear probability 
model of the form in equation (1)1: 

NEETit ¼ αþ βXit þ γZt þ εit (1) 

where NEETit is an indicator variable that takes the value of one if individual i is NEET at time t and 
zero otherwise, Xit is the set of explanatory variables which predict NEET status that includes 
individual characteristics as well as regional dummy variables (for each English region, as well as 
separate controls for Scotland, Wales and Northern Ireland), Zt, is a set of year dummies to account 
for year-to-year variation and α, β and γ are the coefficients which relate these variables to the 
probability of being NEET.

The first two explanatory variables we include are educational attainment and age. We distinguish 
four categories of qualification – those with a university degree (or higher), those with some form of 
post-162 secondary qualifications (which includes A-Levels, Scottish Highers, level 3 vocational 
qualifications including apprenticeships, and professional qualifications such as nursing and teach-
ing), GCSEs (including Scottish Standards, and level 2 vocational qualifications), and those with lower 
level qualifications than that (or no qualifications). These distinctions are broad in order to capture 
the main trends as people progress through different levels of the education system. The GCSE 
variable is coded to include only those who have achieved a grade C or above – it has been 
previously demonstrated that reaching that grade threshold conveys a significant labour market 
advantage (Machin, McNally, and Ruiz-Valenzuela 2018). We also distinguish four age groups – those 
between 16 and 18 (the original NEET focus age range), those between 19 and 21 (the typical age of 
higher education students), those between 22 to 25 and those aged 26 to 29. We also estimate the 
model with age as a continuous variable (including age-squared in case the relationship is not linear) 
and dummies for each age. The four age group model is preferred as it allows for some degree of 
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non-parametric relationship, without having an unmanageable amount of age variables, which is 
particularly important in the decomposition analysis.

An additional issue around education that we explore is whether there are differences between 
those who have followed vocational or academic pathways. There are a variety of variables in the LFS 
which could be used to look at this – for example, since 1996, the LFS has variables on individual 
qualifications held, including vocational qualifications such as BTECs, City and Guilds, RSA and NVQs. 
However, the data on whether an individual reports that they had completed a trade apprentice-
ship – including advanced and foundation modern apprenticeships – goes all the way back to 1985. 
This would seem to pick up a large proportion of those following a vocational route, with those 
reporting completing an apprenticeship far exceeding the number with specific vocational qualifica-
tions – on average, approximately 12% of males and 4% of females included in our analysis have 
completed one, although for males this figure has dropped from 16% in 1985 to 7% today. Moreover, 
in some cases, (such as the case for City and Guilds qualifications) the two strongly overlap. For these 
reasons, we include an indicator for having completed an apprenticeship in our estimations in order 
to look at differences by academic and vocational pathways.

The effect of qualification on NEET status is not likely to be causal. Part of this is due to reverse 
causality – educational attainment is endogenous to NEET status in the sense that someone who is 
NEET at the age of (for example) 17 will necessarily have lower qualifications as they have, by 
definition, left education. That said, the greater issue for endogeneity is that there may be omitted 
variable bias if there are unobservable characteristics which correlate with both NEET status and 
educational attainment.

Several studies have previously shown that care responsibilities, specifically having time away 
from the labour market to have a family, have an impact on the chance of being NEET, particularly 
for women (e.g. Feng et al. 2015; Audit Commission 2010; Maguire 2018). We use LFS household 
composition responses (available from 1996 onwards) to examine the impacts of having a child 
(including step-children) on the incidence of being NEET. Using those same data, we also examine 
the impact of being over 16 and still living with parents (including step-parents or parents-in-law). 
There has been significant media coverage of the ‘failure to launch’ phenomenon, where increas-
ing numbers of the most recent generations of young people have remained in their parental 
home, been unable to find a job and delayed the transition from childhood to adulthood. That 
said, the theoretical relationship between continuing to live with parents and NEET rates is 
ambiguous – living in the parental home reduces living costs that might make the need to find 
an income less pressing; for those with care responsibilities, the presence of grandparents may 
make it easier to continue to work alongside having a child. Moreover, a correlation between 
living at home and being NEET might have the causal effect running in both directions, for 
example if an event such as job loss triggers a return to the family home (Berrington, Stone, 
and Falkingham 2010). Hence, we include living with parents in an analysis to see if it relates to 
NEET status overall when combined with other variables, but stress that any effects should not be 
seen as causal.

One factor that has been repeatedly identified as a driver of being NEET is health status, with 
a particular emphasis on mental ill health (Scott et al. 2013; Gutiérrez-García et al. 2017). We use LFS 
responses on self-reported health conditions to examine the differences between those suffering 
from ill health and those who are not. We categorise conditions into five groups, with each 
corresponding variable taking a value of one if the respondent mentions suffering from that 
condition: mental ill health3; physical mobility limitations4; hearing, sight and speech impediments; 
learning difficulties and other health conditions (which largely covers diseases and chronic condi-
tions from allergies, respiratory conditions, cardiovascular conditions, digestives conditions, diabetes 
and others that are not classified elsewhere). Again, the effect of these variables on being NEET is not 
interpreted causally, although for many physical health issues these would seem to be reasonable. 
However crucially for our results later in this paper, it would not be reasonable to interpret the 
correlation between mental ill health and NEET status causally as the effect likely runs in both 
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directions – that is, being out of work could be a driver of poor mental health as well as 
a consequence.

3.2 Decomposing of changes to NEET rates

In the second part of our analysis, which looks at why NEET rates have fallen since the 1980s, and why 
they have remained relatively unchanged since around 2000 we consider, and look for evidence of, 
three potential explanations. Firstly, that until 2000 there were increasing numbers of young people 
with the sorts of characteristics that are associated with a lower chance of being NEET, but that after 
2000 this stopped being the case. Secondly, the relationship between those characteristics and 
being NEET may have changed in some way over time that has meant that even if more people had 
those characteristics that used to be associated with lower NEET risks, the risks associated with those 
characteristics have increased. The third potential explanation is that there have been some changes 
to factors outside of an individual’s control and/or personal characteristics which have an effect. In 
order to evaluate these different explanations, we re-estimate equation (1) for specific years (hence 
dropping the year dummy variables): 

NEETit ¼ αt þ βtXit þ εit (2) 

The error term εit is assumed to have a mean of zero. Taking mean averages of the dependent and 
explanatory variables says that the NEET rate (the mean of the NEET variable at any point in time) can 
be expressed as a function of the mean average characteristics of the population at that point in 
time. We are interested in the change in the NEET rate between time t and time t + 1, so by 
subtracting one from the other and rearranging terms we get that: 

NEETtþ1 � NEETt ¼ αtþ1 þ βtþ1Xtþ1
� �

� αt þ βtXt
� �

¼ βt Xtþ1 � Xt
� �

þ αtþ1 � αtð Þ þ Xtþ1 βtþ1 � βt
� �

(3) 

We focus on five specific years and hence four time periods: 1985–1993, 1993–2000, 2000–2007 and 
2007–2015. The change in the NEET rate in one of these time periods can therefore be broken down 
into (i) a composition effect (ii) a coefficient effect. The former, captured by the first term in equation 
(3), is given here as the change in the NEET rate that would be expected if the characteristics of the 
population between the two time periods changed but the way those characteristics related to the 
chance of being NEET stayed the same. For example, young people today are considerably more 
educated than in 1985, and as higher qualifications have traditionally been associated with better 
labour market prospects, we would expect fewer NEETs (holding everything else constant).

