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Chapter 1

Introduction

— Abstract \
This thesis is about recent developments around the Malliavin-Stein approach, in particular, I present an
unified and elementary approach for obtaining fourth moment bounds on chaoses. I split this thesis into
two parts: Part I is written as a small survey to present a tranche of the theory and Part II collects all
my papers written during my Ph.D in chronological order.

P1. Normal approximation and almost sure central limit theorem for non-symmetric Rademacher
functionals, Stoch. Process. Appl. 127 (5), 2017, 1622-1636.

P2. Convergence of random oscillatory integrals in the presence of long-range dependence and
application to homogenization, joint work with Atef Lechiheb, Ivan Nourdin and Ezedine
Haouala. To appear in Probab. Math. Stat..

P3. Exchangeable pairs on Wiener chaos, joint work with Ivan Nourdin. submitted.

P4. Fourth moment theorems on the Poisson space in any dimension, joint work with Christian
Dobler and Anna Vidotto. fo appear in Electron. J. Probab.

PS. A Peccati-Tudor type theorem for Rademacher chaoses. submitted.
When citing my own papers, I will use the labelings [P1]-[P5].

The preparation of Part I is mainly based on my most recent papers: [P3],[P4],[P5]. My first published
work [P1] that is closely related to [P5] will only be tangentially mentioned, while my second paper
[P2] with A. Lechiheb, I. Nourdin and E. Haouala is isolated from these four articles, so will not be
included in this part, and interested readers can refer to Part II of this thesis.

N

The so-called Malliavin-Stein approach is a tailor-made combination of Paul Malliavin’s stochas-
tic calculus of variation and Charles Stein’s method of probabilistic approximation. One of the
original purposes for the failors' was to obtain the rate of convergence for the so-called fourth
moment theorem? of D. Nualart and G. Peccati [76]. In the sequel, we use the abbreviation
FMT(s) for “fourth moment theorem(s)”.

In the first two sections within this introductory chapter, we will begin with a historical
overview from Nualart and Peccati’s FMT to the birth of the Malliavin-Stein approach. This
Malliavin-Stein approach was originally extensively studied in the Gaussian setting and later
found its discrete version, mainly on the Poisson space and Rademacher setting. We will come

!Tailors = Ivan Nourdin and Giovanni Peccati
2This FMT shall not be confused with Tao-Vu’s fourth moment theorem for Wigner ensembles.
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to this in Section 1.3. The last section is devoted to a brief summary of our new contributions,
namely, an unified approach to prove the FMTs on both Gaussian space and Poisson space, as
well as its extension to the Rademacher setting. More precisely, we’ll prove the FMT on the
Poisson space in full generality, thus improving results in [32]; and moreover, we’ll provide a
significant multivariate extension. This corresponds to [P4]. For the Rademacher setting, we
will use our elementary approach to establish a multivariate fourth-moment type result and in
particular give a simple proof of the univariate result proved recently in [30]. This corresponds
to [PS].

The rest of this thesis consists of two more chapters: we will collect relevant basics of Stein’s
method in Chapter 2 and we will present our new contributions in Chapter 3. Although we are
not trying to write a very self-contained survey about the Malliavin-Stein approach®, we provide
enough heuristic ideas as well as pointers to literature to guide readers through this presumably
short journey. We hope that we will fulfill this simple goal in the end.

1.1 Around the FMT on Gaussian Wiener chaos

Let us start with an example from Peccati and Yor’s work [85] : let W be a standard real Brownian
motion, then according to Jeulin’s lemma®*,

1
/ 2W?dt = +co  almost surely.
0
The authors of [85] studied the fluctuation of F, = f; W?2t72 dt, after normalization, as & goes to

zero. And they obtained that

— FE—E[FS] law
1.1.1 F. = N(@O,1).
(1.1.1) NarF. o0 O, 1)

The proof is roughly sketched as follows:

e [t is easy to compute that o, := yVarF, = \/4 log(1/e) +4e — 4.

e Using Itd’s formula and stochastic Fubini’s theorem (see e.g. [107]), one can rewrite f’: as

follows:

o2 ([ remam) =2 [ ([ P,
_/( —l)WdW /sodes,

EV S

3Interested readers can refer to the tailors’ blue monograph [67] as well as the constantly updated website [61].
“Here is a simple version from the exercise book [18] by Chaumont and Yor: let {R;,t € (0, 1]} be a jointly

measurable process with values in R, such that 0 < E[R|] < +c0 and R, @ R, for any r € (0, 1], and let u be a
o-finite measure on (0, 1]. Then the following equivalence holds true: f(o, 1 Re p(dt) < +o0 almost surely if and only

if [, 1(dr) < +o.

o
| |
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with ¢ := 20 ![(e vV s)"! = 1]W,, s € [0, 1]. It is also clear that M? := fot e dW, t Ry,
is a square-integrable continuous martingale such that its quadratic variation (at infinity)
(M?)s = +oo almost surely®.

e According to the theorem of Dambis and Dubins-Schwarz (see e.g. [104, Chapter V]),

there exists a standard real Brownian motion 3° such that M? = fM%, teR,. Aspiisa

standard Gaussian random variable, in order to show the asymptotic normality of F, = M°,
it is enough to prove (M?), is close to 1 in L*(P), in view of the Burkholder-Davis-Gundy
inequality (see e.g. [104, Chapter IV]).

e Itis easy to obtain [[(M?®); — 1||;2@) = O(1/0), as € | 0. This finishes our sketchy proof.

For more details, one can refer to the original paper [85] as well as the recent survey [79].

Later, Nualart and Peccati studied another Gaussian functional

1 WH2
(1.1.2) Fy. ::/ W) dt, O<e<l)

tl+2H

where W# is a fractional Brownian motion with Hurst parameter H € (0,1). The F, above
corresponds to the case where H = 1/2, that is, when W is a standard Brownian motion.
According to Jeulin’s lemma, Fyy = +oo a.s., so it is natural to see whether the Gaussian
fluctuation of the renormalized Fpy . occurs for general H. Starting from this motivating example,
Nualart and Peccati published a very surprising result [76] in 2005, which is known as the “fourth
moment theorem” nowadays.

Theorem 1.1.1 (D. Nualart and G. Peccati, 2005). Fix an integer p > 2. Let

1 1 tp-1
(1.1.3) F,=1Y(f) = p!/ / fultr, . 1) AW, -~ dW,,
0 0 0

be a sequence of pth-order multiple Wiener-1t6 integrals. Assume that the kernel f, € L*([0, 117, dx)
i1s symmetric almost everywhere such that p!|| fn||%2 o 1, as n = +oco. Then the following
statements are equivalent:

(1) F, converges in law to a standard Gaussian, as n — +oo.
(i) E[F?] converges to 3, as n — +oo.

(iii) For each r € {1,...,p — 1}, lIfx ®: fulli2qo.1pr-2r) converges to 0, as n — +oco, where the
r-contraction ®, is defined as follows:

(f ®, g)(.X1, SRR xp+q—2r)

(1.14) = SOt X Sty oy S8 (Xp—rats o s Xpag—2rs S5 -5 S)AS1 ... ds,,
[0,1]"

for f € L*([0,117,dx), g € L*([0,1]%,dx) and® 0 < r < p A g, see also (1.2.3).

3One can first compute directly that o2(M?®),, = 4 fom [(eV ) - 1]2Wf ds > f; W2s72 ds, while applying
Jeulin’s lemma to the inverse-time Brownian motion, we get f 1°° Wfs‘2 ds = +00 a.s., so we can conclude that
(M?)« = 400 almost surely.

®Note f ® g = f ® g is the usual tensor product of two functions.
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The name “fourth moment theorem” comes from the equivalence between (i) and (ii). The
implication “(ii) = (i)” is particularly surprising, as it simplifies to a great extent the usual way
of proving the central limit theorem through the so-called method of moments and cumulants’.
The original proof of FMT follows essentially the same arguments as for (1.1.1), that is, one sees
F, as the value of some continuous martingale M at ¢t = 1 and applies the random-time change:

t h Ip-1
M® = p,/ (/ / fultrs .. 1) dW, -+~ dW,, |dW,, :ﬁi’;&(”))t,
0 0 0

where S is some standard Brownian motion and (M), denotes the quadratic variation process
associated to M™. At a handwaving level, if (M), is close to 1 in L?(P), then by Burkholder-
Davis-Gundy inequality, F,, = M 5”) is close to ﬁ(ln), which is standard Gaussian. Computing
E[(M™)3] involves an extensive use of the product formula (1.2.9) for multiple Wiener-Itd
integrals and this is where the contractions in (iii) come into the play, while after a lengthy com-
putation of the fourth moment E[F?] using the product formula (1.2.9), one gets the equivalence
between (i1) and (ii1). Making these arguments rigorous is essentially what was done in the
original article.

By the isometry between any two real separable Hilbert spaces, the above FMT holds inside
a general Gaussian Wiener chaos associated to an isonormal process, see [76]. Back to the
Gaussian functional (1.1.2), one can treat F'y. — E[Fy ] as an element in the second Gaussian
Wiener chaos; and according to the FMT, checking the Gaussian fluctuation reduces to computing
the related contraction-norms, see [76, Section 3.1]. This application is just a tip of the iceberg.
This univariate FMT together with its multivariate extension has produced a very efficient strategy
for proving Gaussian limits on the Wiener space.

Let us first recall the multivariate FMT [84], established by Peccati and Tudor.

Theorem 1.1.2 (G. Peccati and C. A. Tudor, 2005). Fix integersd > 2and 1 < ¢; < ... < g, Let
C =(Ci;,1 <1, j<d)be adxdsymmetric nonnegative definite matrix and f,; € L*([0, 1]%, dx)
be symmetric for any n > 1 and every i € [d] := {1,...,d}. Assume that the d-dimensional
random vectors

FO = (F . FO) = (0 s I ()
satisfy
lim ]E[Ff”)Fﬁ.")] = C;; forevery i, j € [d].

n—+oo
Then, as n — +oo, the following assertions are equivalent:

(1) The vector F™ converges in law to a d-dimensional Gaussian vector N(0, C);

(2) foreveryie[d], F E") converges in law to a Gaussian random variable N(0, C;,);

(3) forevery i € [d], E[(F™)*] — 3C2;

,i°

(4) foreveryi € [d]andeach 1 <r < g, — 1, || fni ® fuillizqoapa2y — 0.

7See e.g. Section 30 in Billingsley’s book [13].
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In fact, soon after the appearance of [76], Peccati and Tudor attempted to obtain the FMT for a
sequence of random variables belonging to finitely many chaoses. Surprisingly, they obtained the
above more interesting result: for random vectors with components in the fixed Gaussian Wiener
chaos, the joint convergence to Gaussian (1) is equivalent to the component-wise convergence
(2), and the latter is reduced to verifying (3) or (4) in view of Nualart and Peccati’s univariate
FMT. This observation provides practitioners with an alternative to the semimartingale approach
(see e.g. [42]) to prove the central limit theorems on the Wiener space; roughly speaking,
one can first decompose the random variable into Gaussian Wiener chaoses and then prove
central convergence on each chaos. See, for example, [2, 3, 25] for applications to zeros of
random polynomials; [54, 55, 56, 81, 97] for applications to statistical physics. Again, we invite
interested readers to visit the website [61] for many more works around the FMTs.

Besides Peccati-Tudor’s theorem, there have been several important inputs around the FMTs,
notably

(1) Nualart and Ortiz-Latorre [75] gave another proof of FMT based on Malliavin calculus, which
paved the road for Stein to meet Malliavin [66], see Section 1.2;

(i1) Ledoux took another insightful point-of-view for the FMT in [51] and he treated the Gaussian
Wiener chaos as an eigenspace of a symmetric self-adjoint Markov diffusion operator, and then
he employed Gamma calculus to derive the FMT in this setting. Such a direction has been
further enriched in the papers [4, 5, 17]. Originally Ledoux’s spectral viewpoint was taken in the
diffusive setting and unexpectedly, after slight adjustment to the discrete case, it turns out to be a
crucial ingredient for the obtention of the FMTs on the Poisson space and in the Rademacher
setting, see Section 1.4.

1.2 How Stein meets Malliavin?

This section tells the story of how Malliavin calculus was first combined with Stein’s method. As
mentioned before, we will first sketch Nualart and Ortiz-Latorre’s methodological breakthrough,
namely, linking the Malliavin operators to the study of limit theorems on the Wiener space. To
illustrate better the ideas and also for the sake of later reference, let us now introduce some basics
of Malliavin calculus and define the central object in this thesis, Wiener chaos. Readers, who
have already been familiar with Malliavin calculus, could jump to Section 1.2.1.

The concept of chaos that we consider dates back to Norbert Wiener’s 1938 paper [108], in
which Wiener first introduced the notion of multiple Wiener integral calling it polynomial chaos.
In 1947, Cameron and Martin [16] obtained the orthogonal development of nonlinear Brownian
functionals in terms of Hermite polynomials®, which motivated Itd’s 1951 work [40].

In 1951, 1t6 modified the definition of multiple Wiener integral and made it more convenient
for analysis in the point that the multiple Wiener integrals of different orders are orthogonal to
each other, while Wiener’s polynomial chaos does not possess such a property. Later in 1956, Itd

$Hermite polynomials are orthogonal polynomials with respect to the Gaussian measure and it is one of the
central ingredients in the Gaussian analysis. The first few Hermite polynomials are given by Hy(x) = 1, H;(x) = x,
Hj(x) = x>~ 1, and recursively, H p+1(X) := xH,(x)— pH,_1(x). Alternatively, one can define them via the Rodrigues’
formula Hy(x) = (—1)? exp(x?/2)-L> exp(-x?/2), p € N. See e.g. Section 1.4 in [67].
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generalized ideas from his previous paper and defined the multiple Wiener integral based on an
independently scattered random measure. Note that the class of independently scattered random
measures includes Gaussian and Poisson random measures. In the following section, we will
define the Gaussian and Poisson Wiener chaoses in an unified manner.

From now on, we fix a o-finite measure space (Z, Z, i) such that {x} € 2 with u({x}) = 0
for any x € Z, that is, u is nonatomic. And we define Z, := {B € 2 : u(B) < co}. All random
objects in this thesis are defined on a common probability space (Q, F, P).

Definition 1.2.1. (i) W = {W(A), A € Z,} is said to be a Gaussian random measure’ on (Z, Z, 1)
if W(A) ~ N(0, u(A)) for each A € Z, and for each finite sequence A, ..., A,, € Z, of pairwise
disjoint sets, the random variables W(A,), ..., W(A,,) are independent.

(i) n = {n(B),B € %7} is said to be a Poisson random measure on (Z, %, u) if n(B) ~
Poi(u(B)) for each!® B € 2 and for each finite sequence B, ..., B,, € Z of pairwise disjoint
sets, the random variables n(By), . .., n(B,,) are independent.

(iii) For B € Z,, we also define 77(B) := n(B) — u(B) and denote by 7 = {(B) : B € Z,} the
compensated Poisson random measure associated with 7.

The measure y, appearing in Definition 1.2.1, is called the intensity measure. The introduction
of Gaussian and Poisson random measures can be treated as the randomization of the underlying
intensity measure space (Z, 2, u), and they constitute the basic building blocks of modern
probability theory.

Remark 1.2.1. In fact, one can define the Poisson random measure on a more general measure
space. More precisely, if v is a so-called s-finite measure!! on (Z, Z), then there exists a
probability space supporting random elements a;,a, ... in Z and k in Ny U {+co} such that

(1.2.1) 0= ZK:éa,,
n=1

is a Poisson random measure with intensity v, see e.g. [49, Corollary 3.7].

Back to our particular setting, there exists a partition {B;, j € N} of Z such that u; := ulp,,
the restriction of u on B, is a nonzero and finite measure for each j € N. Then on each B;, one
can construct, by extending the probability space if necessary, an 1.i.d. sequence {X, ;, X5 ;, ...}
of random variables with values in B; and X, ; ~ wu(B;)”'u;, while one can obtain similarly
an independent Poisson random variable ; with parameter u(B)), so thatn; := ¥ 6y, is a
Poisson random measure on B; with intensity u;. Therefore, an independent superposition of
n;,J € N gives us the desired Poisson random measure 1 on the whole space, which has the
representation as in (1.2.1). Note these discussions also justify the existence of Poisson random
measures.

In what follows, we will define!> Gaussian and Poisson Wiener chaos in the spirit of Itd’s
work. First let us introduce some notation.

The existence of W is guaranteed by Kolmogorov’s theorem.

10We follow the convention that Poi(+c0) = +oo, which makes sense in view of the Laplace transform.

i e. v is a countable sum of finite measures. In particular, if v is o-finite, then it is automatically s-finite.

12Tn fact, one could define Poisson Wiener chaos on the s-finite intensity measure space, see [49, Chapter 12].
We decide to consider only the o-finite nonatomic case, mainly for the unification as well as the statement of our
forthcoming transfer principle (Proposition 1.4.1), while losing such a slight generality makes no big difference.
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Notation A. For g € Ny := {0,1,2,...}, L*>(u9) is an abbreviation for L?(Z4, 279, u9) with the
convention L*(u’) = R. For p € N := {1,2,...}, we denote by &, the collection of simple
functions of the form

m
(12.2) FGuenz) = >0 B e, @0 2p)
i1ip=1
where m € N, Ay,..., A, € Z, are pairwise disjoint, and the coefficients 3;, i, vanish whenever
any two of the indices i, ..., i, are equal. It is well known that &), is dense in L*(uP), see [74,

page 10] for a proof. We denote by &, the permutation group over [p] := {1, ..., p}, and given
f € L*(u”), we write f for the canonical symmetrization of f, that is,

~ 1
[,z = ol Z F@Zoys - -+ > Zo(p)) -

o€G,

We write L?(uP) for the set of functions f € L*(u”) satisfying f = f p-almost everywhere.
By the Cauchy-Schwarz inequality, it holds that ||]7||Lz(ﬂp) < Nfllz2 ey for any f € L*(u?). To
ease the notation, we just write || - || for the Euclidean norm or Hilbert-space norm. Lastly,
we define the contractions similarly as in (1.1.4): given f € L2(u”) and g € L*(u9) (p,q € N),
f®, g€ L*>(uP*17?r) is defined by

(f Q® g)(Zl, cees Zp+q—2r)

(1'23) = f(Zla---,Zp—r’ Sla"'7S}’)g(zp—r+l,-'-’zp+q—2r’ St - - .,Sr)ﬂ(dS]).. '/l(dsr),
Zr

for 0 < r < p A g, with the convention f ® g = f ® g. We write f®,g for the canonical
symmetrization of f ®, g.

Now let X € {W,77}, p € Nand f € &), have the form (1.2.2), we define

i Bir. I,,]L[%(A,p,
) 1

with the convention that I} (c) = ¢ if ¢ € L*(u°).

Note by definition, I¥(f) = Iff(f) and the definition of I5(f) does not depend on the particular
representation of f. And, it is easy to verify that for any f € &, and g € &, (p, q € Ny)

(1.2.4) L(f) =

(1.2.5) E[L(HIXQ)] = LpegpXf.2)

which, in particular, implies the isometry relation when p = g. Such a relation enables the
extension of ff to the whole domain L2(u”) via standard continuity argument, thanks also to the
fact that &), is dense in L*(u”). As a consequence, the orthogonality relation (1.2.5) holds true
for general f € L*(u”) and g € L*(u9).
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The above discussions give arise to the following definition.

Definition 1.2.2. (i) For f € L*(u”), p € N, we define 1)) (f) to be the pth order multiple Wiener-
1t6 integral of f with respect to W. We write C) = {I)/(f) : f € L*(u)}, and call it the pth
Gaussian Wiener chaos. As a convention, C(V)V =R.

(ii) For f € L*(u?), p € N, (with slight abuse of notation) we define I]/(f) = I;,"\( f) to be the
pth order multiple Wiener-1té integral of f with respect to77. We write C, = {I)(f) : f € L*(u")},
and call it the pth Poisson Wiener chaos. As a convention, Cg =R.

One reason for the importance of Wiener chaos is the chaotic representation property enjoyed
by W and n:

(1.2.6) QWP =(HC) and  LXQ.on).P) = PCl,

p=0 q=>0

where @ indicates an orthogonal sum in the Hilbert space L*(€2, P). One can also read (1.2.6) as
follows: every F € L*(Q, o{X},P), with X € {W, 5}, admits a unique chaotic decomposition

(1.2.7) F = E[F] + Z IX(f,) in L(P), with f, € L2(u") for each p € N.

p=1

For the proofs, one can refer to [74, Theorem 1.1.2] and [49, Theorem 18.10].

From the above chaos decomposition, we can see clearly the correspondence between the
L*(P)-space and the symmetric Boson-Fock space

R P L2w)
p=1

with the identification
L(u”) = pth symmetric tensor product of L*(u) .

Then, following Nualart and Vives’ approach [77], we can define Malliavin operators D, ¢, L on
Gaussian and Poisson spaces simultaneously. One can also refer to D. Nualart’s monograph [74]
and G. Last’s survey [47] for more details.

Malliavin operators. In this paragraph, X stands for W or 5. Denote by D the set of F €
L*(Q, o{¥},P) as in (1.2.7) verifying X, o1 pp!llf,lI* < +co, and for such a F € D, we define the
Malliavin derivative DF of F as a random element in L?(u) by

D.F = Zplﬁf_l(fp(z, ), z€Z.

p=1

Then it is easy to check by (1.2.5) that E[|IDFI|I*] = ., pp!llf,|I* is finite, so we call D the
domain for the Malliavin derivative D.



PART I: FOURTH MOMENT PHENOMENA VIA EXCHANGEABLE PAIRS 9

Now we define the Skorohod integral ¢ via the following duality relation, also known as the
integration by parts formula:

(1.2.8) E[(DF,u)] = E[F6(u)] , forany F € D and u € dom(5),

where dom(0) is the set of L?(u)-valued random variables u satisfying that E[||u|*] < +oco and
such that there exists a finite constant ¢, only depending on u such that |[E[{DF, u)]| < ¢, VE[F?]
for every F € D. In particular, one can check that given

u=,z€2) : u, = Z X (2, ) with f, € LX), f(z,-) € L2, Vp e N, Yz € Z,

p=1

then u € dom(6) if and only if ) ., p!||]7,,||2 < 400, and in this case, 6(u) = ., Iff(fp).
The operator L, known as the infinitesimal generator of the Ornstein-Uhlenbeck semigroup, is
defined on the chaos expansion (1.2.6) as

L= Z —-pJ, , where J, denotes the projection operator onto C}f.
p=0

Its domain dom(L) consists of random variables F € L*(Q, o'{X}, P) satisfying 3’ ., p*E[J,(F)?] <
+00. One can check that F € dom(L) if and only if F € D and DF € dom(¢), and in this case L =

—0D. We also define the pseudo-inverse L~ of the operator L as follows: for F € L*(Q, o{X},P)

with zero mean, L™'F := ¥ ., —p~'J,(F). Note that LL™'(F — E[F]) = F — E[F] for any

F € L*(Q, o{X},P), which explains the name of L'

Although the Gaussian space and the Poisson space share the same chaotic structure, their
natures are essentially different by virtue of their underlying randomness. Notably,

(1) on the Gaussian space, the Malliavin derivative verifies the following chain rule: for ¢ : R —
R differentiable and Lipschitz, F € D, we have ¢(F) € D and

D¢(F) = ¢/'(F)DF ;

(2) finitely many Gaussian Wiener chaoses are stable under multiplication: if f € L*(uP),
g € L2(u) (p,q € N), then'?

PAg

(1.2.9) INGIHOEDY r!(j’ )(Z)I},Kq_zr(f ® g).

As a consequence, any random variable in a Gaussian Wiener chaos admit finite moments of all
order, and all L'(P)-norms, r > 1 are equivalent'. Note these are also immediate consequences
of Nelson’s hypercontractivity property for Ornstein-Uhlenbeck semigroups in the Gaussian
setting, see e.g. [74, Section 1.4.3]. Due to the inherent discreteness, the above neat chain rule
and product formula do not hold on the Poisson space, which partially contributes to the difficulty
of obtaining FMTs therein.

With the above preliminary knowledge, we are in a position to discuss about Nualart and
Ortiz-Latorre’s work [75].

13For a nice heuristic proof using the concept of diagonal measure, see Theorem 9 in [62]. See also footnote 24
for an analogous proof in the Rademacher setting.
14These two facts can be proved by induction and iteratively using (1.2.9)
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1.2.1 A methodological breakthrough by Nualart and Ortiz-Latorre

In 2008, Nualart and Ortiz-Latorre provided in [75] another equivalent condition for the FMT.
More importantly, this paper contains a methodological breakthrough: the authors used Malliavin
calculus tools, in particular the integration by parts formula on the Wiener space.

Theorem 1.2.1 (D. Nualart and S. Ortiz-Latorre, 2008). Let F,, be given as in (1.1.3) and have
unit variance, then F, converges in law to N(0, 1) if and only if

(iv) ||DF,|* converges in L*(P) to p, as n — +co.

Note ||DF,||* is somehow a reminiscence of the quadratic variation (M ™), from the random-time
change, see page 4. Here we will just sketch the argument for the “if-part”:

By assumption, F,, = p~'6DF, is bounded in L*(P), hence admitting a subsequence
F,, that converges in law to some random variable Z. It follows that E[e¢""F, | =
p 'E[e""w6DF,,| = p 'E[(De"",DF,)] = p 'El[ite'"«(DF,,, DF,)]. If (iv) holds,
then we have E[e?Z] = E[ite?]. Denote by ¢, the characteristic function of Z, then
the previous equality suggests that ¢7,(f) = —¢z(?), subject to the boundary condition
¢2(0) = 1. Solving this ODE gives us Z ~ N(0, 1). This argument can be applied to any
subsequence of (F),), hence the original sequence indeed converges in law to N(0, 1).

For the “only-if” part, one can first rewrite E[(|[DF,|* — p)’] = E[|IDF,|I*] - p*, which can be
further expressed in terms of contractions, using the product formula (1.2.9). By condition (iii)
in Nualart-Peccati’s FMT, these contractions vanish asymptotically so that one can obtain the
desired L*(P)-convergence.

Remark 1.2.2. In 2009, Nourdin and Peccati [65] used exclusively results from Malliavin
calculus to derive non-central extensions of the FMT. One of their main results states that for any
sequence {fi,k > 1} € L*(uP) (p > 2 even) verifying limy_, .. p!||fill* = 2v > 0, the following
statements are equivalent, as k — +oo:

(a) I ;V (f) converges in law to F(v), centered Gamma distribution' with parameter v;
(b) B[ (f0*] = 12E[1) ('] — 12 - 48v;
(c) ||D1;V(fk)||2 - 2pI£"(fk) converges in L(P) to 2pv.

This work exhibits again the power of Malliavin calculus.

A digression. The readers may have wondered “why the fourth moment is so special for the
asymptotic normality inside a fixed Gaussian Wiener chaos”. One immediate answer could be
Theorem 1.2.1 and the following consequence of the product formula (1.2.9): for F € CY,

(1.2.10) Var(q'|IDF|) < %(E[F“] - 3E[F’)?) < (g — )Var(q '|IDFIP),

see equation (5.2.7) in [67].

15i.e. F(v) = 2y, — v, where ¥, has a Gamma law with parameter v/2.
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One can also answer this question using the classic method of moments and cumulants,
as Nourdin explained in the short note [63]: for a normalized sequence {F,,n > 1} C C;"
such that E[F#] — 3, one can prove, with some soft combinatorial arguments and the product
formula, that every moment of F, converges to the corresponding Gaussian moment. Here,
let us provide a slightly different argument: as every monomial is a finite linear combination
of Hermite polynomials'®, it suffices instead to show that E[H(F,)] — E[H(Z)] = 0 for!”
every k € N, Z ~ N(0, 1). Note the expression E[H(X)] bears the particular name “kth normal
moment of X” and is closely related to the y?-distance of Pearson, see [14, Proposition 8.2].
The first few normal moments of F, are E[H;(F,)] = E[F,] = 0, E[H(F,)] = E[Fﬁ] -1=0,
E[H4(F,)] = E[F* — 6F> + 3] = E[F?*] — 3; for a generic k € N, we write E[H(F,)] =
E[F,H(F,)] — E[kH,_,(F,)] using the recursive relation of Hermite polynomials, and then we
apply the integration by parts formula and chain rule as follows:

E[F,H\(F,)] = p'E[6DF,H\(F,)] = p"'E[(DF,, DH\(F,))] = E[p ' |IDF[’kHy_1(F,)],

thus,

[BLHi (F,)] < k[Var(p~ IDF,IP) B[ Hi (F.)2)

= |E[(p_1||DFn||2 - DkH—1(F,)]

see also (1.2.11) for similar computations. The above inequality, together with (1.2.10), implies
that the fourth moment controls other moments asymptotically.

Lastly, let us mention Rosifiski’s intuitive explanation [95] based on the independence on
Wiener space. Let us first recall the seminal result of Ustiinel and Zakai [106] that provides the
necessary and sufficient condition for independence of two multiple Wiener-Ito integrals with
respect to the same Gaussian random measure.

Theorem 1.2.2 (A.S. Ustiinel and M. Zakai, 1989). Fix p,q € Nand f € L2(u?), g € L*(u?), we
set F = I)(f), G = I,'(g). Then F, G are independent if and only if f ®; g = 0.

Later, Rosiniski and Samorodnitsky [96] made another interesting observation.

Proposition 1.2.1 (J. Rosiriski and G. Samorodnitsky, 1999). Fix p, g € N, then Cov(F?,G?) > 0
forany F e C¥,G € CZV, with equality only when F and G are independent.

Here comes Rosifiski’s nice heuristic arguments: suppose that F' € CZ" satisfies E[F?] = 1
and'® E[F*] = 3, let G be an independent copy of F, then Cov((F + G)?, (F — G)?) = 2E[F*] -
6E[F?]? = 0, so it follows from Proposition 1.2.1 that F + G is independent of F — G. Thus, by
Bernstein’s theorem, F ~ N/(0, 1). In the statement of the FMT, E[F?#] = 3 only asymptotically,
it is natural to expect F,, — N(0, 1). Such heuristics have led to several papers on asymptotic
independence on the Wiener space [72, 64], with applications to time series analysis [6].

16By definition (see footnote 8), Hermite polynomial is a finite linear combination of monomials, then inductively,
one can easily verify that every monomial can be expressed as a finite linear combination of Hermite polynomials.

7Like to crack a walnut with a sledgehammer: Z is equal in law to W(h) for some unit vector 4 € L?(u), and
Cameron-Martin’s result [16] suggests that H,(W(h)) = [ ZV (h®%), which is an element of kth Gaussian Wiener chaos,
and this explains E[H(Z)] = O for every k € N.

81n fact, if p > 2, E[F*] > 3, see e.g. [76, Corollary 2] or our Chapter 3. So we view E[F 41=3asan asymptotic
relation.
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The above digression around the importance of the fourth moment may also trigger one’s desire
of quantifying the CLT on Wiener chaos in terms of the fourth moment. It is known, for
example from [67, Proposition C.3.2], that a sequence of random variables X,, converges in law
to the standard Gaussian N if and only if dgq(X,, N) — 0, where dx, denotes the Kolmogorov
distance'® appearing in the celebrated Berry-Esséen bound. So is it true that

#)  dxa(F, N(0, Var(F)) < Constant X \E[F*] — 3E[F2]* for any F € C}) ?

The answer is indeed positive and will be the highlight of the story told in the next section. It
is also worth pointing out the paper [5] by Azmoodeh, Malicet, Mijoule and Poly, who provided
a generalization of FMT by establishing the equivalence between asymptotic normality and
convergence of even moments on the Gaussian Wiener chaos; see also (1.4.1).

1.2.2 Nourdin-Peccati analysis

Motivated by the question (#) on the previous section, Nourdin and Peccati took their investigation
in search of a quantitative FMT. Their investigation closed with the somehow unexpected birth
of a new research line, the so-called Malliavin-Stein approach®. This approach is a tailor-made
combination of Paul Malliavin’s differential calculus and Charles Stein’s method of distributional
approximation.

Malliavin’s original purpose of initiating his differential calculus was to provide a probabilistic
proof for Hormander’s famous “sum of squares” theorem [53]. Since then, Malliavin’s theory
has been further developed by Malliavin himself, Stroock, Bismut, Watanabe and others. The
integration by parts formula lies at the center of this theory. We refer the interested readers to
Nualart’s monograph [74] for the theory as well as many nice applications. On the other side,
Stein’s method began with Charles Stein’s approach in the sixties to prove Wald-Wolfowitz
and Hoeffding’s combinatorial central limit theorems; see [24, Section 2.1] for more historical
account. Stein’s method of normal approximation first appeared in the groundbreaking 1972
paper [103], one of whose fundamental ingredients is the so-called Stein’s lemma (see Lemma
2.1.1), which is nothing else but a particular case of the integration by parts formula (1.2.8).
Since 1972, Stein’s method has been ramified and developed by Stein himself and many other
mathematicians, for example, A. Barbour, L.H.Y. Chen, P. Diaconis, F. Gotze as well as their
collaborators and students. We refer the interested readers to Stein’s monograph [101] and the
more recent book [19] by Chen, Goldstein and Shao, as well as two volumes of Barbour and
Chen [11, 12] and Ross’ survey [105].

Noticing the existence of integration by parts formulae on both sides of Malliavin calculus
and Stein’s method, one may conjecture some link between these two fields. I. Nourdin and
G. Peccati’s investigation shed some new light onto these two fields, by “steining”?' Nualart-
Peccati’s FMT.

ko (X, N) 1= sup{|[P(X <) —P(N <1)| : t € R}, see also Section 2.1.1.

20 As a side note, it is in Airault, Malliavin and Viens’ paper [1] that the term “Nourdin-Peccati analysis” was first
coined. This explains our title of this subsection.

2I'This is a nice “abuse” of language, following Goldstein, Nourdin and Peccati’s paper [37].
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Let us briefly illustrate how Stein’s method fits into Malliavin calculus and produces the bound
in (#):

@)

(ii)

(iii)

Stein’s heuristic suggests that a real random variable W is close in law to a standard
Gaussian N if and only if E[f"(W)] = E[W f(W)] for sufficiently nice functions f. Then
Stein built his equation f"(x) — xf(x) = h(x) —E[h(N)] and solved f := fj, for the unknown
h. For example, writing f. = f, when h(x) = I;,<,;, one can obtain, after careful analysis,
some uniform control of Stein’s solution f,, namely, 0 < f,(x) < /2 and |f/(x)| < 2, for
every x € R, see e.g. Lemma 2.3 in [19].

If one replaces the dummy variable x by W and takes expectations at both sides of Stein’s
equation, it follows from point (i) that dgq (W, N) < sup {|E[f'(W) = WFf(W)]| : |Iflle <
Va/2, 11f e <2}.

Now let us consider a normalized random variable F' € C(‘;’ (g € N), then by the integration
by parts formula (1.2.8) and chain rule, one gets for f Lipschitz and differentiable,

(1.2.11)  E[f(F)F] = q 'B[f(F)SDF] = ¢'E[(Df(F),DF)] = ¢ 'E[IDFI*f'(F)] .

It follows from point (ii) that dgo(F, N) < 2E[|g”'|IDF|* - 1]] <2 \/Var(q‘1||DF||2), SO
the bound in (#) is implied by (1.2.10). Moreover, one can also get the fourth moment
bound in other distance, like the total-variation, Wasserstein and Fortet-Mourier distances.
These bounds are commonly called the Nourdin-Peccati bounds nowadays. Following

the same computation as in (1.2.11), we can obtain for any normalized F' € D that
dioi(F, N) < 2+/Var((DF,—-DL"'F)).

The above illustration basically tells one of the core ideas in the Malliavin-Stein approach, for
more general results and a systematic look, one can refer to Nourdin-Peccati’s original article
[66] and their monograph [67]. This active line of research has been growing quite fast and led
to many interesting results, here we just name two aspects that are related to this thesis:

(@)

B)

Nourdin, Peccati and Reinert [71] established the universality of Gaussian Wiener chaos
using additionally the Lindeberg invariance principle from [59]. This motivated several
works on the universality of multilinear homogeneous sums involving general independent
random variables, see e.g. [7, 86, 68];

Since the two papers [70, 82], the Malliavin-Stein approach has been successfully extended
to the discrete settings, that is, Stein’s method is coupled with suitable versions of discrete
Malliavin calculus in order to yield quantitative limit theorems for Poisson functionals and
Rademacher functionals over a Poisson random measure and a sequence of independent
Bernoulli random variables, respectively. This discrete Malliavin-Stein approach has
yielded nice applications to random graphs [44, 45, 46], and stochastic geometry [99, 91,
48], to name a few.
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1.3 Discrete Malliavin-Stein approach

Let us begin this section by first addressing more on the above point («) on the previous page.
First, let us explain the term “multilinear homogeneous sums” (homogeneous sums in the sequel),
after introducing some notation.

1.3.1 Homogeneous sums and Rademacher chaos

Notation B. We write $ = ¢2(N), equipped with usual £>-norm || - || and for p € N, $®” means
the p-th tensor product of $ and $H® its symmetric subspace. We define®® $;7 := {f € $° :
flag = 0} with A, = {(Gy, ..., i,) € N? : i # i; for different &, j}.

Let us introduce an important notion concerning the homogeneous sums: for a given kernel
f € 924, we define the maximal influence M(f) of f as follows:

(1.3.1)  M(f) := sup Z fy, ... ig1,k)* ford > 2 and M(f) := sup f(k)* ford = 1.

keN i1yeesid—1EN keN

This notion is adapted from the boolean analysis (see e.g. [78]), in which the class of low-
influence functions is often what is interesting or necessary in practice. It is also closely related
to the aforementioned Lindeberg invariance principle.

Lastly, we introduce the star-type contractions, similar to the contractions in (1.2.3): for
p.q €N,0<r << pAg,the (r,{)-star contractions f %}, g of (a) f € L*(uP), g € L*(u?); (b)
f € 9%, g € H® are defined by

@) (f X &) @1s e s Zpats Xis vy Xpmps Tp—tals -+ > Tpag-20)
= f(Zla'--&Zp—é’a-xla~-~axf—r’sla--~asr)
Zr
Xg(zp—f+17"-7Zp+q—2f7x1"-'7-xf—r7 S],...,Sr)lu(dS]).../l(dsr),

Wlthf*gg = f®€gand (f *g g)(Z]’ '-’Zp—faxla'-'7-xfazp—€+1’- "’Zp+q—2f) =

f(zl""’zp—f’xla"'a-x[)Xg(Zp—f-Ha"'7Zp+q—2€7xl,'-'7-xf);
(b) (f *; @)(Z1s v sZpts X1swnvs Xomrs Zp—tals - -+ Tpig-2t)

= Z f(Zl»---»Zp—[’xl’---’xt’—r’slv---’sr)g(zp—€+1’---»Zp+q—2€»x1,---,x[—r’sl»---»sr)

S1,...8,EN

with f *f ¢ = f® g € /7> and f *! g defined as in (a).

