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(1) Non-target High Resolution Mass Spectrometry
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(2) Open Workflows for NT-HRMS: patRoon

https://rickhelmus.github.io /patRoon/
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[Y2BER Suspect List Exchange

(3) Expert Info

g/communities/norman-sle

https://zenodo.or

https://www.norman-network.com/nds/SLE/
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(4) ShinyScreen: Auto Screening & Quality Control

3x107
=

EIC (m/z = 182.0816)

https://git-r3lab.uni.lu/eci/shinyscreen
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(5) MetFrag: Connecting Knowledge for Annotation

m.ﬁrag sl MassBank.eu rw Pub@hem wEPA
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(5) MetFrag: Connecting Knowledge for Annotation

Challenge: the growing number of candidates ...
High throughput exposomics needs both
wide coverage and high efficiency!

& B Final Score
Candidates with high information content = iy I N

[ DATA_SOURCES

I NORMANSUSDAT

I NUMBER_OF_PUBMED_ARTICLES
Il TOXCAST_PERCENT_ACTIVE

Candidates with low information content

Score
@

A\
\. © 20 40 60 80 100 120 140 160
https://msbi.ipb-halle.de/MetFrag/ Candidate Index <a Il Il i I Il EEEEEE
Ruttkies et al. (2016) DOI: 10.1186/s13321-016-0115-9 . S



https://msbi.ipb-halle.de/MetFrag/
https://link.springer.com/article/10.1186/s13321-016-0115-9

(6) The 103 M Pub@hem Challenge [Nt

v PubChem Compound TOC ? 33,765,953

» Agrochemical Information ? 2,002

» Biologic Description ? 1,539,532 103 mllllOn ann OR ann
i TS the most relevant / annotated?

» Biomolecular Interactions and Pathways 2 109,610

» Chemical and Physical Properties ? 237,729 PubChemlLite tier0: 316 K
R e PubChemLite tier1l: 360 K

» Diseases ?

» Drug and Medication Information ? 15,955

» Food Additives and Ingredients 2 7,447 Database Settings

» Identification ? 5746

» Information Sources ? 20,654,780 Database: | PubChemLite_14Jan2020| = |
» Literature ? 1,668,437

» Names and Identifiers ? 1,310,169 Neutral Mass: 162.11576 Search ppm: |5

» Patents ? 22,144,888 .
i *ra Formula: (C10F1aN2 |
» Pharmacology and Biochemistry ? 130,367 ormula:

» Related Records ? 5,297,096

Identifiers: [ ]
» Safety and Hazards ? 125,607

» Spectral Information ? 761,478
GEGETENELLILEICTE ) 37 Candidates
» Structures ?  5926,225

» Toxicity ? 114,554
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(7) Evaluating PubChemlLite e
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(3) Expert Info: [Tl Suspect List Exchange
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S04 | UJIBADE | Target List from UJI used in Bade etal 2015 7 573 Evan Bolton, Jeff (Jian) Zhang, Paul Thiessen

S05 | KWRSJERPS | KWR Drinking Water SuspectList 2 164 and the entire PubChem team!
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(3) Expert Info: [Tl Suspect List Exchange
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