The coefficient effect has two parts. The second term in equation (3) is the change in the intercept, 
and tells us what is happening to people with all the reference characteristics, as all the variables 
X are defined relative to a reference characteristic (for example, the effect of having a degree 
compared to someone with post-compulsory schooling qualifications). The third term in equation 
(3) captures the change in the way each characteristic relates to the chance of being NEET compared 
to those reference characteristics – for example, if the penalty to having low qualifications (in terms 
of being more likely to be NEET) compared to having post-compulsory schooling qualifications gets 
worse. Hence, this term picks up changes in the overall NEET rate due to, for example, some 
characteristics becoming increasingly demanded in the labour market, or some barriers to participa-
tion or source of disadvantage being weakened or strengthened over time.

The change in the intercept term picks up some macroeconomic external effects, such as 
increases or decreases in the overall demand for labour due to the economic cycle, or systemic 
changes in the incentives to participate in employment or education through, for example, the 
welfare system. If these are important, we would see a large proportion of the overall change in NEET 
rates explained by the reference group, with little effect coming from the third term, implying 
opportunities are improving or worsening for all young people regardless of individual 
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characteristics. Economic shocks enter the analysis in two other ways. Firstly, if there is a scarring 
effect from being a new labour market entrant during an economic recession (Raaum and Røed 
2006; Rothstein 2019) we would expect to see increased NEET risk for older individuals in the years 
after the downturn. Secondly, regional dummy variables will pick up regional variation in terms of 
the magnitude of economic shocks, as well as other structural changes to the local labour market. 
The choice of London as reference group is deliberate here, as it relevant to ongoing debates about 
the extent of London’s economic and political dominance and exceptionalism in the UK, and its 
divergence from the experience of people in the rest of the country.

The decomposition approach discussed above has two key limitations. Firstly, as noted in section 
3.1, the linear probability model that it is based on may give an inappropriate approximation of the 
probability of being NEET in comparison to a non-linear model (such as the logit model), one concern 
being that the linear probability model can sometimes predict estimates of probability below zero or 
above one. However, decomposition techniques are not straightforward with non-linear models, 
hence our preference for the linear model in this paper. That said, we compare our linear estimates to 
a non-linear model in two ways. Firstly, we calculate the aggregate composition and coefficient 
effects using a logit model to compare to the aggregate composition and coefficient effects in our 
linear model. Secondly, we follow the procedure given by Fairlie (2005) which decomposes the 
aggregate composition effect into its individual variable components, which we then compare to our 
linear estimates.

The second issue is that in calculating the coefficient effects for dummy variables, which most of 
our data are, our individual variable coefficient effect estimates are sensitive to the choice of the 
reference group because the relationship between NEET status and the reference category is hidden 
in the intercept term. For example, if A-Levels are the reference category for education level, 
a positive coefficient effect on degree could mean both that degree holders are more likely to be 
NEET in one period compared to an earlier period, or it could mean that degree holders are less likely 
to be NEET in that period, but the risk has fallen for A-Level holders more. Had GCSEs been the 
reference group instead and the outcomes for this group had worsened more than for all the 
qualification levels, the estimated coefficient effect for degree could well have been negative 
instead.

In either case, it would be incorrect to say that the NEET risks associated with having degrees is 
increasing or reducing NEET rates in absolute terms. We are careful to avoid such claims. We can say 
something about the relative effects though – in the first example, we could say that NEET rates are 
higher than expected because the relative advantage of having a degree over having A-Levels has 
diminished. Such relative effects are particularly relevant if we consider employment outcomes to be 
the result of the supply and demand of particular skill groups – in that case, a fall in the relative 
benefit of having a degree can indicate insufficient demand for such individuals relative to their 
growing supply.

4 Results

4.1 Risk factors

The full estimation results for equation (1) are given in Tables 1 and 2. Given the large dataset, it is 
not surprising that almost all coefficients are statistically significant at the 5% level (and, indeed at 
the 1% level).5

The tables show that the incidence of NEET is far higher for those with few qualifications, 
especially for females. Those with higher qualifications than GCSEs are less likely to be NEET, but 
the difference between A-Levels and degree is small. Specifically, for men, holding a degree is never 
statistically significant for the period from 1992–2015 (which is when we have our full set of 
explanatory variables). For women there is no reduction in NEET risks for those with A-Levels and 
those with a degree once health and family variables are included. This suggests that for women any 
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differences in NEET risks by qualification have a lot to do with the differences in the propensity to 
start a family before the age of 30 by educational level.

Completing a trade apprenticeship was associated with a higher chance of being NEET for 
females and has no association with the chance of being NEET for males, everything else being 
equal and once health and family variables are included. This suggests that vocational pathways and 
academic pathways (at the same level) lead to similar outcomes for males, but females taking 
vocational pathways typically do less well than those completing academic qualifications at the 
same level. This could relate to different sorts of vocational qualifications followed by men and 
women, as well as unobserved differences for those following apprenticeships compared to those 
that do not.

Moving away from educational differences, NEET risks are higher for males between the age of 19 
and 22, and then decrease with age – this is found for each specification on the effect of age 
(columns 1 to 3 of Table 1). The probability of being NEET increases with age for women. However, 

Table 1. Factors associated with being NEET among men, 1985–2015.