In both settings, f x} g is not square-integrable for general r < ¢ and the symmetry of f and g
is not preserved under star-contraction operations. These star-contractions appear naturally in
the product formulae on Poisson space ([47, Proposition 5]) and in the Rademacher setting ([43,
Proposition 2.2]).

22As a convention, $7° = 0 = R and %' = $.
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Now we give the definition of homogeneous sums and introduce another important chaotic
structure.

Definition 1.3.1. Given f € Sjgd with d € N and E = (&,k € N) a generic sequence of
independent centered random variables, we define the homogeneous sum with order d, based on
the kernel f, by setting

(13.2) Quf:E) = ), [l i)y &

1,erlg€N

In particular, / If (f)in (1.2.4) is a pth order homogeneous sum based on the kernel (5;, ;) and

the random variables X(A;), ..., X(A,).

----- i p

If we pick = to be a sequence of Rademacher random variables, we will get some object
similar to the Wiener chaos, which will be called Rademacher chaos. In the sequel, we fix
X = (X, k € N) a sequence of independent Rademacher random variables such that

PXy=1)=pr=1-q=1-PX, =-1)€(0,1)

for each k € N. We call it the symmetric case, whenever p; = 1/2 for each k € N; otherwise, we
call it the general case. We write Y = (Y, k € N) for the normalized version of X, that is,

X, —
(1.3.3) Y, = Ak~ Pr gk i

2 \/Pkqx
for k e N.

Definition 1.3.2. Following the previous notation and for f € $2¢, we call Qu(f;Y) the dth
discrete multiple integral of f. We write C¥ = {Qu(f;Y) : f € $7?} and call it the Rademacher
chaos of order d, and as a convention, we put (COY = R. We always reserve the notation Q,(f) for
Q4(f;Y). Itis not difficult to check that for f € $;” and g € H;, it holds that

E[Qp(f)Qq(g)] = I{p:q}p!<f, g>$5®l> .

This is known as the orthogonality property of the discrete multiple integrals and moreover,
the Rademacher chaoses generate the space Lz(Q, o{X},P), that is, every F € L*(Q, 0{X},P)
admits a unique chaotic decomposition??

(1.3.4) F=E[F]+ Z Op(h,) withh, € 55()@‘” for each p € N,

p=1

where the above series converge in L?(P). Mimicking the constructions in Section 1.2, we can
define, based on the above chaos expansion, (discrete) Malliavin operators: D, 5, L, L™".

23Compared to the proofs of (1.2.6), the proof of (1.3.4) is much easier and will be sketched as follows:
fixing F € L*(Q,o{X},P), by the martingale convergence theorem, it suffices to prove that for each k € N,
Fy := E[F|o{Ys,..., Y:}] belongs to the linear span S of all Rademacher chaoses. In fact, LX(Q,0{Y,,..., Y.}, P)is
isometric to R and {Yi, -+ Y, : (i1,...,i¢) € &g, 0 < € <k} is its orthonormal basis, implying that F € S. Thus,
F € S, the L*(P)-closure of S and this concludes the proof.
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Malliavin operators. D is the collection of random variables F € L*(Q, o{X},P) as in (1.3.4)
satisfying 3. - pp!ll,lI> < +oo, and for such a F € D, we define the (discrete) Malliavin
derivative DF = (D F,k € N) € $ by

DiF = ) pQpi(hy(k, ).

p=1

Intuitively, D, F annihilates the influence of Y; within the expression of F, see also the following
pathwise representation.

we choose Q = {+1,—1}" and define P = @keN (pid+1 + qi6-1). Then the coordi-

nate projections w = {wy,- -} € Q +— w; =: Xi(w) form a sequence of indepen-
dent Rademacher random variables under P. We can define for F € L*(Q,c{X},P),
F® .= F(wy, -+, W1, 1, Wes1, - - +), that is, by fixing the kth coordinate in the configura-

tion w to be 1. Similarly, we define F* := F(w,- - -, w1, —1, wis1, - - +). It holds that
DiF = \/prqi(F® — F), see e.g. [88, Proposition 7.3]. The following results are clear:

DiF| _ IDiF Dl 1D
o |FOk F|_I(Xk—_1)|\/[%< '\/L'and |FoF — F| = I x,- l)l\/pk,TII< I\/Iqulk'

o F e Difand only if 3, prgiE[|[F®* — F&*] < +co. In particular, if f : R — R is
Lipschitz continuous, then f(F) € D.

We can define similarly the divergence operator 6 by the duality relation E[{DF, u)] = E[F&(u)]
for every F' € D and we define the Ornstein-Uhlenbeck generator L = } ., —pJ,,, with J,,
being the projection operator onto (CZ. The associated semigroup can be formally defined by
P, = exp(tL), t € R,; and the pseudo-inverse of L is given by L' = 2ip>l -p~'J,. For a
comprehensive treatment, one can refer to N. Privault’s survey [88].

In 2010, Nourdin, Peccati and Reinert [70] combined Stein’s method with the above discrete
Malliavin calculus for the explicit bounds in the normal approximation of Rademacher func-
tionals. Although the paper [70] only concerns the symmetric case (that is, when X = Y), the
method and ideas therein are general enough to allow for extension to the general case.

A new product formula (for the symmetric case) is derived** in [70] that resembles (1.2.9): if
fe 55(0917, g€ 558(] (p,q € N), then

pAq
AT
(13.5) 0N = ). ”!(r)(r)qu—Zr(f %7 8Ly
r=0
*Observe that in the symmetric case, Y7 = 1,50 (i1, . ..,ip) € Ap, (jis. .., jg) € A, share exactly r indices if and

onlyif Y; ---Y; Y; ---Y; €CY

; This observation and the symmetry of the kernels give us the combinatorial
p p+q-2r’

coefficients r!(r)(r), the rest of the proof follows from the definition of star-contractions. Note that in the general
qk—Pk

VPr4k
formula for the general case, see [43, Proposition 2.2]: the constant 1 from Y ,f contributes to the same expression as

the RHS of (2.2.4) while the other part gives arise to some complicated terms, for which one needs to impose more
integrability conditions on the kernels.

case, one has Y,f =1+ Y%, then by modifying the proof for the symmetric case, one can still get some product
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It follows from this product formula that in the symmetric case, any random variable in a
Rademacher chaos admits finite moments of any order. However, this is not true in the general
case, as one can see from the product formula from [43].

Now fix two centered Rademacher functionals F,G € D and f € C'(R) with ||f’||e < +00, it
follows that f(F), L"'F € D and by using duality relation, we have

E[Gf(F)] = E[(-DL™'G, Df(F))];

see e.g. [P1, Lemma 2.1]. Note that the term Df(F) is not equal to f'(F)DF in general, unlike
the chain rule on a Gaussian space. The authors of [70] obtained an approximate chain rule as
follows: (in the symmetric case) let f be of class C* such that f(F) € D and ||f"’|| < +00, then

1 —
(13.6) Dif(F) = [(F)DF = S[f"(F) + f"(F)|(DF Yy + R,

with [Ry| < 13—0|| " |lo|DiF?. The requirement of high-order derivatives of the test function f
forced the authors of [70] to use some smooth distance for the normal approximation.

As the first paper included in this thesis, [P1] provided the following neater chain rule that
requires less regularity of the test function f.

Lemma 1.3.1 (G. Zheng, 2017). If F € D and f : R — R is Lipschitz and diffentiable such
that f” is Lipschitz continuous, then D, f(F) = f'(F)DyF + Ry, where the remainder term Ry is

bounded by %leF ? in the general setting®.

This easy observation enabled us to obtain the same normal approximation in Wasserstein
distance, which is one of the main achievements in the paper [P1].

Instead of using the chain rule, the authors of [44] carefully used a representation of the
discrete Malliavin derivative D¢(F') and the fundamental theorem of calculus; this turns out to
be flexible enough for them to deduce the Berry-Esséen bound in the symmetric case. Later they
obtained the Berry-Esséen bound in the general case and provided applications to graph-counting
statistics. See [P1, Remarks 3.1, 3.2] for connections between their work and our Wasserstein
bound.

Recall that the Rademacher chaos belongs to the category of homogeneous sums, so it may
be natural to study the normal approximation of homogeneous sums along the lines of the
discrete Malliavin-Stein approach. Unfortunately, one can not find a suitable version of Malliavin
calculus to be coupled with Stein’s method. On the bright side, motivated by conjectures in
theoretical computer science and social choice theory, Mossel, O’Donnell and Oleszkiewicz
[59] established a generalized Lindeberg invariance principle for homogeneous sums. Roughly
speaking, they were able to control distributional distance between homogeneous sums over
different sequences of independent random variables in terms of maximal influence, see e.g.
Theorem 2.1 therein.

21t is clear that f(F) € D, because f is Lipschitz. By Taylor formula in mean-value form, we write f(y) — f(x) =
/() — x) + R(f), where the remainder term R(f) is bounded by |||l - |y — x|*/2. It remains to use the pathwise
representation of D. See [P1, Lemma 2.2] for the detailed proof.
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Let us consider another example, in which the notion of maximal influence is crucial. Fix
d > 2 and a divergent sequence (N,,n > 1) of natural numbers. Consider the kernels f, :
{1,...,N,}¥ — R symmetric and vanishing on diagonals and d!|| ﬁllf@d = 1, then according to
(1.3.2), )

Qulf = D, flits.. i, &
i1enid <Ny

The following central limit theorem?® due to de Jong [26] gave sufficient conditions for asymptotic
normality of Q,(f,; ).

Theorem 1.3.1 (P. de Jong, 1990). Under the above setting, let = = (£;,i > 1) be a sequence
of independent centered random variables with unit variance and finite fourth moments. If
E[Q4(f,; £)*] — 3 and the maximal influence M(f,) — 0 as n — +oo, then Qu(f,; E) converges
in law to a standard Gaussian.

Let us restrict ourselves to the Gaussian setting for a while: when G is a sequence of i.i.d.
standard Gaussians, Q,(f,; G) belongs to the dth Gaussian Wiener chaos, and the fourth moment
theorem [76] implies that if Q,(f,; G) converges in law to a standard Gaussian (or equivalently
E[Qu(fy; G)*] = 3), then || f, ®u—1 fullgs2 — 0. While M(f,) < |If, ®a-1 fullge2 due to [70, Lemma
2.4], so that M(f,) — 0. This observation, together with the invariance principle from [59], hints
the universality of the Gaussian Wiener chaos; see particularly the following interesting result
that is (slightly) adapted from Theorem 7.5 in [71].

Theorem 1.3.2 (I. Nourdin, G. Peccati and G. Reinert, 2010). Fix integersd > 2and g; > ... >
g1 > 2. For each j € [d], let (N;,,n > 1) be a sequence of natural numbers diverging to infinity,
and let fj, : [N;,]% — R be symmetric and vanishing on diagonals (i.e. f;, € E)(gq" with support
contained in [N;,]%) such that

hm I(qk=q/)qk! Z fk,n(ila ey iqk)ﬁ,n(il’ RN iqk) = Zk,l R

n—+oo ) .
i15eeeslgqy <Nin

where X = (2;;,1 < i,j < d) is a symmetric nonnegative definite d by d matrix. Then the

following statements are equivalent:

(A,) Given asequence G ofi.i.d. standard Gaussians, (Qg, (fi,.:G), ..., Qg (funs G))T converges
in distribution to N (0, %), as n — +co.

(Ay) For every sequence E = (&;,i € N) of independent centered random variables with
unit variance and sup,; E[|€/’] < +oo, the sequence of d-dimensional random vectors
(Qg(fins B,y Qg (fums E))T converges in distribution to N'(0, X), as n — +oo.

A similar universality result for Poisson Wiener chaos was first established in [86] and refined
recently in our work [P4]. It is worth noting that by assuming

(1.3.7) sup B[Qy,(fin; G)*] < +o0,
n,j

Bai and Taqqu [7] were able to improve the above universality result by allowing an infinite
number of terms in the homogeneous sums. We will follow this to formulate our universality
results in Chapter 3.

26See also Débler and Peccati’s recent work [31] for the quantitative version.
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1.3.2 Stein’s method and normal approximation of Poisson functionals

Due to our lack of creativity and nevertheless as it conveys the right idea, we simply duplicate
the title of [82] here. As already mentioned, Peccati, Solé, Tagqu and Utzet launched the
discrete Malliavin-Stein approach on the Poisson space and they used additionally a pathwise
representation of the derivative operator D that involves the standard difference operators.

A pathwise representation of D. Let us first represent the state space S, of our Poisson random
measure 17:

Sa’ = {W:Zézj : neNU {+oo}, Z]'E'Z} ?
70

where 6, denotes the Dirac measure at z € Z. We equip S, with .7, the smallest o-algebra
that renders w € S, — w(B) measurable for all B € Z. So we can see 77 as a random element
in the measurable space (S,, .7, ) and P,:=Po n‘l denotes its distributional measure, that is,
P,(A) = P(17'(A)), A € .%,. Under P,, the canonical mapping associated to n, {w(B) := n(B)(w),
B € &} is distributed as a Poisson point process with intensity measure y. In this framework,
one has

P(weS, : WB) <+x,¥Be Z,)=P,(WweS, : w({z}) <+c0,V¥ze ) =1,

see [47, 49] for more details. Now we define the so-called add-one cost operators (D}, z € Z):
given any o{n}-measurable real-valued random variable F, we can write F = f(n7) for some
Zs-measurable function f : S, — R and this representative  is determined P,-almost surely.
Then we define DI F = f(n + 6,) — f(i7), = € Z. According to [47, Theorem 3], for F € D,
DIF = D_F, P-almost surely and p-almost everywhere. This in particular implies that

F=imeD o E[IDFIF]= /Z E[lf(n + 6.) — i) u(dz) < +o0,

from which we can deduce further that g(F) € D whenever F € D and g : R — R is Lipschitz
continuous.

Moreover, given a normalized F € D and ¢ € C*(R) with [|¢]|e + [|¢’]lce + [l ]l < +00, We
can use the above pathwise representation and similar reasoning as in footnote 25 to obtain the
following approximate chain rule: D,o(F) = D}¢p(F) = ¢'(F)D.F + R,(F), where R (F) is a
random variable such that |R(F)| < %Ilgo”lloo(DzF )2. With Stein’s ideas in mind (see Section
1.2.2), we use the integration by parts formula on the Poisson space and obtain that

E[Fo(F)] = E[ - DL™'Fo(F)] = E[(~DL™'F, Dp(F))]
= E[(~DL"'F, DF)¢'(F))] + E[(~DL™'F,R.(F))],

thus,
[ElFe(F) - ¢ (P

1
(13.8) < ll¢/ll-E[l1 = (-DL' F. DF)] + 5ll¢"ll /Z E[|D.L FI(D.F)?| u(dz) .
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This bound is one of the main results in [82], and from this bound, the authors of [82] obtained
sufficient conditions for the asymptotic normality inside a fixed Poisson Wiener chaos after a
lengthy computation involving the product formula. This paper and several other follow-up
articles have opened up a new chapter of stochastic analysis for Poisson point process in the
sense that in the past few years, we have witnessed lively applications of Malliavin calculus
to problems from stochastic geometry. Besides the aforementioned references, we refer the
interested readers to the book [80] for recent developments.

Unfortunately, since the work of Nualart and Peccati, the natural question
“whether or not the FMT exists on the Poisson space”

had been elusive for years except for some partial results. In 2008, Peccati and Taqqu [83]
presented a FMT on the second Poisson Wiener chaos under some assumptions; in 2016,
Bourguin and Peccati provided in [80, Chapter 6] a FMT on the third Poisson Wiener chaos
under similar assumptions. And in the paper [86], Peccati and Zheng?’ established the FMTs for
the discrete Poisson Wiener chaos, under some mild condition. For the later reference, we state
it in the following.

Theorem 1.3.3 (G. Peccati and C. Zheng, 2016). Let P := (P;,i > 1) be a sequence of indepen-
dent Poisson random variables with parameter 4; € (O +o0o) such that® @ :=inf{4; : i > 1} > 0
and denote by P the normalized version of P, ie P = (P; — A;))/ V4, for each i € N. Now fix
integersd > land g, > ... > q, > 1, and let X, {N;,, f;,: j € [d],n € N} be given as in Theorem
1.3.2. Then the following statements are equivalent as n — +oo:

(1) (qu(fl,n;/ﬁ), e, qu(fd,n;F))T converges in law to N(0, X).
(i) Foreach j € [d], O, ( fj,,,;F) converges in law to N(0,X; ).
(iii) For each j € [d], E[Q,,( fj,,,;’ﬁ)ﬂ converges to 32%.

Remark 1.3.1. In fact, the condition “a@ > 0” is not necessary for the implication (iii)=(i).
As mentioned in footnote 28, (suppose g; > 2) the statement (ii1) will force ||fj, *ﬁ finll =0
for every p € {1,...,g; — 1}, then the desired implication follows immediately Peccati-Tudor
theorem and Theorem 1.3.2. This line of reasoning gives rise to the universality result for discrete

Poisson chaos in [86].

%7 According to Wikipedia, in 2006, the family name “Zheng” ranked 21st in China’s list of top 100 most common
surnames. Zheng belongs to the second major group of ten surnames that makes up more than 10% of the Chinese
population.

28The condition “a@ > 0” is very crucial for the proof in [86]: (1) it guarantees the uniform integrability of the
sequence {Qq/ ( fj,n;’f)“, n € N} for each j € [d], so that the implication (ii)= (iii) holds true. (2) One can compute
the fourth moment of Q, ( fj,,,;’I;) by exploiting the orthogonality property, and (suppose g; > 2) the statement (iii)
will force ||, x5 f;all = O for every p € [g; — 1], while the condition “a@ > 0” allows one to bound ||}, *£1j finll* by
0/‘ququ,, *ffj,,,Hz for every [ € [g; — 1] and bound ||f;,, *f fj,,1||2 by al"||fj,n *f fj,,,||2 foreveryl € [r]and r € [g; —1].

Then Peccati and Zheng applied [82, Theorem 5.1] to obtain the asymptotical normality of O, ( ﬂ,n;ﬁ); see also
Remark 1.3.1.
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Theorem 1.3.4 (G. Peccati and C. Zheng, 2014). Let the assumptions of Theorem 1.3.3 prevail
and we assume in addition that d > 2, g; > 2. Then the following assertions are equivalent as
n — +oo:

(Ay) (qu(fl,,,;/l;), ey qu(fd,,,;’P\))T converges in law to N(0,X), as n — +oo.

(A,) For every sequence 2 = (&;,i € N) of independent centered random variables with
unit variance and sup,.; E[|€/’] < +oo, the sequence of d-dimensional random vectors
(Qg(fins B,y Qg (fums E))T converges in distribution to N (0, X).

In 2017, Dobler and Peccati [32] adopted Ledoux’s spectral point-of-view [51] and used a
pathwise representation of the carré-du-champ operator to successfully prove a FMT on a general
Poisson Wiener chaos, under the so-called Assumption (A). Their results are of quantitative
nature and Stein’s method played a fundamental role there.

Theorem 1.3.5 (Débler and Peccati, 2017). Fix an integer ¢ > 1 and let F € C] be such that
F € L*(P), E[F?] = 1 and satisfy the following assumption

(A) /Z E||D;F| + |FD;F|+ (D;F)* + |F*D} F|| u(dz) < +co, where DY is the add-one cost

operator.

Then, we have the following fourth moment bound in Wasserstein distance

dw(F,Z) := sup [E[A(F) - h(2)]| < (2 + v2/x)VE[F*] - 3,
|

1hllo<1
where Z ~ N(0, 1).

Remark 1.3.2. The main reason for the appearance of (A) was that certain intrinsic tools,
notably the Mecke formula® (see e.g. [49, Chapter 4]), require these integrability conditions.
Nevertheless, it is remarkable for D6bler and Peccati to establish the exact FMT on the Poisson
space.

In the paper [P4] jointly written with Dobler and Vidotto, we were able to remove the As-
sumption (A) in the above theorem, using a very different and elementary approach. Following
[32], Dobler and Krokowski [30] established the following fourth-moment-influence bound.

Theorem 1.3.6 (Dobler and Krokowski, 2017). Fix p e Nand f € 55(?’) satisfying p!||f]l5., = 1.

Let Z be a standard Gaussian and F = Q,(f;Y) € L*(P), then,

2
o

dw(F,Z) < C1|[ELF*] = 3| + C Y M(f)

where C, C, are two numerical constants and recall that M(f) denotes the maximal influence of
f. This result echoes de Jong’s Theorem 1.3.1.

291t is named after Joseph Mecke. One shall not confuse this name with Meckes’ theorem, which we name after
Elizabeth Meckes.
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Remark 1.3.3. Dobler and Krokowski’s result is optimal in the sense that there are examples,
in which the fourth moment condition alone would not guarantee the asymptotic normality, see
Example 1.5 and Theorem 1.6 in [30].

In the paper [P5], we followed our own approach to re-derive the above bound and more
importantly, we provided a multivariate extension. To put in a short way, our approach is
inspired by our paper [P3] with I. Nourdin, in which we constructed exchangeable pair couplings
motivated by Mehler formula and used Meckes’ theorems to recover Nourdin-Peccati bound in
any dimension. This idea is simple while flexible enough to allow us to obtain FMTs on the
Poisson space and the fourth-moment-influence theorems in the Rademacher setting.

The core of this thesis is to provide unified proofs for these results and to shed some light, as
we wish, on how far we can go.

1.4 What is new?

Let us begin with point (i1) from the last paragraph in Section 1.1. In 2012, M. Ledoux analyzed
Nualart and Peccati’s FMT from the abstract point-of-view of a Markov diffusion generator.
And the carré du champ is at the center of his strategy. Let us now quickly sketch Ledoux’s
framework: let L. be a Markov diffusion generator on some state space (E, &) with invariant and
reversible probability measure y and symmetric bilinear carré du champ operator

1
I'(f,8) = i[L(fg) — fLg — gLf]

acting on functions f, g in a suitable domain (A. To ease the notation, we write I'(f) = I'(f, f).
By symmetry and invariance of y, the following integration by parts formula holds

/ fLgdy = / eLfdy - / I(f.g)dy.
E E E

And the diffusion property of L asserts that Lo(f) = ¢'(f)Lf + ¢”(H)I'(f), for ¢ smooth
and f € A. For example, when L is the Ornstein-Uhlenbeck generator on the Wiener space,
I'(f,g) = (Df, Dg) with D being the Malliavin derivative. So (1.2.10) can be rephrased as
Var(q™'T ‘1;1 41 _ 212 _ -1
g T(F) < 3 (ELF"] = 3E[F7]") < (¢ — DVar(qg T(F)).

Putting I'; = T, one can define the iterated gradients by setting I',,(f, g) = %[Lf‘m_ W(f,8) —
[1(f,Lg) — T,1(g, L)), m > 2. In [51], Ledoux gave the definition of “general chaos
eigenfunction” using these iterated gradients, and he was able to provide FMT for the chaos
eigenfunctions. The slight drawback of Ledoux’s definition is that it only includes the Wiener
structure, that is, when vy is the standard Gaussian measure. Soon after Ledoux’s insightful idea,
Azmoodeh, Campese and Poly [4] generalized the notion of chaos eigenfunctions: assume in
addition that the generator —L has pure spectrum {0 = 1y < 4; < A, < ...}, they called X a pth
order chaos eigenfunction if LX = —-1,X and

X* € (P Ker(L + o1d).

a<dyp
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This new definition includes two more fundamental structures: Laguerre structures and Jacobi
structures, see [8]. And Azmoodeh, Campese and Poly were able to simplify a lot the previous
proofs. This set of techniques were later taken in [5] to establish a generalization of Nualart-
Peccati’s criterion: given an integer p > 2, F,, € Cl‘f’ with Var(F,) = 1, F, converges in law to a
standard Gaussian Z if and only if as n — +o0,

(1.4.1) E[F?] converges to E[Z*] = (2k — 1)!! for some integer k > 2.

It is also worth mentioning that Ledoux’s spectral viewpoint promoted some recent advance
around the real Gaussian product conjecture, see [52].

Back to our chaoses (Gaussian, Poisson Wiener chaoses and Rademacher chaos), a nice
Ornstein-Uhlenbeck structure exists. We can define the carré du champ I" as above:

I(F,G) := %(L(FG) — FLG - GLF),

whenever the above expressions are well defined. In the work [32], Dobler and Peccati took
a pathwise representation of the carré du champ and combined it with the usual arguments in
the Malliavin-Stein approach. As already mentioned, they applied Mecke formula in a delicate
way so as to obtain an exact FMT on the Poisson space, see Theorem 1.3.5. Soon later, Dobler
and Krokowski adapted the ideas from [32] and provided the so-called fourth-moment-influence
theorem.

One obvious difficulty in view of applying the Malliavin-Stein techniques is that in the discrete
settings (i.e. Poisson space, Rademacher setting), the Ornstein-Uhlenbeck operator L does not
possess the diffusion property. Let us assume that we have instead an approximate-diffusion
property as follows:

LY(F) = ¢'(F)LF + ¢ (F)I'(F) + R(F) for nice ¢ and F,

where R(F) is a remainder. Note that for a normalized F € le, with X € {W,n, Y}, one
has LFF = —pF and E[L#(F)] = O for nice ¢. If we have nice control over E[R(F)], say
|[E[R(F)]| < ¢ VE[F*] — 3, then taking expectations at both sides gives us

| - PELFS/(F)] + pEI¢"(F)] + E[¢" (F)T(F) - p)]| < e VEIF] - 3.
In view of Stein’s ideas, if Var(I'(F)) can be further bounded by a multiple of \/E[F*] — 3, then

the above inequality will give us the desired fourth moment bound.

To put in a simple way, the rest of this thesis is mainly devoted to demonstrating the use of
Stein’s method of exchangeable pairs for controlling the expectation E[R(F)]. As mentioned
before, we will prove the following FMT on the Poisson space under the weakest possible
assumption of finite fourth moment.

Theorem 1.4.1 (C. Débler, A. Vidotto and G. Zheng, 2017). Fix an integer g > 1 and let F € C]
be such that F € L*(P) and E[F?] = 1. Then,

dw(F,Z) < (2 + \[2/x)E[F* -3,

where Z ~ N(0, 1). See also [P4].
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Corollary 1.4.1 (C. Dobler, A. Vidotto and G. Zheng, 2017). Letg, € Nand F, € C;j, with
X, € {W,n} foreach n € N. If E[F?] — 1 and E[F?] — 3, as n — +oo, then F, converges in law
to a standard Gaussian distribution.

We will provide the multivariate extension of the above results in Chapter 3. Along similar
lines, we will prove the following Peccati-Tudor type theorem in the Rademacher setting.

Theorem 1.4.2 (G. Zheng, 2017). Fix integers d > 2 and 1 < ¢g; < ... < ¢4, and consider the
sequence of random vectors

FO = (F®, .. F = (Qp(fin)s - Oga(fan)

with kernels f;, in 553(” for each n € N,j € [d]. Assume that the covariance matrix %, of F®
converges in Hilbert-Schmidt norm to a nonnegative definite symmetric matrix X = (%, ;, 1, j €
[d]), as n — +o0. Suppose that the following condition holds:

d
nl—i}-Poo Z M(ﬁ’n) =0.
j=1

If for each j € [d], E[(F 5.”))4] converges to 32%, as n — +oo, then F™ converges in distribution
toZ ~ N(0,%), as n — +oo.

Remark 1.4.1. Although we just presented the above qualitative result in [P5], its proof therein
is of quantitative nature. We will provide a quantitative version of Theorem 3.2.2 in Chapter 3.

As a byproduct of our proofs, we establish an interesting transfer principle (see [P4]), which
is closely related to the universality phenomena of homogeneous sums.

Proposition 1.4.1 (C. Débler, A. Vidotto and G. Zheng, 2017). Given p € N, f, € L*(u?) for
each n € N such that

lim pllflF =1,
n—+oo
then the following implications holds (with Z ~ N(0, 1))

lim E[7!(f,)*] =3 = lim E[1)(f,)*] =3 = lim dwv(I)(f,).Z2) =0,
n—+oo n—+oo n—+oo

where dry denotes the total-variation distance that is much stronger than the Kolmogorov
distance; see Chapter 2 for more details.

Remark 1.4.2. One can see the above result as a transfer principle from Poisson to Gaussian,
and it is worth pointing out that the transfer principle “from-Gaussian-to-Poisson” does not
hold true, due to a counterexample given in [15]; see Proposition 5.4 therein. For the proof of
Proposition 1.4.1, see Remark 3.1.6-(4).
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We close this introductory chapter with the following universality result that is a blend of
results from [7, 71, 86] and [P4, P5].

Theorem 1.4.3. Fix integersd > 2 and g, > ... > gq; > 2. For each j € [d] and n € N, let the
kernels f;, € 9, satisfy sup, ; |f;.l> < +oo and for &, € [d]

im Tgmgy@i! D finlits o ig)finCits . ig) = S,

n—+o0o

where X = (%, ;, i, j € [d]) is a symmetric nonnegative definite d by d matrix. Then the following
statements are equivalent, as n — +oo:

(C1) Given a sequence G of i.i.d. standard Gaussians,

Q0 (i G, Qg (fun; G))'
converges in law to N(0, X).

(C,) Given a sequence V of i.i.d. random variables with V; + 1 ~ Poi(1),

Qs (i Vs Qu(fas V)
converges in law to N(0, X).

(C3) In the symmetric Rademacher setting,
(Qo (fra: V). Qo (s V)

converges in law to N(0,X) and M(f,) + ... + M(fs.) — O.

(C4) For every sequence E = (&;,i € N) of independent centered random variables with unit
variance and sup,; E[|€*] < +o0,

Qg (fimsB)s s Qpu(funs D))

converges in law to N (0, ).
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Chapter 2

PreliminarieS: Exchangeable pairs ~ o - - - <~~ Carré du champ

Abstract .
This chapter consists of two sections. Section 2.1 is devoted to basics of Stein’s method and in
particular, we provide in Section 2.1.2 generalized Meckes’ theorems, given an infinitesimal version of
exchangeable pairs. In Section 2.2, we construct exchangeable pairs on Gaussian, Poisson spaces and in
Rademacher setting; finally we link them to the Ornstein-Uhlenbeck operator and carré du champ. Our
construction is naturally motivated by the classic Mehler formulae.

2.1 Stein’s method of normal approximation

Let us start with the classic central limit theorem: suppose {X;, j > 1} is a sequence of i.i.d
random variables with zero mean and unit variance, then

X1 +...+ X,

i

converges in law to N(0, 1), as n — +oo.

A standard proof consists of using the Fourier transform so as to establish the convergence
of characteristic functions. However, this analytic proof strongly relies on the independence
and leaves us no clue about how fast this distributional convergence happens. Moreover, this
Fourier-based approach, in general, can not be applied to situations where some dependence
arises. The Stein’s method 1s a very powerful toolbox of techniques that can be used not only
to prove limit theorems, but also to provide rates of convergence in some chosen metrics, for
instance the Berry-Esséen bound in the Kolmogorov distance, see e.g. [67, Theorem 3.7.1].

The Stein’s method is named after Charles Stein, one of the leading statisticians in the last
century. In 1972, Charles Stein published his method concerning normal approximation in [103],
and after its first appearance, this method has been modified and further developed by Stein
himself as well as many other mathematicians. We refer interested readers to the treatise [19].

27
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2.1.1 Basics on Stein’s method

We will begin with probability distributions on R and later the generalization to multivariate
setting will be presented. Here is an easy observation: if Z ~ N(0, 1), f € C;’(R), then

e

00 /2 00 d(e"‘Z/z) ] ) 1 —ep )
Bzf@1= | g == [ 0T [ ro=etasEr @l
This is essentially a Gaussian integration-by-parts formula, see (1.2.8). The converse statement is
also true: if Z is integrable and E[ f'(Z)] = E[Zf(Z)] for all f € C;’(R), then Z must be distributed
as the standard Gaussian. Indeed, considering f(x) = sin(4Ax) and f(x) = cos(dx), 4 € R, we have
E[Z sin(AZ)] = AE[ cos(AZ)] and E[Z cos(AZ)] = —AE[ sin(4Z)], from which we deduce that
E[Ze*?]| = iAE[e"*#] for any A € R. Recognize that (1) = E[e*?] is the characteristic function
of Z and iE[Ze'¥] = ¢, (A1), which gives us an ordinary differential equation ¢ (1) + A¢z(1) =0
subject to ¢,(0) = 1. This ODE has a unique solution ¢;(1) = exp(—4%/2), which is the
characteristic function of N0, 1).

The following result, known as Stein’s lemma, summarizes the above discussion.

Lemma 2.1.1. Let Z be an integrable random variable, then Z ~ N(0, 1) if and only if E[ f(Z)] =
E[Zf(Z)] for any continuously differentiable function f : R — R such that f'(Z), Zf(Z) € L'(P),
and f, f” have at most polynomial growth at infinity'.

Heuristically speaking, the above characterization hints that a real random variable Z is close
to a standard Gaussian, whenever E[ f'(Z) — Zf(Z)] is close to zero for every f € ¢, with ¢
being some rich enough class of functions.

Then how to quantify the distance between two probability distributions?

Let J7 be a separating class® of real bounded measurable functions and we define, for two
probability measures s, v, that d (i, v) := sup, | [ hdv — [, hdu | . Itis trivial that d is
a metric on the set of probability distributions on R and we also write d »(X,Y) = d_»(u,v)
if X ~ Y ~ v. For example, 7 = {I4 : A € BR)}, 74 = {I_wy : x € R} and
G :={f : Ifllo + lIf'll < 1} are three separating classes; d_, d 4, d» are known as the total-
variation distance drvy, the Kolmogorov distance dy, and the Fortet-Mourier distance dgy; respectively.
It is known from [35, Section 11.3] that dry induces the same topology as the weak convergence
of probability measures. It is clear that if u,, u are probability measures on R, then the following
implications hold in view of the Portemanteau’s theorem:

Em dy(, ) =0 =  lim deg(m) =0 = lim dmy(u, ) = 0.
n—+oo n—+o0o n—+o0o

Another important distance that we will use is the Wasserstein distance dy, defined by dw(u, v) :=
sup { fR hdv - fR hdu : |||l < 1} for two probability measures u and v on R. Note dgy is
sometimes called the “bounded Wasserstein distance”.

"We say F has at most polynomial growth at infinity, if there are some universal constants C > 0 and d € N*
such that |F(x)| < C + C|x|? for each x € R. The proof of Lemma 2.1.1 is omitted here, for it is exactly the same as
in previous discussion.

2that is, for any two different probability measures y, v on R, there exists f € .7 such that fR fdv+# fR fdu.
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Ingeniously, Charles Stein introduced the following equation:

(2.1.1) f'() = xf(x) = h(x) - E[A(N)],

where N ~ N(0,1) and 4 : R — R is a measurable function satisfying A(N) € L'(P). The
equation (2.1.1) is known as the Stein’s equation with unknown h. We call f a solution to (2.1.1),
if it is absolutely continuous and one version of f” satisfies (2.1.1) everywhere.

Let us now stop to digest the ingenuity of (2.1.1): suppose that we can solve (2.1.1) and get
nice properties of f in terms of those of 4, then we replace the dummy variable x in (2.1.1) by
the random variable Z, so that after taking expectation on both sides, we get

(2.1.2) E[f'(2) - Zf(2)] = E[hZ) - h(N)].

That is to say, in order to get uniform control of the right-hand side, one can instead try to uni-
formly control the left-hand side, which fits the heuristic after Stein’s lemma. In essence, Stein’s
method replaces the complex-valued characteristic function by the above real characterizing
equation, and many coupling methods have been developed so far to deal with the left-hand side
of (2.1.2), see aforementioned references.

The following lemma gives an explicit form for solutions to Stein’s equation (2.1.1).

Lemma 2.1.2. Let N, h be given as before, the solutions f to (2.1.1) are given by
F(x) = ce"? + ° / |h() - E(uN))|e>2dy . xeR,
where ¢ € R. In particular, the function

X

(2.1.3) F(x) i= €52 / |h) - B(h(N)|e™dy, xeR

—00

is the unique solution to (2.1.1) verifying limy_, ;o exp(—x*/2) f(x) = 0. We call f, the Stein’s
solution to (2.1.1).

Proof. Noticing that e*”/ 2%( F)e ™) = f/(x) — xf(x) = h(x) — E[A(N)], we have®

e = f(0) = /0 [h(y) - E[R)|e™" dy.

By the dominated convergence theorem and
(2.1.4) / (h() - E[A(N)]) e 2 dy = 0,
R

we have ¢ := lim,_,_o €72 f(x) = — lim,_,,c0 € /2 f(x). Thus, for any x € R,

X

fe == [ [~ BlhvIe Ry,

-0

which gives us the desired form for the solutions to (2.1.1). And the rest is trivial. O

3We follow the convention [ = — [ if x < 0
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Now starting with the expression in (2.1.3), we study the properties of the Stein’s solution f;,
when £ is 1-Lipschitz function or /4 is merely bounded measurable:

(i) Suppose that & : R — [0, 1] is measurable, then it follows from Stein’s equation that

(01 < 1h(x) = B[R] + [xfu(0)] < 1+ [xfi,(x)]

and from (2.1.4) that [ (h(y) = E[A(N)])e™ 2dy = — [~ (h(y) — E[A(N)])e™"/dy. Thus,

10l < €572 [T e dy < Vr/2, and |xf,(x)| < |x] - €572+ [T e 2dy < 1. So we can
i Y I Y
conclude that f;, is 2-Lipschitz and uniformly bounded by /2.

(i) Suppose that &~ : R — R is K-Lipschitz for some K € (0, +o0), then ||f;llo < 2K,
I/l < V2/7K and ||f;|l < 2K. The proof for these bounds involves a careful analysis,
here we just give a very sketchy one and refer interested readers to [19, Lemma 2.4]: first
denote the standard Gaussian density, distributional functions by ¢, @ respectively, one
starts with a(x) — E[A(N)] = fR[h(x) — h(u)]¢(u) du, then it follows from an application of
Fubini’s theorem that h(x) — E[A(N)] = [~ K @®)®(1)dt — [T W' ()[1 — ()] dt, together
with which (2.1.3) implies

fw = [ ( | waowoa- [Cron-oeo) dt) e dx

—00 (o8]

= — V27" (1 - d(w)) / § B OD() dt — V2re™ 1 D(w) / ) W @[] - O] dt

and

w

fi(w) = Wi(w) + h(w) = E[aA(N)] ={1 - V2awe" *[1 - d(w)]} / K (H®(1) dt

—00

— {1 + V2awe™ *Dd(w)) / ) K (0[] - ()] dt.

w

So the first two bounds follow from some standard Gaussian computations. Similar
computations can be done for || /||, once we derive f;"(w) = (1 + w2) fu(w) + w(h(w) —
E[A(N)]) + /' (w) using (2.1.1).

(iii) Combining the above two points, we can also assert that if 7 € C;’(R) satisfies 0 < h < 1,
then || fillo < VI/2, [|fllo <2 and || £}’ [l < 2IIH||e < +00.

Now we give Stein’s bounds based on the above discussions.
Proposition 2.1.1. Let F be a real integrable random variable and N ~ N(0, 1), then

(1) drv(F,N) < sup |E[(,0’(F ) — Fo(F)]|, where the supremum runs over all ¢ € C*(R) with
ol < VA2, 1€ ]l < 2 and ||¢”' || < +00.

(2) dw(F,N) < sup |E[(p’(F ) — Fo(F)]|, where the supremum runs over all ¢ € C?(R) with
llolloo <2, [l¢'lle < V2/m and |l¢” || < 2.
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Proof. It follows first from Lusin’s theorem®* that

sup  [E(R(N) — h(F))| = sup [E(h(N) - h(F))|.
h meéizusriib]e %ici‘l(ilﬁl)

And for h : R — [0, 1] continuous, by standard mollification procedure, one can construct
hs € C;’(R) such that 0 < i, < 1 and h, — h pointwise, as € | 0. So

drv(F,N) = sup [E(h(N)-h(F))|< sup [E[¢'(F)- Fe(F)]|

heCP(R) llglleo< V72
0<h<1 lle"lleo<2
" [loo <+00

where the last inequality follows from point (iii) on last page and (2.1.2), this proves (1) while
(2) follows from point (ii) on last page and (2.1.2). O

Let us now look at an easy example.

Example 2.1.1. Let Y = (Y;,i € N) be i.i.d symmetric Bernoulli random variables, then
F, :=n"Y2(Y, +...+Y,) converges in law to the standard Gaussian, according to the classic
central limit theorem. Now fix ¢ € C*(R) with [|¢lle < 2, ll¢'lle < V2/7 and ||¢”'||lc < 2, then
we have

E[F.¢(F,)] = VnE[Y:¢(F,)] using symmetry
\Vn 1+Y+...+7%, —1+Y,+...+7, o
=—EF - using independence
SB[ ) 7 )| using indep
\n 1+, +...+7, —1+Y,+...+7,
=1 F — o(F,) + (F,) -
5 | 7 ) — @(F) + @(Fy) — ¢ 7 )]

=E[¢'(F] + an with |R,| < 2/l¢" llon™

where the last line follows from the usual Taylor expansion. Thus, it follows from Proposition
2.1.1 that’ dw(F,, N(0,1)) < 2n7'72,

In the above toy-example, independence and symmetry within the structure contribute to
the easy proof. Nevertheless, the strategy of combining an application of Taylor expansion
with Stein’s equation is usually effective in practice, see e.g. our Proposition 2.1.2. Stein’s
ideas have contributed to many excellent results and solutions to numerous problems, such as
local dependence, minimal spanning trees, concentration inequalities and many others, see e.g.
Barbour and Chen’s Volume [12] and Chatterjee’s ICM survey [20].

Since Stein’s introduction of his method, there have been many successtful uses of the mul-
tivariate version, see e.g. [9, 10, 38] that initiated Barbour’s generator approach. Roughly

“Letu = (Po F~' +PoN71)/2, then for & measurable with values in [0, 1], by appropriate application of Lusin’s
Theorem (e.g. see the Red Rudin) one can find a sequence of continuous functions #, such that 0 < 4, < 1 and
h, = hu-as., thush, - hPo F'-as. andPoN!'-as..

5By explicit calculation, ]E[Fﬁ] —3 = —-2n', so we obtain the fourth moment bound dw(F,, N(0,1)) <

V2G - E[FD).
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speaking, the generator approach uses the properties of Markov processes to deduce and solve
Stein’s equation associated to the invariant measure of those Markov processes. Note that the
standard Gaussian distribution on R¥ (k € N) is the invariant distribution of the k-dimensional
Ornstein-Uhlenbeck process.

Let’s first introduce some further notation, before we present the multivariate Stein’s method.

Notation C. For x = (x1,...,x)7, vy = (v1,...,y2)7 € R, we denote by ||x|| and {x,y) the
Euclidean norm of x and the scalar product of x,y respectively; and for a matrix A € R™“, we
denote by ||Al|op the operator norm induced by the Euclidean norm, i.e., ||Allo, := sup{||Ax|| :
|lx|l = 1}. More generally, for a k-multilinear form ¢ : (RY)* — R, k € N, we define the operator
norm

Wllop 1= sup {lpaar, ... )l = € R, flujll = 1, j = 1,....k]} .
Recall that for a function 4 : R? — R, its (minimal) Lipschitz constant M, (h) is given by

My(hy 1= sup DO

€ [0, o0].
X#y ”x_yH

If 4 is differentiable, then M (h) = sup, g« [[DA(X)lop. For random vectors X, Y in R?, we define
their Wasserstein distance by

dw(X. Y) := sup {BIA(X) - h(Y)] : Mi(h) < 1}.

For k € N and a (k — 1)-times differentiable function # : R¢ — R, we set

Dk—lh _ Dk—lh o
My(h) 1= sup I (%) Mlop
X#y ||x_)’||

9

viewing the (k — 1)-th derivative D*~'h of h at any point x as a (k — 1)-multilinear form. Then, if
h is k-times differentiable, we have My(h) = sup{||D*h(x)llop : x € R?}.
Recall that, for two matrices A, B € R™  their Hilbert-Schmidt inner product is defined by

d
(A, Byus = Tr(AB) = T(BAT) = Te(B'A) = )" A, B, ;.

ij=1

Thus, (-, -)ys is just the standard inner product on R = R . The corresponding Hilbert-Schmidt
norm will be denoted by || - ||gs. With this notion at hand, following [23] and [58], for k = 2,
we define Mz(h) := sup{|[Hess h(x)|lus : x € RY}, where Hess £ is the Hessian matrix associated
with A. Note for a symmetric matrix A € R with eigenvalues 4,(A) < ... < 14(A), one has
IAllgs = A1(A)+. . .+24(A)* < d||Al[;,. From this, it follows immediately that M>(h) < Vd My(h).
For later use, we define here another two distributional metrics: for random vectors X, Y in R¢,

(X, Y) := sup {BIA(X) — h(Y)] : My(h) < 1, My(h) < 1}

and
ds(X. Y) := sup {E[A(X) — h(Y)] : My(h) < 1, My(h) < 1, M3(h) < 1.
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With the above notation, let us first present the multivariate Stein’s lemma.

Lemma 2.1.3. Fix an integer d > 2. Let C be a non-negative definite d X d matrix. Given a
random vector N = (N, ...,Ny)’, then N ~ N(0, C) if and only if

(2.1.5) E[(N, Vf(N))za] = E[{C,Hess f(N))us]
for every C? function f : RY — R with bounded first and second derivatives.

Proof. If N ~ N(0, C), then the equation (2.1.5) is a simple consequence of the integration by
parts formula. Now assume (2.1.5) and fix an arbitrary vector A = (4;,..., ;)" € R?, we define
the function f(x) = sin({A, x)), which is of class C*> with bounded derivatives. Then (2.1.5)
implies that

E[(A, N) cos (A, N)] = ~(C, AAT yysE[ sin (A, N))]

and similarly we get also
E[(A, N)sin ((A, N))] = (C, AAT)usE] cos ((A, N))].
With the same arguments as in Section 2.1.1, we can build an ODE for G(b) = E[e!**N], that is,
G'(b) = —=b(C, AN )sG(b) subject to G(0) = 1.

Solving this ODE gives us G(b) = exp ( — (C, AAT)ysh?/2). It follows that (A, N) is a centered
Gaussian random variable with variance (C, AAT )ys, thus N is a centered Gaussian vector with
covariance matrix C. O

Starting from the multivariate Stein’s lemma, one can build the multivariate Stein’s equation
(2.1.6) (x, Vf(x))ra — (Hess f(x), Chus = h(x) —E[W(Z)], Z~ N(0,C).
If h € C2(RY) verifies® M, (h) + M,(h) < +oco, then the function

1
(2.1.7) fu(x) = / %E[h( Vix + VI = 12) - h(2)] dt
0

belongs to C*(R?) and solves the Stein’s equation (2.1.6); and here we collect several useful facts
on Stein’s solution:
* forr=1,2,3,
— 1~
M.(fy) <7 'M,(h) and My(fy) < EMZ(h) :

In particular, if C is positive definite, then

— 2
My(fi) < V2/mIC™|lopMy(h)  and M3(fh)§g”c_l/zllopMZ(h)-

For the detailed proofs, one can refer to Section 3.1 of Dobler’s dissertation [28].

%To guarantee that f;(x) is well defined, it is enough to assume / is Lipschitz continuous, see [28, Lemma 3.1.1].
If in addition C is positive definite, with & Lipschitz, it holds true that f;, given in (2.1.7) belongs to C*(R%) and

satisfies Ma(fi) < VAMi(WICloplICIIS, see [67, Proposition 4.3.2].
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2.1.2 Stein’s method of exchangeable pairs

The exchangeable pairs approach within Stein’s method was first used in the paper [27] which,
however, attributed the method to Charles Stein. Later, this technique was presented in a
systematic way in Stein’s monograph [101]. We recall that a pair (X, X’) of random elements
on a common probability space is said to be exchangeable, if (X, X") has the same distribution
as (X', X). In the book [101, Lecture III], it is highlighted that a given real random variable
W is close in distribution to a standard normal variable N, whenever one can construct an
exchangeable pair (W, W’) such that W’ is close to W in some sense and such that the linear
regression property

(2.1.8) E[W - W|W]=-aw
is satisfied for some small A > 0 and Var(i]E[(W’ — W)?|W]) is small. Note the relation (2.1.8)
forces W to be centered.

Theorem 2.1.1 (C. Stein, 1986). Let (W, W’) be an exchangeable pair of random variables
defined on a common probability space (2, ¥, P) such that Var(W) = 1, (2.1.8) holds for some
A>0and W € L3(P), then we have

dw(W,N) < \2/n \/Var(%E[(W —WHW]| + %E[lW - WP,

where N ~ N (0, 1).

Proof. Let f : R — R belong to C3(R) with ||flle < 2, [|f'lle £ V2/7 and ||f”|lc < 2, then
it is clear that f(W)W and f(W)W are integrable. It follows from the exchangeability that
E[(W-W)f(W)] = E[(W — W) f(W")], from which we get E[(W — W))[f(W) + f(W")]] = 0. So

0 = E[(W = W)[-f(W) + f(W)]] + 2E[(W — W) f(W)]
= E[(W = W)[=f(W) + f(W)]] + 2E[f(W)E(W — W'|W)]
= E[(W = W)[=f(W) + fF(W)]] + 2AE[f(W)W] by (2.1.8)

that is, E[(W — W)[f(W’) — f(W)]] = 2AE[f(W)W]; and particularly, E[(W’' — W)*] = 2.
Therefore,

2AB[FW)W — £/(W)] = B((W = W)LFW') = F(W)] = 24f' (W)

1
=E(fW[W - W) =21]) + E| (W - W)’ / (1 =0f"(W + (W = W)) dt]
0

1
=B/ (W)(BL(W - WP IW] - 22)| + E| (W - W)’ / (1=0f" W+ t(W = W)) dt] ,
0

which together with Proposition 2.1.1 gives us the desired bound. O

In recent years, the method of exchangeable pairs has been generalized for other distributions
and multi-dimensional settings in many papers like [93, 94, 100, 90, 23, 21, 22, 29, 36], to name
a few.
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Moreover, the articles [57, 23, 58, 33] develop versions of the exchangeable pairs method
suitable for situations, in which one can construct a continuous family of exchangeable pairs.
By their continuity assumptions, these papers succeed in reducing the order of smoothness
of test functions and hence in obtaining bounds in more sophisticated probabilistic distances.
For instance, the bounds from [57] are expressed in terms of the total-variation distance. It is
this framework of exchangeable pairs that is most closely related to the variant of the method
developed in the present thesis. In contrast to the quoted papers, however, our abstract results on
exchangeable pairs do not make such strong continuity assumptions and hence, allow us to deal
with the inherent discreteness of the Poisson space and Rademacher functionals, which does not
even allow for convergence in the total-variation distance in general.

The following two propositions are generalizations of Meckes’ theorems [57, 58].

Proposition 2.1.2 (C. Dobler, A. Vidotto and G. Zheng, 2017). Let F and a family of real

law

random variables (F;),»o be defined on a common probability space (Q2, ¥, P) such that F, = F
for every t > 0. Assume that F € L*(Q, %, P) for some o-algebra % C ¥ and that in L'(P),

1
(a) lilr(l)l; E[F, — F|9] = —A F for some A > 0,
t
1
(b) hfé“ - E[(F, — F)*|4] = (21 + S)Var(F) for some centered’ random variable S ;
13

(c) and 11151 % E[(F, — F)*] = p(F)Var(F)* for some p(F) > 0.

Then, with N ~ N(0, Var(F)), we have

dw(F,N) < ME[IS” +

AN2r
If p(F) = 0, we have drv(F, N) < A 'E[|S]].

V2Var(F)
————\p(F).
svi )

Proof. Assume first that Var(F) = 1 and fix an arbitrary g € C*(R) with ||g]le < c1, [1€]lee < €2
and ||g”’]le < c¢3 for some cy,cp,¢3 € (0,40). Let G : R — R be a differentiable function
such that G’ = g. Then due to F; "“Fand F e L*(P), one has 0 = E[G(F,) - G(F)] =
E[g(F)(F, - F) + %g'(F)(Ft — F)*] + E[R,] with |R,| < éllg"llm |F, — FJ>. It follows that

0=E|g(F)x %E[F, ~ Fl¥]

1 1 1
+5E [g’(F) X = E[(F, - F)2|g]] = E[R,].
By assumption (c¢) and as ¢ | O,

” _ 3 ’” ”
s IIME[6II;Z FI ||g6||00 \/%E[(F,—F)Z] \/%E[(F,—F)“] _, g7l v62/1p(F)

‘E[Rg]
t

TE[S] = 0 is not restrictive at all. In fact, in our future applications, the convergence in (a) often takes place
in L?(P), so the exchangeability together with condition (a) would imply t'E[(F, — F)*] = -2t ' E[(F, — F)F] =
—2E[Ft 'E(F, — F|F)] = 2AVar(F),ast | 0.
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Therefore as ¢ | 0, assumptions (a) and (b) imply that®
1 1
(2.1.9) 0 =AE[g'(F) - Fg(F)] + > E[¢g (F)S] + 1ilI(I)l ;E[Rg] ,
t

with |1im, 10 %E[Rg]| < V22 VPo(F)lg”|l~/6. Plugging this into the Stein’s equation, we deduce
from Proposition 2.1.1 that

dw(F,N) < sup _ [BIg'(F)— Fg(F)]|

g’ lo< V2/m
llg” lloo<2
118’ llo 1.1
< sup ( E[IS]] + |- lim —E[R,]
llg’ lloo< V277 22 Aot 8
llg” lloo<2

1 V2
< EEUSH + Wy vVo(F) .

Let us now consider the case where p(F) = 0, then the limit in (2.1.9) is zero and

1
E[ - g'(F)+ Fg(F)] = 21 Elg'(F)S],

because ||g”||e < +00. Thus, it follows from Proposition 2.1.1 that drv(F, N) < A7'E[|S|].

The general case follows from the facts that dw(F, N) = o dw(F/o, N/o) and dry(F,N) =
drv(F/o,N/o) for o > 0. O

Remark 2.1.1. The case where p(F) = 0 in the above proposition is studied in E. Meckes’
dissertation [57], in which Meckes further developed an earlier idea in Stein’s technical report
[102]. She called it an infinitesimal version of exchangeable pairs. Her use of a family of
exchangeable pairs enables her to obtain nice bound in total-variation distance, which is beyond
the reach of the usual exchangeable pair method, see e.g. Proposition 2.1.1. Note that in Meckes’
formulation, she required the exchangeability of (F, F;), which is not our case. Our consideration
is motivated by Rollin’s short note [94].

As one will see shortly, the constant p(F’) in Proposition 2.1.2 is often nonzero in our applica-
tions on Poisson Wiener chaos and Rademacher chaos; and in these situations, we will look at
the infinitesimal version of exchangeable pairs as an efficient way of approximation.

The following result is a multidimensional generalization of Proposition 2.1.2, proved in [P4].

Proposition 2.1.3 (C. Dobler, A. Vidotto and G. Zheng, 2017). For each ¢ > 0, let (F, F;) be an
exchangeable pair of centered d-dimensional random vectors defined on a common probability
space. Let & be a o-algebra that contains o{F}. Assume that A € R is an invertible
deterministic matrix and X is a symmetric, non-negative definite deterministic matrix such that

8The equation (2.1.9) shall be understood as follows: the limit lim, 10 t‘lE[Rg] exists and is equal to —AE[g'(F) —
Fg(F)] - § E[g'(F)S]. bounded by V21 jo(F)lg"]les/6.
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.1 -
(a) lim - E[F; — F|9] = —AF in L'(Q);
t]0

1
(b) hl%l 7 E[(F; - F)(F, — F)Tlg] =2AX + S in L'(Q; || - |lus) for some random matrix S with
13

centered entries;

(c) foreachi e {l,...,d}, there exists some real number p;(F) such that
.1 4
lim — E[(F;, — F)"] = pi(F)
t0 t

where F;; (resp. F;) stands for the ith coordinate of F; (resp. F).

Then, we have, with Z ~ N(0, Y),

1A lop Vd Vd||A || -1||o
dy(F.Z) < ———E[|IS llns] + ——=—" Jzzz\, EJ 2Pi(F).

If in addition, X is positive definite, then

A oplIZ ™ lop V27 A lopllZ ey | & d
d,(F,Z) < E[1S lus] + 2N %, pi(F).

Remark 2.1.2. The particular case where p;(F') = 0 for each i € [d] corresponds to Theorem 3
in Meckes’ paper [58]. In this case, we have

A lop Vd
4

d(F,Z) < E[lIS llus] ,

and if additionally X is positive definite, we have

A" TlopllZ"2llop

dw(F,Z) <
w(F.Z) N

E[IISlns] »

see also Proposition 9.1 in [P3].

Proof of Proposition 2.1.3. By the same argument as in the proof of Theorem 3 in [58], we can
assume g € C(RY) with M;(g) + M»(g) + M3(g) < +oo and define

f(x) = / (E[g( Vix+ VI =1t N)| - E[g(N)])dt
which is a solution to the following Stein’s equation

(2.1.10) (x, Vf(x)) — (Hess f(x), Xyns = g(x) — E[g(N)] .
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It is known from Section 2.1.1 that for r = 1, 2, 3,

M < 28

and My(f) < 1My(g). In particular, if ¥ is positive definite, then M(f) < V277 IZ7?|lop M:(g)
and M3(f) < V27|27l Ma(g)/4.

Again, it follows from the same arguments as in [58] that

1 [1
0=- E[ 5(Hess O, AN (F, = F)(F, - F)T)HS]

1 . 1
(2.1.11) + ;E[(A \(F, - F),Vf(F))| + S EIR].

where R is the error in the Taylor approximation satisfying

1 1 3 \/3 1 d d
ZIA- _ TNA- _F)2 L F
IRIS3IIA llopll F: = FIPB < 3 A" |lop8 ;ZI(FI,I F;) ;ZI(FI,, F)*,

where 8 := min {M;3(g)/3, V2x||I=""/|lop Ma(g)/4}, and the last inequality follows from the
elementary inequality |lx — y|> < Vd( X%, (x; — y)*)"* for x,y € RY.

Notice meanwhile that the assumptions (a) and (b) imply that the limit # 'E[R], as ¢ | 0, is
well defined and

1 1 _
~lim -E[R] = E|(Hess f(F), Z)ys — (F. VA(F))| + EE[(Hess FOF), AT Yy
1
= E[g(N) - g(F)] + 5E[(Hess FOF).AT'S Yy -

where the last equality comes from the definition of Stein’s equation. Moreover, by assumption
(c) and the above inequality, we have

@.1.12) i 1]E[R]’ < \/C_Z||A‘1|| li 1]Ezd1(F F)? | li 1EZd:(F F)
1. t1—I>IOl " =73 opﬁ\ lml - it i }l%l : - it i

tl0

d d
= %Wnopﬁ \ 2 2N J 2P
i=1 i=1

where the last equality follows from assumptions (b) and (c). To conclude our proof, it suffices
to notice that

1~ 2
[Bl(Hess £(F), A™'S | < min{§M2<g>, \/; =1l M1<g>} 1A lop ELIS ]
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2.2 Exchangeable pairs on chaoses

One goal of this section is to explain the following result: for each t € R, X € {W,n,X},
one can construct another random object X’ such that (X, X’) is exchangeable and for any
F =§(¥) € L*(Q, o{X},P), one has

(2.2.1) P.F = E[f(¥)lo{¥}],

which is known as the Mehler’s formula for the Ornstein-Uhlenbeck semigroup (P;,t € R,).

And the other goal is to connect these exchangeable pairs to the carré du champ, see Proposition
2.2.1.

Construction of W': this is indeed trivial, we put W' = ¢”'W + V1 — e #W’, with W’ an
independent copy of W. One can easily verify that W’ is a Gaussian random measure with the
same intensity measure u, and for the exchangeability of (W’, W), it suffices to consider their
finite-dimensional distributions, that is, let A,, ..., A,, € Z,, then the following two Gaussian
vectors

(W'(A)),...,W'(A,)) and (W(A)),...,W(A,))

are clearly exchangeable in view of their (joint) covariance matrix. Now let us verify (2.2.1):
note first that by density argument, it is enough to assume F = IIV,V (f) for some f € L?(u”) of the
form (1.2.2), that is,

i15enip=1
where m € N, Ay, ..., A, € Z, are pairwise disjoint, and the coeflicients §;, . ;, are symmetric
and vanish whenever any two of the indices iy, ..., i, are equal. We define

m P

Fo=1'(H= ) B | | W@y
j=1

i]enlp=1

and by standard computation, E[F,|oc{W}] = e ?F. This finishes our verification of (2.2.1) in
the case where X = W.

The above discussion gives us a natural exchangeable pair coupling on Gaussian Wiener
chaos, that is, given f € LX(uP), I (f) and I))'(f) are exchangeable.

Construction of X': let X’ be an independent copy of X and ® = (6, k € N) be a sequence of
i.i.d. standard exponential random variables such that X, X" and ® are independent. For each
t € [0, +o0), we define

Xltc = XkI(Qth) + Xl’(I(9k<f) .

It has been pointed out in [45] that X has the same distribution as X, see also Remark 3.4
in [70] for the symmetric case. Assuming the exchangeability for now and writing F = f(X)
for some representative f : {£1}' — R? we can set F, = f(X’). It is easy to see that the
exchangeability can be passed to (F, F;) now. If F = (Q,,(f1;Y), ..., Q,,(f1;Y)), then we can
write F; = (Q,,(fi;Y),...,Q,,(f;Y")) with Y’ the normalised version of X' in the sense of
(1.3.3).
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Now let us verify the exchangeability. Note first that X’ is a sequence of independent
Rademacher random variables for each ¢ € [0, +00). For each k € N, it is easy to check that

P(X, =—1,X=1)=P(X; = 1, X = =1) = (1 — e )pgi .

This gives us the exchangeability of (X, X}) for each k € N. Leta = (a;,i € N),b = (b;,i € N) €
{1}, then using the independence within those two sequences X, X', we obtain

P(X =a,X =b) = | [ P(Xc = a, X; = by)
keN
= l_[ P(Xy = by, X, = a;) by exchangeability of X;, X;
keN
=PX=b,X"=a).

This proves the exchangeability of X, X’. The rest follows from a standard approximation
argument: it is clear that after truncation, (with [N] :={1,...,N})

(Op, (filivp1:Y), ..o, O, (falivpas Y)) and (Qp, (il s YO, ..., Oy, (filivyeas Y))

form an exchangeable pair; letting N — +oco and keeping in mind that the exchangeability is
preserved in limit, we get the desired result. The verification of Mehler formula (2.2.1) can also
be done by truncation argument, see for instance, [45, Proposition 3.1]

Construction of 7’: it is much more delicate. Recall from Remark 1.2.1 that our Poisson random
measure can be represented as follows:

(2.2.2) n= Z Sx.
n=1

where X, n > 1 are random variables with values in Z and « is a N U {+o0}-valued random
variable. Now let Q be a standard exponential measure on R, and let (Y,),ar be a sequence
of i.i.d. random variables with distribution Q, independent of (x, X,,). Then the marked point

process &, given by
§:= Z 0K, ¥, »
n=1

is a Poisson point process with intensity measure ¢ ® Q. For each ¢ € R,, we define
Ne-(A) := E(A X [t,+)), A e &,

which is called the e~’-thinning of n: it is obtained by removing the atoms (X,,) in 7 independently
of each other with probability 1 — e™. Moreover, 77,~ and 1 — .~ are two independent’® Poisson
point processes with intensity measure ey, (1 —e™")u respectively. One can refer to [49, Chapter
5] for more details.

For any fixed ¢ > 0, let 7] _,_, be a Poisson point process on Z with control (1 —e™)u such that
it is independent of (17, 77.). And we put ' = 1.« +1,__,.

The independence stems from the fact that they charge disjoint sets.
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It is easy to verify that (r,7") is an exchangeable pair of Poisson point processes.

Indeed, it suffices to notice that n = 1.+ + n — n.+ and that n — n.+, |_,-, have the same
law, and are both independent of 7. Now let f : S, — R be .%,-measurable, then for any
Borel subsets A;, A, of R,
P(i(m) € A1, T(7) € A2) = P + 1 = ner) € Ay, T(er +1_) € A2)
= P(f(ne—r + 77,1_8_,) € A] s f(?]e—r +n - 7]6—1) € Az)
=P(i(") € Ay, T(p) € Ay) .
This implies the exchangeability of (1, 77").

Now let us verify the Mehler formula (2.2.1): in fact, we can go through the same density

arguments as in the Gaussian setting, and we only need to establish the following claim: for
Ae 2,

(2.2.3) E[7'(A)lo{n}] = e TA),

where ;77 := 1" — u denotes the compensate Poisson random measure. It simply follows from the
construction of 7' that

E[77(A)lo{n)] = E
E

7e(A) + 1, (Alo(n)] = E[7-(A)lertn)] by independence

|
Ine@lortnl] = e7u() = B[£(A x [1, +0)lor{n}| = e7u(A)

n=1
=B [ Z 0x, (A)jy,znl00 {77}} —e”'u(A)
n=1

=e¢'E

Z Ox, (A)|0'{n}] — e 'u(A) by independence

= e 'n(A),
which gives us (2.2.3).

The above discussion also gives us a natural exchangeable pair coupling on Poisson Wiener
chaos, that is, given f € L2(u?), I(f) and I}} (f) are exchangeable.

It is clear to us/readers now: we have constructed exchangeable pairs on three chaoses, and
we shall apply our plug-in results (i.e. Propositions 2.1.2,2.1.3).

Let us hold on for a while and recall that the random variable F in Proposition 2.1.2 is required
to be in L*(P). If F is in a Gaussian Wiener chaos, then automatically, F has finite moment of
any order, which, however, is not the case on the Poisson space and in the general Rademacher
setting. And moreover, the set of finitely many Poisson Wiener chaoses (or Rademacher chaoses)
is not stable under multiplication. As a consequence, L(FG) may be ill-defined for general
F,G € CJUC] (p,q € N). Same remark applies in the general Rademacher setting.
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The following lemma points out the situations, in which one can have the product of two
chaoses in finitely many chaoses.

Lemma 2.2.1. (i) Given p,q € N and f € LX), g € L*(u9), if F = I)(f), G = I}(g) belong to
L*(P), then FG € L*(P) has the finite chaos expansion:

p+q-1
FG = E[FG] + Z J(FG) + 1, (f®g) .

k=1

(i1) Given p,q € N and f € Sjgp, g € Squ, it F = Q,(f), G = Q,(g) belong to L*(P), then
FG € L*(P) has the finite chaos expansion:

p+q-1

(2.2.4) FG =E[FG]+ ) Ju(FG)+ Qp.o(f82Ls,,,).

k=1
In particular, if Q,(h) belongs to L*(P) for some i € $, then

h(k)*(qx — p)

O1(h)* = Il + O1(w) + Qa(h®hL,,)  with w(k) =
Pk

,k € N.

Proof. (i) See [32, Lemma 2.4] for a proof. (ii) See [30, Lemma 2.3] or [P5, Lemma 2.1] for a
proof. Here we only provide an alternative proof for (ii): one can first truncate the kernels, that
is, put f, = Iy, g0 = glie and F,, = Q,(f,), G» = Q,4(gn), then it is easy to see

p+q-1

(2.2.5) F,G, = E[F,G,] + Z Ji(F,.G,) + Qp+q(ﬁ§gnIA,,+q) s
k=1
while it follows from martingale convergence theorem that E[F|o{X{, ..., X,}| = F, converges

in L*(P) to F and in the same way, G, converges in L*(P) to G, thus F,G, converges in L*(P)
to FG, as n — +co. Note also that J; is bounded linear operator on L*(Q, o-{X}, P). Thus, the
equality (2.2.4) follows from (2.2.5) by passing z to infinity. O

Remark 2.2.1. Given X € {W,7,Y} and p,q € N, if F € C}, G € C] have finite fourth moments,
then by product formula (1.2.9) (in the Gaussian setting) and Lemma 2.2.1, we conclude that
I'(F, G) is well defined and belongs to L?(P). Moreover, it has the following nice chaos expansion:

p+q P& prg—k
(2.2.6) r(r.6) = L=A8FG) + > o,
k=1

and as a consequence of the orthogonality properties, one deduces that

7 ptq-1 p+q—1

prq-1r Z Var(Jy(FG)) < max{p’, ¢*} Z Var(Ju(FG)).
=1 k=1

(2.2.7) Var(I'(F,G)) < 4
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We will close this chapter with the following crucial result, which links the exchangeable
pairs to carré du champ via regression.

Proposition 2.2.1. Fix p,q € N and let (F, F,) and (G, G,) be two exchangeable pairs of random
variables in any of the following three cases:

e F=IV(f),F, =1V (f)and G = 1)(g). G, = I, (g) for some f € LA(uP), g € L2(u);
o F=I)f).F,=1I)(f)and G = I)(3). G, = I} (g) for some f € L3(u’), g € L2(u):;

o F = g["(f;Y)’ F, = Q0,(f;Y)and G = Q,(8;:Y), G, = Q,(g;Y") for some f € Sjoep,
8ED, -

If F,G € L*(P), then, with X € {W,n, Y} corresponding to any of the above cases,

1
(a) 1ilI(I)l ;E[Ft — Flo{X}] = LF = —pF in L*(P).
t
1
(b) lifgl ;E[(F , — F)(G, — G)|o{X}] = 2I'(F, G), with the convergence in L(P).
13

(©) lilr(l)l %E[(F, — F)* = —4pE[F* + 12E[FT(F)] > 0.

Proof. By the Mehler formula (2.2.1), we have

PAF)-F et -1
B t ¢

%E[Fz — Flo{X}] F,

converges in L*(P) to —pF = LF, as t | 0. By Lemma 2.2.1, FG has a finite chaos expansion of
the form:

e when X =W, FG =E[FG]+ Y1 1V(f) for some fi € L2(ub), k=1,....p+q;
e when X =17, FG =E[FG]+ X 7I(g) for some g, € L2(uf), k=1,....,p+gq;
e whenX=Y, FG=E[FG]+ f:ka(hk;Y) for some i € 9, k=1,...,p+q.

Therefore, accordingly, F;G, can be expressed as follows:

e whenX =W, F,G,=E[FG]+ Y/ 1V (f);

e whenX =17, F,G, =E[FG]+ X! IZ[(gk);

e when X =Y, F,G,=E[FG]+ X7 Ou(h; Y).
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It follows immediately that

ptq 1 .

2 B G0 = B GletW)] when X = W
k=1

ptq

1 1
;E[Fsz - FGlo{¥}] = Z ;E[IZ (&) — I/(glo{n}]  when X = p;

1
> B[O Y) = Qulh: Vlor(Y)]  when ¥ =Y.

=
Thus, in L?>(P) and as ¢ | 0,

ptq
%E[F,Gt — FG|o{X}] — Z —k J(FG) = L(FG)
k=1

Hence, we infer that in L>(P) and as ¢ | 0,

%E[(F, - F)G, - G)lor{¥)] = %E[F,Gt - FGlo(x)] - FoAG— IG"T{%” _gH o f'(’{x”

— L(FG) - FLG - GLF = 2T(F,G).

Since the pair (F, F,) is exchangeable, we can write

E[(F, — F)'|=E[F} + F* = 4F’F — 4F°F, + 6FF?|
=2E[F*] - 8E[F°F,] + 6E[F?F?]  (by exchangeability of (F, F,))
=4E[F*(F, - F)] + 6E[F*(F, - F)*] (after rearrangement)
= 4E[F’E[F, — Flo{¥}]] + 6E[FE[(F, — F)*|o{¥}]].

so (c) follows immediately from (a),(b) and the fact that F € L*(P). O

Remark 2.2.2. (1) In fact, the statement (a) implies (b) and (c). In the paper [P3] written
with Ivan Nourdin, we made a novel observation that in the Gaussian setting, once we have
an infinitesimal version of exchangeable pairs of multiple Wiener-It6 integrals verifying the
asymptotic linear regression (a), the quadratic regression (b) and the fourth order regression (c)
follow immediately. In the same paper, we presented another construction of exchangeable pairs
via the Gibbs sampling procedure; see [P3, Section 4] for more details.

(2) As we can see from the above proof, this implication also holds true on the Poisson space and
in the Rademacher setting. However, there is one noticeable difference, that is, in the Gaussian
setting, due to the diffusion property, —4p E[F*] + 12 E[F°T'(F, F)] = 0; while this quantity is
believed to be strictly positive in the discrete settings, otherwise, F' could be a random variable
with density, in view of Proposition 2.1.2, see also Remark 3.1.1.



Chapter 3

Fourth moment phenomena via
exchangeable pairs

Abstract
This chapter presents detailed proofs of results stated in Section 1.4. More precisely, in Section 3.1 we
present unified proofs for FMTs on the Gaussian and Poisson spaces. The second section is devoted
to the extension of our strategy to the Rademacher setting, while the last section covers a collection of
universality results about homogeneous sums.

3.1 FMTs on Gaussian and Poisson space

3.1.1 Main results

Let us first consider the univariate case and state one of the main results in this chapter.

Theorem 3.1.1. (i) Fix pe Nand F € (CZ such that F € L*(P) and o := v/Var(F) > 0. Then

-1 2 [ap-3
P p—] E[F4] - 30*.

dw(F,N,0%) < | —— + —

(i1) Fix an integer p > 2 and F € CI‘;V such that o := /Var(F) > 0, then

dry(F,N(0,0?%)) < Zi — 1 E[F4] - 304

p

and 5 .
dw(F, N0, %) < <L~ [E[F*] - 304 .
po N2n
D _ . 2 [p-1
The coefficient in the above total-variation bound can be improved to a2\ 3, see Theorem
(o8 p

5.2.61in [67].

45
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Proof of Theorem 3.1.1. First we can write F = I,;(f) for some f € L3(u”), where X = W or

X = n depending on whether F € CZ" or F € C!. Now we define F, = I f (f) and we deduce from
Proposition 2.2.1 thatas ¢ | 0,

E[F, - Flo{X}] — —pF in L*(P), . %E[(F, — F|o{¥}] > 2(F) in L*(P),

NIP—‘ Nl»—t

3
E[(F, - F)!] - 4p(1;E[F2r<F>] — E[FY).

2 4p 3
It follows from Proposition 2.1.2, with § = —T(F)~2p and p(F) = P —(ZE[F?I(F)|-E[F*)
o o*\p
that

B[IT(F) - po |]+i “E[FT(P)] - BIF.

dw(F, N(0,0?)) <

opN2n

Since E[I'(F)] = po?, by Cauchy-Schwarz we have E[|[(F) — po?|] < /Var('(F)). Therefore,
we get

\/_

dw(F, N(0,0? Var(p~'I'(F)) + \/_\/ [F2T(F)] - E[F*].

3
If in addition, F € Cl‘f’, we have —E[F*T'(F)] — E[F*] = 0 and the above bound reduces to
4

\/_

dw(F,N(0,0%) < ——— /Var(p~'T(F)),

and we can also deduce from Proposition 2.1.2 that

2 2
drv(FN(0,0%) < S B[IT(F) - porl] < — | Var(p'T(F)

3
It remains to estimate the two quantities: Var(p™'I'(F)) and = E[F?I'(F)] — E[F*]. Then our
p

theorem follows from the following Lemma 3.1.1. O

The following result was contained in Lemmas 3.1 and 3.2 of [32] for the Poisson space. Its
proof verbatim works on the Gaussian space.

Lemma 3.1.1. Given F € L*(P) N C; with p € N and X € (W, 57}, we have

(3.1.1) Var(['(F)) <

12
G2 (B - 3EFP),

and

(3.1.2) 0< %E[FZF(F)] ~E[F] < %(E[F“] — 3E[F?]) .



PART I: FOURTH MOMENT PHENOMENA VIA EXCHANGEABLE PAIRS 47

Remark 3.1.1. (i) The first inequality in (3.1.2) was proved in [32] under the assumption (A).
Indeed, the authors of [32] were able to use Mecke’s equation to prove that under the assumption
(A),

3 1
“E[FT(F)] -E[F*] = — / E[ID} F|*] u(dz) > 0.
p 2p Jz
However, this inequality is trivial to us, in view of the following limit
1 e a2 _ 4
lim —E[(F, — F)*] = 4p(=E[F’T(F)] - B[F*]).
tl0 f D
(i1) Due to the discrete structure of the Poisson space, the quantity
3o 4
—E[FT(F)] - E[F"]
4

is believed to be strictly positive for nonzero random variable F' € C},. Unfortunately, we do not
have a rigorous proof. Here is some heuristic argument: if we have the equality in (3.1.2), by our
proof of Theorem 3.1.1, we would obtain

drv(F, N(0, Var(F))) < VE[F*] - 3E[F2]2,

Var(F)

which is unlikely true. For instance, we can consider the normalized partial sums of i.i.d
standard Poisson random variables: their fourth cumulants will vanish asymptotically, while
their total-variation distance to the standard Gaussian is always one.

Remark 3.1.2. (i) To appreciate more the simplicity of our strategy, we sketch Dobler and
Peccati’s proof in [32] here: they started with the pathwise representation of Malliavin
derivative D and carré du champ I', and along the lines' of discrete Malliavin-Stein
approach, they were able to obtain (see Proposition 4.1 in [32])

1/2
dw(F, N0, 1) < [Var(g-'T(F) + %( / E[|D;F|4]u<dz>)
Z

where F € C] has unit variance and satisfies some integrability conditions; as we already
mentioned in point (i) of Remark 3.1.1, under their assumption (A), the second term in the
bound can be re-expressed as a multiple of 3p~'E[F?I'(F)] — E[F*]. The rest of their proof
consists of a straightforward application of Lemma 3.1.1. It is still surprising to ourselves
that our use of exchangeable pairs miraculously helps us to avoid the assumption (A).

(i1) Note that Dobler and Peccati [32] also provided a Berry-Esséen bound with same order as
the Wasserstein bound, under a local version of their assumption (A). We are not sure if
our strategy can prove it under the weakest possible assumption of finite fourth moment.

The following lemma provides us with some generalization of Lemma 3.1.1 that will be useful
for our multivariate results. The points (ii) and (iii) are motivated by Proposition 3.6 in [17].