1985–2015 1985–2015 1985–2015 1992–2015 1992–2015 1996–2015 1996–2015

Low qualifications 0.175 0.178 0.190 0.183 0.183 0.171 0.148
(0.002) (0.002) (0.002) (0.002) (0.002) (0.003) (0.003)

GCSEs 0.055 0.052 0.056 0.073 0.074 0.072 0.064
(0.002) (0.002) (0.002) (0.002) (0.002) (0.003) (0.002)

Post 16 Ref. Ref. Ref. Ref. Ref. Ref. Ref.
Degree −0.016 −0.022 −0.010 −0.006 −0.007 −0.002 0.005

(0.002) (0.002) (0.002) (0.003) (0.003) (0.003) (0.003)
Has trade apprenticeship −0.005 −0.008 0.000 0.011 0.009 −0.005 −0.004

(0.002) (0.002) (0.002) (0.003) (0.003) (0.004) (0.003)
Age: 16–18 Ref. Ref. Ref. Ref. Ref. Ref. Ref.
Age: 19–21 0.097 0.109 0.109 0.110 0.101

(0.002) (0.002) (0.002) (0.003) (0.003)
Age: 22–25 0.091 0.099 0.099 0.108 0.094

(0.002) (0.002) (0.002) (0.003) (0.003)
Age: 26–29 0.067 0.075 0.076 0.090 0.074

(0.002) (0.002) (0.002) (0.003) (0.003)
Age 0.114

(0.002)
Age^2 −0.002

(0.000)
Has child 0.039 0.042

(0.003) (0.003)
Lives with parent 0.036 0.034

(0.002) (0.002)
Has child x Lives with parent −0.033 −0.033

(0.013) (0.013)
Mental health 0.375

(0.006)
Immobility 0.117

(0.005)
Hearing, sight or speech 0.044

(0.007)
Other health conditions 0.041

(0.003)
Learning difficulties 0.053

(0.006)
Constant 0.021 −1.211 −0.062 0.012 0.016 −0.034 −0.019

(0.003) (0.022) (0.004) (0.003) (0.004) (0.005) (0.005)
Individual age controls No No Yes No No No No
Year control Yes Yes Yes Yes Yes Yes Yes
Region controls No No No No Yes Yes Yes
R2 .0565 0.0634 0.0590 0.0541 0.0579 0.0571 0.1032
n 292,073 292,073 292,073 180,649 180,649 125,332 125,332

Notes: Dependent variable in each model is indicator for being NEET. Standard errors reported in parentheses. Effects statistically 
significant at the 1% level indicated in bold.
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once care and living arrangements are included, we see that this age effect almost entirely 
disappears for those over the age of 21, with the remaining age effect similar to that for men. As 
an extension, we interact having a child with age group, which shows that conditional on having 
a child, the NEET risks are much greater for the under 22s – for those age 16–18, NEET risk increases 
by 58pp, with this effect being on average 8pp, 21pp and 28pp lower for each subsequent age 
group.

This analysis would seem to suggest that two popular conceptions of the NEET group are not 
correct – that NEETs are teenage mothers and young people delaying adulthood by remaining in 
their parental home well into their 20s. Firstly, while being a parent increases NEET risks for women of 
all ages and particular for younger women, the vast majority of young women who have a child are 
in their mid to late 20s. Since 1996, the proportion of females under 22 who have a child has fallen 
from 8.2% to 5.6% in 2015. By comparison, in 2015, the proportion of those between 22 and 25 who 
had a child was 28.3% and for those between 26 and 29, it is 45.4%. Secondly, while living with 

Table 2. Factors associated with being NEET among women, 1985–2015.

1985–2015 1985–2015 1985–2015 1992–2015 1992–2015 1996–2015 1996–2015

Low qualifications 0.322 0.328 0.341 0.327 0.327 0.234 0.221
(0.002) (0.002) (0.002) (0.002) (0.002) (0.003) (0.003)

GCSEs 0.128 0.127 0.131 0.151 0.152 0.100 0.094
(0.002) (0.002) (0.002) (0.002) (0.002) (0.002) (0.002)

Post 16 Ref. Ref. Ref. Ref. Ref. Ref. Ref.
Degree −0.087 −0.094 −0.082 −0.073 −0.072 0.016 0.022

(0.003) (0.003) (0.003) (0.003) (0.003) (0.003) (0.003)
Has trade apprenticeship 0.065 0.063 0.068 0.075 0.075 0.029 0.029

(0.004) (0.004) (0.004) (0.005) (0.005) (0.006) (0.006)
Age: 16–18 Ref. Ref. Ref. Ref. Ref. Ref. Ref.
Age: 19–21 0.177 0.192 0.191 0.116 0.108

(0.002) (0.003) (0.003) (0.003) (0.003)
Age: 22–25 0.244 0.246 0.245 0.089 0.077

(0.002) (0.003) (0.003) (0.003) (0.003)
Age: 26–29 0.281 0.263 0.263 0.035 0.022

(0.002) (0.003) (0.003) (0.003) (0.003)
Age 0.170

(0.002)
Age^2 −0.003

(0.000)
Has child 0.356 0.358

(0.003) (0.003)
Lives with parent −0.016 −0.018

(0.003) (0.003)
Has child x Lives with parent −0.008 −0.005

(0.007) (0.007)
Mental health 0.236

(0.006)
Immobility 0.064

(0.005)
Hearing, sight or speech 0.045

(0.009)
Other health conditions 0.037

(0.003)
Learning difficulties 0.093

(0.008)
Constant −0.041 −1.995 −0.168 −0.086 −0.087 −0.018 −0.006

(0.004) (0.025) (0.004) (0.004) (0.005) (0.005) (0.005)
Individual age controls No No Yes No No No No
Year control Yes Yes Yes Yes Yes Yes Yes
Region controls No No No No Yes Yes Yes
R2 0.1476 0.1568 0.1535 0.1408 0.1423 0.2608 0.2784
n 308,740 308,740 308,740 193,663 193,663 134,765 134,765

Notes: Dependent variable in each model is indicator for being NEET. Standard errors reported in parentheses. Effects statistically 
significant at the 1% level indicated in bold.
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parents is associated with higher NEET risks for young men, the opposite is true for young women. 
Moreover, the effect for men is small – an expected 3.4 percentage points holding everything else 
constant.

Finally, Tables 1 and 2 show the predicted change in the probability of being NEET associated with 
each of the five categories of health problem. Mental ill health stands out as having a very large 
effect on the risk of being NEET. It is associated with an increase in NEET rates of 37.5 pp for males 
and 23.6 pp for females. The tables also show that effects on mental ill health on the chances of 
being NEET are much higher than those associated with other health conditions, for both men and 
women.6

4.2 Decomposition

We estimate two versions of equation (3) – the first just includes qualifications, age and regional 
variables, for four time-periods and the second full model adds in mental health and household 
structure for two periods (2000–2007 and 2007–2015), as these variables are not available in these 
earlier time periods. We also conducted the analysis for active and inactive NEET rates separately – 
these results are discussed below when informative.