'One may want to compare the bound with that in (1.3.8).
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Lemma 3.1.2. Fix X € {W,n} and integers p,q > 1. Let F € C; and G € C; have finite fourth
moments.

(1) The following inequality generalizes (3.1.1):

(p+q—1)2(
4

(3.1.3) Var(I'(F, G)) < E[F’G’| - 2E[FGT - Var(F)Var(G)) .

(i) If p < g, then

(3.1.4) 0 < Cov(F?,G?) = E[F?>G?] - Var(F)Var(G) < VE[F*] VE[G*] - 3E[G?]? .

(iii) If p = g, then

(3.1.5) 0 < Cov(F%,G*) - 2E[FG|* <2 \/(]E[F“] — 3E[F2]2)(E[G*] - 3E[G2]?).

The proof of this lemma is postponed to Section 3.1.2.

Now let us state the multivariate fourth-moment bound.

Theorem 3.1.2 (C. Dobler, A. Vidotto and G. Zheng, 2017). Fix integersd > 2 and 1 < g; <
.. < qg. Consider F = (Fy,...,Fy)T with F;e CZ,- N L*(P) for each j € [d] and assume X is the
covariance matrix of F. Then, with N ~ N(0, X), we have

((qu - 1)V2d , 24 VATI(X)
4q: 991

d;(F,N) <

] JEIF?] - 3E[F2P
d
(3.1.6) (2%’ _ 1) ‘/_ [Z E[F4]1/4) > @LF - 3ELF)
i=1 j=2

If in addition, X is positive definite, then we have

2qa— DIZ oy qa V27lIZ7lop VTI(E) | &
d>(F,N) < E[F*] — 3E[F?]?
A ><( o o Z]\/[] [F2]
(317) n (261(1 - 1)”2_1/2”0}) [dz_ll E[F4]1/4) Zdl (E[F4] _ 3E[F2]2)1/4 )
q1 \/% P l = ! /

Proof. Assume that F = (Fy,...,Fy)" = (I (f),..., qd( f))" with f; € L2(u®) for each j € [d).

For each t € R,, we define F, = (Fy,,... ,Fd,,)T = ( ql(fl s qd(fd)) . Then, it is clear that
(F,, F) is an exchangeable pair and by Proposition 2.2.1, we deduce

1 in L2(P)
~(Fis = F)(Fj; = Fj) = 2U(F;, F)) |oimt | —> 0.

ase |0
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Therefore, as ¢ | 0 and in L'(P), we have

1 2
H;E[(F, — F)F, = FY'lo(n)] = QU(F;. F))) oy e

HS
d 1 2
= Z (E[;(Fi,t_Fi)(Fj,t - Fj)_2r(FiaFj)| 0'{77}]) —0.
ij=1
It is easy to see that for each j € [d],
.1 .
I}f(I)l ; E[Fj’t - Fjl(T{?]}] = _quj inL (P),

from which we deduce that as ¢ | 0 and in L*(P), we have

R Fi - F; ?
RO A t

1

| <5t - Fiotn - aF

with A = diag(q;,...,qs) in such a way that ||A‘1||0p =1/q.
It is also clear that, for each i € [d],
1
pi(F) := lim —E[(Fi, - F)'] = ~4q; BIF{] + 12E[F)T(F;, F)]
t
< 2(4q; - 3)(ELF{1 - 3E[F?T’) by (3.1.2).

Now define S, ; := 2I'(F;, Fj) — 2q; Z; j for i, j € [d], and observe in particular that §; ; is centered.
Thus,

d d d d
J D 2AE J D pilF) < J D, 2% ¢ D, 2(4q; = 3)(ELF}] - 3E[F2P)
i=1 i=1 i=1 i=1
d

< V44q4(4q4 — 3)Tr(Z) J Z (E[ F4] - 3E[ Fiz]z)

i=1

d
(3.1.8)  <dq,VTr(E) Z \/E[F?] - 3E[F7T?,
i=1

where the last inequality follows from the elementary fact that \a; + ...+ a; < a1 +...+ \ay
for any nonnegative reals ay, ..., ay.

Now we consider E[||S ||us]:

4 12
Var(F(F,', F]))] .

ij=1

d 1/2
(3.1.9) E[JIS llus | < {Z E[szj]] =2
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It follows from (3.1.3) that

5 5 (gi+q;— 1)
D Var(T(F;, F) < ) +(E[F§F§] — 2B[F,F ]’ - Var(F;)Var(F))

i,j=1 i,j=1
(g -1’ <
< %T Z} (E[F?F3] - 2E[F.F,)* - Var(F;)Var(F )
i,j=
2q4— 1)
(3.1.10) = T

where the last equality is a consequence of the fact that (see e.g. (4.2) in [72])

E[IINII*] = Z (155 + 252))

i,j=1

It follows from Proposition 2.1.3 that

(3.1.11)  dy(F,N) < M\/E[IIFII“ N o+ 24a VAT “dTr(z Z \/]E[F4 _ 3E[F2P
4q, =

and if in addition X is positive definite, we have

(2q4 = DIZ™'?[l,
da(F.N) < > JENFI V1]
@1 V21
=120 V27T (D)
(3.1.12) 4 4l llop v2mTr(2) \/E[F4] 3E[F2].
6ql i= 1
Hence we can conclude our proof by evoking the following Lemma 3.1.3. O
Remark 3.1.3. It follows from Remark 2.1.2 that given ¢; < ... < qq, if F = (Fy,...,F,)"

satisfies that F; € CW for each j € [d] and that X is the covariance matrix of F, then with
N~ N(@,%), we have

A Ylop Vd 2q, — 1) Vd
d>(F,N) < %E[IISIIHs] < (%4—){ \/E[IIFII4 —[INII*] 5
q1

if in addition X is positive definite, we have

”A_l”0'0”2_1/2”‘“’15[||S|| < (2qa — DIZ™?[|qp
HS
V2r q1 V2rm

See also Theorem 4.3 in [72].

dw(F,N) <

ENIEIE = INIF].

One can see from (3.1.10) that E[||F||* — ||N||*] = 0, and the following result provides the
upper bound for E[||F||* — |IN|[*].
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Lemma 3.1.3. Let F, N be given as in Theorem 3.1.2, then

d-1

d
E[F;*]) > JEIF-3EIFP

Jj=2

d 2
E[IFII* - INI] < 2(2 JELF! - 3E[F,.2]2) + 2(
i=1

i=1
In particular, if ¢; = ... = g4, one has,

2

d
E[IFII* - IN]1] < 2[2 JEIF? - 3E[F§]Z] .
i=1

Proof. Let us first consider the particular case where g¢; = ... = g4. One obtains from Lemma
3.1.2 that
d
E[IFI* — INI*] = " (ELF?F2] - 2ELFiF ;) - Var(F,)Var(F))
ij=1
d 2
< ZZ \/(]E[F“ 3E[F?1?)(E[ F4] 3]E[F2 (Z \/E[F“ 3E[F7)? ) .
i,j=1 i=1
In the general case where ¢; < ... < g,, Lemma 3.1.2 implies
E[IIFI* ~ V1]
d
(3.1.13) - Z Ly—g)(COV(FZ, F?) = 2E[F,F]*) +2 Z Lyi<q) COV(F2, F?)
i,j=1 1<i<j<d
< (Z JELF?] - 3E[F2P ] +2 3 \[BIFS JEIF - 3EFR) |
1<i<j<d
d j-1
One can rewrite Z as Z Z and then the desired result follows. m|

I<i<j<d — j=2 i=1

Remark 3.1.4. (i) With the notation and assumptions given as in Theorem 3.1.2, if in addition
q1 = qa4, that is, all the component of the random vector F belong to the same Poisson Wiener
chaos, then we can obtain better bounds, namely:

d
2q.-1) \/_ ZC]d VdTl’(E )Z \/E[F?] -3 E[FiZ]Z )

d;(F,N) < [ 14,

i=1

If in addition X is positive definite, we have

(ZQd - l)llz_l/zllop n lelz_l/zllop VZHTT(Z)
QN7 64,

d
dy(F. N) < ( )Z JELF!1 - 3E[F2P.
i=1
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(ii) Following the assumptions in Remark 3.1.3 and assuming in addition that ¢; = ¢, we get

d
dy(F,N) < W > \/E[Fj‘] ~3E[F?P;
i=1

if in addition X is positive definite, we have

Qg = DIZlop &
dw(F,N) < E[F!] - 3E[F?)?;
q1 \/7_T ; \/

for the general case where g; < g, < ... < g4, one can also obtain fourth moment bounds in d,
distance and Wasserstein distance. We refer interested readers to the paper [60] by Noreddine
and Nourdin and in particular, one may want to compare this remark and Remark 3.1.3 with
Theorem 1.5 therein.

We conclude this section with the Peccati-Tudor theorem on the Poisson space, which is an
easy corollary of our Theorem 3.1.2.

Corollary 3.1.1 (C. Dobler, A. Vidotto and G. Zheng, 2017). Fix d € N and ¢qy,...,q; € N
and suppose that, for eachn € N, F = (F 5") e F;"))T is a random vector such that each
F ,((”) belongs to the g-th Poisson Wiener chaos. Moreover, assume that X is a fixed nonnegative

definite matrix and that N = (N,, ..., N,)" is a centered Gaussian vector with covariance matrix
X. Assume that the following two conditions hold true:

(i) The covariance matrix of F™ converges to X as n — oo.

(i) Foreach 1 <k < d it holds that lim,_. E[(F\")*] = 3%2,.

Then, as n — oo, the random vector F™ converges in distribution to N.

Remark 3.1.5. The condition (ii) in Corollary 3.1.1 can be replaced by the following equivalent
condition:

Tim E[IF®I*] = E[INIF].

The equivalence is not trivial: assume (ii), then the above limit follows from Lemma 3.1.3; for
the converse direction, we assume (i) and lim,,_, ., E[||F™||*] = E[||N||*], then by (3.1.10), we
have Var(I'(F lf"))) — 0 for each i € [d]. As we will see in Remark 3.1.6-(2),

E[F*] - 3E[F?)* < gVar(F(F))

for any F € C), then (ii) follows immediately.
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3.1.2 Proof of Lemma 3.1.2 and Remarks

In this section, we first provide the proof of Lemma 3.1.2. The following result from [72, Lemma
2.2] will be helfpul.

Lemma 3.1.4 (I. Nourdin and J. Rosifiski, 2014). Given p,q € N, f € L?(u”) and g € L*(u?),
we have

PAg

~ pP\l4
(p+ ) If Bl = plg! >’ (r)(r) 1f @ gl* = plg! IFIPNEI® + Tpmqiplg! (£ )7
r=0

and in the case of p = ¢, one has

p-1 2
(2p)f&f, g8g) = 2p* (f,8) + ) | p!z(l:) (f®rg.8 f).
r=1

0
Here we follow the convention that Z =0.

r=1

Proof of Lemma 3.1.2. Without loss of generality, we assume F = I}(f) and G = I;)(g) for some
f € LA(uP) and g € L*(u?). The proof on the Gaussian space works verbatim as follows.

First it follows from Lemma 2.2.1-(i) and Remark 2.2.1 that J,,,(FG) = IZ+q( f®g) and

p+g-1
(3.1.14) 2T(F,G) = (p + ¢)E[FG] + Z (p+q—k) J(FG).
k=1

It follows from Remark 2.2.1 that Var(T(F, G)) < 4= 574~ yar(J,(FG)). Similarly, as

FG € L*(P), we have FG = E[FG] + Y71 J\(FG) so that

p+q-1

E[F?G?] = E[FG]* + Z Var(J.(FG)) + Var(J,,,(FG))
k=1
p+q-1

(3.1.15) — E[FG]* + Z Var(Ju(FG)) + (p + @)l f@gll” .
k=1

It follows from Lemma 3.1.4 that (p + ¢)!||f®g|*> > Var(F)Var(G) + E[FG]>. Hence

Var(I'(F,G)) < Mﬁfjv (Ju(FG))
ar , < 4 £ ar(Jy
— 1) _
= LA (767 - BIFGP - (p + 9) &gl
2
(3.1.16) Lpra- 17 (ELF*G*] - 2E[FGT ~ Var(F)Var(G)) .

= 4
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In particular, Lemma 3.1.4, applied to p = g and f = g, gives us

p-1

2
COUFRAP = 2p IS +p!* ) (’r’ ) I & I,

r=1

therefore implying

2p—1)?
Var(()) < L (B - IR - @p)ifaf )
_(217_1)2 4 292 2p_1172 2
=0 {E[F 1-3E[F*]> - p! Z:; . I & fII7| -
This proves (3.1.1) and
p—1 2
(3.1.17) Py (p) If ® fI? < E[F*] - 3E[F*]? .
r=1 r
It is also clear from (3.1.16) that
2p-1
(3.1.18) > Var(Jy(F?) < E[F*] - 3E[F’].

By now, we have proved (i) of Lemma 3.1.2. Now let us prove (ii) and (iii).

To see Cov(F?,G?) > 0, it is enough to rewrite Cov(F?, G?) using (3.1.15) and Lemma 3.1.4:

p+q—1 PAq
(3.1.19) Cov(F?,G?) = 2E[FGY? Z Var(J(FG)) + p! q'Z( )(r)llf ® gl

Now we turn to the upper bounds for Cov(F?,G?). First by Lemma 2.2.1-(i), we have
Jop(F?) = Igp( f&f) and J,,(G*) = I;’q(g@g). Moreover, one has

2q 2g-1
E[F?G*] =E|F? Z J(GH| = B[F?Jo(G?)] + E[F*J,,(G*)] + E| F? Z J(G?)
k=0 k=1
2g-1
= Var(F)Var(G) + E[F? J,,(G)] + E | F? Z J(G?
k=1

If p < g, then E[F? J,,(G?)] = 0, so that

2g-1 2g-1
Cov(F%,G?) =E|F* ) J(GY| < VEIF*] JZ Var(J,(G?))
k=1

where the above inequality follows from Cauchy-Schwarz inequality and isometry property. The
desired result (3.1.4) follows from (3.1.18).
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Now we consider the case where p = g,

2p-1

E|F? Z J.(G?
k=1

2p-1

= > ElW(F)I(GY)]

k=1

2p—1 2p-1
< J Z Var(J;(F?)) J Z Var(J;(G?)) (by Cauchy-Schwarz)
k=1

k=1

< \/(E[F4] - 3E[F?]?)(E[G*] — 3E[G?]?) due to (3.1.18).

By orthogonality property, we have

p-1 2
B[/, (F)12,(GY)] = 2p){f& . 88g) = 2p*(f.8) + ) p!z(lr?) (f&g.8®f),
r=1

where the last equality follows from Lemma 3.1.4. As a consequence, one has

p—1

2 p-1 2
B[FJ5,(G?)] - 2E[FGP = p!z(’; ) (& 228 )< Z; p!Q(I:) lr e

r=1

8l

by Cauchy-Schwarz. Note that, by definition of contractions and Fubini theorem, we have
If ®, gll* = (f ®-r f,8®,-r g) foreach r =1,...,p— 1. Thus,

p-1 p 2
v Ire.e

r=1

:pZ ( (f ®pr [,8®p-r 8) = Zp'z( )2f®fg®rg>

r=1

p—1 2
< P!Z(l: If © fll xllg ®gll.  (by Cauchy-Schwarz)
1

r=

IA
Y

p-1 2 p-1 2
PR ) If & fIP J > p!Z(’r’ ) lg ® gIP> ~ (by Cauchy-Schwarz)

r=1 r=1

< VE[F*] - 3E[F?]2VE[G*] - 3E[G?]?> due to (3.1.17).

Hence, we obtain

2p-1

F? Z J(G?)
k=1
< 2+JE[F*] - 3E[F?]> VE[G*] - 3E[G2]* .

Cov(F?,G*) - 2E[FG)* = E[F* J,,(G*)] - 2E[FG)* +E

The proof of Lemma 3.1.2 is completed now.

For the sake of completeness, let us provide a quick proof of Lemma 3.1.1.
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Proof of Lemma 3.1.1 . Note the inequality (3.1.1) in Lemma 3.1.1 is recovered by taking F' = G
in (3.1.3) and the second inequality in (3.1.2) can be proved in similar lines: we write F? =
E[F?] + X7, Ju(F?) and by (3.1.14)

1 2p-1
(3.1.20) I'(F) = pE[F*] + 3 Z(Zp —k)J(F?) .

k=1
So by orthogonality and (3.1.18), we have

2p-1
—E[F*] + iE[F2 I(F)] = —-E[F*] + 3E[F?]* + 3 Z(Zp — k) Var(J,(F?))
p 2r =

2p—1 4p -
< —E[F*] + 3E[F?] + %(E[F“] _3E[F) = 223y
14
where x4 (F) := E[F*] — 3E[F?]?. This gives us the second inequality in (3.1.2). o

There are several interesting relations in the above proof. We will summarize them in the
following remark.

Remark 3.1.6. (1) Let F € C} have nonzero variance, then it holds true that E[F*] > 3E[F?*]*.
Indeed, we can always assume F € L*(P). If p = 1, F = I?(f) for some f € L?(u), then by
product formula (see e.g. Proposition 6.1 in [47]), one has E[1]()*] = 3|Ifll; + [, f(2)* du >
3E[F?]*. For p > 2, F = I}(f) for some f € L2(u”), then according to (3.1.17), E[F*] = 3E[F?*]?
would imply ||f ®; fll = 0, which would further imply by standard arguments that f = 0
p-almost everywhere, which is a contradiction to the fact that F is nonzero. If F € C;V with
p > 2 and Var(F) > 0, the same argument will give us E[F*] > 3E[F?]>. Note that random
variables in the first Gaussian Wiener chaos are centered Gaussian distributed.

(2) Let F € C; N L*(P), one has p(E[F*] — 3E[F*]*) < 6Var(I'(F, F)), which shall be compared

with (3.1.1). In fact, it follows first from (3.1.2) that E[F*]-3E[F?)* < 3E[F?*(p~'T'(F)-E[F?])],
and by (3.1.20) and orthogonality property, we have

T op—k G 2p-kp?
E[FA(I(F) - pE[F*])] = Var(Ju(F)) < )’ 5 Var(Ju(F%) = 2Var(L(F)).
k=1 k=1

hence p(E[F*] — 3E[F?]?) < 6Var(I'(F)). This inequality also explains the equivalence in
Remark 3.1.5. Moreover, this echoes Nualart and Ortiz-Latorre’s work? [75]: if F,, € CZ has unit
variance for each n, then the following implication holds:

T(F) 2255 pin I2(P) =  F, —25 N(O, 1).
n—+oo

(3) Let F, N be given as in Theorem 3.1.2, then from (3.1.10) it follows that E[||F||*] > E[||N||*].
Moreover, if one of the components F'; in F has nonzero variance, it follows from the above two
points and again (3.1.10) that E[||F||*] > E[IINV]I*].

*Recall that on the Gaussian space, ['(F,,) = ||DF,|I* if F, € C)).
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(4) Let the assumptions in Proposition 1.4.1 prevail. It follows from (3.1.17) that

p=1 , \2

PPy (j’ ) I, ® £l < L) - 3BT .

r=1
If E[IZ(f,,)“] — 3 asn — +oo, then ||f, ®, ful| = O for each r € {1,...,p — 1}. Therefore
by Nualart and Peccati’s FMT, E[IEV( f)*1 — 3 and moreover by Nourdin-Peccati bound,
dTV(I;V (f),N) = 0, as n — +co. This completes the proof of our transfer principle, i.e.
Proposition 1.4.1.

(5) Fix F = 1/(f) and G = I,(g) for some f € Li(u”) and g € L}(u?), with p,q € N. The
equality (3.1.19) still holds true with the same proof. So it holds true that Cov(F?, G?) > 0 with
equality only when ||f ®; g|| = 0. So one can easily see that Rosifiski and Samorodnitsky’s
observation (Proposition 1.2.1) follows from Ustiinel and Zakai’s result (Theorem 1.2.2).

(6) Fix F = I)(f) € L*(P) and G = 1(g) € L*(P) for some f € L*(u’) and g € L2(u?), with
p,q € N. The equality (3.1.19) gives us the following equivalence:

Cov(F>,G*)=0 o |If® ¢gl=0and FG = I,,,(f®g).

This equivalence seems new to us. However, we have no idea to go further and get the equivalent
statement for /' L G in terms of contractions. It is believed that F L G if and only if f *(1) g =0,
while the proof has been elusive for a very long time. See [89] and references therein for more
information in this direction.

3.2 Extension to the Rademacher setting

In this section, we adapt our strategy to the Rademacher setting. We will present the main
results in Section 3.2.1 and defer the proofs of auxiliary lemmas in Section 3.2.2. The essential
difference from the proofs in previous section is that in Rademacher setting, we need to be very
careful about the off-diagonal part of the kernels, as shown in the following lemmas.

Lemma 3.2.1. Given F = Q,(f) with f € $;” and G = Q,(g) with g € $7, we assume that
F,G € L*(P). Then we have the following estimates:
p+q-1

(3.2.1) Z Var(Jy(FG)) < E[F*G*] - 2E[FGY* - Var(F)Var(G) + (p + ¢)!|| f®gLs
k=1

ptq

2

and in particular,

2p—-1 p—1 2
(32.2) max{ » Var(J(F).pt ) (’; ) If ® fIP} < E[F*] = 3ELF*F + @p)If& /Ly I
k=1 r=1
with
I S 1T\ N 2
(3:2.3) |/Bels, sZr!( )( )mm{nfn M@ IgPM(PY.
rj\r

r=

As a convention, we put Y'°_, = 0. The proof of this lemma will be presented in the end of this
section.
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Lemma 3.2.2. Given F = Q,(f) € L*(P) and G = Q,(g) € L*(P) for some f € " and g € H;".

If p = ¢, then
(3.2.4)
|Cov(F?,G*) - 2E[FG*| < 2 \/(K4<F> + YMPEIF?])(ka(G) + v, M(9)E[G?])
(325) + min{ 11 @Oy EIGIMG@), gl e v ELFIM) |
If p < ¢, then
(3.2.6) |Cov(F?,G?) - 2B[FG?| < VE[F4] \/K4(G) +v,BIG*IM(g) ,

q
where vy, := (ZQ)' Z r'( )

r=1

3.2.1 Fourth moment-influence theorems

Let us first prove Dobler and Krokowski’s univariate fourth moment-influence theorem as an
illustration of our elementary strategy. The multivariate case is much more complicated and for
the convenience of readers, we recall the univariate result in the following.

Theorem 3.2.1 (C. Dobler and K. Krokowski, 2017). Fix p € N and f € 558” satisfying
p!IfII?> = 1. Let Z be a standard Gaussian and F = 0,(f;Y) e L*(P), then,

dw(F,Z) < C1 [[ELF*] - 3] + C, YM(P) .

P 7
where C, = 2/7r+ Zand G, = (V277 + 2‘/_)\/(2”')'21»!(”) .
p! r

r=

Proof. Now given F = Q,(f;Y) € L*(P) (with E[F?] = 1), we can get by using (2.2.7) and
(3.2.2) that

2p-1

Var(p™'T(F)) < Y Var(J,(F?))
k=1

< E[F*] - 3E[F*P + 2p)!|| 8L ||
(3.2.7) < EIF*] - 3E[F?T* + y,E[F*IM(f),

ep)! < (P
w1thyp——2r()

r=1

Using the chaos expansion of F? and I'(F) as well as the orthogonality property, we have
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0 < 3E[F’T(F)] - pE[F*] = 3B[FX(T(F) - p)| - p(E[F*] - 3)

2p 2p-1 2p K
=3E (Z Jk(F2)) [Z 5 Jk(Fz)] - p(E[F'] - 3)
k=0 k=1
2p-1

<3p Z Var(J(F?)) - p(EL[F*] - 3).
k=1

It follows from (3.2.7) that
(3.2.8) 0 < 3E[F’T(F)] - pBIF*] < 2p(EIF*] - 3) + 3py, M(f).
Now define F; = Q,(f;Y’) for each ¢ € [0, +0), then by Proposition 2.2.1, (F;, F) is an

exchangeable pair satisfying the conditions in Proposition 2.1.2 with 4 = c{X}, A = p, S =
2I(F) — 2p and p(F) = —4pE[F*] + 12 E[F*T(F, F)]. Therefore,

dw(F,N) < E[|2T'(F) — 2p] + ‘4—2—; \/—4p E[F*] + 12 E[F2I(F)]

pN2r

2 - V2p
< E Var(p IF(F)) + ? \/_4PE[F4] + 12E[F21"(F)] ,

then the desired bound follows from (3.2.7) and (3.2.8). O

Remark 3.2.1. Here is an interesting observation about our proof: given f € Sjg” satisfying
plf ||$25®,, = 1, if the fourth moment of F' = Q,(f) is less than or equal to 3, then the above proof

will imply that dw(F, N) < C> yM(f).

The following is an easy corollary of the above fourth-moment-influence bound.

Corollary 3.2.1. Fix p € N. Let {f,,n € N} C 558” satisfy p!||f.l> = 1 for every n € N. Set
Fy = Qp(fn)-

(1) Assume that E[F;‘] — 3 and M(f,) — 0, as n — +co. Then F, converges in law to a standard
Gaussian, as n — +oo.

(i) Assume? that E[F#] < 3 for each n € N and M(f;) — 0, as k — +co. Then F, converges in
law to a standard Gaussian, as n — +oo.

Note that in the statement (ii), we do not require the convergence of fourth moments.

3This assumption is reasonable, see e.g. footnote 5 in Chapter 2.
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Remark 3.2.2. (1) For F in the first Rademacher chaos, one can directly prove Theorem 3.2.1
without using the exchangeable pairs. Indeed, if F = Q,(h) € L*(P) for some h € $ with ||A|g = 1
and Z ~ N(O, 1), then by [P1, Theorem 3.1],

(9]

dw(F,Z) < Z Lh(k)‘* .

=1 Prdk

By Lemma 2.2.1, F? = 1 + Q;(w) + Q»(h ® hl,,) with w(k) = %\/%m, k € N. This implies

> @ )
E[F' =1+ h(k)“% +20h® hlP.: — 201 ® Mg,

S (G-p)? -~ = G+D
=3+ Zh(k)“— - ZZh(k)“ =3+ Zh(k)“— _ 42 h(k)* .
=l Prqk = = Prqk =1

Noticing p; + g; > 1/2 for each k € N, we have

(o)

Z Lot <4y nt + E[F*] -3 <4M(h) + E[F*] - 3.
2 L pegi e

Hence, dw(F,Z) < V2 A /|E[F 4 - 3| +2V2 VM(h). Moreover, using the so-called second-order
Poincaré inequality in [45, Theorem 4.1], we can have the Berry-Esséen bound

dia(F,2) < 24| D ﬁh(k)‘* < 3 J[ELF41 - 3| + 6 Y M) .
k=1

(2) Continuing the discussion in previous point and assuming p;y = p = 1 — g = 1 — g for each k,
we have

2 4 4 o
(3.2.9) BlF] -3 =L TL TN gyt
Pq

Ifpe@©,1)\ {% +f} then we have the exact fourth moment bounds:
1S E[F4 -3 |\ E[F4]-3 |\’
dw(F, Z) < — Z ]’l(k)4 < (%) and dKo](F’ Z) < 2(%) ,
pq = P> +4q°—4pq p>+4q°—4pq
see also Corollary 1.4 in [30].

Now we present the main result in this section, namely a Peccati-Tudor type result in the
Rademacher setting.
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Theorem 3.2.2. Fix integersd >2and 1 < g; <... < g4. Assume that F = (Fy,..., F) verifies
that F; = Q,.(f)) € L*(P) with fi€ Squj for each j € [d]. Let X be the covariance matrix of F
and Z ~ N(0, ). Then we have,

d d d d
d(F,2) < Cr ) AIa(Fl+Co )" (M) +Cs ) Ika(FIY + Ca " M(f)'™
i=1 Jj=1 i=2 j=2

d d
in particular, when g1 = g4, we have d3(F, 2) < C1 ) Ika(F)l + C2 )| \[M(£)).
i=1 j=1

The constants Cy, C, and C; are given as follows:

VITD) J6dy, Ti(T
C, = 2 ‘/E(ﬁ LN e T Jva, g1 Tr(S) + Voo T ))
q1 4 9 qi 9
V3 & 2
c, =1 2q1 ZE [F1'4 and C4:= ‘“ (74, Tr (2))1/4215 [F4'4

i=1
with vy, defined as in (3.2.7) for each p € N.

The following result follows immediately from the above bound.

Corollary 3.2.2. Fix integersd > 2 and 1 < g, < ... < g4, and consider the sequence of random
vectors

FO = (F", . F™ = (Qg (fin)s - > Qgu(fan)”

with kernels f;, in 553‘” for each n € N,j € [d]. Assume that the covariance matrix X, of F®
converges in Hilbert-Schmidt norm to a nonnegative definite symmetric matrix X, as n — +oo.
Suppose that the following condition holds:

lim [M(fi,)+ ...+ M(fu.)] =0

n—+oo

If for each j € [d], E[(Fj."))“] converges to 3%% , as n — +oo, then F™ converges in law to
Z ~N(,X), as n — +oco.

Proof of Theorem 3.2.2. For each t € R,, we define F, = (Fy, ..., Fy,) with Fj;, = Q,.(f}; Y')
for each j € [d]. Then (F,, F) is an exchangeable pair and it follows from Proposition 2.1.3 and
Proposition 2.2.1 that*

\2dq, Tr(X)
(3.2.10) dy(F,2) < %E[IISIIHs] e r( S me

where the random matrix S is defined by S;; = 2I'(F;, F;) — 2q;%; ; and pi(F) = —4¢q,E[F}] +
12E[F?T(F))] for each i, j € [d].

“The argument is identical to that in previous section, so we omit it here.
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Let us first deal with the easy part in the bound (3.2.10): by (3.2.8), we have
pi(F) < 4Q2qika(F) + 3qiy, M(f))

where ky(F;) = E[F;] — 3E[F?]* is the fourth cumulant of F; and the number y,, is defined as in
(3.2.7) for each i € [d]. Therefore,

d
(3.2.11) \ Z 0i(F) <2 Z 2qika(Fy) + 3y, M(f)
i=1 i€[d]

(3.2.12) <2+2qu {Z \/|K4(F,-)|] + 234070, Y NM).

ie[d] ie[d]

Now let us consider the more complicated part, that is, to estimate E[||S ||us].

It follows from Lemma 3.2.1 and (2.2.7) that

d 12
E[IS llus] = 2| ), Var(T(F, Fj))]

i,j=1

qgi+q;—1 12

< 2qq4 Var(J,(F;F j)))

M~

i,j k=1

1/2
<2qa| ) {BIF?F}1 - 2B[F,F )’ - Var(F)Var(F)) + (q; + ¢!l f® ]‘jIAZ[_+qJ_||2}}

NGl

J
1/2

=2qq

|Cov(F}, F?) — 2E[F;F j?|

M=

d 1/2
+2q (Z(qi + q,-)!||ﬁé?f,-IA;M_i||2] :

ij=1

i,j=1

<
Il

By using (3.2.3), we have

1fi®fLag, ., I < ¥g, min {IAIPMUD, IFIE M)

and thus,
d 1/2 d 1/2
2q4| ) (g: + qj)!||ﬁéﬁlﬁgm||2) < 240 \¥4,(24)! Zmin{||f,-||2M(m,||fj||2M<f,->}]
ij=1 ij=1
d d 1/2
< 240 \Y0, 240! | IR D M(f,-)]
i=1 j=1

d
< 200 \[¥0, 240 Tr(®) D (M.

=1
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It remains to apply Lemma 3.2.2:

d
> |Cov(F2, F3) - 2BIFiF 1|

=1
(3.2.13) < 3 T2 Ja(FD) + g MGDELEZ) (4(F) + 7, MUF)ELE2])
i,jeld]
(3.2.14) +2 " Ty ELES \Jka(F)) + 74, MUELF?)
1<i<j<d

2
<2 (Z JeslF) + 7, M( fj)E[Ff-])

Jeld]
d-1 d
+ 2[2 JE[F;‘]] > \/K4(Fj) + 7 M(fELF?] .
i=1 j=2

Therefore, we have

BIS lus] <2 V244 | \JkalF ) + ¥, MF)S,,
Jeld]
d—

1 d
+22, [Z ||Fi||L4<P)) D JaE + v Mtz
=

i=1

d
+ 200 \Y0/ 200! TH®) Y M)
=1

<2V2s Y \fIa(F D) + 40 74,240 THE) Y (M)

jeld] jeld]
d-1 d d
+2 \/Eqd [Z ||Fi||L4(P)) {Z |K4(Fj)|l/4 + ('ydaI'(Z))IM Z M(fj)l/4} .
i=1 j=2 j=2

In particular, when g; = g, the term in (3.2.14) vanishes, so that we can obtain a slightly neater

estimate:
E[IS is] < 2V2q0 Y| \JIaCF )]+ 440 77, Qa0 Tr®) Y (M.
jeld] jeld]
Hence our proof is completed by putting all the estimates together into (3.2.10). O

Remark 3.2.3. (i) Let the assumptions of Theorem 3.2.2 prevail and we assume in addition that
¥ is positive definite, then it follows from Proposition 2.1.3 that

1Z2{lop VAIZlop 4
d(F,2) < ————E||IS || + ———— Vg Tr(X) (F) .
’ q1 V21 1S 1241 e ;p
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Therefore, using the estimates from the above proof, we can obtain

d d d d
d:(F,2) < C1 ) NIka(FDl+C5 ) ME) +C5 ) Ika(FIY +C, Y- MY
i=1 j=1 i=2 j=2
in particular, when ¢g; = ¢4, we have
d d
(F,2) < C Y Ia(Fl+C5 Y (M)
i=1 J=1

where

,qdl= Y, , 3qall=
Ci = 222+ {Ti(®) , Cy = ————= J¥4,(24)!Tr(T)

q1 q1
2_1/2 d-1 2_1/2 d-1
C:’; = w Z E[F?]l/“ and C:‘. = w(’yqd'rr(z))l/z‘- Z E[Ff‘-]l/ﬁl .
i=1 i=1

(i1) One can see from (3.2.11), (3.2.14) and (3.2.13) that if the fourth cumulant of each component
F; is non-positive, then maximal influences alone could control the distance to normality. So
one can formulate a multivariate version of point (ii) in Corollary 3.2.1.

3.2.2 Proofs of Lemma 3.2.1 and Lemma 3.2.2
Proof of Lemma 3.2.1. 1t follows from Lemma 2.2.1-(ii) that

p+q-1

FG =E[FGl+ Y Ju(FG)+ Qpuy(f&8Ls,.,).

k=1
therefore, by orthogonality property, one has

p+q-1
E[F’G’| = BIFGI’ + ) Var(JUFG) + (p + )!||f&¢L,,.,
k=1
p+g-1

=BIFGP + ). Var(J(FG)) + (p + 9! || 8¢ - (p + 9)!]| /el

ptq
k=1

2

b

thus, the inequality (3.2.1) follows from (3.1.4). It also follows from (3.1.4) that

p+q-1 p-1 2
(3.2.15) ) Var(Ju(F?) = E[F'] - 3E[F]? - p!ZZ(’r’ ) lre A + ot f@ri |l
k=1 r=1

which implies (3.2.2).
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It remains to prove (3.2.3) and we’ll use the same arguments as in the proof of [30, Lemma
3.3

&gl P <lf@gls IP= > fli,..oip) 80 s )’
(T l'p,j] ..... jq)EA;;HI
PN p\(q
— ' . NG . N2
(3.2.16) Zr.(r)(r) | Z FLGTRR A o ¢ TR 3
r=1 (i15sip)ELp
(jl ----- jq)EAq
card({i1,....ipN{Jj1 - jgD=r

where card(A) means the cardinality of the set A, and the combinatorial constant r!(’r’ )(‘r’) is
the number of ways one can build r pairs of identical indices out of (ij,...,i,) € A, and
(J1s---»Jg) € £y Therefore, it is enough to notice that for each r € {1, ..., p A ¢}, the inner sum
in (3.2.16) is bounded by

Z f(ll’ '-’ip—r’klv-' '9kr)2g(j1’--"jq—r7k1"--7k}’)2

(il s~-~»ipfr»kl ,‘..,k,-)GAP
(jl s---ajq—r»kl s---akr)EAq

< D flneip 1,080 g1, R < min {ILFIPM(), IGIPM(f)) -
(i],...,ip,l,k)EAp
(15esJq-1,K)€0¢

The proof of Lemma 3.2.1 is complete. O

Proof of Lemma 3.2.2. Assume p < g and we begin with the following chaos expansion:

E[F’G*| = E

2g-1
F? {E[Gz] + Z J(G?) + qu(Gz)}
k=1

2g-1
= Var(F)Var(G) + E {Fz Z TG | + X pey B[ T2y (FA) T2, (G))] .

k=1

If p < g, then E[FG] = 0 and

2g-1
Cov(F2,G)| < E[F!] J > Var(i(G?) < \JEIF] {u(G) + % EIGTIMG)
k=1

where the second inequality follows from (3.2.7) and the constant y, is given therein.
If p = g, then

E[J)2(F)J2(GH)] = 29 f&f, 8881y, = Q)X f®S. 888) — )X f®f. §®8Lss )

q-1 2
=2¢1%(f.g)* + Z qlz(‘f) (f® 88® )~ QoNfef, gL ),
r=1

where the last equality follows from Lemma 3.1.4.
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Consequently, Cov(F?, G?) — 2E[FG]? is equal to

2g-1
(3.2.17) E(F2 2, G Z q'z( ) (f® 288, f) - 20)(fBF, gBgLs, ).
k=1
2g-1
The first term in (3.2.17) can be rewritten as E Z J(F?)J(G?)|, which can be bounded by
k=1

2g-1 2g-1
J > Var(Ju(F) J 3 Var(Ju(F) < \Jka(F) + v ELFPIM() i6(G) + +7,EIGAIM(g)
k=1 k=1

and the second term in (3.2.17) can be bounded by

g-1 2 g-1 2 g-1 2
2[4 2 q q
(32.18) ;q! (r) If & gl < quﬂ(r) ||f®rf2JZq!2(r) lg®, gl

r=1 r=1

(3.2.19) < \JKa(F) + 7, MUDELF?] k(G + ¥, M(Q)EIG?] .

where (3.2.18) follows from the same argument as in Section 3.1.2 and (3.2.19) can be de-
duced from Lemma 3.2.1 and (3.2.7); finally, the third term in (3.2.17) can be bounded by
||f||2(2q)!||g®gIA;q|| < If1* V29 !y,E[G*IM(g); and by symmetry, we also have

Q2q)![(f®f, e8¢l )| = 2)![(e®g. &L )| < llgl? \/<2p>!ypE[F2]M<f>.

Now we can conclude our proof by combining the above estimates. O

3.3 Universality results on homogeneous sums

For the convenience of readers, we restate Theorem 1.4.3 here.

Theorem 1.4.3 Fix integersd > 2 and g, > ... > gq; > 2. For each j € [d] and n € N, let the
kernels f;, € $," satisfy sup, Ifiall® < +00 and for k, [ € [d]

M Xgmgp@! Y il esig) fiains i) = S

where X is a symmetric nonnegative definite d by d matrix. Then the following statements are
equivalent, as n — +oo:
(Cy) Given a sequence G of i.i.d. standard Gaussians,

Qg (fin; G, -, Qu(fins G))

converges in law to N(0, X).
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(C,) Given a sequence V of i.i.d. random variables with V; + 1 ~ Poi(1),

Qg fras V)2 Qo (funs V)
converges in law to N(0, X).

(C3) In the symmetric Rademacher setting,

(o (Fins V), Qg funs Y))
converges in law to N(0, %) and M(f,) + ... + M(fs.) — O.

(C4) For every sequence E = (&;,i € N) of independent centered random variables with unit
variance and sup,; E[|&]}] < +o0,

(O (fims By s Qpu(funs D)

converges in law to N (0, 2).

Remark 3.3.1. The homogeneous sums over independent Gaussian and Poisson random vari-
ables are members of Gaussian Wiener chaos and Poisson Wiener chaos respectively. One can
realize them on a common probability space as follows. Taking Z = R and u the standard
Lebesgue measure on R, we set g; = Ij; ;41 for each i € N. Given f € $%, the homogeneous sum

04(f; G) is equal to Ic‘?’(]?) in law, where

3.3.1) Fi= ) fln....ing, @ ®g,,

and W is a Gaussian random measure on R with intensity measure p. Similarly, we can write
Qu.f;V) = IZ( f) in law, where 7 is a Poisson random measure on R with intensity measure .

From now on, we will identity f with fin case of no confusion.

Proof of Theorem 1.4.3. The implication (C;) = (C4) has been proved in [7] and let us now
recall the truncation argument therein. For each j € [d] and n € N, we can truncate the kernel
fin as follows:

fin = Finli, e

where N, € N diverges to infinity such that || fjf',; — finll £ 1/n. In this way, we have
q;!
(33.2) B([Qy, (i1 @) =y (fi2: G)T) = E([Qy (f1: ©) = 0y, (f2: OF) < -5

Assume (Cy), then Q, ( f;,‘;ﬁ G) converges in law to N(0, X; ;) for each j € [d]. Then it follows

from Theorem 1.3.2 that (Q,, (fltf‘rl; 2),..., qu(f;f‘n; E))T converges in law to N(0, X), thus by
(3.3.2),
- T
(Qq1 (fl,n; :‘)a ey qu(fd,n; :‘))

converges in law to N (0, X).
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Now let us prove the implication (C;) = (Cy). Assume (C»), then (Q,, ( flt;; V), .o, Qg f;:‘n; V))T
converges in law to (0, ). It follows from Theorem 1.3.4 that E[Q, ( f;; V) — BZij for each
j € [d]. Moreover, it follows from the relation (3.1.17) that

I @ fiall = 0
foreachk =1,...,g; — 1 and every j € [d]. Thus, by the Peccati-Tudor theorem, we have
(qu (flt:‘n, G)’ cee qu( ;j‘n’ G))T

converges in law to N (0, X), so does (Qg, (fi.4;5), . - ., Qg (fans =)

Now let us prove the implication (C3) = (C4). Assume (C3): as a consequence of the product
formula (2.2.4), {qu( Sins Y ne N} is uniformly integrable for each j € [d], so that

E[Q,,(fin: Y)'] = 353, ,

thus, the relations (3.2.2) and (3.2.3) in Lemma 3.2.1 imply |[|f;, ® fj.ll — O for each k =
I,...,q;— 1 and every j € [d]. Hence (C,) holds true and so does (Cy).

To conclude our proof, it suffices to show the implication (C;) = (C3). Suppose (C;) holds
true, then

Qg (Fims Y, ooy Qs (fans Y))'

converges in distribution to N (0, X) by the equivalence (C;) & (C4). By the FMT on a Gaussian
space, (Cy) implies that ||fj, ®;,-1 fjall = 0, as n — +oo. Recall from [70, Lemma 2.4] that
M(f) < |If ®q4-1 fl for each f € % therefore M(f;n) — 0 for each j € [d]. This proves the
implication (Cy) = (C3). ad
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— Abstract ~
In this work, we study the normal approximation and almost sure central limit theorems for
some functionals of an independent sequence of Rademacher random variables. In particular,
we provide a new chain rule that improves the one derived by Nourdin, Peccati and Rein-
ert(2010) and then we deduce the bound on Wasserstein distance for normal approximation
using the (discrete) Malliavin-Stein approach. Besides, we are able to give the almost sure
central limit theorem for a sequence of random variables inside a fixed Rademacher chaos
using the Ibragimov-Lifshits criterion.

1 Introduction

This work is devoted to the study of discrete Malliavin-Stein approach for two kinds of
Rademacher functionals:

(S) Yi, k € Nis a sequence of independent identically distributed (i.i.d) Rademacher random
variables, i.e. P(Y; = 1) =P(Y, = 1) =1/2. F = f(Y}, Y, - - -), for some nice function f,
is called a (symmetric) Rademacher functional over (Y).

(NS) Xi,k € N is a sequence of independent non-symmetric, non-homogeneous Rademacher
random variables, that is, P(X; = 1) = p;, P(X; = —1) = ¢, for each k € N. Here
1 — g = pr € (0,1) for each k € N. Of course this sequence reduces to the i.i.d. one
when p, = g, = 1/2 for each k. G = f(Xi, Xz, - - ), for some nice function f, is called a
(non-symmetric) Rademacher functional over (X;). Usually, we consider the corresponding
normalised sequence (Yy, k € N) of Xi, thatis, Yy := (Xy — pr + q1) - (2 \/M)‘l.

From now on, we write (S) for the symmetric setting, and (NS) for the non-symmetric, non-
homogeneous setting.

Now let us explain several terms in the title. Malliavin-Stein method stands for the combination
of two powerful tools in probability theory: Paul Malliavin’s differential calculus and Charles

2010 Mathematics Subject Classification. Primary: 60F05, 60B12; Secondary: 47N30.
Key words and phrases. Rademacher functional ; Normal approximation ; Wasserstein distance ; Almost sure
central limit theorem ; Malliavin-Stein approach
*Email: guangqu.zheng @uni.lu
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Stein’s method of normal approximation. This intersection originates from the seminal paper
[12] by Nourdin and Peccati, who were able to associate a quantitative bound to the remarkable
fourth moment theorem established by Nualart and Peccati [15] among many other things. For a
comprehensive overview, one can refer to the website [11] and the recent monograph [13].

This method has found its extension to discrete settings: for the Poisson setting, see e.g.
[16, 20]; for the Rademacher setting, the paper [14] by Nourdin, Peccati and Reinert was the
first one to carry out the analysis of normal approximation for Rademacher functionals (possibly
depending on infinitely many Rademacher variables) in the setting (S), and they were able to get
a sufficient condition in terms of contractions for a central limit theorem (CLT) inside a fixed
Rademacher chaos %, (with m > 2), see Proposition 2.2 for the precise statement.

In the Rademacher setting, unlike the Gaussian case, one does not have the chain rule like
Df(F) = f'(F)DF for f € C;(R) and Malliavin differentiable random variable F (see [13,
Proposition 2.3.7]), while an approximate chain rule (see (1.13)) is derived in [14] and it requires
quite much regularity of the function f. As a consequence, the authors of [14] had to use smooth
test functions when they applied the Stein’s estimation: roughly speaking, for nice centred
Rademacher functional F in the setting (S), for i € Ci(R), Z ~ 4(0,1), one has (see [14,
Theorem 3.1])

[E[h(F) - h(2)|
20
(L) < min @A, I8 lle) - E[[1 = ¢DF, DL F)g[| + - IE[((DL™ FLIDFF)g] .

where the precise meaning of the above notation will be explained in the Section 2.

Krokowski, Reichenbachs and Thile, carefully using a representation of the discrete Malliavin
derivative D f(F) and the fundamental theorem of calculus instead of the approximate chain rule
(1.13), were able to deduce the Berry-Esséen bound in [8, Theorem 3.1] and its non-symmetric
analogue in [9, Proposition 4.1]: roughly speaking, for nice centred Rademacher functional F in
the setting (NS),

(1.2) di(F,Z) := sup [P(F < x) - P(Z < x)'
xeR
_ V2r 1 _
(1.3) < E||1 - (DF,-DL™'F)s|| + TERE'DL 'FIIDFP) ]
1 ) 1 ) 1
(1.4) + EE[<|F-DL 1F|,\/—p_qu)mz)g] +i1€1£E[(|DL ‘F|,\/—p_q(DF)-I(F>x)>$] :

The quantity dg(F, Z) defined in (1.2) is called the Kolmogorov distance between F and Z.

For the setting (NS), the corresponding analysis including normal approximation and Poisson
approximation has been taken up in [5, 7, 9, 18].

In this paper, we give a neat chain rule (see 1.2), from which we are able to derive a bound on
the Wasserstein distance

dw(F,Z) := sup
/" llo<1

in both settings (NS) and (S), see 2.1 and related remarks.

Another contribution of this work is the almost sure central limit theorem (ASCLT in the
sequel) for Rademacher functionals. We first give the following

Ef(F) - £
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Definition 1.1. Given a sequence (G,,n € N) of real random variables convergent in law to
Z ~ /4 (0,1), we say the ASCLT holds for (G,), if almost surely, for any bounded continuous
f:R — R, we have
LGy — s
- —
AL )

k=1

(1.5)

logn

as n — +oo. In the definition, logn can be replaced by y, := Y{_ k', (y, — 1 < logn < v,).
Note the condition (1.5) is equivalent to that the random probability measure y,' >7_ k™! - 6,
weakly converges to the standard Gaussian measure almost surely, as n — +oo.

The following criterion, due to Ibragimov and Lifshits, gives a sufficient condition for the
ASCLT.

Ibragimov-Lifshits criterion

E(l 2,()) -

(1.6) o , foreveryr >0,
[t]<r n>2 nyn
where
(1.7) A=t Z Vg _ o).
" Yo i K

If G, la—W> Z ~ A(0,1) and (1.6) is satisfied, then the ASCLT holds for (G;). See [6, Theorem
1.1].

The ASCLT was first stated by Paul Lévy without proof in the 1937 book “Théorie de
I’addition des variables aléatoires ” and rediscovered by Brosamler [2], Schatte [19] indepen-
dently in 1988. The present form appearing in the above definition was stated by Lacey and
Philipp [10] in 1990. And in 1999, Ibragimov and Lifshits [6] gave the above sufficient condition.

Using this criterion, the authors of [1] established the ASCLT for functionals over general
Gaussian fields. The Malliavin-Stein approach plays a crucial role in their work. Later, C. Zheng
proved the ASCLT on the Poisson space in his Ph.D thesis [20, Chapter 5]. And in this work, we
prove the ASCLT in the Rademacher setting, see Section 3.2.

The rest of this paper is organised as follows: Section 2 is devoted to some preliminary
knowledge on Rademacher functionals, and we provide a simple but useful approximate chain
rule there. In Section 3.1, we establish the Wasserstein distance bound for normal approximation
in both setting (S) and (NS); in Section 3.2, the ASCLT for Rademacher chaos is established.

We fix several notation first: N = {1,2,---}, Y = (¥;,k € N) stands for the Rademacher
sequence in the setting (S), and it also means the normalised sequence in the setting (NS). Denote
by ¢ the o-algebra generated by Y, for notational convenience, we write L*(Q) for L*(Q, ¥, P)
in the sequel. We write $ = ¢*(N) for the Hilbert space of square-summable sequences indexed
by N. $® means the n” tensor product space and H°" its symmetric subspace. We denote
O ={f € 9" ¢ flag = O} with A, = {(iy,- - -,i,) € N" : i; # i; for different £, j}. Clearly,
90 = 9° =R. Foru,v,w € H, we write (i, VW) = ey UgViWi.
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1.1 Discrete Malliavin calculus
The basic reference for this section is the survey [17] by Privault.

Definition 1.2. The (discrete) n order multiple stochastic integral J,(f) of f € $®",n > 1, is
given by

(1.8) W= D, fln i)Yy Y

(ilf'"in)EAn

We define Jy(c) = c for any ¢ € R. It is clear that J,(f) = J,,(fIAn), where fis the standard
symmetrisation of f.

For g € $7", it is easy to check that ||J,,(g)||iz(g) = n!||g||525®,1 and 6, = {J,(g) : g € 9"} is
isometric to (97", V|| - llgen). €, is called the Rademacher chaos of order n, and one can see
easily that 6, is a closed linear subspace of L*(Q) and 6, 6,, are mutually orthogonal for distinct
m,n:

(19) E[Jn(f) . Jm(g)] = l’l! : <f’ g>$5®" ) I(m:ﬂ)’ Vf € 55(?" ’ g € ggm :

More notation %, := R. We denote by S the linear subspace of L*(€2) spanned by multiple
integrals and it is a well-known result (e.g. see [17, Proposition 6.7]) that S is dense in L*(Q). In
particular, F € L*(Q) can be expressed as follows:

(1.10) F:E[F]+ZJ,1(fn) , where f, 6558” for each n € N.

nx1

We denote by L?(Q x N) the space of square-integrable random sequences a = (ai, k € N), where

ay is a real random variable for each k € N and ||a||iz(ng) = E[llall§] = Y1 Elag] < +oo.

Definition 1.3. D is the set of random variables F € L*(Q) as in (1.10) satisfying 352, £€!]] f[”iw <

+00. For F € D as in (1.10), DiF = 3,5, nd,_1(f,(-,k)) for each k € N. DF = (D\F,k € N) is
called the discrete Malliavin derivative of F.

Remark 1.1. Using (1.10) and (1.9), we can obtain the Poincaré inequality for F € D, Var(F) <
E[IDFIE].

Definition 1.4. We define the divergence operator ¢ as the adjoint operator of D. We say
u € doms c L*(Q x N) if there exists some constant C such that [E[{(u, DF Ysll < ClIF||2q) for
any F' € D. Then it follows from the Riesz’s representation theorem that there exists a unique
element in L>(Q x N), which we denote by ¢(u), such that the duality relation (1.11) holds for
any F € D:

(1.11) E[(u, DF)s] = E[F5(u)].

Definition 1.5. We define the Ornstein-Uhlenbeck operator L by L = —4D. Its domain is given
by domL = {F € L*(Q) admits the chaotic decomposition as in (1.10) such that 3,2 n*n!-||f,ll3.,

is finite}. For centred F € L*(Q) as in (1.10), we define L™'F = — 3°° 7' J,(f,). It is clear that
for such a F, one has LL™'F = F. We call L™ the pseudo-inverse of L.
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Here is another look at the derivative operator D.

Remark 1.2. We choose Q = {+1,—1}"" and define P = (X, (Pxd+1 + qid-1). Then the
coordinate projections w = {wy, -} € Q +— w; =: X}(w) is an independent sequence of
non-symmetric, non-homogeneous Rademacher random variables under P. We can define for
F € L2(Q), F® := F(w, - -, w1, 1, w41, - -), that is, by fixing the k™ coordinate in the
configuration w to be 1. Similarly, we define F := F(w;,- - -, wi_1, =1, Wis1, - - +). It holds that
DyF = \[prqi(F® — F), see e.g. [17, Proposition 7.3]. The following results are also clear :

o |F* — F| = Loy IDLF1/ \Prdx < IDFI/ Pegi and [F = F| = Toxmry - IDF\/ i <
|DiF|/ [PrGi-

e I € Dif and only if 3, prgiB[|F® — F?] < +co. In particular, if f : R — R is
Lipschitz continuous, then f(F) € D.

The following integration-by-part formula is important for our work.

Lemma 1.1. ([14, Lemma 2.12]) For every centred F,G € D and f € C'(R) with ||f'||c < +00,
one has f(F),L™'F € D and E[Gf(F)] = E[{(—~DL™'G, Df(F))s].

In particular, for f(x) = x, E[F?] = E[(~DL™'F, DF)¢]. The random variable (~DL™'F, DF )
is crucial in the Malliavin-Stein approach, see e.g. [12] and [16].

The term D f(F) is not equal to f'(F)DF in general, unlike the chain rule on Gaussian Wiener
space, see e.g. [13, Proposition 2.3.7]. The following is our new approximate chain rule.

Lemma 1.2. (Chain rule) If F € D and f : R — R is Lipschitz and of class C' such that f” is
Lipschitz continuous, then

(1.12) Dif(F) = f'(F)DyF + Ry,

1/ Moo
2 VPr4k

Proof. Note first f(F) € D, since f is Lipschitz. Moreover, since f is of class C! with Lipschitz
derivative, it follows immediately that f(y) — f(x) = f'(x)(y — x) + R(f), where the remainder
term R(f) is bounded by ||f”'|l - [y — x|*/2. Therefore, in the setting (NS)

Dif(F) = \pagy - [f(F™) = f(F)]
= Vpeac - {F(F™) = f(F) - [f(F*) - £(P)]}
= Vpudi - { f (F)YF™ = F) + Ry — f(F)F™ = F) + Ry

- |DyF? in the setting (NS).

where the remainder term Ry is bounded by

, 1" lleo - 1D FP? 1" leo - 1D FP?
with |R1,k| < quk : I(xkz_l) and |R2,k| < quk . I(xkzl).
Whence, Dy f(F) = \/peqr - f/(F)(F® — Fo) + R, = f'(F)DiF + Ry and the remainder term
: 1" lo - IDFP?
R, = \/kak(ﬂl,k + 722,/() 1s bounded by JCZT(]Z O

It is clear that in the setting (S), the remainder Ry in (1.12) is bounded by || f”’||e - |DcF|>.
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Remark 1.3. In the setting (S), our approximate chain rule is different from that developed in
[14], in which f is assumed to be of class C? such that f(F) € D and ||f"”||.. < +c0. Moreover,
their chain rule is given as follows:

’ 1 17 17 D
(1.13) Dif(F) = f'(F)DiF — E[f (F) + f"(F¥)| - (DFY - Yy + Ry
with [R| < || ||| D F |3. Apparently, ours is neater and requires less regularity of f. This
is important when we try to get some nice distance bound in Section 3.1. Following [14], the

authors of [18] gave an approximate chain rule in the setting (NS): if f is of class C? such that
f(F)eDand||f"”]|lc < +o0, then

|DFI*
1.14 Dyf(F) = f/(F)DyF — ———|f"(F®) + f"(F®)| - (D\F)* - X, + R}
(1.14) of(F) = f'(F)Dy 4pqu[f()f( )| - (DeFY - X + Ry
. . F 5 D FP
with the remainder term R{ bounded by yllf "o . See also Remark 2.1.
: Prqk

1.2 Star-contractions
Fixm,neN,andr =0,---,n Am. For f € $*" and g € ", f %" g is an element in H="+" %"

defined by

f*;g(ila'"’in—r’jl?""jm—r): Z f(il?""in—r’ala'"aar)g(jl""ajm—hala""ar) .
ap,,a,eN

Lemma 1.3. Fix e Nand 0 < r < L. If £, g € 9%, then

N

2 - 2
55®2(—2r S ||f *f—; f 35@2»* .

2||f %/ g

In particular, || fxlg g2t < || f *i:; g T ||g *ﬁ:; 8|l e

Proof. It follows easily from the definition that

2 — —
§82-2r = 2<f *f—: f, 8 *[_: g>5®2r

<l *= A:

5®2r +

2||f %8

{—r 2
g *t’—r g §er*

1.3 Stein’s method of normal approximation

A basic reference for Stein’s method is the monograph [4]. Let us start with a fundamental fact
that a real integrable random variable Z is a standard Gaussian random variable if and only if
E[f"(Z2)] = E[Z - f(Z)] for every bounded differentiable function f : R — R.

Now suppose that Z ~ .47(0, 1), for h : R — R measurable such that ]E|h(Z)| < 400, the
differential equation f’(x) — xf(x) = h(x) —E[h(Z)] with unknown f is called the Stein’s equation
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associated with 4. We call f its solution, if f is absolutely continuous and one version of f”
satisfies the Stein’s equation everywhere. More precisely, we take f(x) = xf(x) + h(x) — E[n(Z)]
for every x € R.

It is well known (see e.g. [4, Chapter 2], [13, Chapter 3]) that given such a function A, there
exists a unique solution f;, to the Stein’s equation such that limy_,c fh(x)e"‘z/ 2=0. Given a
suitable separating class .% of nice functions, we define

d#(X,Z) := sup [0 -E[fD)]| -

When .7 is set of 1-Lipschitz functions, d 4 is the Wasserstein distance; when .# is set of
1-Lipschitz functions that are also uniformly bounded by 1, d# is called the Fortet-Mourier
distance; when .7 is the collection of indicator functions I_«j, z € R, d# corresponds to
the Kolmogorov distance appearing in the Berry-Esséen bound. We denote by dy, dpv, dx
respectively these distances. It is trivial that dry, < dw, and it is not difficult to show that

dx(X,Y) < V2C - dw(X, Y) if X has density function uniformly bounded by C.
Now we replace the dummy variable x in the Stein’s equation by a generic random variable X,
then taking expectation on both sides of the equation gives E[X f,(X) — f;(X)] = E[(X) — h(Z)].
Here we collect several bounds for the Stein’s solution f;:

e For h : R — R 1-Lipschitz, f, is of class C' and f; is bounded Lipschitz with || f; |l <
V2/7, || 'l <2, see e.g. [3, Lemma 4.2]. We denote by .7y the family of differentiable
functions ¢ satisfying ||¢le < V2/7, ||¢”]l < 2, therefore for any square-integrable
random variable F,

(1.15) dem(F,Z) < dw(F,Z) < sup ‘E[Fqb(F) —¢'(P)]| .

peFw

o If h=1_._ forsomez€R,then0 < fj, < ‘{TT” and ||f/ll < 1, see [4, Lemma 2.3]. We

write g :={¢ : ||#llo < 1, [Pl < \{TT’T}, therefore for any integrable random variable F,

(1.16) dx(.Z) < sup ’E[F¢(F) - ¢'(F)]| .

As the density of Z is uniformly bounded by 1/ V27, we have the easy bound dx(F, N) <
Vdw(F, N).

2 Main results

2.1 Normal approximation in Wasserstein distance

In this subsection, we derive the Wasserstein distance bound for normal approximation of
Rademacher functionals. Our new chain rule plays a crucial role.
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Theorem 2.1. Given Z ~ .47(0, 1) and F € D centred, one has in the setting (NS) that

2 1
Q.1)  dw(F2) < \/;E[|1—<DF, ~DL'F)y|| +E <E|DL1F|,|DF|2>$ ]

In particular, if F' € %,, for some m € N, then

) 1
(2.2) E[|1 —(DF,-DL IF)55|] < |1 - BIF| + - Var(IDF2)

and

1
(2.3) E[( E|DL-1F|,|DF|2>5 ] VE[F2]/m - kZI; —E [IDyFI*] .

Proof. Given ¢ € Fy, it follows from 1.1 and 1.2 that
E[F¢(F)] = E[(D(F), ~DL™'F)3] = E[¢/(FXDF,~DL™'F)g + (R,~DL™'F)g],
where R = (R;, k € N) is the remainder satisfying |R;| < |D;F|*/ \Piqk. Thus,
E[F¢(F)] - El¢'(F)] = E[¢/(F)((DF,~DL™'F)s = 1)| + E[(R, ~-DL™' F)3]

implying that

1 -1 2
} [FO(F) — ¢’ (F)]’ \[ E[|l - (DF.~DL'F)|| +E <E|DL FI.IDFF), ] .
Hence (2.1) follows from (1.15).
If F = J,(f) withm € N, f € $3", then DiF = mJ, [ f(-, k)], DL'F = —J,_1[f(C, K]
Recall E[F?] = E[(DF,-DL™'F 5], thus (2.2) follows easily from triangle inequality and
Cauchy-Schwarz inequality:

E||1 - (DF,-DL™'F)|| < |1 - B[F*]| + E[[E[F*] - (DF,-DL™'F)s|

< |1 = BLF*| + | Var(DF, ~DL F);)

1
= |1 - B[F]| + —~ JVar(IDF|2).

The inequality (2.3) is also an easy consequence of Cauchy-Schwarz inequality:

1 1 1
E|{ ——|DL'F|,|DF|? ] =— E[lD F|- |D F|2]
[< 1/pq >$§ mz k 1/pqu k

keN

<~ Z E[|D,FP] - Z g [IDyFJ]

keN keN Prqk

BIF
:\/[ Lo Y s
P4

keN
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Remark 2.1. (1) In the setting (S), the results in 2.1 can be easily deduced by taking p; = g =
1/2 for each k € N. As we have mentioned earlier, our approximate chain rule is neater than
(1.13) given in [14, Proposition 2.14], since it requires less regularity (this is the key point for us
to get the estimate in Wasserstein distance). Although the authors of [14] were able to derive the
Wasserstein distance via some smoothing argument, they imposed some further assumption and
their rate of convergence is suboptimal compared to ours.

(2) In the setting (NS), Privault and Torrisi used their approximate chain rule (1.14) and the
smoothing argument to obtain the Fortet-Mourier distance, see [18, Section 3.3]. It is suboptimal
compared to our estimate in Wasserstein distance, in view of the trivial relation dpy < dy .

(3) Recall that the test function ¢ € .k (see (1.16)) may not have Lipschitz derivative, so
our approximate chain rule as well as those in [14, 18] does not work to achieve the bound
in Kolmogorov distance. Instead of using the chain rule, the authors of [8] carefully used
a representation of the discrete Malliavin derivative D¢(F) and the fundamental theorem of
calculus, this turns out to be flexible enough for them to deduce the Berry-Esséen bound in the
setting (S). Later they obtained the Berry-Esséen bound in the setting (NS) with applications to
random graphs. One can easily see that two terms in (1.3) are almost the same as our bound in
Wasserstein distance while there are two extra terms (1.4) in their Kolmogorov distance bound.

Due to a comparison between (1.2) and (2.1), we are able to replace the Kolmogorov distance
in many statements in [8, 9] by the Wasserstein distacne (with fewer terms and slightly different
multiplicative constants). For example, we will obtain the so-called second-order Poincaré
inequality in Wasserstein distance in the following

Remark 2.2. (Second-order Poincaré inequality) One can apply the Poincaré’s inequality to
(~DL7'F, DF):

2.4 Var(-DL™'F, DF)s) < E[|D(-DL™'F, DF) |

provided (~DL™'F, DF)¢ € D.

In [9], Krokowski et al. gave the bound on Kolmogorov distance, see (1.2); they also
established the so-called second-order Poincaré inequality as follows. For Z ~ .47(0, 1) and
F € D centred with unit variance, and r, s, 7 € (1, o) such that 7! + s7' + 7! = 1, it holds that

\2r

(25) dK(F,Z)SAl+A2+T'A3+A4+A5+A()+A7,
where
15 © 2
Avi=| 2 D D PADEY]BIDD,FY(DDFY] ] :
; J:€=1 . 1/2
Ari=| g Z —E| (DDFY(DDFY | |
Jkt= lp
- 1
Azt = Z E[leFP] ;o Ay ||L'(Q)Z ||(D’<F)2||Ls(g)||DkF||Lf(Q)’

T VPrdk

>~
Il
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1/2 00 1/2
1

As = E—E D,F)* . 3§ D;D,F .

5 [keNpqu @ )]) ( H:]pqupqu E|(DDcr)' |

0 1/2
1

A= 6§—EDF4 E[(D;DF)* .

' [ k[:lpqu\/ b )]\/ ((DeDy )]]

Part of the proof for (2.5) requires fine analysis of the discrete gradients in (2.4). For more
details, see [9, Theorem 4.1]. Following exactly the same lines, one can obtain the following
second-order Poincaré inequality in Wasserstein distance by simply comparing (1.2) and (2.1),
as well as going through the proof of [9, Theorem 4.1]: dw(F,Z) < V2/n - (A; + A,) + Az. Note
the constants r, s, t are not involved in A, A,, As.

In the end of this subsection, we recall from [14] sufficient conditions for CLT (in the setting
(S)) inside a fixed Rademacher chaos %; (£ > 2). The analogous result in the setting (NS) was
proved in [18, Section 5.3].

Proposition 2.1. ([14, Theorem 4.1]) In the setting (S), fix £ > 2. If F,, := J,(f,) for some
£ € 92, then

-1

m 2
(2.6) Var(IDF,2) < C " |lfu *i fillgoze2n -
m=1
and
4 A 2
(2.7) Z E[|l)an fn *Z f;l §®26-2m>
keN =1

where the constant C only depends on ¢.
As a consequence, the following result is straightforward.

Proposition 2.2. ([14, Proposition 4.3]) If ||£,|I%,, - ¢! — 1 and

Gt

(2.8)

Jo %o T

as n — +oo, then F, converges in law to a standard Gaussian random variable.

HBe-2m) — 0, VYm=12,---,£-1,

2.2 Almost sure central limit theorem for Rademacher chaos

The following lemma is crucial for us to apply the Ibragimov-Lifshits criterion. The Gaussian
analogue was proved in [1, Lemma 2.2] and the Poisson case was given in [20, Proposition
5.2.5].

Lemma 2.1. In the setting (NS), if F € D is centred such that (~DL™'F, DF) € L*(Q) and

1
> —E[DFI] < +oo
‘et Prdk
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then
B[] - e < |t - |1 - BIF?]| + 72 - \/Var((—DL‘lF, DF)g)
1
(2.9) +t - Y ———E||DL"'F|- (DF)?| .
% |

In particular, if F = J,(f) for some £ € N and f € $°, then

M NariDFR)
[ ar $

(2.10) + 1P - Z ﬁE[leFlﬂ VE[F2)/¢ .

keN

. 2
[B[e" ]~ & 2| < 10 - |1 = CUIf 1

Proof. Set ¢(1) = ¢/ - E[¢F], t € R. Then

(2.11) B[] - e 7| = ¢(t) — p(O)] - e 7> < /2 - 1] - sup

IsI<lt

¢'(s)| -

Clearly,
&' (1) = te"*Ele™] + ie” PE[F - €] = te" *E[e"| + ie" *E[(~DL™'F, D" )],
and it follows from 1.2 that for each k € N,
De'"t = ite™ DiF + R,
with |R¢| < [t1* - IDyFI*/ /Peqr. Therefore,
¢'(t) = te"*E[¢"] - te"*E|e"” - (~-DL™'F, DF g | + ie" "E[(~DL™'F, R)s.
Then by triangle inequality, one has
|¢'(0)| < 1tle””? - E[|1 = (~DL™'F, DF)g|] + ¢" *[E[(~DL™'F, R)s]|.

It follows from (2.11) that
. 1
E[e"F] — ¢"/?| < PE[|l = (~DL™'F,DF)g|] + |t} - Y ———E||DyL""F| - (DyF)?],
| | D % \/Iqu [ ]

then the desired inequality (2.9) follows from the estimate E[|1—(—DL™'F, DF)g|] < |l —E[F 2]| +
\Var((~DL'F, DF)), see 2.1. The rest is straightforward. m]

The following theorem provides sufficient conditions for the ASCLT on a fixed Rademacher
chaos in the setting (S). The analogous results in the Gaussian and Poisson settings can be found
in [1, 20] respectively.
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Theorem 2.2. In the setting (S), fix £ > 2 and F,, = J,(f,,) with f,, € 558[ for each n € N. Assume
that || £,][>,, - €! = 1, and the following two conditions as well as (2.8) are satisfied:

5@[
1 & [ fidser
C-1 Z n—%,z Z # < 400 |

n>2 k,j=1
1 vl

C-2 Zn—’yzzz-||fk*$fkﬁ®%_m<+oo, Vm=1,...,0-1.
n>2 n k=1

Then the ASCLT holds for (F,),en.

Proof. Note first F,, converges in law to a standard Gaussian random variable, by Proposition
2.2. Observe that

(2.12) |An(f)|2 — i Zn: i(eit(Fk—Fj) _ e—tz) _ e i l(eitFk B e_,z/z)
Y; & kj Yo Sk
12 N1

—itF; 2
—(e itFj _ , 1/2)‘

Y S

Now we fix r > 0, t € [—r, r]. For brevity, we omit the subscripts. One can deduce from 2.1 and
(2.6), (2.7) that

-1
|E[eitFk] _ e—t2/2| S C . JZ ||‘ﬁ< *% ﬂ||27
m=1

here and in the following the constant C may vary from line to line but only depend on r, £.

Since va; +...+a; < a, +...+ «Ja;forany a,,...,a; > 0,
-1
. 2
|E[e”Fk] —e! /2| <C- Z ||fk * fk”
m=1
Similarly, we apply the same argument with s = V2r and g = (f; — i/ V2, and we get

(2.13) 'E[eim—m] ot

— 'E[ei&h(g)] _ e—s2/2

-1
<C ) |lexmell+C-[f £
m=1

Clearly, g x" g = %(fk * fio + fixm fi = fi *m fi = f; % fi), then
2| x| < (1w il + 115 0 il + 2l £l -

1.3 implies || fi %2 fi|| < |lfe %5 fil| + |l %6 £ Therefore,

—m

-1
(2.14) 'E[eit(Fk—Fﬂ] - e"z‘ <C[fi f)| +C Z (U % Al + 115 % £l -
m=1
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Hence,
(2.15)
E(| a,(0)F)
(fir ) 1 &
E S WD S LS Wil Iz b+ E 515 i
"k, j=1 "k, j= 1 k=1 m=1
|<fk»f]>| WS- Sy,
= Z Zk 2% Al

Now we can see that the conditions C-1, C-2 imply the Ibragimov-Lifshits condition (1.6), so the
ASCLT holds for (F,,n € N). O

In the setting (S), the normalised partial sum S, = (Y; + - - - + Y,,)/ v/n converges in law to a
standard Gaussian random variable. Moreover, the ASCLT holds for (S ), this is a particular
case of [10, Theorem 2]. The following result is a slight generalisation of this classic example.

Corollary 2.1. In the setting (NS), let F,, = J;(f,) be such that ||f,||s = 1 for all » € N. Assume
that the following conditions hold:

(i) Z Z |<fk’fj>55|

n>2 ynkj 1

(o)

Ifk(M)I3 < 400

1
m=1 V mem

k—+00
[fitm)F —— 0.

(iii)

Then F, — _#(0, 1) and the ASCLT holds for (F,, n € N).

Proof. Note —-DL™'F, = f, and DF = f,. Then the quantity (~DL™'F,, DF, ) is deterministic
and |D,,L™'F,| - (D,,F,)* = |f,(m)|? for each m € N. Therefore, it follows from 2.1 that

ltF —t /2| < |l|3

n(m)|3 :

|E[e

By (iii), the CLT holds for (F,,). Similarly as in the proof of 2.2, we have

‘E[eit(Fk—Fj)] _ e—f2| < 2t2|<fk, fj>$5| +2V20f i \/pl—q
m=1 e

= 1
< 20| fio fids| + 8 V2UF ) VPl
m=1 e

where the last inequality follows from the elementary inequality (a + b)* < 4a® + 4b* for any
a,b > 0. The rest of the proof goes along the same lines as in 2.2. O

|fem) = fi(m)P

+1fim)l)
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To conclude this section, we give the following example as an application of 2.2.
Example 2.1. In the setting (S), we consider the symmetric kernels f,, € 5582 forn > 1:

1
o |z= ifije(l,2,--2nfandi- jl=n;
fn(l,]): 2\/ﬁ

0 otherwise.

Setting F,, = J>(f,), we claim that the ASCLT holds for (F,,n > 1).

Proof. ltis easy to get 2||f,l|%,, = 1 and

5@2
|
fokl £ )= ap TE= €200 0k
n 1 Jn\% -
0 otherwise.

1 ...
So ||, *{ Jallge2 = converges to zero as n — +oo, thus the CLT follows from Proposition
2

22.If k < ¢, then

n

2k 2k
(fio Fyg = D fulhs Dfels ) = ) fells Dl e folis Dl ety = O

ij=1 ij=1

thus

1 < [(fo forge 1 o [(fo firee I «— 1
s M=Z—3 M:Z_a LI
ny, &2 k€ ny, & k ny, & 2k

n>2 n>2 n>2

That is, the condition (C-1) in 2.2 is satisfied. It remains to check the condition (C-2):

1 & &1 1
Zn—ng;'”ﬁc*iﬂ5@222,173;%'2@<+°°'

n>2 k=1 n>2

Hence it follows from 2.2 that the ASCLT holds for (F,,n > 1). O
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Paper 2: Convergence of random oscillatory integrals in the
presence of long-range dependence and application to
homogenization

A. Lechiheb, I. Nourdin, G. Zheng and E. Haouala
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Abstract ~
This paper deals with the asymptotic behavior of random oscillatory integrals in the presence
of long-range dependence. As a byproduct, we solve the corrector problem in random
homogenization of one-dimensional elliptic equations with highly oscillatory random coef-
ficients displaying long-range dependence, by proving convergence to stochastic integrals
with respect to Hermite processes.

1 Main results of the paper

1.1 Convergence of random oscillatory integrals

In the present paper one of our goals is to study, once properly normalized, the distributional
convergence of some random oscillatory integrals of the form

1
(1.1) /0 O[g(x/e)]h(x) dx ,

where
e h € C([0, 1]) is deterministic,
o {g(x)}.cr, s a certain centred stationary Gaussian process exhibiting long-range correlation,
e ® ¢ L*(R,v) has Hermite rank m > 1 (with v the standard Gaussian measure).

As we will see later, the main motivation of this study comes from the random corrector

problem studied in [4].
Let us first introduce the Gaussian process {g(x)},;, we will deal with throughout all this
paper. It is constructed as follows:

1. Let m € N* be fixed, let Hy € (1 — ﬁ, I),andset H=1+m(Hy—1) € (1/2,1);

2010 Mathematics Subject Classification. Primary: 60F05, 80M40 ; Secondary: 60H05,60H20,60G10,60G18.
Key words and phrases. Elliptic equation; Hermite process; oscillatory integral; corrector; homogenization.
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2. Fix a slowly varying function L : (0, +00) — (0, +00) at +oco, that is, consider a measurable
and locally bounded function L such that L(dx)/L(x) — 1 as x — +oo, for every A4 > 0.
Assume furthermore that L is bounded away from 0 and +co on every compact subset of
(0, +00). (See [3] for more details on slowly varying functions.)

3. Lete : R — R be a square-integrable function such that
(3a) fR e(u)? du =1,
(3b) le(w)| < C uHO‘%L(u) for almost all # > 0, for some absolute constant C,

(3¢) e(u) ~ Cou'~2 L(u), where Co = ( [y~ (u + u?)"0~% du)™'"?,
(3d) their exists 0 <y < min{Hy — (1 - ﬁ), 1 — Hy} such that

0
/ le(u)e(xy + u)| du = o(x*072[(x)*)y*Ho=2-2

(%)

as x — oo, uniformly in y € (0, ¢] for each given ¢ > 0.
4. Finally, let W be a two-sided Brownian motion.

Bearing all these ingredients in mind, we can now set, for x € R,,

(1.2) g(x) := / e(x — &AW .

Remark 1.1. (i) Assumptions 3a and 4 ensure that {g(x)}xGR+ i1s a normalised centred Gaus-
sian process.