Table 3 gives the aggregate composition and coefficient effects for each time period (for 1985– 
2000, we have only the age, education and regional variables, and after 2000 we have all variables 
included). The total change in NEET rate over the time period is the sum of the composition and 
coefficient effects The table compares the linear probability model estimates with a non-linear logit 
model estimate, and shows that the aggregate effects are generally similar, which suggests the linear 
model is a reasonable approximation, particularly since 2000. It shows decreases in the NEET rate 
were associated with both improving individual characteristics combined with large coefficient 
effects in the 1980s (for women) and 1990s (for both). Since 2000, male composition effects have 
increased NEET rates, while coefficient effects for both men and women have been either small or 
positive.

Figure 4 gives the decomposed compositional effects – that is, the change in the NEET rates that 
our model predicts if the relationship between NEET risks and individual characteristics stayed the 
same across a period of time, but the proportion of people with each of those characteristics 
changed.7 Sections of each bar above the axis represent effects that have contributed to a higher 
overall NEET rate (everything else being equal), while sections of each bar below the line represent 
effects that have contributed to a lower overall NEET rate (everything else being equal). Figure 4 
shows that for both males and females, the fall in those who have no or low qualifications should 
have pushed NEET rates down considerably, which is not surprising given that having low or no 
qualifications has historically been associated with much higher chances of being NEET. However, 
the increase in educational attainment beyond that, specifically to more people with degrees, has 
little to no effect. For women there are some age effects, as in our data the size of the 16–21 age 
groups reduced during the time period studied, and NEET rates have been historically higher for 

Table 3. Comparison of aggregate composition and coefficient effects using linear and non- 
linear models.

Male Composition effects Coefficient effects

LPM Logit LPM Logit
1985–1993 −1.0% −1.0% 0.2% 0.1%
1993–2000 −1.8% −2.0% −4.3% −4.2%
2000–2007 0.4% 0.5% 0.7% 0.7%
2007–2015 0.2% 0.1% −0.5% −0.4%
Female
1985–1993 −0.4% −0.6% −5.9% −5.7%
1993–2000 −5.2% −5.1% −1.9% −2.0%
2000–2007 −1.2% −1.6% 0.9% 0.9%
2007–2015 −0.4% −0.8% −0.8% −0.4%
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women in their mid to late 20s. When we include mental health and family structure variables for the 
full model, a slightly different picture emerges of the overall composition changes. The effects 
relating to education stay about the same but the increase in reported mental ill health predicts 
higher NEET rates in both periods, but particularly after 2007 when the effect is large for both men 
and women. This is an important compositional effect which has largely offset any compositional 
effects relating to better educated individuals. In the more restricted model, the effect of this would 

Figure 4. Compositional effects on NEET rates by gender, 1985–2015 (a) Male (b) Female.
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mistakenly be included as a coefficient effect. The age effects disappear for women when having 
a child can be included – this is because any relationship between age and NEET risk for women is 
largely explained by the propensity to have a child, rather than it being due to age specifically.

One final observation from Figure 4 is that between 2000 and 2007, there was little change in the 
overall share of young people with low or no qualifications, and given that having few qualifications 
is associated with a much higher risk of being NEET, the fact that this group does not continue to 
shrink is one reason why NEET rates did not fall as much in the years after 2000. It is not immediately 
obvious why the share of people with low qualifications stopped falling during this period – it fell 
again in the period after this. However, one reason for this is due to migration – in particular, an 
increase in new migrants with few qualifications (or, potentially, qualifications that are not recog-
nised in the qualification framework used to gain information of education in the Labour Force 
Survey). In particular, the share of foreign-born individuals between the age of 16 and 29 in our data 
jumped from 8.3% to 13.2% between 2000 and 2007, and the proportion of foreign-born individuals 
in the low-qualified group almost doubled, from 16.6% to 28.7% The proportion of foreign born 
individuals in the data barely changes between 2007 and 2015 (13.2 to 13.9%), but the composition 
of the migrant group in terms of low or no qualifications changed at lot between 2007 and 2015 – 
50% of foreign born individual had low qualifications in 2007, while 29% had low qualifications in 
2015.8

Our estimates of the composition effects rely on the assumption that the linear probability model 
provides a good approximation of the probability of being NEET. A binary outcome is better 
estimated using a non-linear method such as a logit model, but does not lend itself to such 
straightforward decomposition analysis. However, estimates of the individual variable composition 
effects can be found from a logit model following the approach set out in Fairlie (2005). The results of 
this are given in Appendix Table A4. For men, the estimates from the linear probability model and 
the Fairlie estimates are comparable, in particular they emphasise the important effects of the shift 
away from low or no qualifications, and the impact of mental ill health. For women, the Fairlie 
estimates give a much lower weight to qualification effects being behind the fall in NEET rates and 
a much higher contribution of age (up to 2000) and child care (after 2000, and likely the unobserved 
factor being picked by age before 2000).9

The coefficient effects – that is, the part of the change in the NEET rate which can be explained by 
changes in the relationship between individual characteristics and the risk of being NEET – are 
reported in Appendix table A5. Figure 5 summarises these effects – we show only the first two 
periods for the restricted model, and then the results from the full model in the final two periods. Not 
including all of the variables in the latter two periods has a large impact on the results.

Firstly, there have been some reductions in the relative benefit of acquiring qualifications for both 
men and women and particularly in the 1980s and 1990s, but nothing that offsets the compositional 
effect associated with having a more educated workforce. This mean that as more people gained 
higher qualifications, the relative value of those qualifications has largely held. This is consistent with 
the notion that the ability of the labour market to provide employment for more qualified workers 
has not massively outstripped their greater availability.10

Our observation period corresponds to greater female labour market participation. The reference 
group effect accounts for almost all of the coefficient effect for women in the 1980s and 1990s, which 
points to a general change in the labour market position of women. Relative to the situation for 
teenagers, NEET risks for women in their mid and late 20s fell during this time period, pushing NEET 
rates down further. This age effect in the 1985–1993 period is largely for inactive NEETs and seem 
likely to be related to changing gender roles around work and family. Although this is speculative as 
we cannot control for having a child in these earlier periods, we find that the coefficient effect for 
having a child is negative in the latter two periods, and that the age coefficient effects are pushed 
upwards (either less negative or more positive) when having a child can be controlled for. This is 
consistent with more women being able to (and either wanting to or needing to) work or continue 
study alongside care responsibilities.
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Age effects are also important for men. In the first period, the reference group effect for men is 
negative, but compared to them older individuals did not see the likelihood of being NEET decrease by 
as much, leading to little change in NEET rates overall. By contrast, between 1993 and 2000, NEET risks 
fell for all age groups over 18 as compared to those aged 16–18, which pushed NEET rates down, 
similarly to women. This age effect is particularly associated with a decline in active NEETs rates, which 

Figure 5. Coefficient effects on NEET rates by gender, 1985–2015 (a) Male (b) Female.
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points to improvements in labour market conditions after the early 1990s recession as the main driver 
here.