(i1) Assumption 3b controls |e(u)| for small u, while Assumption 3d ensures that the “forward”
contribution of e(u) is ultimately negligible due to the following computation:

E[g(s)g(s + x)] = /DO e(s—&e(s+x—§&)dé = /°° e(w)e(u + x)du

—00

0 00
= / e(we(u + x)du + / e(u)e(u + x)du
- 0

[oe]

= o(x*™72L(x)*) + x/ e(xu)e(xu + x)du .
0
(iii) Assumption 3c ensures that the process {g(x)} . exhibits the following asymptotic
behaviour:
(1.3) R, (x) 1= E[g(s)g(s + x)] ~ 21?2 as x — +oo,
see [12, Equation (2.3)].

In section 3.1, we will show that the random integral given by (1.1) exhibits the following
asymptotic behavior as € — 0.
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Theorem 1.1. Let g be the centred stationary Gaussian process defined by (1.2), and assume that
® € L*(R, v) has Hermite rank m > 1. Then, for any i € C([0, 1]), the following convergence in
law takes place

e 1 ! T !
(1.4) M; = sd(l/g)/o Dlg(x/e)]h(x)dx — M, := W/O h(x)dZ(x),

where Z is the mth-Hermite process defined by (2.4) and d(-) is defined by

|
(1.5) d(x) = # L™,

As we already anticipated, the fine analysis of the asymptotic behavior of (1.4) is motivated
by the random corrector problem studied in [4], that we describe now.

1.2 A motivating example

Theorem 1.1 appears to be especially useful and relevant in the study of the following homoge-
nization problem. Consider the following one-dimensional elliptic equation displaying random
coefficients:

d d . _
16 _E( a(x/g,w)au (x,w)) =fx, x€@©1), £>0

w0, w)=0, u*(l,w)=beR.

In (1.6), the random potential {a(x)},cr, is assumed to be a uniformly bounded, positive' sta-
tionary stochastic process, whereas the data f is continuous. This model has received a lot of
interests in the literature (see for instance [5, page 13-14]).

Taking strong advantage of the fact that the ambient dimension is one, it is immediate to check
that the solution to (1.6) is given explicitly by

Y F
(1.7) u’(x, w)—c(w)/ Oz, a))d /a(y/g)w)d

where F(x) := fox f(y) dy is the antiderivative of f vanishing at zero, and where

e N 'R ol
@ "(“/o e ? )(/0 /e w) dy)

Under suitable ergodic and stationary assumptions on a, the ergodic theorem applied to (1.7)
implies that 4® converges pointwise to it as € — 0, where

=S5 [T,
0

-1

a

I'That is, there exists r € (0, 1) such that r < a(x) < r~! for every (x,w) € R, x Q.
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with ¢* := ba* + [} F(y)dy and
. 1

~ E[1/a©)]
The above parameter a* is usually refered to as the effective diffusion coefficient in the literature,
see e.g. [10]. It is also immediately checked that & is the unique solution to the following
deterministic equation:

d d
s _E( a*aﬁ(x)) ~f), xe©D)

w0 =0, u)=>.

Interested readers can refer to [2] for a recent review on models involving more general elliptic
equations.

In this work, we address the random corrector problem for (1.6) in presence of long-range
media, that is, we analyze the behaviour of the random fluctuations between u® and iz when the
random potential a is obtained by means of a long-range process (see below for the details).
Taking advantage of the explicit expressions for both (1.6) and (1.8), it is easy but crucial to
observe that the random corrector u®(x) — #(x) can be fully expressed by means of random
oscillatory integrals of the form

(1.9) /1[ ! —l]h(y)d
' o | abje) @ Y

for some function 4. Thus, the random corrector problem for (1.6) reduces in a careful analysis
of the asymptotic behaviour of random quantities of the form (1.9) as € — 0. To this aim, we
need to give a precise description about the form of the process a.

Let v denote the standard Gaussian measure on R. Every ® € L*(R, v) admits the following
series expansion

~y, ‘
(1.10) ©=> —1H, withV,:= / D(x)H,(x)v(dx),
= 4 R
and where H,(x) = (-1)4 exp(x?/ Z)dd—; exp(—x?/2) denotes the gth Hermite polynomial. Recall
that the integer mq := inf{g > 0 : V, # 0} is called the Hermite rank of ® (with the convention
inf ) = +o0). For any integer m > 1, we define ¥, to the collection of all square-integrable
functions (with respect to the standard Gaussian measure on R) that have Hermite rank m.
Using Theorem 1.1 as main ingredient, we will prove the following result about the asymptotic
behaviour of the random corrector associated with (1.6).

Theorem 1.2. Fix an integer m > 1 as well as two real numbers Hy € (1 - ﬁ, 1)and b € R, and
let {a(x)},er, be a uniformly bounded, positive and stationary stochastic process. Assume in
addition that g = {g(x)},er, given by

(1.11) qg(x) = — - l*, where a” := 1/E[1/a(0)],
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has the form

(1.12) q(x) = O(g(x)),

where @ € L*(R, v) belongs to 4, and {g(x)}xer, 1s the Gaussian process given by (1.2). Finally,
let f : [0,1] — R be continuous, and let us consider the solutions #® and # of (1.6) and (1.8)
respectively. Then, for each € > 0, the random corrector u® — i is a continuous process on [0, 1].
Moreover, we have the following convergence in law on C([0, 1]) endowed with the supremum

norm as € — 0
e (x) — i(x) Vi / }
wx) — u(x) 2| Fix,y)dZ ,
{ sd(1/2) }mmu:: Lm ey

where d is given by (1.5),
X 1
Fo= [ foxy ¢ =abe [ Fo)dy
0 0

1
Fx) = [¢" = FOlo) +3(F0) = | F@Mz = a'b)lono),
0

and Z is the Hermite process of order m and self-similar index
H:=1+m(Hy-1)e(1/2,1).
(The definition of Z is given in Theorem 2.1.)

Note that it is not difficult to construct a process a satisfying all the assumptions of Theorem
1.2. Indeed, bearing in mind the notation of Theorem 1.2, we can write

-1

1\ 1
(1.13) a(x) = (Cl(x) + —*) = (‘D(g(x)) + —*)
a a

Firstly, we note that since g given by (1.2) is stationary, clearly the same holds for a, whatever
the expression of @. Secondly, given any fixed a* > 0, we can construct a bounded measurable
function ® € % with ||®||., < 1/(2a*):

let iy, hy be two bounded measurable functions, then it is clear that they belong to L*(R, v)
and they admit the series expansion

o0

h—/hdv: arH and h—/ha’v: byHy ,
1 Rl Zkk 2 R2 Zkk

k=1 k=1

where the coefficients ay, b, are defined in the obvious manner. Therefore, the function

\PZ:bl (hl—/hldV)—al(hz—/hde)
R R

is bounded and belongs to 4.
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Then we pick © = € %,. Therefore a(x) defined by (1.13) satisfies

2a7(|¥lle

*

2
(1.14) 0<L <ax)<2a .

Inductively, one can construct a bounded measurable ® with Hermite rank m > 3 (by starting
with two bounded functions in ¢,,_) such that the process {a(x), x € R} given in (1.13) satisfies
(1.14).

Yet another possibility of constructing such a process {a(x), x € R} is stated (more explicitly)
as follows: fix 0 < #; < ... < t,, and consider the unique (m + 1)-uple (by, ..., b,,) satisfying

Srobre =0 forallke{0,...,m-1},
(1.15)

Srobem =1

(Existence and uniqueness of a solution to (1.15) is a consequence of a Vandermonde determi-
nant.) Now, consider any measurable function ¢ satisfying

1

1.16) O<y<—or .
( VS 2 bl

Since i belongs obviously to L*(R,v), it may be expanded in Hermite polynomials as ¢ =
e axHy. We assume moreover that a,, # 0. (Existence of ¢ satisfying both (1.16) and a,, # 0
is clear by a contradiction argument.) Now, let

(D = Z blPt]w’
=0

where Py(x) = fR Y(e'x + V1 — e 2y)v(dy) is the classical Ornstein-Uhlenbeck semigroup.
Due to (1.15), it is readily checked that the expansion of @ is

® =aq,H, + i {Zm: ble_k”} ayHy,

k=m+1 \'I=0

so that ® € ¢,,. Moreover,
m m 1
[ ;| NPl < W ;| <52

and a given by (1.13) is positive and bounded. So, existence of a process a satisfying all the
assumptions of Theorem 1.2 is shown.

Theorem 1.2 should be seen as an extension and unified approach of the main results of [4],
and it contains these latter as particular cases. More precisely, the case where the Hermite rank of
® is m = 1 corresponds to [1, Theorem 2.5] and involves the fractional Brownian motion in the
limit, whereas the case where the Hermite rank of @ is m = 2 corresponds to [4, Theorem 2.2]
and involves the Rosenblatt process in the limit. Also, in their last section (entitled Conclusions
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and further discussion), the authors of [4] pointed out that “it is natural to ask what would
happen if the Hermite rank of @ was greater than 2”. Our Theorem 1.2 answers this question, by
showing (as was guessed by the authors of [4]) that, in the case m > 3, the limit takes the form of
an integral with respect to the Hermite process of order m. Finally, we would like to emphasize
that our Theorem 1.2, even in the cases m = 1 and m = 2, is a strict extension of the results of
[4], as we allow the possibility to deal with a slowly varying function L. That being said, our
proof of Theorem 1.2 is exclusively based on the ideas and results contained in the seminal paper
[12] and follows the strategy developed in [4]. In higher dimension, it is usually very hard to
study the corrector theory due to the lack of explicit form of the solution. In a recent work [8, 9],
the authors considered the discretised version of the corrector problem in higher dimension and
they were able to study the scaling limit to some Gaussian fields. For more details, we refer the
interested readers to these two papers and the references therein.

1.3 Plan of the paper

The rest of the paper is organized as follows. In Section 2, we give some preliminary results,
divided into several subsections. Section 3 contains the proof of Theorems 1.2 and 1.1.

2 Preliminary results

Throughout all this section, we let all the notation and assumptions of Sections 1.1 and 1.2
prevail.

2.1 Asymptotic behaviour of the covariance function of ¢

For x € R, set R,(x) = E[g(0)g(x)]. Also, recall that m is the Hermite rank of ®. Then,
proceeding in similar lines as that of [4, Lemma 2.1], one can show that

@1 [R,(0] = (o(1) + Vim0,

as |x| — +oo. Here o(1) means that the term converges to zero when x — oo.
The asymptotic relation (2.1) implies the existence of some absolute constant C satisfying

(2.2) [Ry(0)] < € L(x |22

for any x # 0.

2.2 Taqqu’s theorem and convergence to Hermite process Z

1 X
Recall d(x) from (1.5). Its main property is that the variance of m / H,(g(y))dy is asymp-
X) Jo

totically equal to 1 as x — +oo.
The following result, due to Taqqu in 1979, is the key ingredient in our proofs.



100 G. ZHENG

Theorem 2.1. ([12, Lemma 5.3]) Assume ® € ¥, and let g be given by (1.2). Then, as
T — +00, the process

1 Tx
(2.3) Yr(x) = m/o Olg()]dy, xeR,,

Vin
converges to —Z(x) in the sense of finite-dimensional distributions, where the mth-order Hermite

process Z w1th self—51m11ar index H = m(Hy — 1) + 1 is defined by:
(2.4) Z(x)

© &1 Em-1 x _m 3
= K(m, H()) / dBé'l / dB§2 RN / qufm / 1—[(.5‘ - fi)HO_71(§i<s) ds s
-0 —0co0 —c0 0 =1

m HQH - 1)

/ (u + u?)fo- Zdu)

is the normalising constant such that E[Z(1)?] = 1. (See [12, Equation (1.6)])

where

K(m, Hy) :=

Note that Z(x) lives in the Wiener chaos of order m, which is non-Gaussian unless m = 1 or
x=0.

2.3 Wiener integral with respect to Z
Let Z be given as above and let & be the set of elementary (deterministic) functions, that is,
the set of functions % of the form

{

h(x) = @i 0(x)

k=1

with £ € N*, g, € R, #; < t;,;. For such h, we define the Wiener integral with respect to Z in the
usual way, as a linear functional over &:

t
/R hx) dZ(x) = ) ax| Zt) = Z(10)] -

k=1

One can verify easily that this definition is independent of choices of representation for ele-
mentary functions. Now we introduce the space of (deterministic) integrands for this Wiener
integral:

2.5) AY = { fiR—E| / / F) f )l — v dudy < +oo }
R JR

equipped with the norm

(2.6) IfIixn = HQH - 1)/ /f(u)f(V)lu — v dudv.
RJR
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When A € &, it is straightforward to check the following isometry property:

2
E[( / h(X)dZ(X)) l = |IAll3s-
R

As a consequence, one can define the Wiener integral fR f(x)dZ(x) for any f € A", by a usual
approximation procedure.

It is by now well known (thanks to [11]) that (A¥, || - ||a#) is a Hilbert space that contains
distributions in the sense of Schwartz. To overcome this problem, we shall restrict ourselves to
the proper subspace

|AH|={f:R—>R| //|f(u)f(v)||u—v|2H-2dudv<+o<>}
RJR

equipped with the norm

1A, = HQH = 1) / / 0O = P2 du .
RJR

We then have (see [11, Proposition 4.2])

(2.7) L'(R)n L*(R) c L'Y"(R) c |Af| c A",
Moreover, (|AZ], || - lla#;) is @ Banach space, in which the set & is dense. So for & € IAY], we can
define
(2.8) / h(x)dZ(x) = lim | h,(x)dZ(x),

R n—teo JR
where (h,) is any sequence of & converging to & in (JA”|, || - [|ja#); the convergence in (2.8) takes
place in L*(Q).

For a detailed account of this integration theory, one can refer to [7, 11].

2.4 Some facts about slowly varying functions

Let L : (0, +c0) — (0, +00) be a slowly varying function at +co and @ > 0. It is well known
(see [3, Proposition 1.3.6(v)]) that

x*L(x) » 400 and x “L(x) > 0,
as x — +oo. In particular, one can deduce that
(2.9) 1131 e (1)) =0.
The following result is known as Potter’s Theorem (see [3, Theorem 1.5.6(i1)]).

Theorem 2.2. Let L : (0, +00) — (0, +00) be a slowly varying function at +oo such that it is
bounded away from 0 and +co on every compact subset of (0, +c0). Then for any ¢ > 0, there
exists some constant C = C(6) such that

KO cmax{(/yy, v707)
X

for any x,y € (0, +00).
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3 Proofs of main results

3.1 Proof of Theorem 1.1

First recall that a typical function 4 in & has the form

n

W)=Y adiun(®), <t a€R, €=1,..n.
t=1

For such a simple function 4, we deduce from Taqqu’s Theorem 2.1 that

o | n
M= Zae) /RQ(X/ 2 ; ey (%) dx

- 1 tevi/e t)e
) ; “are) ( /0 D(g(x)) dx - /0 D(g(x)) dx )

e=0 Vi © Vi
= — D jadZ(te) - Z(t)] = — / h(x) dZ(x) .
m. £~ m! Jp

This proves (1.4) for simple functions 4 € &.
Let us now consider i € C([0, 1]). It is easy to see that there exists a sequence (,) C & such

that

lim ||n, —hl|_=0.
n—+oo

Let us fix a number ¢ € (0, 1) and show the convergence in L*(Q) of M;, , uniformly in € € (0, {).
First, one can write

sup E[ M, — M,flz]

£€(0,0)
| 1 ?
=sup ———EFE x/e)|h,(x) — h(x)|dx
2 1 y—X
<l\|h,—h _ R ( ) dxdy ,
”ooxgi}f)ﬁ) 2d(1/c) /RZ\D‘ A ‘ xay

where D = {(x,y) € [0,1]% : x = y} is a negligible subset of R%. By (2.2),

:

Secondly, with 8 > 0 small enough such that 2mg + 2(1 — H) € (0, 1), we have

y — x|"20-M)

&

, Y(x,y)eR*\D.

R, ()| < CstL('y =
& &

y—X
sup ' ( ) ' dxdy
se0.0) X(€)? Jooapp! 1\ &

L _ 2m
< Cst Sup / { M } |x - yl_Z(l_H) dx dy
£€(0.0) J [0,112\D L(1/e)
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(3.1) < Cst / |x — y| 72201 gy dy
[0.112\D

< 400

2

where (3.1) follows from Theorem 2.2. It is now clear that, indeed,

(3.2) lim sup E[|M; — M;’] =0.
n—+oo I—,‘E(O é’)
To conclude, let d(-, -) denote any distance metrizing the convergence in distribution between

real-valued random variables (for instance, the Fortet-Mourier distance). For & € C([0, 1]) and
(h,) C & converging to h, one can write, for any £ > 0 and n € N:

d(M;;, M) < d(M;, M;, ) + d(M;, , M}) ) + d(M), , M}).

Fix n > 0. By (3.2), one can choose n big enough so that, for any & € (0, {), both d(M};, M} ) and
d(M0 , M?) are less than n/3. It remains to choose £ > 0 small enough so that d(ms, MO ) is
less that n/3 (by (1.4) for the simple function 4, € &), to conclude that (1.4) holds true for any
continuous function A.

Remark 3.1. Clearly, the above result still holds true for any function £ that is continuous except
at finitely many points. Note also that the function ® € ¥, is not necessarily bounded in Theorem
1.1.

3.2 Proof of Theorem 1.2

The proof is divided into five steps. We write X(g) = ed(1/¢g) = H(Z";}_l)s“” L(1/&)"™.

(a) Preparation. Following [4], more precisely identities (5.1) and (5.19) therein, we first
rewrite the rescaled corrector as follows:
uf(x) — u(x) I ,x

(3.3) EEEE =U)+ ( ) r(x) + 4 o

where the underlined term will be denoted by R®(x), and
1
W =g [ Fenaolo .
X(e) Jr

r(x) = (¢ - C*)/O q(y/e)dy,

and

2

* 1 1
P = la—[(a*lﬂ/ F(y)dy) (/ q(y/s)dy)
Jo av/e)™ dy 0 0

1 1
- / F(y)q(y/e)dy x / q(y/S)dy]-
0 0
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Now, let us first show the weak convergence of U® to U in C([0, 1]) and then prove that R?® is
a remainder. In order to prove the first claim, we start by establishing the f.d.d. convergence and
then we prove the tightness.

(b) Convergence of finite dimensional distributions of 7/°. For x;,...,x, € R and
Al,..., 4, € R(n > 1), we have

Yt =g [ Zak F(xi.y)q0v/e) dy.
k=1

X(e)

Note that the function };_, Ax F(xy, ) have at most finitely many discontinuities. Thus, Theorem
1.1 and Remark 3.1 imply that 3’7, 4x U®(x;) converges in distribution to Y};_, A, U(xy), yielding
the desired convergence of finite dimensional distributions.

(c) Tightness of U/°.  We check Kolmogorov’s criterion ([6, Corollary 16.9]). First observe
that U¢(0) = 0. Now, fix0 <u <v < 1,and set F((y) = ¢*— F(y) and F»(y) = F(y)—fo1 F(t)dt—
a’b, so that F(x,y) = F1(y)Ijoq(y) + xF2(0)Ijo,1(y). Then

E(I(Ll's(u) - (US(V)IZ)

oz

|

1
I<u,v]<y>q(y/e>F1<y> dy + (v - u) / G/ FA) dy
0

2 1 2
<3 ) [ I(u,v](y)q(y/S)Fl(y)dy +|(v—u) / q(y/e)F2(y) dy ]
0
(3:4) < P / / FiOFI()R, (=) dxdy
2
(3.5) %(8)”2‘) / / Fy()F2(0)R, (2 )dxdy

Note that F, is bounded on [0, 1]. Therefore, as far as (3.5) is concerned, one can write, using
Potter’s Theorem as in the proof of Theorem 1.1,

Y
p 1% [ [ Faors o, () aray

< Cst(v — u)*.

ae(O {)

Now, let us consider the term in (3.4). Similarly,

/ / FiF R, )dxdy‘

/ / | q(—)|dxdy (since F is bounded)

se(O ) X(g)z

< Cst sup
£€(0.0) X(e)?
dx _ dxdy

< Cst L 2m
iabra L(l/e)Zm/ / (b= x/e)

< Cst / / ly — x[7207H)=2m8 gy dx  (similarly as in (3.1))
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(3.6) = Cst(v — u)?2mp-20-1)

Since 2 — 2m(1 — Hy) — 2mB > 1, this proves the tightness of (U?), by means of the usual
Kolmogorov’s criterion.

(d) Control on the remainder term R° in (3.3).  We shall prove that the process R®
converges in probability to zero in C([0, 1]). First we claim that if G € C([0, 1]), then there exists
some constant C = C(G) such that

X 2
(3.7) sup E[( / q(y/€)G(y) dy) } < CX(e)*.
0

x€[0,1]

Indeed, the same argument we used for bounding (3.5) works here as well:

X 2
sup E [( / q(y/e)G(y) dy) l
x€[0,1] 0

<IGI / IR,y — 2/6)| dy dz
[0,112

< ||G||Zo3€<a)2( su
ee«f;) %(8)2

/[O IRty =t ay dz)
< CstX(e)? ,

where the last inequality follows from (3.1).
Now, let us consider R:
(i) Due to the explicit expression of p?, it follows from (3.7), the fact that a is bounded from
below and Cauchy-Schwarz inequalities that
L2(Q) }

E[lol]

1
SCSt{H/O 4(y/€) dy
< CstX(e)* .

2 1
vt [ 0100y

1
o (Q)H /O q(y/e)dy

(i1) Observe that
1 1
-c"=a / (F(y) - / F(t)dt — ba*)q(y/e)dy + p°
0 0

1
= / F(y)q(/e)dy + p°.
0

Then

sup E[|r*(x)l] = sup E[
x€[0,1] x€[0,1]

1 X
< sup E[( | Fouorerdy [ avreal
0 0

x€[0,1]

(c®—c") /0 q(y/e) dyl]

+ CstE[|p°|]] < CstX(e)* .
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Therefore, as £ — 0 we have

sup E[
xe[0,1]

Re(x)]] < CstX(e) — 0. (by (2.9))

In particular, {R?(x), x € [0, 1]} converges to zero in the sense of finite-dimensional distributions.
Now, let us check the tightness of (R®),. Note that R°(0) = 0 and that, for0 <u <v < I,

2
X(e)?
@) = 20

(u—v)?

2
L2(Q)

REw) — RE)||

<

2u — 2
ﬁm—ﬂd@@+l%#iHWﬂ}

<

X(e)?

E[lp°]] (since p® is uniformly bounded)

<

ol - *0)[1210) + Cstu = v)*  (by point (i) above)

1
< CSt%(e)Z /[m2 |R((y - z)/s)| dydz

+ Cst(u —v)* (since ¢® — ¢ is uniformly bounded)
< Cst(v — u)* 2028 Cst(v — u)?,

where the last inequality follows from the same arguments as in (3.6). Therefore, R® converges
in distribution to 0, as € | 0, so it converges in probability to 0.

(e) Conclusion. Combining the results of (a) to (d), the proof of Theorem 1.2 is concluded
by evoking Slutsky lemma.

References

[1] G. BAL, J. GARNIER, S. MotscH and V. Perrier (2008): Random integrals and correctors in
homogenization, Asymptot. Anal. 59 1-26.

[2] G. Bar and Y. Gu (2015): Limiting models for equations with large random potential: A
review. Communications in Mathematical Sciences 13, no. 3, pp. 729-748. Special Issue in
Honor of George Papanicolaou’s 70th Birthday, edited by L. Borcea, J.-P. Fouque, S. Jin, L.
Ryzhik, and J. Xin.

[3] N. H. BingHam, C.M. Govpie and J.L. TeuGeLs (1987): Regular Variation. Encyclopedia for
Mathematics and its Applications 27, edited by G.C. Rota.

[4] Y. Gu and G. BaL (2012): Random homogenization and convergence to integrals with respect
to the Rosenblatt process. J. Diff. Equa. 253, no. 4, pp. 1069-1087.

[5] V.V.lJikov, S.M. Kozrov and O.A. OrLemik (1994): Homogenization of Differential Operators
and Integral Functionals, Springer, New York, 1994.



PAPER 2 107

[6] O. KaLLENBERG (2002): Foundations of Modern Probability, second edition, Probability and
Its Applications, Springer, 2002.

[7] M. Maeyma and C.A. Tupor (2007): Wiener integrals with respect to the Hermite process
and a non-central limit theorem. Stoch. Anal. Appl. 25, pp. 1043-1056.

[8] J.-C. Mourrar and J. NoLeN (2015): Scaling limit of the corrector in stochastic homogeniza-
tion, to appear in Ann. Appl. Probab.

[9] J.-C. Mourrart and F. Otrto (2016): Correlation structure of the corrector in stochastic
homogenization, Ann. Probab. 2016, Vol. 44, No. 5, 3207-3233.

[10] G.C. PapranicorLaou and S.R.S. VArRADHAN (1981): Boundary value problems with rapidly
oscillating random coefficients. Proceedings of Conference on Random Fields, (Esztergom,
Hungary 1979) Seria Colloquia Mathematica Societatis Janos Bolyai, 27, pp. 835-873, North
Holland.

[11] V. Pipiras and M.S. TaQqu (2000): Integration questions related to fractional Brownian
motion. Probab. Theory Relat. Fields 118, pp. 251-291.

[12] M.S. Taqqu (1979): Convergence of integrated processes of arbitray Hermite rank.
Zeitschrift fiir Wahrscheinlichkeitstheorie und Verwandte Gebiete 50, no. 1, pp 53-83.



This page is left blank



Paper 3: Exchangeable pairs on Wiener chaos
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— Abstract ~
In [14], Nourdin and Peccati combined the Malliavin calculus and Stein’s method of normal
approximation to associate a rate of convergence to the celebrated fourth moment theorem
[19] of Nualart and Peccati. Their analysis, known as the Malliavin-Stein method nowadays,
has found many applications towards stochastic geometry, statistical physics and zeros of
random polynomials, to name a few. In this article, we further explore the relation between
these two fields of mathematics. In particular, we construct exchangeable pairs of Brownian
motions and we discover a natural link between Malliavin operators and these exchangeable
pairs. By combining our findings with E. Meckes’ infinitesimal version of exchangeable
pairs, we can give another proof of the quantitative fourth moment theorem. Finally, we
extend our result to the multidimensional case.

N

Dedicated to the memory of Charles Stein, in remembrance of his beautiful mind and of his inspiring,

creative, very original and deep mathematical ideas, which will, for sure, survive him for a long time.

1 Introduction

At the beginning of the 1970s, Charles Stein, one of the most famous statisticians of the time,
introduced in [24] a new revolutionary method for establishing probabilistic approximations
(now known as Stein’s method), which is based on the breakthrough application of characterizing
differential operators. The impact of Stein’s method and its ramifications during the last 40 years
is immense (see for instance the monograph [3]), and touches fields as diverse as combinatorics,
statistics, concentration and functional inequalities, as well as mathematical physics and random
matrix theory.

Introduced by Paul Malliavin [7], Malliavin calculus can be roughly described as an infinite-
dimensional differential calculus whose operators act on sets of random objects associated with
Gaussian or more general noises. In 2009, Nourdin and Peccati [14] combined the Malliavin
calculus and Stein’s method for the first time, thus virtually creating a new domain of research,
which is now commonly known as the Malliavin-Stein method. The success of their method relies
crucially on the existence of integration-by-parts formulae on both sides: on one side, the Stein’s
lemma is built on the Gaussian integration-by-parts formula and it is one of the cornerstones of
the Stein’s method; on the other side, the integration-by-parts formula on Gaussian space is one
of the main tools in Malliavin calculus. Interested readers can refer to the constantly updated
website [13] and the monograph [15] for a detailed overview of this active field of research.

Key words and phrases. Stein’s method; Exchangeable pairs; Brownian motion; Malliavin calculus.
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A prominent example of applying Malliavin-Stein method is the obtention (see also (1.1)
below) of a Berry-Esseen’s type rate of convergence associated to the celebrated fourth moment
theorem [19] of Nualart and Peccati, according to which a standardized sequence of multiple
Wiener-Ito6 integrals converges in law to a standard Gaussian random variable if and only if its
fourth moment converges to 3.

Theorem 1.1. (i) (Nualart, Peccati [19]) Let (F,) be a sequence of multiple Wiener-Ito
integrals of order p, for some fixed p > 1. Assume that E[F?] — o> > 0 as n — oo. Then,
as n — oo, we have the following equivalence:

F, S NO,0%) e E[F'— 30"

(i1) (Nourdin, Peccati [14, 15]) Let F' be any multiple Wiener-Ito integral of order p > 1, such
that E[F?] = 0 > 0. Then, with N ~ N(0,0?) and dry standing for the total variation
distance,

2 -1
dry(F,N) < = |2 JE[F*] - 30%.
o2 3p

Of course, (i1) was obtained several years after (i), and (ii) implies ‘<’ in (i). Nualart
and Peccati’s fourth moment theorem has been the starting point of a number of applications
and generalizations by dozens of authors. These collective efforts have allowed one to break
several long-standing deadlocks in several domains, ranging from stochastic geometry (see e.g.
[6, 21, 23]) to statistical physics (see e.g. [8, 9, 10]), and zeros of random polynomials (see e.g.
[1, 2, 4]), to name a few. At the time of writing, more than two hundred papers have been written,
which use in one way or the other the Malliavin-Stein method (see again the webpage [13]).

Malliavin-Stein method has become a popular tool, especially within the Malliavin calculus
community. Nevertheless, and despite its success, it is less used by researchers who are not
specialists of the Malliavin calculus. A possible explanation is that it requires a certain investment
before one is in a position to be able to use it, and doing this investment may refrain people who
are not originally trained in the Gaussian analysis. This paper takes its root from this observation.

During our attempt to make the proof of Theorem 1.1(ii) more accessible to readers having no
background on Malliavin calculus , we discover the following interesting fact for exchangeable
pairs of multiple Wiener-It0 integrals. When p > 1 is an integer and f belongs to L*([0, 1]7), we
write / I’f (f) to indicate the multiple Wiener-1t6 integral of f with respect to Brownian motion B,
see Section 2 for the precise meaning.

Proposition 1.1. Let (B, B')» be a family of exchangeable pairs of Brownian motions (that is,

B is a Brownian motion on [0, 1] and, for each ¢, one has (B, B") faw (B', B)). Assume moreover

that

(a) for any integer p > 1 and any f € L*([0, 1]7),

1 ’
lim — E[1]'(N) = (D] Bl = =p () in ().
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Then, for any integer p > 1 and any f € L*([0, 1]7),

1 , ! .
(b) tim — E|(5;'(f) = LY lertBY| = 2p° /O I (f(x, ) dx in LA(Q);

1 ‘
(© lim— E[(1;' () = L](N)'] = 0.

Why is this proposition interesting? Because, as it turns out, it combines perfectly well with
the following result, which represents the main ingredient from Stein’s method we will rely on
and which corresponds to a slight modification of a theorem originally due to Elizabeth Meckes
(see [11, Theorem 2.1]).

Theorem 1.2 (Meckes [11]). Let F' and a family of random variables (F;),»o be defined on

a common probability space (Q, ¥, P) such that F, 'Y F for every t > 0. Assume that F €
L*(Q, %, P) for some o-algebra 9 C F and that in L'(Q),

1
(a) lilrgl; E[F, - F|4] = —AF for some A > 0,
t
1
(b) 1ilI(I)l " E[(F, - F)|¢] = (24 + S)Var(F) for some random variable S,
t

.1 3
() ltllr(l)l;(Ft—F) =0.

Then, with N ~ N(0, Var(F)),

EIS
dry(F,N) < %

To see how to combine Proposition 1.1 with Theorem 1.2 (see also point(i1) in Remark 5.1),
consider indeed a multiple Wiener-It6 integral of the form F = If( f), with 02 = E[F?] > 0.
Assume moreover that we have at our disposal a family {(B, B)};»¢ of exchangeable pairs of
Brownian motions, satisfying the assumption (a) in Proposition 1.1. Then, putting Proposition
1.1 and Theorem 1.2 together immediately yields that

Finally, to obtain the inequality stated Theorem 1.1(i1) from (1.1), it remains to ‘play’ cleverly
with the (elementary) product formula (2.2), see Proposition 7.1 for the details.

To conclude our elementary proof of Theorem 1.1(ii), we are thus left to construct the family
{(B, B")};>0. Actually, we will offer two constructions with different motivations: the first one is
inspired by Mehler’s formula from Gaussian analysis, whereas the second one is more in the
spirit of the so-called Gibbs sampling procedure within Stein’s method (see e.g. [5, A.2]).

For the first construction, we consider two independent Brownian motions on [0, 1] defined
on the same probability space (€2, , P), namely B and B. We interpolate between them by
considering, for any ¢ > 0,

1
(1.1) dTV(F,N)S%E”p/ If_l(f(x’.))de—o-z
o 0

B =¢'B+ V1 - e 2B,
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It is then easy and straightforward to check that, for any # > 0, this new Brownian motion B,
together with B, forms an exchangeable pair (see Lemma 3.1). Moreover, we will compute below
(see (3.1)) that E[Igt(f)|O'{B}] =e Ig(f) forany p > 1 and any f € L*([0, 1]7), from which (a)
in Proposition 1.1 immediately follows.

For the second construction, we consider two independent Gaussian white noise W and W’
on [0, 1] with Lebesgue intensity measure. For each n € N, we introduce a uniform partition
{Ay,...,A,} and a uniformly distributed index 1, ~ %;..._,, independent of W and W’. For every
Borel set A C [0, 1], we define W"(A) = W/ (AN A,)+ W(A\ A,). This will give us a new
Gaussian white noise W”, which will form an exchangeable pair with W. This construction is a
particular Gibbs sampling procedure. The analogue of (a) in Proposition 1.1 is satisfied, namely,
if f € L*([0,117), F = I)(f) is the pth multiple integral with respect to W and F™ = I})"(f), we
have

nE[F" — Flo{W}] > —pF in LX(Q)asn — .

To apply Theorem 1.2 in this setting, we only need to replace % by n and replace F, by F™. To
get the exchangeable pairs (B, B") of Brownian motions in this setting, it suffices to consider
B(t) = W([0,t]) and B"(t) = W"([0,1]), t € [0, 1]. See Section 4 for more precise statements.

Finally, we discuss the extension of our exchangeable pair approach on Wiener chaos to
the multidimensional case. Here again, it works perfectly well, and it allows us to recover the
(known) rate of convergence associated with the remarkable Peccati-Tudor theorem [20]. This
latter represents a multidimentional counterpart of the fourth moment theorem Theorem 1.1(1),
exhibiting conditions involving only the second and fourth moments that ensure a central limit
theorem for random vectors with chaotic components.

Theorem 1.3 (Peccati, Tudor [20]). Fixd > 2 and py,...,ps = 1. Foreach k € {1,...,d}, let
(F ﬁ)nzl be a sequence of multiple Wiener-1t0 integrals of order p;. Assume that E[F ,’;F ,’1] - oy
as n — oo for each pair (k,1) € {1,...,d}?, with X = (0711)1<k.1<a NON-negative definite. Then, as
n — oo,

(12) Fy=(F,.. . F) S N~N©O,2) e E[FH] - 30, forall k e {1,...,d}.
In [17], it is shown that the right-hand side of (1.2) is also equivalent to
(1.3) E[IFI*] = E[INII'] asn — oo,

where || - || stands for the usual Euclidean ¢>-norm of RY. Combining the main findings of [16]
and [17] yields the following quantitative version associated to Theorem 1.3, which we are able
to recover by means of our elementary exchangeable approach.

Theorem 1.4 (Nourdin, Peccati, Réveillac, Rosiniski [16, 17]). Let F = (F',..., F?) be a vector
composed of multiple Wiener-1t6 integrals F*, 1 < k < d. Assume that the covariance matrix X
of F is invertible. Then, with N ~ N(0, X),

(1.4) dw(F,N) < IIEIIO%pIIE_lIIop VEIIFI*] - ELINIF,

where dy denotes the Wasserstein distance and || - |,, the operator norm of a matrix.
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The currently available proof of (1.4) relies on two main ingredients: (i) simple manipulations
involving the product formula (2.2) and implying that

d 1
> Var(p; / Ly (5, Dy, 1 (f(x, )dx) < ETIFIFT = ETINIEYL
0

ij=1

(see [17, Theorem 4.3] for the details) and (ii) the following inequality shown in [16, Corollary
3.6] by means of the Malliavin operators D, ¢ and L:

1 d 1
(15)  dw(F.N) < IZIZIZ J > Var(p; /0 Ly (fi(e DI 1 (fi(x, ))dx).
ij=1
Here, in the spirit of what we have done in dimension one, we also apply our elementary
exchangeable pairs approach to prove (1.5), with slightly different constants.

The rest of the paper is organized as follows. Section 2 contains preliminary knowledge
on multiple Wiener-It6 integrals. In Section 3 (resp. 4), we present our first (resp. second)
construction of exchangeable pairs of Brownian motions, and we give the main associated
properties. Section 5 is devoted to the proof of Proposition 1.1, whereas in Section 6 we offer a
simple proof of Meckes’ Theorem 1.2. Our new, elementary proof of Theorem 1.1(i1) is given
in Section 7. In Section 8, we further investigate the connections between our exchangeable
pairs and the Malliavin operators. Finally, we discuss the extension of our approach to the
multidimensional case in Section 9.

Acknowledgement. We would like to warmly thank Christian Débler and Giovanni Peccati,
for very stimulating discussions on exchangeable pairs since the early stage of this work.

2 Multiple Wiener-It6 integrals: definition and elementary
properties

In this subsection, we recall the definition of multiple Wiener-It6 integrals, and then we give a
few soft properties that will be needed for our new proof of Theorem 1.1(i1). We refer to the
classical monograph [18] for the details and missing proofs.

Let f : [0,1]” — R be a square-integrable function, with p > 1 a given integer. The pth
multiple Wiener-It6 integral of f with respect to the Brownian motion B = (B(x))xe[o’ 1y 18 formally
written as

(2.1) f(xi,...,x,)dB(x;)...dB(x,).

(0,117

To give a precise meaning to (2.1), Itd’s crucial idea from the fifties was to first define (2.1) for
elementary functions that vanish on diagonals, and then to approximate any f in L*([0, 1]?) by
such elementary functions.
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Consider the diagonal set of [0, 117, thatis, D = {(#,...,1,) € [0, 117 : di # j, t; = t;}. Let &,
be the vector space formed by the set of elementary functions on [0, 1]” that vanish over D, that
is, the set of those functions f of the form

k
f(xl’ s xp) = Z ﬁil...ipI[T,']_l,T,'] )X...X[T,'p_l,‘l','p)(xla cee -xp)7

ifyenip=1

where k > 1 and 0 = 79 < 71 < ... < 7y, and the coeflicients §;, ;, are zero if any two of the
indices iy, ..., i, are equal. For f € &,, we define (without ambiguity with respect to the choice
of the representation of f)

k

BN = D BB =B, 1)...(B,) - BT, 1)).

ifsenip=1

We also define the symmetrization fof f by

~ 1
f(xl’---’xp) = 17 Z f(xa'(l)’---’x(r(p))’

0€C,
where S, stands for the set of all permutations of {1, ..., p}. The following elementary properties

are immediate and easy to prove.