After 2000, differences between London and other parts of the UK play a much larger role. For the 
period between 2000 and 2007, where in general the economy continued to perform as well as it had 
in the previous period, these regional effects related to inactive NEET rather than active NEETs – for 
women, there was an increase in the chance of being (inactive) NEET in London compared to 
elsewhere and for men a decrease in the chance of being NEET for those in London as compared 
to most other regions around the UK.

The period following the global financial crisis and recession in 2008–9, and subsequent imposi-
tion of austerity measures by the Coalition government saw two main effects. Firstly, there were 
regional effects for men and women and these were nearly identical overall – outside of London, 
NEET risks did not improve as much or worsened compared to what happened in London. The 
predicted effect of living with parents contributed to higher NEET rates relative to those not living 
with their parents, but the direction of causality cannot be established here – it is possible that given 
increased living costs, those who were already NEET were more likely to move back home than they 
would have in the early 2000s.

Secondly, there were age effects which suggested that those over the age of 21 came out of the 
recession period in a worse position than those aged 21 and under. This mostly affected active NEET 
rates, which is consistent with the notion that those who enter the labour market after completing 
education during a downturn face some longer-term scarring effects that can still be observed in their 
mid and late 20s. However, it is worth remembering that during this time period, a number of policies 
were introduced to increase participation in education amongst 16–18 year olds, not least an increase 
in the participation age (see House of Commons Library 2018). To test that this is not what is driving the 
age effect, we ran the same decomposition as above, but excluded those between 16 and 18, so now 
age effects would be comparing those aged 19–21 (who are outside of the effects of these participa-
tion policies) to those who are older. This reduces the size of the age effect, moreso for men that for 
women, but there is still some age penalties for those over 21 suggesting that there are genuine 
worsening employment opportunities for those in their mid to late 20s as compared to those in their 
teens.

5 Conclusion

The main question this paper seeks to address is why so little progress on reducing the chance of 
being NEET has been made since 2000. Our analysis shows that a key reason for this stasis in NEET 
rates in the UK is that the composition of young people has changed less dramatically in favour of 
characteristics which have a lower association with being NEET than was the case during the 1980s 
and 1990s. In terms of the characteristics of young people today, we highlighted in particular that 
the fall in the low qualified group has slowed since 2000, and that self-reported mental ill health has 
risen since 2007.

Added to this is a mixed picture in terms of changing relationships between individual character-
istics and NEET risks, which have largely cancelled each other out. In particular after 2007, we see 
NEET risks increasing in most regions of the UK outside of London, and some evidence of a labour 
market scarring effect, especially for those who entered the labour market at the start of the 2008 
recession. On the other hand, penalities against women with child care responsibility have continued 
to fall. In general, people living in London, those with children, those not living with parents and 
those under 21 make up a smaller part of the overall NEET population than we would have expected 
at the start of the year 2000 (and before). Moreover, while the general health of the labour market in 
the 1990s saw falling unemployment rates and rising employment, the periods after 2000 has not 
had a general economy-wide shift that improved labour market outcomes in the same way.

Our analysis points to a number of areas for policy. The first point to note is that we are approaching 
the limit of what keeping younger people in education and training for longer can do. Further 
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reductions in those without GCSE level qualifications at grade C and above may help reduce NEET 
numbers11 but we have little evidence that increased education beyond that point is associated with 
dramatically lower NEET rates. One area we do not explore in much detail (aside from distinguishing 
those with apprenticeship) is around the balance between general and vocational education. Dolphin 
(2014) argues that for those not taking a university route into the labour force, vocational options in the 
UK are lower quality, less connected to employer needs and couple with insufficient careers advice and 
guidance than in neighbouring European countries where youth unemployment rates are smaller. It is 
possible that there are reforms to vocational education in the UK which could enable more young 
people to find employment, although the UK has a long history of attempting to do so (City & Guilds 
2014) and these problems persist (Wolf 2011). T-Levels represent the most recent attempt by the UK 
government to reform vocational education in England and their success and attractiveness amongst 
young people still remains to be seen. The challenge is to ensure they meet employer needs in a way 
that existing vocational and academic qualifications do not, if NEET rates are to come down further 
because of them. As they are targeted at those completing GCSEs, they are unlikely to do much for 
those who have left full-time education, particularly those affected by entering the labour market 
shortly after the 2008 financial crisis and recession. Moreover, a key feature of their appeal seems to be 
around the ability to progress to university, which we have shown offers no advantage over current 
A-Levels in terms of reducing NEET risk.

Our analysis shows that policy recommendations which target skills and employability of young 
people, or which seek to encourage employment or further training through incentives in the 
welfare system and guarantees of work placements (e.g. Cooke 2013) are missing two key obstacles: 
mental ill health and childcare. Both of these factors also implicate job quality issues which 
particularly affect low paid employment (Keep 2019). Rather than focusing on work incentives and 
skill deficits, policies to either tackle increasing mental ill health rates or facilitate (where possible and 
desirable) some form of labour market participation specific to sufferers of mental ill health could be 
expected to have some large effects on their own – our analysis showed that mental health problems 
have a far larger effect on the chance of being NEET than any other category of health problem. In 
terms of care, NEET rates have been pushed down over this time period by the reduction in the 
number of women who have children in their teens and 20s. Previous research has linked this to the 
success of England’s Teenage Pregnancy Strategy that was implemented between 1999 and 2010 
(Skinner and Marino 2016), and renewing this approach to minimise unplanned pregnancies could 
reduce NEET rates further. Moreover, while the relationship between having a child and being NEET 
has weakened over time, the effect is still large among women aged 16–29. This would seem to point 
to policies that reduce child care costs and facilitate work schedules that make balancing care with 
work viable for young parents. In extensions of our main analysis, we find no relationship between 
the availability of part-time work in a region and NEET rates, so the solution here is perhaps not as 
simple as there being more jobs offering fewer hours, perhaps because such jobs tend to be less 
secure and attract lower wages, which shifts the trade-off between work and care responsibilities 
significantly in favour of the latter.

Notes

1. We choose a linear probability model over a non-linear model such as logit as the results are simpler to interpret. 
However, we recognise that the two models can give different results, particularly when the estimated 
probabilities are close to zero or one. We check that the estimated marginal effects are similar to those using 
a similarly specified logit model, and the results are reported in the appendix in Table A2 – the differences 
between the estimate effects are small.

2. This paper uses the term ‘post-16ʹ to refer to qualifications that have typically been undertaken after the age of 
16, which until recently was the compulsory school leaving age.

3. The LFS health variables have two relevant categories – we define someone who suffers from mental ill health as 
anyone reporting ‘depression, bad nerves or anxiety’ or ‘mental illness, or suffer from phobia, panics or other 
nervous disorders’.
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4. We define someone as having physical mobility limitations if they report health problems relating to the ‘arms or 
hands’, ‘legs or feet’ or ‘backs or necks’.

5. As noted in footnote 1, we also estimate equation (1) as a non-linear logit model – where the dependent variable in 
equation (1) changes to the log odds of being NEET, or: log(Pr(NEET)/[1-Pr(NEET)]). We do this to to ensure that the 
use of a linear model is not an inappropriate approximation. The results are shown in the Appendix in table A2. The 
marginal effects are compared to the linear probability model estimates, and the differences are small.

6. In the section 4.2, where we look at the reasons NEET rates have changed over time, we focus only on mental ill 
health and omit the other health variables.

7. The full table of compositional effects are included in the Appendix Table A3.
8. We checked to see whether the changing composition of the low qualified group mattered for the predicted risks 

as an extension to our analysis. We included a variable for being foreign-born as well as a variable for being a recent 
migrant (which is those that are foreign born and arrived in the UK within the previous five years) into our 
previously estimated regressions, but this had little effect on the other variables. Interacting low qualifications with 
foreign born showed that in general, NEET risks are lower for foreign born individuals with no qualifications, and 
were much lower in 2007 compared to 2000, suggesting that arrival of new unqualified migrants between these 
years were not themselves driving up NEET rates or worsening the overall risk associated with low qualifications.

9. The Fairlie estimates imply a much larger aggregate compositional effect than was found via the LPM model or 
the logit model.

10. Note that we are not making a causal claim here – that is, we are not saying that the reduction in NEET rates was 
the result of improved qualifications, which would be a supply side effect driving firms to create more jobs. It is 
just as possible that demand side factors were already increasing the number of job opportunities for people 
with higher qualifications (and would have done so regardless of what was happening on the supply side) and 
qualifications were then used as a sorting mechanism.

11. Presuming, as always with these sorts of inferences, that the effect of gaining qualification on the chances of 
being NEET rates stays similar to what is has been in recent history.
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Appendix

Table A1. LFS variables used 

Criteria description LFS variable used (name in brackets) with years covered
In employment or unemployed 

(ILO definition)
2002–2015: Economic activity (ILODEFR) 

1992–2000: Economic activity (INECACR) 
1989–1991: Economic activity (ECAR) and looking for work in past four weeks 
(LOOK4WK) 
1985: Economic activity (ECONACRG) and looking for work in past four weeks 
(LOOK4WK) 
1981: Economically active in employment (V90), Economically active and seeking work 
(V81) and looking for work in last week (SEEKEMP) 
1979: Economic position and status (VAR91) and looking for work in last week (VAR104) 
1975: Economic position (VAR37)

In an apprenticeship 2012–2015: Recognised trade apprenticeship (APPRCURR) 
2008–2011: Recognised trade apprenticeship (APPR8) 
2004–2007: Recognised trade apprenticeship (APPR4) 
1992–2002: Recognised trade apprenticeship (APPREN) 
1985–1991: Recognised trade apprenticeship (APPRENT) 
1981: Recognised trade apprenticeship (APPRENT) 
1979: Recognised trade apprenticeship (VAR63) 
1975: Type of course organiser (VAR113)
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Criteria description LFS variable used (name in brackets) with years covered
In employment or unemployed 

(ILO definition)
2002–2015: Economic activity (ILODEFR) 

1992–2000: Economic activity (INECACR) 
1989–1991: Economic activity (ECAR) and looking for work in past four weeks 
(LOOK4WK) 
1985: Economic activity (ECONACRG) and looking for work in past four weeks 
(LOOK4WK) 
1981: Economically active in employment (V90), Economically active and seeking work 
(V81) and looking for work in last week (SEEKEMP) 
1979: Economic position and status (VAR91) and looking for work in last week (VAR104) 
1975: Economic position (VAR37)

In an apprenticeship 2012–2015: Recognised trade apprenticeship (APPRCURR) 
2008–2011: Recognised trade apprenticeship (APPR8) 
2004–2007: Recognised trade apprenticeship (APPR4) 
1992–2002: Recognised trade apprenticeship (APPREN) 
1985–1991: Recognised trade apprenticeship (APPRENT) 
1981: Recognised trade apprenticeship (APPRENT) 
1979: Recognised trade apprenticeship (VAR63) 
1975: Type of course organiser (VAR113)

In a government training scheme 2012–2015: On government scheme (SCHM12) 
2008–2011: On government scheme (SCHM08) 
2004–2007: On government scheme (SCHM04) 
2000–2002: On government scheme (SCHM99) 
1998: On government scheme (SCHM98A and SCHM98b) 
1989–1996: On government scheme (SCHEME) 
1985: On government scheme (SCHEMES) and On Youth Training Scheme (YTS) 
1981: Usual economic activity (USITEMP) 
1979: Usual economic activity (VAR32) 
1975: No information, possibly included in full-time student from usual economic 
activity (VAR33)

On a training course 2002–2015: Still attending a course (ATTEND) 
1989–2000: Current education received (CURED) 
1985: Current education received (CUREDG) 
1981: Qualifications (QUALONE, QUALTWO and QUALTH) 
1979: Qualifications (VAR65, VAR66 and VAR67) and Type of education and training 
received (VAR150) 
1975: Type of course organiser (VAR113)

Still in full time education 1992–2015: Age left full time education (EDAGE) 
1985–1991: Age left full time education (FTEDAGE) 
1981: Terminal education age (TEREDAG), Usual economic activity (USITEMP) and 
Economically inactive and student (V91) 
1979: Terminal education age (VAR130), Usual economic activity (VAR32) and 
Economically inactive and student (V87) 
1975: Age left full time education (VAR112), Usual economic activity (VAR33) and 
Economically inactive and student (VAR37)
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Table A2: Comparison on linear probability model and logit model for NEET risk factors