L. If f € &, then IE(f) = I5(f).

0 ifp#q
2. If fe&,and g € &,, then E[I? =0and E[IB(/)IB :{ ~ . )
feé, g E€G, [, ()] [, (NI, (2] P F Do if p = q

3. The space &, is dense in L*([0,1]7). In other words, to each f € L*([0,1]”) one can
associate a sequence (f,)n=1 C &, such that || f — full20.1p) = 0 as n — oo.

4. Since ELIA() ~I5m)1 = U= Falla o, < PU=Fullz o = 05 num — o0 for
fand (f,),>1 as in the previous point 3, we deduce that the sequence (1,(f,))n>1 1s Cauchy
in L*(Q) and, as such, it admits a limit denoted by I5(f). It is easy to check that I7(f) only
depends on f, not on the particular choice of the approximating sequence (f;),>1, and that
points 1 to 3 continue to hold for general f € L*([0, 1]7) and g € L*([0, 1]9).

We will also crucially rely on the following product formula, whose proof is elementary and can
be made by induction. See, e.g., [18, Proposition 1.1.3].
5. Forany p,q > 1, and if f € L*([0, 1]7) and g € L*([0, 1]9) are symmetric, then

PG

(2.2) HOIHOEDY r!(’: )(Z)I,‘iq_zr(f ®, 2),

r=0

where f®,g stands for the rth-contraction of f and g, defined as an element of L2([0, 1]7+97%")
by

(f S g)(xla RS xp+q—2r)

= FG, oo Xpom iy oo U (X gyt o o s Xpag—ar Uty « - U )duy .. du,.
[0,1]"
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Product formula (2.2) has a nice consequence, the inequality (2.3) below. It is a very particular
case of a more general phenomenon satisfied by multiple Wiener-It6 integrals, the hypercontrac-

tivity property.
6. For any p > 1, there exists a constant ¢4, > 0 such that, for any (symmetric) f €
L*([0,117),
(2.3) EL(N'] < ea, ELLNT
p

2
Indeed, thanks to (2.2) one can write If ( f)2 = Z r!(p) IZBp—Zr( f ®, f) so that
r

P
E[I‘g(f) Z }" ( ) (217 2r)‘||f®rf”L2([O 1]2p Zr)
r=0
The conclusion (2.3) follows by observing that
p'2||f®rf”L2([0 1]217 2r> — P'2||f® f”Lz([O 1]217 2r) — P ||f||L2([O l]p) = E[IB(f)

Furthermore, for each n > 2, using (2.2) and induction, one can show that, with ¢;. , a
constant depending only on p but not on f,

E[I]lj(f)z"] < Conp E[I]lf(f)Z]Z"—l

So for any r > 2, there exists an absolute constant c,., depending only on p, r (but not on
f) such that

2.4) ENE(HI < c,p ELE]

3 Exchangeable pair of Brownian motions: a first construc-
tion

As anticipated in the introduction, for this construction we consider two independent/]}rownian
motions on [0, 1] defined on the same probability space (Q2, ¥, P), namely 1/9\ and B, and we
interpolate between them by considering, for any ¢t > 0, B' = ¢ 'B+ V1 — ¢ %B.

ldW

Lemma 3.1. For each ¢ > 0, the pair (B, B') is exchangeable, that is, (B, B") =
particular, B’ is a Brownian motion.

(B',B). In

Proof. Clearly, the bi-dimensional process (B, B') is Gaussian and centered. Moreover, for any
x,y €[0,1],

E[B'(x)B'(y)] = e ¥ E[B(x)B()] + (1 — e *)E[B(x)B(y)] = E[B(x)B(y)]
E[B(x)B'(y)] = ¢'E[B(x)B(y)] = E[B'(x)B)].

The desired conclusion follows. O

We can now state that, as written in the introduction, our exchangeable pair indeed satisfies
the crucial property (a) of Proposition 1.1.
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Theorem 3.1. Let p > 1 be an integer, and consider a kernel f € L*([0,1]7). Set F = If( f) and
F,=1I5(f), 1 > 0. Then,
(3.1) E[F|o(B}] = F.

In particular, convergence (a) in Proposition 1.1 takes place:
1 : .
(3.2) lim — E[I¥(f) - I3(H)|oriBY] = —p IE(f) in LA(Q).

Proof. Consider first the case where f € &,, that is, f has the form

k

f('xb ceey xp) = Z ﬁil...ipI[le,l,Til)X...X[Tip,l,Tl‘p)(xl’ ce ey xp)7

Il geens i,,zl
withk > 1and 0 = 79 < 71 < ... < 7y, and the coefficients g;, ;, are zero if any two of the
indices iy, ..., i, are equal. We then have
k
F,= Bir..i,(B'(t)) = B'(tj,-1)) ... (B'(1;,) = B'(1;,-1))
=1

X...x [e"(B(ry) = B(ti-1) + V1 — e 2(B(t;)) - B(t;,-1))].
Expanding and integrating with respect to Eyields (3.1) for elementary f. Thanks to point 4 in
Section 2, we can extend it to any f € L*([0, 1]”). We then deduce that

e’ -1

t

% E[F, - F|o{B}] = F,

from which (3.2) now follows immediately. |

4 Exchangeable pair of Brownian motions: a second con-
struction

In this section, we present yet another construction of exchangeable pairs via Gaussian white
noise. We believe it is of independent interest, as such a construction can be similarly carried out
for other additive noises. This part may be skipped in a first reading, as it is not used in other
sections. And we assume that the readers are familiar with the multiple Wiener-Ito integrals with
respect to the Gaussian white noise, and refer to [18, Page 8-13] for all missing details.

Let W be a Gaussian white noise on [0, 1] with Lebesgue intensity measure v, that is, W
is a centred Gaussian process indexed by Borel subsets of [0, 1] such that for any Borel sets
A,B c [0,1], W(A) ~ N(0,v(A)) and E[W(A)W(B)] = v(A N B). We denote by ¥ := o{W}
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the o-algebra generated by {W(A): A Borel subset of [0, 1]}. Now let W’ be an independent
copy of W (denote by ¢4’ = o{W’} the o-algebra generated by W’) and I, be a uniform ran-
dom variable over {1, ..., n} for each n € N such that I,,, W, W’ are independent. For each fixed
n € N, we consider the partition [0, 1] = U;le Ajwith A} = [0, %], A = (%, % s, A= (1—%, 1].

Definition 4.0. Set W"(A) := W/(ANA,) + W(A\ A,) for any Borel set A C [0, 1].

Remark 4.1. One can first treat W as the superposition of {Wls,, j = 1,...,n}, where W|,,
denotes the Gaussian white noise on A;. Then according to I, = j, we (only) replace W/,
by an independent copy W’|s; so that we get W". This is nothing else but a particular Gibbs
sampling procedure (see [5, A.2]), hence heuristically speaking, the new process W” shall form
an exchangeable pair with W.

law

Lemma 4.1. W and W” form an exchangeable pair with W, that is, (W, W") = (W",W). In
particular, W" is a Gaussian white noise on [0, 1] with Lebesgue intensity measure.

Proof. Let us first consider m mutually disjoint Borel sets Ay,...,A,, C [0,1]. Given Dy, D,
Borel subsets of R™, we have

P((W(A)),....W(An) € Dy, (W'(A)), ..., W'(A,)) € Dy)
= P(W(A).....W(A,) € Dy, (W'A),....W'(A,) € Dy, I, =v)

=1

<

n

Z P(g(Xv, Y,) € D,g(X.,Y,) € Dz) ,
v=1

S | =

where foreachv e {1,...,n},
e X,:=(WA NA),...,WA,,NA)), X, :=(W(A NA),..., W(A, NA)),
oY, ;= (WA \A),..., WA, \ A)), and g is a function from R*" to R™ given by
(-xla'°~a-xm’yla'°'aym) = g(-xh" '7-xmayl$" '7ym) = (xl +y1""’-xm +ym)
It is clear that for each v € {1,...,n}, X,, X and Y, are independent, therefore g(X,, ¥,) and

g(X],Y,) form an exchangeable pair. It follows from the above equalities that

P((W(A)).....W(An) € Dy, (W'(A)). ..., W'(A,)) € D,)
1 n
:; ;P(g(x\,n Yv)eDlag(Xv’ YV)€D2)

= P(W"(A1)..... W"(An) € D1, (WA, ... W(A,) € Dy) .

This proves the exchangeability of (W(A,), ..., W(A,,)) and (W"(A,), ..., W"(A,)).

Now let By, ..., B,, be Borel subsets of [0, 1], then one can find mutually disjoint Borel sets
Ay, ..., A, (for some p € N) such that each B; is a union of some of A;’s. Therefore we can
find some measurable ¢ : R”? — R” such that (W(By),..., W(B,)) = ¢(W(A)),..., W(A))).
Accordingly, (W"(By), ..., W'(B,,)) = ¢(W"(A)), ..., W"(A,)), hence (W(B,), ..., W(B,,)) and
(W"(By), ..., W"(B,,)) are exchangeable. Now our proof is complete. m|
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Remark 4.2. For each ¢ € [0, 1], we set B(t) := W([O,¢]) and B"(t) := W"(|0, t]). Modulo
continuous modifications, one can see from Lemma 4.1 that B, B" are two Brownian motions that
form an exchangeable pair. An important difference between this construction and the previous
one is that (B, B') is bi-dimensional Gaussian process whereas B, B" are not jointly Gaussian.

Before we state the analogous result to Theorem 3.1, we briefly recall the construction of
multiple Wiener-Ito integrals in white noise setting.
1. For each p € N, we denote by &), the set of simple functions of the form

m

4.1) ft,....t,) = Z ﬁil...ipIA,-lx...xA,-p(tla e ty)

where m € N, Ay,...,A,, are pair-wise disjoint Borel subsets of [0, 1], and the coefficients
Bi,..i, are zero if any two of the indices i, ... i, are equal. It is known that &, is dense in
L*([0, 117).

2. For f given as in (4.1), the pth multiple integral with respect to W is defined as

m

i1enip=1

and one can extend ) to L*([0, 1]7) via usual approximation argument. Note 1, (f) is
nothing else but / f (f) with the Brownian motion B constructed in Remark 4.2.

Theorem 4.1. If F = I!‘j"( f) for some symmetric f € L*([0, 1]7) and we set F® := I[?,n (f). then
in LX(Q,%,P)and asn — +oo, n E[F™ — F|¢] - —pF.

Proof. First we consider the case where f € &),, we assume moreover that F = ]_[f: L W(A))

with Ay, ..., A, mutually disjoint Borel subsets of [0, 1], and accordingly we define F ™ =
]"[f:1 W"(A;). Then, (we write [p] = {1,...,p},A” =ANA, forany A C [0,1]and v € {1,...,n})

n p

9Y|=nE {Z | Fy— l—[ [W/(A)) + W(A; \ A)] |{¢ }
=1

v=1 Jj=

nE[F™

n

Zn: E{ﬁ [W/(A") + W(A;\ A)] |# } =Y ﬁ W(A;\ A)

v=1 j=1 v=1 j=1

. { [,, W(Aj))—ZW(A;; ( [1

v=1 J=1 jelpl\(k)

P

YD) ( [1 W(Aj)]W(A,‘C’I)---W(A;[)}

= b1 FElp) \jelpl\ ok
al 1stinct

=nF — pF +Ry(F) ,

W(A j)J
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where R,,(F):Zp:(—l)" > [ |'] W(Aj)]zn"W(Azl)---W(A;{,).
v=1

=2 ki,...ke€lpl \ jelpI\tki,....ke}
all distinct
Then R,(F) converges in L*(Q,%, P) to 0, due to the fact that 3"_, 1., W(4; ) converges in
L*(Q) t0 0, as n — +oo, if ¢ > 2 and all k;’s are distinct numbers. This proves our theorem when
feé,.
By the above computation, we can see that if F' = IZV( f) with f given in (4.1), then

R.(F) = i ﬁiliz...,-,,zp:(—l)" Zp] { [] W(Al-,.>]iW(A;,)---W(Ark[).
v=1

[]yeens ip=l =2 k1 ..... k[=1 jE[p]\{kl ..... k[}
all distinct

2
12(Q) as

Therefore, using Wiener-1td isometry, we can first write | R, (F )||

m 2

b

W<Al¢,.>] WAL W(AL)

p!
i

----- Jelp\k1,....ke} L2(Q)

all distinct

and then using the elementary inequality (a; + ... + a,,)f < m’™! " lailf fora; € R, B > 1,
m € N, we have

p 2
Z(—l)‘ [ W(Ai,)] W(A; )--- W(A])
=2 ki,...ke€lp] \jE[pI\tk1.....ke) LA(Q)
all distinct
p 2
<0,y > ( [T wa) ) WA} )« W(AY,)
(=2 kykeelp)l W\ jelpI\(ky....ke} LXQ)

all distinct

—o, ) Y [ [1 v(Ai,.)]v(Arkl)mv(Aa[)

=2 ky,..keelpl \ jelpI\ki,....ke}
all distinct

<0, Z [ l_[ V(Ai,-))V(A,Ykl)V(AzYkz)

kiko€lpl \ jelp\tki k2}
ky#ky

where O, O, (and O; in the following) are some absolute constants that do not depend on n or F.
Note now for k; # ka, Y0  V(A] ) - v(Asz) <V(A;) 2o v(A;.’kz) = v(A;, ) - v(A;,), thus,

ik,

Ri(F) ey <P! Y. (Bini)@2 Y ( [ v(Ai,.>]v(Aikl)v(Aik2>

i15eip=1 ki ka€lpl \ jelpl\lki.k2}
k1#ky

SP' Z (ﬁiliZ--.ip)2®3 l—[ V(Aij) = ®3 ) ”F“iz(g) ’

[ ip: je[p]
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Since {I)(f) : f € &,} is dense in the pth Wiener chaos .7, R, : ¢, — L*(Q) is a bounded
linear operator with operator norm ||R,[|o, < 105 for each n € N. Note the linearity follows
from its definition R,(F) := n E[F"™ — F|4] + pF, F € J%,.

Now we define

@, = {F € #, . Ru(F) = lim R,(F) is well defined in LZ(Q)} .
n—+00

It is easy to see that ), is a dense linear subspace of .77, and for each f € &,, Il‘jv( f) € 6, and
RV (f)) = 0. As

Sup”Rn”op < V®3 < 400,

neN
R has a unique extension to 7, and by density of {I;V( f) 1 feé&)in A, R.(F) =0 for
each F € #,. In other words, for any F € J,, n E[F™ — F|§4] converges in L*(Q) to —pF, as
n — +oo. O

5 Proof of Proposition 1.1

We now give the proof of Proposition 1.1, which has been stated in the introduction. We restate
it for the convenience of the reader.

Proposition 1.1 Let (B, B')»( be a family of exchangeable pairs of Brownian motions (that is, B

is a Brownian motion on [0, 1] and, for each ¢, one has (B, B") faw (B', B)). Assume moreover that

(a) for any integer p > 1 and any f € L*([0, 1]7),
1 : .
lim — E[I}'(/) = (D]t BY| = =p () in ().
Then, for any integer p > 1 and any f € L*([0, 1]7),

1 . 1
(b) tim — E| (7 () = LY lertBY| = 2p° /0 Ip(fx)Ydx - in LA(Q);

o1 ¢
(© lim — E[(5 (5 = 1) = 0.

Proof. We first concentrate on the proof of (b). Fix p > 1 and f € L*([0, 1]7), and set F = Iﬁ( f)
and F, = If( f). First, we observe that

1 1 2
P E[(F, - F)’|o{B}] = p E[F} - F’|o{B}] - —F E[F,- F|o{(B}].

Also, as an immediate consequence of the product formula (2.2) and the definition of f ®, f, we
have

1 p 2
pz/o If_l(f(x, ))2dx = rr!(l:) pr_Q,(f ®, f).
1

r=
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Given (a) and the previous two identities, in order to prove (b) we are thus left to check that

(5.1) 11m1E[ — F?|or{B}] = —2pF2+Zer( )pr »(f® f) in LA(Q).

r=1

The product formula (2.2) used for multiple integrals with respect to B’ (resp. B) yields

p 2 p 2
=) r!(’:) B o (f® f) (resp. F>= r!(f) (8 f))-

r=0 r=
Hence it follows from (a) that

-1

<

1 !
;E[th—F2|o-{ r'( ) E[I3 ,(f & )= I3, 5, (f ® flo{B

n\M

2
— r.(r) Q2r - 2p)IZBp72r(f @ f)

r=0
= —2p(F” - E[F21)+22rr'( )15,, L@ f),

which is exactly (5.1). The proof of (b) is complete.

Let us now turn to the proof of (c). Fix p > 1 and f € L?*([0, 1]?), and set F = If(f) and
F, = Igt( f),t > 0. We claim that the pair (F, F,) is exchangeable for each 7. Indeed, thanks to
point 4 in Section 2, we first observe that it is enough to check this claim when f belongs to &,,,
that is, when f has the form

f(x]’ . xp) - Z ﬁll lp [T’I lTl])X X[T,p |T,p)( 1o« 7 )7
iyenip=1
withk > 1T and 0 = 79 < 71 < ... < 7, and the coefficients B; ; are zero if any two of the
indices iy, ..., i, are equal. But, for such an f, one has

k

F=1)(f)= Z Bir..i,(B(ti)) = B(t;,-1)) ... (B(1;,) — B(7,-1))

i1 yesip=1

k
Fo=10(H= ), BB @)=B(T)...(B({,) - B, 1),

i1 yip=1

and the exchangeability of (F, F,) follows immediately from those of (B, B). Since the pair
(F, F,) is exchangeable, we can write

E[(F, - F)'|=E[F} + F* —4F’F — 4F°F, + 6F*F?]

=2E[F*] - 8E[F’F,] + 6E[F*F?] by exchangeability;
=4E[F3(F, — F)] + 6E[F*(F, — F)*] after rearrangement;
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=4E[F’E[(F, - F)|lo{B}]] + 6E[F*E[(F, — F)*|o{B}]].

Dividing by ¢ and taking the limit 7 | O into the previous identity, we deduce, thanks to (a) and
(b) as well, that

1
(5.2) 1%1 % E[(F, - F)4] = —4pE[FY1+ 12p°E [Fz / I3 (f(x, .))de] :
l 0

In particular, it appears that the limit of % E[(F, — F)*] is always the same, irrespective of the
choice of our exchangeable pair of Brownian motions (B, B) satisfying (a). To compute it, we
can then choose the pair (B, B') we want, for instance, the pair constructed in Section 3. This is
why, starting from now and for the rest of the proof, (B, B’) refers to the pair defined in Section
3 (which satisfies (a), that is, (3.2)). What we gain by considering this particular pair is that it
satisfies a hypercontractivity-type inequality. More precisely, there exists ¢, > 0 (only depending
on p) such that, for all ¢ > 0,

(5.3) E[(F, - F)*] < ¢, E[(F, — F)*I*.

Indeed, going back to the definition of multiple Wiener-It6 integrals as given in Section 2 (first
for elementary functions and then by approximation for the general case), we see that F, — F
1s a multiple Wiener-It0 integral of order p with respect to the two-sided Brownian motion
B = (E(s))se[_l,l], defined as

B(s) = B(s)jo.11(s) + B(=5)[_1.0/(5).

But product formula (2.2) is also true for a two-sided Brownian motion, so the claim (5.3) follows
from (2.3) applied to B. On the other hand, it follows from (b) that } E[(F, — F)*] converges to a
finite number, as ¢ | 0. Hence, combining this fact with (5.3) yields

%E[(F, ~F)|<c,t (% E|(F, - F)z]) -0,

ast | 0. O

Remark 5.1. (i) A byproduct of (5.2) in the previous proof is that
1 1
(5.4) §(E[F4] -30") =E [FZ (p /0 15 (f(x, ) dx - 0'2)] :

Note (5.4) was originally obtained by chain rule, see [15, equation (5.2.9)].

(ii) As a consequence of (c) in Proposition 1.1 , we have lim,j E[l[f'(f) - I}()P] = 0.
Indeed,

1 B B 3 1 B! B 2 : 1 B B 4 :
;4mmn—gqn]s@Ekgdr4gﬂ)D(;4@Aﬂ—gd»D
-0, ast]O0.
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(ii1) For any r > 2, in view of (2.4) and (5.3), there exists an absolute constant c,., depending
only on p, r (but not on f) such that

ENIE() = 1P(HI'] < e ELUECH) - IE ()]

Moreover, if F € L*>(Q, o{B}, P) admits a finite chaos expansion, say, (for some p € N)

F = E[F] + ZZ:I If(fq), and we set F, = E[F] + 25:1 IqB’(fq), then there exists some

absolute constant C,, that only depends on p and r such that

E[|F - Fl'l<C.,E[(F-F)y]".

6 Proof of E. Meckes’ Theorem 1.2

In this section, for sake of completeness and because our version slightly differs from the original
one given in [11, Theorem 2.1], we provide a proof of Theorem 1.2, which we restate here for
convenience.

Theorem 1.2 Let F and a family of random variables (F;);»o be defined on a common probability

space (Q, ¥, P) such that F, fa F for every t > 0. Assume that F € L*(Q,%¥, P) for some
o-algebra ¥ C F and that in L'(Q),

1
(a) lif(? - E[F,— F|9] = —AF for some A > 0,
t
1
(b) lill‘(l)l 7 E[(F, - F)|4] = (24 + S)Var(F) for some random variable S,
I3

.1 3
(c) ll}ll(l)l; (F,—F) =0.
Then, with N ~ N(0, Var(F)),
E|S
dry(F,N) < J
A
Proof. Without loss of generality, we may and will assume that Var(F) = 1. It is known that

1
(6.1) dry(F,N) = 5 sup Elp(F) = ¢(N)] ,

where the supremum runs over all smooth functions ¢ : R — R with compact support and such
that ||¢||.. < 1. For such a ¢, recall (see, e.g. [3, Lemma 2.4]) that

g =" / (¢ — E[e(N)])e™> 2 dy , xeR,
satisfies

(6.2) 8'(x) = xg(x) = @(x) — E[@(N)]
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as well as ||glle < V27, [|g'lleo < 4 and [|2” ]l < 2ll¢’]lee < +00. In what follows, we fix such a
aw

pair (¢, g) of functions. Let G be a differentiable function such that G’ = g, then due to F, ™ g ,
it follows from the Taylor formula in mean-value form that

1
0= E[G(F) - G(F)] = E[g(F)(F, — F)] + 5 E[¢'(F)(F, - F)’] + EIR] ,

with remainder R bounded by llg” |l |F; — FP.
By assumption (c) and as ¢ | O,

1 | |
1+ BRI < ¢ "1l 7 EIIF, — FF] - 0.
t 6 t
Therefore as ¢ | 0, assumptions (a) and (b) imply that
’ 1 ’
AE[g'(F) - Fg(F)] + 5 E[g'(F)S] = 0.

Plugging this into Stein’s equation (6.2) and then using (6.1), we deduce the desired conclusion,
namely,
1lg"lloo E|IS|

dry(F,N) < < EIS| < —.
rv(F.N) < 5=~ ElS| < —

O

Remark 6.1. Unlike the original Meckes’ theorem, we do not assume the exchangeability
law

condition (F,, F) = (F, F,) in our Theorem 1.2. Our consideration is motivated by [22].

7 Quantitative fourth moment theorem revisited via exchange-
able pairs

We give an elementary proof to the quantitative fourth moment theorem, that is, we explain how
to prove the inequality of Theorem 1.1(i1) by means of our exchangeable pairs approach. For

sake of convenience, let us restate this inequality: for any multiple Wiener-1t6 integral F' of order
p > 1 such that E[F*] = o > 0, we have, with N ~ N(0, 0?),

(7.1) dry(F.N) < % \ /pS—_pl VE[F*] = 30%.

To prove (7.1), we consider, for instance, the exchangeable pairs of Brownian motions
{(B, B")};»o constructed in Section 3. We deduce, by combining Proposition 1.1 with Theorem
1.2 and Remark 5.1-(i1), that

To deduce (7.1) from (7.2), we are thus left to prove the following result.

1
(7.2) dry(F,N) < = E Hp / IE\(f(x, ) dx - o
o 0
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Proposition 7.1. Let p > 1 and consider a symmetric function f € L*([0, 1]7). Set F = If( f)
and 0 = E[F?]. Then

< 22 Lpirh - 30,

E
3p

1 2
(p / 15 (f(x, ) dx - 02)
0

Proof. Using the product formula (2.2), we can write

r 2 p-1 2
=y r!(p) B o(fe f=c+ ZO r!(l: ) B ,.(fe f)

r
r=0

as well as
1 p-1 2 1
p/o If_l(f(x, ))dx = pz r!(p; 1) pr—zr—z (/0 f(x,)®, f(x, -)dx)
P p—lzB ~ . . sz
:p;(r— 1)!(r_ 1) by, (f® f)=0"+ ; 5 r!(r) L, o, (f® f).
Hence, by the isometry property (point 2 in Section 2),

1 2 p-1 o 4
r —
E (p / 18 (f(x, )dx - 02) ] =>4 r,z(;:) 2p = 20UF& f o2
0

On the other hand, one has from (5.4) and the isometry property again that
1 1
S(EIF] =30") =E [F2 (p /0 12 (f(x, ))*dx - az)]
1 r p ¢
= §(E[F4] —30%) = Z l_? r!2(r) 2p - 2r)!||f®,f||iz([071]2,,_2,).

The desired conclusion follows. O

8 Connections with Malliavin operators

Our main goal in this paper is to provide an elementary proof of Theorem 1.1(ii). Nevertheless,
in this section we further investigate the connections we have found between our exchangeable
pair approach and the operators of Malliavin calculus. This part may be skipped in a first reading,
as it is not used in other sections. It is directed to readers who are already familiar with Malliavin
calculus. We use classical notation and so do not introduce them in order to save place. We refer
to [18] for any missing detail.

In this section, to stay on the safe side we only consider random variables F belonging to

(8.1) ﬂ::U@%,

peN r<p
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where .77 is the rth chaos associated to the Brownian motion B. In other words, we only consider
random variables that are o{ B}-measurable and that admit a finite chaotic expansion. Note that
A is an algebra (in view of product formula) that is dense in L*(Q, o{B}, P).

As is well-known, any o{B}-measurable random variable F' can be written F' = y/(B) for
some measurable mapping ¢/ : R®+ — R determined P o B~! almost surely. For such an F, we
can then define F, = y/r(B"), with B defined in Section 3. Another equivalent description of F; is
to define it as F, = E[F]+}"_| 15(f,), if the family (f,)1<,<, is such that F = E[F]+ PR

Our main findings are summarized in the statement below.

Proposition 8.1. Consider F, G € A, and define F,, G, for each € R, as is done above. Then,
in L*(Q),

(a) lim % E|F, - F|o(B}| = LF.

(b) Tim % E|(F, - F)G, - G)|lo{B}| = L(FG) - FLG - GLF = 2(DF, DG).

Proof. The proof of (a) is an immediate consequence of (3.2), the linearity of conditional
expectation, and the fact that LIZ(f,) = —r I®(f,) by definition of L. Let us now turn to the proof
of (b). Using elementary algebra and then (a), we deduce that, as ¢ | 0 and in L*(Q),

1
~ E[(F, = F)G, = G)|o(B)]

1 1 1
= E[F,G, - FG|o{B}] - ;F E[G, - G|o{W}] - ;G E[F, - F|o{B}]
— I(FG) - FLG - GLF .
Using L = —=6D, D(FG) = FDG + GDF (Leibniz rule) and 6(FDG) = Fo6(DG) — (DF, DG)

(see [18, Proposition 1.3.3]), it is easy to check that L(FG) — FLG — GLF = 2(DF, DG), which
concludes the proof of Proposition 8.1. O

Remark 8.1. The expression appearing in the right-hand side of (b) is nothing else but 2I'(F, G),
the (doubled) carré du champ operator.

To conclude this section, we show how our approach allows to recover the diffusion property
of the Ornstein-Uhlenbeck operator.

Proposition 8.2. Fixd € N, let F = (F,,...,F,;) € A’ (with A givenin (8.1)),and ¥ : R - R
be a polynomial function. Then

d d
(8.2) LY(F) = Y 0, ¥(F)LF;+ Y 8;}¥(FXDF;, DF;) .

j=1 ij=1

Proof. We first define F;, = (Fy,, ..., F4,) as explained in the beginning of the present section.
Using classical multi-index notations, Taylor formula yields that

d 1 d
W(F) = W(F)= ) 0, ¥(F)Fyu~ F)) + 5 ) 0, ¥(F)Fy = F))(Fis ~ F)

J=1 ij=1
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1
(8.3) ) T Bd F,- Fy /0 (1= 0" ... 0P ¥)(F + s(F, — F))ds.

1B1=3

In view of the previous proposition, the only difficulty in establishing (8.2) is about controlling
the last term in (8.3) while passing 7 | 0. Note first (8?‘ . .8§d‘P)(F + s(F, — F)) is polynomial
in F and (F; — F), so our problem reduces to show

1
(8.4) hm E [|[F*(F, - FY|] =

fora = (a1, ...,@0),8=(Bi,...,Ba) € NU{OD with |3 > 3.
Indeed, (assume g; > O for each j)

1
—E[|F“(F, - F)P|] < —E[lF“ P1'E[I(F, - FI"]'* by Cauchy-Schwarz inequality;

d 5 1/2
E[Fep) L ]_[ E|(F; - F)™| W'J by Holder inequality;
j=1

d 1/2
1 j
<CE[|FP]" 3! (l—[ FE[F - Fy| ] :
j=1

where the last inequality follows from point-(iii) in Remark 5.1 with C > 0 independent of ¢.
Since F* € A and |B| > 3, (8.4) follows immediately from the above inequalities. O

9 Peccati-Tudor theorem revisited too

In this section, we combine a multivariate version of Meckes’ abstract exchangeable pairs [12]
with our results from Section 3 to prove (1.5), thus leading to a fully elementary proof of Theorem
1.4 as well.

First, we recall the following multivariate version of Meckes’ theorem (see [12, Theorem 41]).
Unlike in the one-dimensional case, it seems inevitable to impose the exchangeability condition
in the following proposition, as we read from its proof in [12].

Proposition 9.1. For each t > 0, let (F, F,) be an exchangeable pair of centered d-dimensional
random vectors defined on a common probability space. Let G be a o-algebra that contains o{F}.
Assume that A € R is an invertible deterministic matrix and X is a symmetric, non-negative
definite deterministic matrix such that

(a) hm ! E[ — FIG] = —AF in LY(Q),

1
(b) hfél - E[(F, - F)(F, = F)'|9] = 2AX + S in L'(Q, || - |lus) for some matrix S = S (F), and
I3
with || - [|gs the Hilbert-Schmidt norm
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(c) hm Z ] 0, where F;, (resp. F;) stands for the ith coordinate of F, (resp.

Then, with N ~ N4(0, ),
(1) for g € C*(RY),

|E[g(F)] - E[g(N)]| <

1A op VA Ma() l
4

where M>(g) := sup,cpa ||D2g(x)||Op with || - ||op the operator norm.

(2) if, in addition, X is positive definite, then

A opllZ~?lop 4
dw(F,N) < E s2

Remark 9.1. Constant in (2) is different from Meckes’ paper [12] . We took this better constant
from Christian Dobler’s dissertation [5], see page 114 therein.

By combining the previous proposition with our exchangeable pairs, we get the following
result, whose point 2 corresponds to (1.5).

Theorem 9.1. Fixd > 2and 1 < p; < ... < p,. Consider a vector F := (Ifl (fi),.-., pd(fd))
with f; € L*([0, 1]7) symmetric for each i € {1,...,d}. Let £ = (07;) be the covariance matrix of
F,and N ~ N,(0,%). Then

(1) for g € C2(RY),

Elg(P)] - ElgV)]| < ‘fzp“g) J

1
Z Var plp[ / pi—l(ﬁ(x’ '))ij—l(fj(x, ))dx),

i,j=1
where M>(g) := Sup,cpa ||D2g(x)||0p

(2) if in addition, X is positive definite, then

2|z~ 1/2||op
dw(F,N) <

Z Var(pip,; / Loyt (i, Dy 1 (fx, ))dl).

i,j=1
Proof. We consider F; = (I By, ... 1 f; (f1)), where B' is the Brownian motion constructed in
Section 3. We deduce from (3 1) that
1 e “pit ! e “Pal !
;E[Fz—FIU{B}] =( I (f1),. IB(fd))



PAPER 3 129

implying in turn that, in L*(Q) and as ¢ | 0,

L E[F,~ Flo(B)] ~ ~AF,

with A = diag(py, ..., py) (in particular, ||A‘1||Op = p]l). That is, assumption (a) in Proposition
9.1 is satisfied (with G = o{B}). That assumption (c) in Proposition 9.1 is satisfied as well
follows from Proposition 1.1(c). Let us finally check that assumption (b) in Proposition 9.1 takes
place too. First, using the product formula (2.2) for multiple integrals with respect to B’ (resp. B)
yields

PiNpj
_ Z Pi\[Pj\;B
FiFj= ”!( )( r )IPI+P1—2r(fi ® f))

r=0 r
Di\Dj p\(P;
FiiFji= Z:(; ”(r)( r) vips—2r (i ®r [)-

Hence, using (3.2) for passing to the limit,
1 1
— E[(Fiy = F)(Fj; = Fp|o(B)] = — E[Fy,F ;= FiF jlor(B)]

1 1
= =~ FiE[Fj, = Fjlo{B] - — F, E[F;, - Filo{B)

Pi\D;

= (pi+ pFiF; = ) r!(lj )(’j f)(p + I8, (8 f) ast O,

r=0

Now, note in L*(Q),
1
; E[Fi,tFj,t - FiFj|0'{B}]

PiNDj . AN
- Z r‘(p )(pj) t [ pi+D; 2r(f ®r fj) Pz+I’J 2r(f ®r fj)|O-{B}]

r=0 r r
PilDj o\(pi
- rzz(; r'( rl)( rJ) 2r—p; - )IB+p] zr(f’ ®, fj) , ast ] 0,by (3.2).

Thus, as ¢ | O,

DiApj

— E[(F;, - F)(F, - F)|o{B}] -2 Z r'r(p ’)(p ’) vipy—2r i ©r f)

I
= ZPin/O I (il DI (fi(x, ),

where the last equality follows from a straightforward application of the product formula (2.2).
As a result, if we set

1
Sij = 2pip; /0 L1 (fi(x, N1 (fi(x, ))dx = 2piori
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for each i, j € {1,...,d}, then assumption (b) in Proposition 9.1 turns out to be satisfied as well.
By the isometry property (point 2 in Section 2), it is straightforward to check that

1
p; /0 E| L1 (i Dy (fi(x, D ]dx = o

Therefore,
d d d 1
E| \| D283 [ 4D EIS2] =24 > Var(pip, /0 Lyt (i, DLy 1 (f(x, )dlx)
ij=1 ij=1 ij=1
Hence the desired results in (1) and (2) follow from Proposition 9.1. |
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Paper 4: Fourth moment theorems on the Poisson space in
any dimension
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— Abstract )
We extend to any dimension the quantitative fourth moment theorem on the Poisson set-
ting, recently proved by C. Débler and G. Peccati (2017). In particular, by adapting the
exchangeable pairs couplings construction introduced by 1. Nourdin and G. Zheng (2017)
to the Poisson framework, we prove our results under the weakest possible assumption of
finite fourth moments. This yields a Peccati-Tudor type theorem, as well as an optimal
improvement in the univariate case.

Finally, a transfer principle “from-Poisson-to-Gaussian” is derived, which is closely related
to the universality phenomenon for homogeneous multilinear sums.

1 Introduction and main results

1.1 Outline

In the recent paper [13], the authors succeeded in proving exact quantitative fourth moment
theorems for multiple Wiener-1t6 integrals on the Poisson space. Briefly, their method consisted
in extending the spectral framework initiated by the remarkable paper [22], and further refined
by [1], from the situation of a diffusive Markov generator to the non-diffusive Ornstein-Uhlenbeck
generator on the Poisson space. The principal aim of the present article is to extend the results
from [13] to the multivariate case of vectors of multiple integrals. In view of the result of Peccati
and Tudor [35] on vectors of multiple integrals on a Gaussian space, we are in particular interested
in discussing the relationship between coordinatewise convergence and joint convergence to
normality. Indeed, one of our main achievements is a complete quantitative version of a Peccati-
Tudor type theorem on the Poisson space (see Theorem 1.7 and Corollary 1.8).

Furthermore, still keeping the spectral point of view as in [13], by replacing the rather intrinsic
techniques used there with an adaption of a recent construction of exchangeable pairs couplings
from [32], we can even remove certain technical conditions which seem inevitable in order to
justify the computations in [13]. In this way, we are able to prove our results under the weakest

Key words and phrases. Stein’s method; Exchangeable pairs; Brownian motion; Malliavin calculus.
AMS 2000 Classification: 60F05; 60H07; 60HO5
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possible assumption of finite fourth moments. In the univariate case, our strategy provides an
optimal improvement of the Wasserstein bound given in Theorem 1.3 of [13] and, a fortiori,
of the associated qualitative fourth moment theorem on the Poisson space (see Corollary 1.4
in [13]).

1.2 Motivation and related works

The so-called fourth moment theorem by Nualart and Peccati [33] states that a normalised
sequence of multiple Wiener-Itd integrals of fixed order on a Gaussian space converges in
distribution to a standard normal random variable N, if and only if the corresponding sequence
of fourth moments converges to 3, i.e. to the fourth moment of N. For future reference, we give
a precise statement of this result:

Tueorem 1.1 ( [33]). Let F,, = I;V(fn) be a sequence of multiple Wiener-1to integral of order
g > 2, associated with a Brownian motion (W,,t € R,) such that f, € L*(R%) is symmetric for
eachn € N, and lim,,_, ., E[F ,%] = 02 > 0. Then, the following statements are equivalent:

(1) E[F¥] - 30 asn — +oo.
(2) F, converges in law to a Gaussian distribution N(0, 0?), as n — +oo.
(3) Foreachre{l,2,...,q— 1}, |If, ®: fnlle(Riqur) — 0, asn > +oo.

The contraction f, ®, f, is defined as in Section 2. See [27] for any unexplained notions and
notation of Gaussian analysis.