Male Female
Logit model LPM Logit model LPM

Low qualifications 0.16 0.15 0.25 0.22
GCSEs 0.07 0.06 0.10 0.09
Post 16 Ref. Ref. Ref. Ref.
Degree 0.01 0.01 0.01 0.02
Has trade apprenticeship 0.00 0.00 0.05 0.03
Age: 16–18 Ref. Ref. Ref. Ref.
Age: 19–21 0.08 0.10 0.10 0.11
Age: 22–25 0.07 0.09 0.07 0.08
Age: 26–29 0.05 0.07 0.02 0.02
Lives with parent 0.03 0.03 −0.01 −0.02
Has child 0.04 0.04 0.35 0.36
Has child x Lives with parent −0.03 −0.03 −0.03 0.00
Mental health 0.32 0.38 0.24 0.24
Immobility 0.09 0.12 0.05 0.06
Hearing, sight or speech 0.02 0.04 0.03 0.04
Other health conditions 0.03 0.04 0.04 0.04
Learning difficulties 0.02 0.05 0.09 0.09

Notes: these are the estimated marginal effects of each variable estimated at the mean values 
for all the other variables – for the LPM model this corresponds to the coefficient from the 
linear regression.
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Table A3: Composition effects from Blinder-Oaxaca decomposition of probability of being NEET, 1985–2015

Male 1985–1993 1993–2000 2000–2007 2007–2015
Simple 

model
Full 
model

Simple 
model

Full 
model

Simple 
model

Full 
model

Simple 
model

Full 
model

Low qualifications −1.3% −1.7% 0.1% 0.1% −1.3% −1.1%
GCSEs 0.1% 0.2% −0.1% 0.0% 0.0% 0.0%
Degree −0.1% 0.0% 0.0% 0.0% 0.0% 0.0%
Apprenticeship 0.1% −0.2% 0.0% 0.0% 0.0% 0.0%
Age: 19–21 −0.2% 0.3% 0.0% 0.0% 0.0% 0.0%
Age: 22–25 0.0% −0.3% 0.0% 0.0% 0.1% 0.1%
Age: 26–29 0.3% −0.2% −0.2% −0.1% 0.0% 0.0%
Has child 0.0% 0.0%
Lives with parent 0.0% 0.1%
Has child x Lives with 

parent
0.0% 0.0%

Mental health – all 0.3% 1.0%
Mental health – main 0.3% 0.2%
North East 0.0% 0.1% 0.0% 0.0% 0.0%
North West 0.0% 0.0% 0.0% 0.0% 0.0%
Yorkshire and 

Humberside
0.0% 0.0% 0.0% 0.0% 0.0%

East Midlands 0.0% 0.0% 0.0% 0.0% 0.0%
West Midlands 0.0% 0.0% 0.0% 0.0% 0.0%
East of England 0.0% 0.0% 0.0% 0.0% 0.0%
London 0.0% 0.0% 0.0% 0.0% 0.0%
South East 0.0% 0.0% 0.0% 0.0% 0.0%
South West 0.0% 0.0% 0.0% 0.0% 0.0%
Wales 0.0% 0.0% 0.0% 0.0% 0.0%
Scotland 0.0% −0.1% 0.0% 0.0% 0.0%
Northern Ireland 0.0% 0.0% 0.0% 0.0% 0.0%
Constant 0.0% 0.0% 0.0% 0.0% 0.0% 0.0%
Total −1.0% −1.8% −0.3% 0.4% −1.3% 0.2%

Female 1985–1993 1993–2000 2000–2007 2007–2015
Simple 

model
Full 
model

Simple 
model

Full 
model

Simple 
model

Full 
model

Simple 
model

Full 
model

Low qualifications −2.2% −3.6% −0.7% −0.4% −2.0% −1.5%
GCSEs 0.1% 0.0% −0.7% −0.3% −0.4% −0.3%
Degree −0.2% −0.3% −0.2% 0.1% −0.6% 0.1%
Apprenticeship 0.1% −0.2% 0.0% 0.0% 0.1% 0.0%
Age: 19–21 −0.4% 0.4% −0.2% −0.1% −0.2% −0.1%
Age: 22–25 0.5% −1.2% 0.2% 0.1% 0.3% 0.1%
Age: 26–29 1.8% −0.2% −0.7% 0.0% 0.5% 0.0%
Has child −0.7% −0.1%
Lives with parent −0.1% 0.0%
Has child x Lives with 

parent
0.0% 0.0%

Mental health – all 0.2% 1.1%
Mental health – main 0.0% 0.3%
North East 0.0% 0.0% 0.0% 0.0% 0.0%
North West 0.0% 0.0% 0.0% 0.0% −0.1%
Yorkshire and 

Humberside
0.0% 0.0% 0.0% 0.0% 0.0%

East Midlands 0.0% 0.0% 0.0% 0.0% 0.0%
West Midlands 0.0% 0.0% 0.0% 0.0% 0.0%
East of England 0.0% 0.0% 0.0% 0.0% 0.0%
London 0.0% 0.0% 0.0% 0.0% 0.0%
South East 0.0% 0.0% 0.0% 0.0% 0.0%
South West 0.0% 0.0% 0.0% 0.0% 0.0%
Wales 0.0% 0.0% 0.0% 0.0% 0.0%
Scotland 0.0% 0.0% 0.0% 0.0% 0.0%
Northern Ireland 0.0% 0.0% 0.0% 0.0% 0.0%
Constant 0.0% 0.0% 0.0% 0.0% 0.0% 0.0%
Total −0.4% −5.2% −2.2% −1.2% −2.4% −0.4%
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Table A4: Comparison of composition effects estimated by linear probability model and logit model/Fairlie (2005)

Male 1985–1993 1993–2000 2000–2007 2007–2015
Fairlie LPM Fairlie LPM Fairlie LPM Fairlie LPM

Low qualifications −0.9% −1.3% −0.9% −1.7% 0.6% 0.1% −0.7% −1.1%
GCSEs 0.1% 0.1% 0.3% 0.2% −0.2% 0.0% −0.1% 0.0%
Degree 0.0% −0.1% 0.0% 0.0% 0.0% 0.0% 0.0% 0.0%
Has trade apprenticeship 0.4% 0.1% −0.4% −0.2% −0.1% 0.0% 0.1% 0.0%
Age: 19–21 −0.2% −0.2% 0.3% 0.3% 0.2% 0.0% −0.1% 0.0%
Age: 22–25 −0.2% 0.0% −0.6% −0.3% 0.0% 0.0% −0.1% 0.1%
Age: 26–29 0.2% 0.3% −0.6% −0.2% −0.3% −0.1% −0.1% 0.0%
Lives with parent 0.5% 0.0% 0.6% 0.0%
Has child −0.2% 0.0% −0.4% 0.1%
Has child x Lives with parent −0.1% 0.0% −0.1% 0.0%
Mental health – any 0.3% 0.3% 1.1% 1.0%
Mental health – main 0.4% 0.3% 0.5% 0.2%

Female 1985–1993 1993–2000 2000–2007 2007–2015
Fairlie LPM Fairlie LPM Fairlie LPM Fairlie LPM

Low qualifications −1.9% −2.2% −0.9% −3.6% 1.7% −0.4% 0.0% −1.5%
GCSEs −0.3% 0.1% −1.0% 0.0% −0.7% −0.3% −0.3% −0.3%
Degree 0.0% −0.2% 0.0% −0.3% 0.0% 0.1% 0.0% 0.1%
Has trade apprenticeship 0.3% 0.1% 0.0% −0.2% 0.0% 0.0% 0.1% 0.0%
Age: 19–21 0.3% −0.4% 2.5% 0.4% 0.0% −0.1% 0.1% −0.1%
Age: 22–25 −0.1% 0.5% −1.8% −1.2% 0.0% 0.1% −0.2% 0.1%
Age: 26–29 0.6% 1.8% −3.8% −0.2% 0.1% 0.0% −0.2% 0.0%
Lives with parent −5.1% −0.7% −3.1% −0.1%
Has child −0.2% −0.1% −0.1% 0.0%
Has child x Lives with parent 0.0% 0.0% 0.0% 0.0%
Mental health – any 0.1% 0.2% 0.6% 1.1%
Mental health – main 0.0% 0.0% 0.2% 0.3%
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Table A5: Coefficient effects from Blinder-Oaxaca decomposition of probability of being NEET, 1985–2015

Male 1985–1993 1993–2000 2000–2007 2007–2015
Simple 

model
Full 
model

Simple 
model

Full 
model

Simple 
model

Full 
model

Simple 
model

Full 
model

Low qualifications 0.3% −1.0% −0.2% −0.2% 0.2% 0.0%
GCSEs 1.1% −0.4% 0.3% 0.3% 0.5% 0.3%
Degree 0.3% −0.2% 0.0% 0.1% 0.0% 0.0%
Apprenticeship 1.2% −0.2% −0.3% −0.2% 0.1% 0.1%
Age: 19–21 0.7% −1.2% 0.1% 0.2% 1.3% 1.2%
Age: 22–25 0.4% −1.0% 0.2% 0.4% 1.5% 1.8%
Age: 26–29 0.6% −0.6% −0.4% 0.1% 1.8% 2.3%
Has child 0.0% −0.1%
Lives with parent 1.6% 1.9%
Has child x Lives with 

parent
0.0% 0.0%

Mental health – all 0.2% −0.3%
Mental health – main −0.3% −0.4%
North East 0.0% 0.0% −0.2% −0.2% 0.2% 0.2%
North West 0.0% −0.2% 0.5% 0.5% 0.0% 0.0%
Yorkshire and 

Humberside
0.0% 0.1% 0.0% 0.0% 0.5% 0.5%

East Midlands 0.0% 0.0% 0.1% 0.0% 0.2% 0.3%
West Midlands 0.0% −0.1% 0.3% 0.3% −0.1% −0.1%
East of England 0.0% 0.0% 0.5% 0.4% 0.0% 0.0%
London 0.0% 0.0% 0.0% 0.0% 0.0% 0.0%
South East 0.0% −0.1% 0.4% 0.3% 0.3% 0.3%
South West 0.0% −0.3% 0.3% 0.3% 0.2% 0.1%
Wales 0.0% −0.2% 0.1% 0.2% 0.2% 0.1%
Scotland 0.0% 0.2% −0.1% −0.2% 0.0% 0.0%
Northern Ireland 0.0% 0.1% 0.0% 0.0% 0.1% 0.2%
Constant −4.3% 0.9% −0.1% −3.0% −5.9% −9.0%
Total 0.2% −4.3% 1.4% 0.7% 1.0% −0.5%

Female 1985–1993 1993–2000 2000–2007 2007–2015
Simple 

model
Full 
model

Simple 
model

Full 
model

Simple 
model

Full 
model

Simple 
model

Full 
model

Low qualifications 0.9% −0.3% −0.9% 0.1% 0.0% 0.2%
GCSEs 1.7% 0.4% 0.6% 1.3% −0.4% 0.0%
Degree 0.4% −0.1% −0.4% −0.2% −0.4% −0.8%
Apprenticeship 0.3% −0.2% 0.0% 0.0% −0.2% −0.1%
Age: 19–21 0.7% −0.3% 0.0% 0.6% 0.7% 1.0%
Age: 22–25 −0.3% 0.3% −0.7% 0.4% 1.7% 2.1%
Age: 26–29 −2.2% −0.7% −0.1% 1.0% 2.0% 2.9%
Has child −1.1% −1.2%
Lives with parent 0.4% 0.7%
Has child x Lives with 

parent
0.0% 0.0%

Mental health – all −0.2% −0.2%
Mental health – main 0.1% −0.6%
North East 0.0% 0.2% −0.4% −0.2% 0.4% 0.3%
North West 0.0% −0.1% −0.5% −0.4% 0.4% 0.3%
Yorkshire and 

Humberside
0.0% 0.1% −0.2% −0.1% 0.1% 0.1%

East Midlands 0.0% 0.2% −0.3% −0.2% 0.1% 0.1%
West Midlands 0.0% −0.1% 0.0% 0.1% 0.1% 0.1%
East of England 0.0% 0.1% −0.2% 0.0% 0.0% −0.1%
London 0.0% 0.0% 0.0% 0.0% 0.0% 0.0%
South East 0.0% 0.3% −0.3% −0.2% 0.4% 0.3%
South West 0.0% −0.1% −0.2% −0.1% 0.2% 0.1%
Wales 0.0% 0.0% −0.1% 0.0% 0.0% 0.0%
Scotland 0.0% −0.2% −0.2% −0.2% −0.1% −0.1%
Northern Ireland 0.0% 0.0% −0.2% −0.1% 0.3% 0.2%
Constant −7.4% −1.4% 5.6% 0.0% −3.9% −6.2%
Total −5.9% −1.9% 1.5% 0.9% 1.2% −0.8%
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