Note that such a result significantly simplifies the method of moments for sequences of random
variables inside a fixed Wiener chaos. In the years after the appearance of [33], this result has
been extended and refined in many respects. While [35] provided a significant multivariate
extension (see Theorem 1.10), the paper [26] combined Stein’s method of normal approximation
and Malliavin calculus in order to yield quantitative bounds for the normal approximation
of general smooth functionals on the Wiener space. We refer to the monograph [27] for a
comprehensive treatment of the so-called Malliavin-Stein approach on the Wiener space and of
results obtained in this way. One remarkable result quoted from [27] is that, if F is a normalised
multiple Wiener-1t6 integral of order ¢ > 1 on a Gaussian space, then one has the bound

(1.1) dry(F,N) < 2\/%(13[1?4] -3),

where dty denotes the total variation distance between the laws of two real random variables.
The techniques developed in [26] have also been adapted to non-Gaussian spaces which admit a
Malliavin calculus structure: for instance, the papers [16,34,36,41] deal with the Poisson space
case, whereas [17,18,30,44] develop the corresponding techniques for sequences of independent
Rademacher random variables. The question about general fourth moment theorems on these
spaces, however, has remained open in general, until the two recent articles [13] and [11].
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1.3 General framework

Let us fix a measurable space (Z, Z), endowed with a o--finite measure u. We let
2, ={BeZ : u(B) < oo}

and define
n={nB) : Be Z}

to be a Poisson random measure on (Z, Z) with control u, defined on a suitable probability
space (Q, ¥, P). By definition, the distribution of 7 is completely determined by the following
two properties:

(i) for each finite sequence By, ..., B, € Z of pairwise disjoint sets, the random variables
n(By),...,n(B,) are independent;

(ii) for every B € &, the random variable 7n(B) has the Poisson distribution with mean u(B).

Here, we have extended the family of Poisson distributions to the parameter region [0, +co] in
the usual way. For B € Z,,, we also define 77(B) := n(B) — u(B) and denote by

T={7B) : Be Z)

the compensated Poisson random measure associated with n. Before stating our main results,
we need to define some objects from stochastic analysis on the Poisson space. For a detailed
discussion see, among others, [19] and [21].

For g € Ny :={0,1,2,...}and f € L*(u9), we denote by 1)(f) the g-th order multiple Wiener-
116 integral of f with respect to 7. Let L be the generator of the Ornstein-Uhlenbeck semigroup
with respect to 7, then it is well known that the spectrum of —L is given by the set of nonnegative
integers N and that, for ¢ € Ny, F is an eigenfunction of —L with eigenvalue ¢, if and only if
F = IJ(f) for some f € L*(u4). The corresponding eigenspace C, will be called the g-th Poisson
Wiener chaos associated with 7. In particular, Cy = R.

1.4 Main results in the one-dimensional case

Recall that the Wasserstein distance between (the distributions of) two real random variables X
and Y in L'(P) is defined by

b

dy(X,Y) := sup [E[h(X)] - E[A(Y)]
heLip(1)

where Lip(1) denotes the class of all 1-Lipschitz functions on R.

In the univariate case, our main result reads as follows.
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Tueorem 1.2 (Fourth moment bound on the Poisson space). Fix an integer g > 1 and let F € C,
be such that 0% := E[F?] > 0 and E[F*] < co. Then, with N denoting a standard normal random
variable, we have the bounds:

2q-1 2 |4g-3
q 4= ] E[F] - 30*

+_
O'q\/gr 30 q

(1.3) < (l \E + %) VEIF] =30,

o

(1.2) dyy(F,oN) < (

Theorem 1.2 immediately implies the following qualitative statement, which is analogous to
the Nualart-Peccati theorem [33] on a Gaussian space.

CororLary 1.3 (Fourth moment theorem on the Poisson space). For each n € N, let g, € N and
F, € C,, satisfy
limE[F?]=1 and limE[F}]=3.

n—oo n—oo

Then, the sequence (F,),cn converges in distribution to a standard normal random variable N.

RemMARK 1.4. (a) Theorem 1.2 and Corollary 1.3 are genuine improvements of Theorem 1.3 and
Corollary 1.4 from [13], respectively, since they do not require any additional regularity
from the involved multiple integrals like e.g. Assumption A in [13]. The main reason for
the appearance of such a condition in [13] was that certain intrinsic tools used there, notably
the Mecke formula and a pathwise representation of the Ornstein-Uhlenbeck generator L,
require L'(P ® u)-integrability conditions. It is the reconciliation of such conditions with the
L? nature of the objects under consideration which necessitated these assumptions. As will
become clear from our proofs in Section 4, such conditions can be completely avoided using
an adaptation of exchangeable pairs couplings introduced in [32].

(b) In view of the well-known relation dgc(F, N) < Vdqy(F, N) between the Kolmogorov distance
and the Wasserstein distance, one can obtain the fourth moment bound in the Kolmogorov
distance with order 1/4 from Theorem 1.2, under the weakest possible assumption of finite
fourth moment. However, the techniques applied in the present paper do not seem capable
of proving a bound of order 1/2 in the Kolmogorov distance dg(F, N).

(c) Indeed, it is an open question whether there is a general bound in the Kolmogorov distance
via Stein’s method of exchangeable pairs leading to the same accuracy as the one in the
Wasserstein distance. It is worth noting that the authors of [13] were able to obtain, under a
certain local version of Assumption A therein, the fourth moment bound in the Kolmogorov

distance:
dyi(F,N) < C NE[F*] - 30,

where F' € C, with g € N and C is a numerical constant. See [13] for more details.

In the particular case where

n is a Poisson random measure on R, with Lebesgue intensity, (#)



PAPER 4 137

we observe the following transfer principle that is of independent interest.

Proposition 1.5. Assume (#) and (W, t € R,) is a standard Brownian motion. Given p € N,
fo € L2(RY) symmetric for each n € N such that

. 2 _
nl—1>141-loop' ”f””LZ(R‘j) - 1 ’
then the following implications holds (N ~ N(0, 1))
lim E[/1(f,)*] =3 = lim E[I))(f)*] =3 = lim dv(I)(f,).N)=0.
n—+o0o n—+oo n—+oo

Remark 1.6. This transfer principle “from-Poisson-to-Gaussian” is closely related to the uni-
versality of Gaussian Wiener chaos and Poisson Wiener chaos, see Section 1.6. It is also worth
pointing out that the transfer principle “from-Gaussian-to-Poisson” does not hold true, due to a
counterexample given in [4], See Proposition 5.4 therein.

1.5 Main results in the multivariate case

In this subsection, let us fix integersd > 2 and 1 < ¢; < ¢, < ... < g, and consider a random

vector
F:=(F,....F)",

where F; € C;, 1 < j < d. We will further assume that F'; € L*(P) for each j € {1,...,d}.

.....

for 1 <i,j < d. Note that X; ; = 0 whenever ¢; # g; due to the orthogonality properties of

multiple integrals (see Section 2.1), and hence X is always a block diagonal matrix. Denote by

N = (N,,...,N,)" a centred Gaussian random vector with the same covariance matrix .
In order to formulate our bounds, we need to fix some further notation: for a vector x =
(x1,...,x)7 € R?, we denote by ||x||, its Euclidean norm and for a matrix A € R¥“, we denote

by ||Allop the operator norm induced by the Euclidean norm, i.e.,
lAllop := sup{l|Axll> = |lxll> = 1}.
More generally, for a k-multilinear form ¢ : RH* - R, k € N, we define the operator norm
llop 2= sup {l@Gur, ..o u)l = uy € R flugdy = 1, j=1,....k} .
Recall that for a function 4 : R? — R, its minimum Lipschitz constant M (h) is given by

M, (h) := sup Ih(x) — h)

€ [0, 00].
X#y ||x—y||2

If i is differentiable, then M (h) = sup,ga||Dh(x)||op. More generally, for k > 1 and a (k—1)-times
differentiable function / : R? — R, we set

Dk—lh _ Dk—lh o
My(h) 1= sup l (%) OMllop
X#y ”X - }’”2

9
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viewing the (k — 1)-th derivative D*~'h of h at any point x as a (k — 1)-multilinear form. Then, if
h is k-times differentiable, we have

Mi(h) = suplID*h(x)lop -

x€R4

Recall that, for two matrices A, B € R, their Hilbert-Schmidt inner product is defined by

d
(A, Byus. :="Tr(AB") = Te(BAT) = Te(B'A) = > A, Bi;.

i,j=1

Thus, (-, -)us. is just the standard inner product on R = R%*. The corresponding Hilbert-
Schmidt norm will be denoted by ||||g.s.. With this notion at hand, following [7] and [24], for
k = 2 we finally define .

M;(h) := sup|[Hess h(x)llus. ,

xeR4
where Hess i is the Hessian matrix corresponding to 4. Note that for a symmetric matrix
A € R with eigenvalues 1;(A) < ... < 14(A), one has

d
Al s, = Z‘/lj(A)2 < d max{|4,(A)F, ..., 1A} = dIAll3, -
=1

From this, it follows immediately that Mz(h) < Vd M,(h).

The next statement is our main result in the multivariate setting.
THEOREM 1.7. Under the above assumptions and notation, we have the following bounds:

(i) For every g € C3(RY) such that g(F), g(N) € L'(P), we have

d
[Blg(F)] ~ ElgW)]| < Bs(g) > \[EIF] - 3EIF2P
i=1

d-1 d
(1.4) + Ax(g) (Z E[Fﬁ‘]”‘*] D (BIFI - 3B[F)
i=1 =2
2 dTr(Z 2qg., — 1) V2d
with By(g) = Aa(g) + 1) Vqlr()Ma(@ and Ax(g) = %Mz((g).

(ii) If in addition X is positive definite, then for every g € C*(RY) such that g(F), g(N) € L'(P),

we have
d
[Elg(F)] ~ ElgV)]| < Bu(s) > \[EIF] - 3E[F2P
i=1
d-1 d
(1.5) + A«g)( E[F:‘]”“] D (EIFf1-3E[F3P)
i=1 j=2
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with
qa V27127 op VTI()
6q 1

By(g) = Ai(g) + M>(g)

and
(2qa — DIZ™?]lop

6]1\/5

Ai(g) = M(g).

The qualitative statement in the multivariate situation reads as follows.

CoroLLARY 1.8. Fix d € N and q,...,q; € N and suppose that, for each n € N, F" :=
(F E"), el Ffi") V' is a random vector such that each F ,(C") belongs to the qi-th Poisson Wiener
chaos. Moreover, assume that C = C(i, j)1<; j<a IS a fixed nonnegative definite matrix and that
N = (Ny,...,Np" is a centred Gaussian vector with covariance matrix C. Assume that the
following two conditions hold true:

(i) The covariance matrix of F™ converges to C as n — .
(il) For each 1 < k < d it holds that lim,,_,., E[(F ]((”))4] = 3C(k, k).
Then, as n — oo, the random vector F™ converges in distribution to N.

RemMARk 1.9. (a) Comparing the bounds in Theorem 1.7 with the one provided in Theorem 1.2,
one observes that in the multivariate case the order of dependence on the fourth cumulants
of the respective coordinates is 1/4 instead of 1/2. This phenomenon, which technically
results from an application of the Cauchy-Schwarz inequality in order to disentangle certain
joint moments of the coordinate variables, is nothing peculiar of the Poisson framework but
also arises in the Gaussian situation [25] and in the recent multivariate de Jong type CLT
for vectors of degenerate non-symmetric U-statistics [12]. Moreover, this phenomenon only
arises in the case when there are components belonging to different chaoses (see Remark
4.3).

(b) We stress that it is remarkable that, as in the Gaussian case [35], the bounds and conditions
in Theorem 1.7 and Corollary 1.8 can be expressed just in terms of the individual fourth
cumulants of the components of the random vectors. Indeed, both in the general situation of
diffusive Markov generators (see [5, Theorem 1.2]) and for the multivariate CLT for vectors
of degenerate non-symmetric U-statistics (see [12, Theorem 1.7]), one additionally needs to
assume the convergence of mixed fourth moments of those entries, which are of the same
chaos and Hoeffding order, respectively.

(c) Corollary 1.8 is a full Poisson space analogue of the Peccati-Tudor theorem [35] for vectors
of multiple integrals on a Gaussian space, which boils down the question about joint
convergence of the whole vector to conditions guaranteeing coordinatewise convergence
(via Corollary 1.3).

For the convenience of later reference, we state below the theorem of Peccati-Tudor on a
Gaussian space.
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TueorREM 1.10 ( [35]). Let (W,,t € R,) be a real standard Brownian motion, and we fix integers
d>2and 1 < q) < ... < qq Let C = C(i, j)i<ij<a be a d X d symmetric nonnegative definite
matrix and foranyn > 1, i € {1,...,d}, let f,; € LZ(RT,dx) be symmetric. Assume that the
d-dimensional random vectors

FO = (F", . FY = (@ (fu)s - I ()|

satisfy
lim E[F"F"] = C(, j), i jell,....d}.
n—+oo
Then, as n — +oo, the following assertions are equivalent:
(1) The vector F™ converges in distribution to a d-dimensional Gaussian vector N(0, C);

(2) foreveryie{l,...,d}, F 5") converges in distribution to a real Gaussian random variable

N(0,C(i,1));
(3) foreveryie(l,....d}, E[(F")] — 3C(, i)

(4) foreveryief{l,...,d}andeach1 <r<gq; -1,

fn,i ®r f;1,i

i g
12 (Riq, 2r) O.

For a proof, one can refer to [27].

1.6 Universality of Homogeneous sums

The transfer principle in Proposition 1.5 is closely related to the universality phenomenon for
multilinear homogeneous sums in independent Poisson random variables. We refer to the pa-
pers [29], [37], [28] and [2] for the universality results on multilinear homogeneous sums. Before
we can state the result, we need to introduce some notation.

Notation. Suppose that d > 2, N € N, and that f € £2(N9) is a function, which is symmetric in its
arguments and vanishes on diagonals, i.e. for any iy,...,i; € N, f(i1,...,10) = f(sq), - - - lo@)
for any o € S; and f(iy,...,iy) = 0, whenever i, = i, for some p # q. For a sequence
X = (X;, i € N) of real random variables, we define the multilinear homogeneous sum of order d,
based on the kernel f and on the first N elements of X by

(1.6) QufNX) = > fli. X X,
1<iy,...,igSN

Now let us consider an independent sequence P = (P;,i € N) of normalised Poisson random
variables, which can be realised via our Poisson random measure 7 on R,. More precisely, let
(t;,i € N) be a strictly increasing sequence of positive numbers. Set

(1, t; 1
P, = 0t tis1)) _ 1;7( I[r,-,z,-m) i
Vi1 — 4

liv1 — 4
i € N. We are now in the position to state the universality result.
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THeOREM 1.11. Let the above notation prevail. Fix integersd > 2 and q; > ... > q; > 2. For

each je{l,...,d}, let (N, j,n > 1) be a sequence of natural numbers diverging to infinity, and
let fo; :{1,..., Ny ;}% — R be symmetric and vanishing on diagonals such that
nl—l}}—loo I(qk=q[)qk! Z fl’l,k(il’ L] iqk)fl’l,l(ila LI ] iqk) = Z(k’ l) )
[]yeees iqkSNnk

where ¥ = X(i, j)i<i j<q IS a symmetric nonnegative definite d by d matrix. Then the following
condition (Ay) implies two equivalent statements (A;), (A) :
(Ao) Foreach j€{l,...,d}, one has lim E[Q, (f.,, Nu;s P)'] = 32(j, ).

n—+oo

(Ay) Let G be a sequence of i.i.d. standard Gaussian random variables, then, as n — +oo,
(Qg,(fu15Nu1, G), - .., Qg (froas N, G))T converges in distribution to N (0, 2).

(Ay) For every sequence X = (X;,i € N) of independent centred random variables with
unit variance and sup,.; E[|X;]’] < +oo, the sequence of d-dimensional random vectors
(Qg,(fu1, Nup, X), . .., qu(fn,d,Nn,d,X))T converges in distribution to N(0,X), as n —

+00.

If, in addition, inf{t;;; — t; : i € N} > 0, then (Ay) and (A)-(A,) are equivalent to the following
assertion

(A3) (Qq(fi1sNu1, P), ..o, Qu,(frnas N, P))T converges to N(0, X) in distribution, as n — +oo.

Remark 1.12. The authors of [37] established a fourth moment theorem for sequences of
homogeneous sums in independent Poisson random variables whose variance is bounded away
from zero, namely, inf{t;,; —#; : i € N} > 0 in our language. In particular, in order to get the
implication “(Ag) = (A;)”, they relied heavily on the assumption that inf{z;,; — ¢, : i € N} > 0,
which is inevitable due to their use of product formula. As a consequence, our Theorem 1.11 is
an improvement of the results in [37].

Plan of the paper. In Section 2, we review some necessary definitions and facts about
multiple integrals and Malliavin operators on the Poisson space. Section 3 is devoted to the
essential construction of a suitable family of exchangeable pairs for the concrete purpose of
establishing fourth moment bounds on the Poisson space. In order to make use of it, we also
state two new abstract plug-in results for such families of exchangeable pairs. In Section 4 we
give the proofs of our main results, whereas Section 5 presents the proofs of Proposition 1.5,
Theorem 1.11 as well as certain technical auxiliary results.

2 Some stochastic analysis on the Poisson space

2.1 Basic operators and notation

For a positive integer p, we denote by L?(u”) the Hilbert space of all square-integrable and
real-valued functions on Z?, and we denote by L?(u”) the subspace of L*(u”) whose elements
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are u’-a.e. symmetric. Moreover, we indicate by ||-||> and (-, -), respectively the usual norm and
scalar product on L*(u”) for any value of p. We also set L>(u°) := R. For f € L*(u”), we define
I)(f) to be the multiple Wiener-Ité integral of f with respect to the compensated Poisson random
measure 7. If p = 0, then, by convention, Ig(c) := c foreach c € R.

The multiple Wiener-It6 integrals satisfy the following properties:

1) For p e Nand f € L*(u?), IN(f) = IZ(f), where f denotes the symmetrization of f € L2(uP),
ie.
~ 1
fz,...,z) = ? Z FGrtys -5 Zap)

neSy

where S, is the symmetric group acting on {1,..., p}. Note ¢ = c for any c € R.

2) For p.q € Ny and f € L*(u”), g € L*(u), one has I}(f), I)(g) € L*(P) and E[I)()I}(8)] =
0pq P! (f,8)2, Where 6, , denotes Kronecker’s delta symbol.

See Section 3 of [19] for the proofs of the above well known results.

For p € Ny, the Hilbert space C, := {IZ( 1), f € L2(uP)}, is called the p-th Poisson Wiener
chaos associated with 1. The well-known Wiener-1to6 chaotic decomposition states that every
F € L*(P) := L*(Q, o’{n}, P) admits a unique representation

(2.1) F = E[F] + Z I)(f,) in L*(P), where f, € L;(u"), p > 1.

p=1

Let F € L*(P) and p € Ny, then we define by J,(F) the orthogonal projection of F on C,,.
Note that, if F has the chaotic decomposition as in (2.1), then J,(F) = IZ( fp) forall p > 1 and
Jo(F) = E[F].

For F € L*(P) with the chaotic decomposition as in (2.1), we define

PF =E[F]+ ) e I(f,) .

p=1

This gives us the Ornstein-Uhlenbeck semigroup (P,,t € R,). The domain dom L of the Ornstein-
Uhlenbeck generator L is the set of those F € L*(P) with the chaotic decomposition (2.1) verifing
Yo 07 PUIl3 < +00, and for F € dom L, one has

(2.2) LF == )" pI)(f,).
p=1

We conclude from (2.2) that LF is always centred, Ny is the spectrum of —L and F € dom L
is an eigenfunction of —L with corresponding eigenvalue p if and only if F = I;(f,) for some
f» € LX(uP), i.e. C, = Ker(L + pl).

Moreover, it is easy to see that L is symmetric in the sense that E[GLF] = E[FLG] for all
F,G € dom L. Finally, for F,G € dom L with FG € dom L, we define the carré du champ
operator I associated with L by

(2.3) I(F,G) := %(L(FG) — FLG - GLF),
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and it is easy to verify that E[['(F,G)] = —E[FLG] = —E[GLF]. It follows from Lemma 2.1
below that I'(F, G) is always well-defined whenever F, G € L*(P) and both have a finite chaotic
decomposition.

In the book [3], the authors develop Dirichlet form method for the Poisson point process, and
starting from the Dirichlet form associated with the Ornstein-Uhlenbeck structure, they obtain
an expression of carré du champs operator that is close to the one derived in [13]. As readers
will see, we only need the spectral decomposition rather than the intrinsic tools in [3, 13]. This
highlights the elementary feature of our method.

For p,g e N,0<r<pAgqgand f € L>(u’) and g € L>(u9), we define the r-th contraction
f® g:Z"" - Rby
F®g(Xt, s Xpops Vs ey Ygr) = S, X2 2)
Zr
8Os s Ygers s e Z)AU (215 -, 2))

Observe that f ®, g € L*(u”*97?") is in general not symmetric and that f ®) g = f ® g is simply
the tensor product of f and g.

Lemma 2.1 (Lemma 2.4 of [13]). Let p,q € N and F = I)(f), G = I](g) be in L*(P) with f, g
symmetric, then FG has a finite chaotic decomposition of the form

ptq ptq

FG = Z(; J(FG) = Z(; I'(hy),

where h, € Lf(/f) for each r. In particular, hy,, = f @g.

2.2 Useful estimates via spectral decomposition

To conclude the section, we state several lemmas that are useful for our proofs.

Lemma 2.2, Let F € L*(P) N C,and G € LY(P) N C,for p,q € N. Then,

2
2.4) Var(L(F, G)) < W(E[FZGZ] — 2E[FGY? - Var(F) Var(G)) ,
and
3 2 4 4p -3 4 272
2.5) 0. “B[FPI(F F)] — B[F] < == (B[F] - 38[F°)

In particular, for F = G, we obtain

RTY)
(2.6) Var(T(F, F)) < %(E[F‘*] _3E[F2P).
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Note the authors of [13] provided a proof of (2.5) under the Assumption A therein, while we
only require the assumption of finite fourth moment. Although (2.6) is the content of Lemma 3.1
in [13], we will provide another proof, in which we deduce a nice relation between contractions
of kernels and the fourth cumulant. Such a relation is crucial for us to obtain the transfer principle
“from-Poisson-to-Gaussian”. The proof of Lemma 2.2 as well as that of the next lemma will be
presented in Section 5.

LemMma 2.3. Under the same assumptions of Lemma 2.2, we have that
(1) If p < q, then
Cov(F?,G*) = E[F*G?*] - Var(F)Var(G)

2.7) < VE[F*] VE[G*] - 3E[G*]? ;
(2) if p = q, then
(2.8) Cov(F?,G*) - 2E[FG]* <2 \/(E[Fﬂ — 3E[F22)(E[G*] - 3E[G?]?).

This lemma is motivated by Proposition 3.6 in [5].

3 Stein’s method of exchangeable pairs

The exchangeable pairs approach within Stein’s method was first used in the paper [9] which,
however, attributes the method to Charles Stein himself. Later, this technique was presented in
a systematic way in Stein’s monograph [43]. We recall that a pair (X, X”) of random elements
on a common probability space is said to be exchangeable, if (X, X") has the same distribution
as (X', X). In the book [43], it is highlighted that a given real random variable W is close in
distribution to a standard normal variable N, whenever one can construct an exchangeable pair
(W, W) such that W’ is close to W in some sense and that the linear regression property

E[W - W|W]=-aw

is satisfied for some small A > O and Var (ﬁE[(W’ — W)2|W]) is small. For a precise statement,
we refer to Theorem 1 in [43, Lecture III].

In recent years, the method of exchangeable pairs has been generalised for other distributions
and multi-dimensional settings in many papers like [6-8, 10, 15,38-40,42], to name a few.

Moreover, the articles [7, 14, 23, 24] develop versions of the exchangeable pairs method
suitable for situations, in which one can construct a continuous family (W, W,),., of exchangeable
pairs. By their continuity assumptions, these papers succeed in reducing the order of smoothness
of test functions and hence in obtaining bounds in more sophisticated probabilistic distances.
For instance, the bounds from [23] are expressed in terms of the total variation distance. It is
this framework of exchangeable pairs that is most closely related to the variant of the method
developed in the present paper. In contrast to the quoted papers, however, our abstract results on
exchangeable pairs do not make such strong continuity assumptions and hence, allow us to deal
with the inherent discreteness of the Poisson space, which, in general, does not even allow for
convergence in the total variation distance, see Section 3.2 for details.
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3.1 Exchangeable pairs constructed via continuous thinning

Recall that, in our general framework, 7 is a Poisson random measure on some o-finite measure
space (Z, %, u). As a consequence, we can assume that 77 is a proper Poisson point process, that
is, almost surely

(3.1) n=§}m,
n=1

where X,,, n > 1 are random variables with values in Z and « is a Ny U {+oo}-valued random
variable. Indeed, according to Corollary 3.7 in [21], any Poisson random measure 77 on some
o-finite measure space is equal in distribution to some proper Poisson point process. As in this
work, we are only concerned with distributional properties, we will always assume that 7 is of
the form (3.1).

Let N, be the collection of o-finite measures v : 2 — Ny U {+o0} and .4,(Z) be the o-
algebra generated by the maps v € N, — v(B), B € 2. We consider the Poisson point process
n as a random element in (N, 4,(Z)). Moreover, for any F € L°(Q, o{n},P), one can find a
(P-a.s. unique) representative T of F such that F = §(n), see [19] for more details.

Now let Q be a standard exponential measure on R, with density exp(—y) dy, and let (¥,),en
be a sequence of i.i.d. random variables with distribution Q, independent of («, X,,). Then the

marked point process &, given by
&= Z OX, V)
n=1

is a Poisson point process with control u ® Q. For each t € R,, we define

Ne-t(A) 1= €(A X [t, +0)) ,

which is called the e™'-thinning of 7: it is obtained by removing the atoms (X,,) in 7 independently
of each other with probability 1 — e~*. Moreover, 1.~ and i — 1.~ are two independent Poisson
point processes with control measure e ’u, (1 — e™")u respectively. One can refer to Chapter 5
in [21] for more details.

For any fixed r > 0, let 7} _,_, be a Poisson point process on Z with control (1 — e™)u such
that it is independent of (1, 77,-). Then the Mehler formula gives a useful representation of the
Ornstein-Uhlenbeck semigroup (P,): for F € L*(Q, o{n}, P),

P.F = E[f(n +1\_)|on}] .

where f is a representative of F, see [19] for more details. We remark that the Mehler formula
on the Poisson space has already been effectively used in [20] in order to obtain a pathwise
representation for the pseudo-inverse of the Ornstein-Uhlenbeck generator L on the Poisson
space, which has led to second-order Poincaré inequalities.

We record an important observation in the following lemma.

Lemma 3.1. For each t € Ry, setn' := 1 +n|_,,. Then, (n,n') is an exchangeable pair of
Poisson point processes.
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Proof. To prove this lemma, it suffices to notice that = 5. +n — 1.~ and that n — ., 7,_,-,
have the same law, and are both independent of 7,-.
Let f : N, — R be .4,(Z)-measurable; then, for any Borel subsets A;, A, of R, one has that

P(f(n) € Ay, (") € Az)
=P + m—1me1) € Ay, T(er +1y_p-0) € A2)
= P(f(n.+ +n}_,) € A1, f(.+ +1n —1.1) € Ay) (by conditioning on 7,-)
=P(f(n") € A1, f(n) € Ay) .

This implies the exchangeability of (1, 1°). m|
The following result is a consequence of Lemma 3.1 and Mehler formula: it is a key ingredient

for us to obtain exact fourth moment theorems in any dimension. Indeed, it fits extremely well
with the abstract results for exchangeable pairs that are presented in Section 3.2.

ProposiTioN 3.2. Let F = I](f) € L*(P) for some f € L%(u?) and define F, = I;’[(f). Then, (F, F,)
is an exchangeable pair for each t € R,. Moreover,

1
(a) hfé‘ ;E[F, — Flo{n}] = LF = —qF in L*(P).
t

. 1
(b) IfG =1(g) € L*(P) and G, = I} (g) for some g € L*(u”), then we have lif(gl ;E[(Ft - F)(G, - G)lo{n}] =2
1

with the convergence in L*(P).
1
(c) 11551 ;E[(F, — F)"] = —4qE[F*] + 12E[F°T(F, F)] > 0.
13

Proof. The exchangeability of F, F; is an immediate consequence of Lemma 3.1. Relation (a) is
a direct consequence of the Mehler formula:

_ Pt(F: -F _ e“”t— IF

b

1
;E[Ft - F|0'{77}]

and such a quantity converges almost surely, and in L*(P) to LF = —gF, ast | 0.
By Lemma 2.1, FG = YI"{ J(FG) = Y70 I!(hy) for some hy € L2(1*), and consequently
F,G, = X217 (y), so that

ptq

1 1 :
~E[F,G, = FGlotn)] = -} E[L] () ~ [(wlortn)

k=0

converges almost surely and in L2(P) to Zf:g —k Ji(FG) = L(FG), as t | 0. Hence almost surely
and in L*(P), we infer that

1
;E[(Fz - F)G, - G)|0'{77}]

:%HEG—FGwmu—ﬂma‘f”m”—Gmﬂ‘f”m”
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—> L(FG)-FLG-GLF =2I'(F,G),
as t | 0. Since the pair (F, F;) is exchangeable, we can write
E[(F, — F)*]| =E[F} + F* - 4F’F — 4F°F, + 6F*F?]
=2E[F*] - 8E[F°F,] + 6E[F*F?] (by exchangeability)
=4E[F°(F, — F)] + 6E[F*(F, — F)*] (after rearrangement)
= 4E[F°E[F, — Flo(n)]] + 6E[F’E[(F, - F)*lo(n}]]-

so (c) follows immediately from (a),(b) and the fact that F € L*(P). O

3.2 Abstract results for exchangeable pairs

As indicated in the introductory part of this section, the following two Propositions should be
seen as complements to [23, Theorem 1.4] and [24, Theorem 4] as well as [7, Theorem 2.4],
respectively. The main difference with respect to these results, as mentioned above, is that we do
not assume any continuity from the respective families of exchangeable pairs, which precisely
means that we allow for non-zero limits in the respective conditions (c) below.

Proposition 3.3. Let Y and a family of random variables (Y;);»o be defined on a common

probability space (Q, F ,P) such that Y, i Y for every t > 0. Assume that Y € LY(Q,9,P) for
some o-algebra ¥ C F and that, in L' (P),

1
(a) hfé‘ " E[Y, - Y|¥9] = —AY for some A > 0,
t
1
(b) hl%l 7 E[(Y, - Y))|4] = 21 + S)Var(Y) for some random variable S,
13

1
(©) 111%1 p E[(Y, = Y)*] = o(Y) Var(Y)? for some o(Y) > 0.
t
Then, with N ~ N(0, Var(Y)), we have

\VVar(Y) V21 + E[ST)Var(Y)
XS VoY) .
o [IS1] + 31 o(Y)

dw(Y,N) <

RemMark 3.4. If the quantity o(Y) = 0 in (c), then Proposition 3.3 reduces to Theorem 1.3 in [32]

and one has
o E[IS1]
div(Y,N):= sup [B(Y € A)—P(N € A)| < I

ACR Borel

The following result is a multivariate extension of Proposition 3.3. The proofs will be
postponed to Section 5.5 and 5.6.

Proposition 3.5. For eacht > 0, let (X, X;) be an exchangeable pair of centred d-dimensional
random vectors defined on a common probability space (Q, F,P). Let 4 be a o-algebra that
contains o{X}. Assume that A € R is an invertible deterministic matrix and X is a symmetric,
non-negative definite deterministic matrix such that
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1
(2) lim — E[X, - X|¥'] = ~AX in L\(P),
3

1
(b) hfé‘ - E[(X, - X)(X; = X)"|9] = 2AZ + S in L'(Q, || - llus.) for some random matrix S,
3
(c) foreachie{l,...,d}, there exists some real number 0;(X) such that
.1 4
lim - E[(X;; — X))'] = 0:(X) ,
tl0 t
where X;, (resp. X;) stands for the i-th coordinate of X, (resp. X).

Then, with N ~ N (0, X), we have the following bounds:

(1) For g € C3(RY) such that g(X), g(N) € L'(P), one has

B[g(X) - g

d d
< 01(@ EllIS lis.] + ©2(g) J Z 2A;Z;; + E[S ] ¢ Z 0i(X),

i=1 i=1

where the constants ®,(g) and ®,(g) are given by

A lop Ma(g) Vd

\/C_ZM3(g)”A_l”0p
4 .

18

3.2) 0.(g) = and  0(g) =

(2) If. in addition, X is positive definite, then for g € C*(R?) such that
g(X), g(N) € L'(P), one has

[ELe00) - sV))|

i=1

d d
< Ki() ELIS lhs.] + Ka(g) J D oA + EIS ] J D ex),
i=1

where the constants K,(g) and K,(g) are given by

Mi@IAopllZ™" 2 lop

3.3 K _ |
(3-3) 1(8) =

-1 -1/2
(3.4) Ky(g) = V22 M (IA opllZ ™ [lop |

24
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4 Proofs of main results

4.1 Proof of Theorem 1.2

Without loss of generality, we assume F = I;’( f) for some f € L2(u?), and we define F, = IZt( 1)
for t € R,. Then, by Proposition 3.2, (F, F,) is an exchangeable pair and the assumptions (a), (b),

(c) in Proposition 3.3 are satistified with

I(F, F) —4gE[F*] + 12E[F?T(F, F)]

e d=q o§5=2 -2  eo(F)= =

More precisely,

1
(@) lim —E[F, = Flo{}] = -
(M@g%ﬁwa—m%mm=2nﬂFx

1 47 _ 4
(c) I;fgl;E[(Ft — F)'] = o(F)o".

Therefore, one has (using that E[[(F, F)] = g E[F?])

\/_

day(F, N(0, 7)) < Var(I(F, F)) + 2\/_\/ [F2I(F, F)] — E[F*] .

The desired result follows immediately from Lemma 2.2.

4.2 Proof of Theorem 1.7

Assume that
F=(Fi..,Fo)' =@ (f)se o I3, (f0)
with 1 < ¢y < ... < ggand f; € L2(u%) for each j, and for each 7 € R,, define

Fy=(Fipn....Fa)" = I, L))

Then, by Lemma 3.1, (F,, F) is an exchangeable pair and by Proposition 3.2, we deduce

1
Ehww%mﬂﬁFwannﬂnﬂmyﬂu

ast | 0, where the convergence takes place in L*(P). Therefore, as ¢ | 0 and in L'(P), we have

1 2
H E[(F; - F)(F, — F)lo{n H - (2F(F,,F))1<l]<d
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= Zd: (E [ %(Fi,, — F)(F;; = F)) = 2I(F,, F))| o{n} ] )2 —0.
It is easy to see that for each j € {1,...,d},

lim % E[F;, - Fjloin}] = —q,F; in L*(P),
from which we deduce that as ¢ | 0 and in L*(P), we have

SR

1

1 2
H ;E[F, F|O’ +C]J'Fj|0'{77}]) -0,

with A = diag(qi, . . ., gq) in such a way that |A™"||o, = 1/¢1.
It is also clear that, for each i € {1,...,d},

0(F) = lim ~ BI(F,, - F)'] = ~4q/BF/] + 128 F?T(F,, F)]
< 2(4q; - 3)(EIF}]1 - 3E[F;I) by (2.5).

Now define S; ; := 2I'(F;, F'j) — 2q; X, j for i, j € {1,...,d}, and observe in particular that S; ; has
zero mean. Thus,

d d
J Z 2A; 2 + E[S ] J Z 0i(F)
i=1 i=1
d d
< J > 2%, J 2., 2(4a; = 3)(ELF!1 - 3ELF}P)

i=1 i=1

d

< VAqa(4qs = 3 Tr(E) J 2 (ELF{1 - 3ELF;T)

i=1

d
(@.1) <4 \TID) Y| \JBIFH - 3EIF2P,
i=1

where the last inequality follows from the elementary fact that \a; + ...+ a; < a1 +...+ \ay
for any nonnegative reals ay, ..., a,.

Now we consider E[||S |lis.]:

E[lIS llus ] = NZ? ] [Z [S,-%,-]]l/2

1/2
=2 ZVar(F(Fi,Fj))] :

i,j=1

4.2)
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It follows from (2.4) that

d d
> Var (0(F Fp) < Y AL (4 + qf E[FZFZ] 2E[F,FI° - Var(F)) Var(F))
i,j=1 i,j=1
_1\2
< % Z (E[F}Ff.] — 2E[F,;F;]* — Var(F)) Var(Fj))
ij=1
2q,— 1)?
(4.3) = %E{HFH;‘ —INI3]

where the last equality is a consequence of the fact that (see e.g. (4.2) in [31])

E[INI3] = Z(z”z +252)

i,j=1

Lemma 4.1. Let F, N be given as before, then

E[IIFII3] - E[IINII3]

< 2[2 \/E[F;*] - 3E[F3]2) [Z E[F“])Z \/ [F4] - 3E[F312 .

i=1

In particular, if g1 = ... = qg, one has,

2

JEIF! -3 E[Ff]ZJ .

E[lIF1l5] — E[IINI3] < 2(2

i=1

Proof. Let us first consider the particular case where g¢; = ... = g4. One obtains from Lemma
2.3 that
d
EIFI3] - BLINIE]) = ) (BLF?F3] - 2E[FF)* - Var(F;) Var(F )
ij=1

d
<2 JBIF}1 - 3ELFR)(ELF) - 3E[F3P)

ij=1

2
- 2(Zd: \/E[F;‘] - 3E[F§]2) .
i=1

In the general case where ¢; < ... < g4, Lemma 2.3 implies

E[IIFI3] - E[IINII3]

(4.4) _Zl(q, —p(COV(F}, F}) = 2BIFiF 1) 42 )" TguegyCov(F}, F})

i,j=1 1<i<j<d
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2

[Zdl \/E F4 - 3E[F2? ] +2 Z \/E[F;*] \/(E[F;*] - 3E[F2P) .
1<i<j<d

1

d j-1
One can rewrite as Z Z and then the desired result follows. O
1<i<jsd  j=2 i=1

ReMARk 4.2. Note that in the same way, we can provide another proof of the quantitative Peccati-
Tudor Theorem in the Gaussian setting. In particular, keeping the indicator functions in (4.4),
we can obtain the bound in a similar form as in [25, Theorem 1.5].

End of the proof of Theorem 1.7. First we obtain from (4.2)-(4.3) and Lemma 4.1 that

B[S llns.] < (2qa — D) \EIIFIE ~ INIE]

d
<V2Q2q,-1) Z \/E[F,‘-‘] - 3E[F?]?
i=1

d-1 d
(4.5) + V22, - 1) [Z E[F?]l“] D (EIF - 3BFP).
i=1 j=2

If g € C3(RY) and g(F), g(N) are integrable, then by Proposition 3.5, we deduce

[ELe(F) - 2]

d d
< ©(ELlIS lhs ]+ ©Oa(g) J D 2A i+ ELS ] J D oiF)

i=1 i=1

d
< V2244~ 1)81(9) D \JEIF?] - 3EIFZP
i=1

d
+44,0,(9)VTIE) ). JELF!] - 3E[F2P
i=1

d-1 d
+ V2294 - 1O1(g) [Z E[F?]”“) D (BIF) - 3E[F),
i=1

=2
where the last inequality follows from (4.5) and (4.1). It is easy to check that
V20,(8)(2qs — 1) + 4g4\Tr(2)@,(g) = Bi(g) and  V2(2g, — DO;(g) = Ax(g) .

Assertion (i) of Theorem 1.7 follows immediately. Assertion (ii) can be proved in the same way,
by using moreover the relations:

V2K1(8)2qa — 1) + 4q4 VTI(Z)Ka(g) = Ba(g) and  V2(2q, — DK, (g) = Ai(g).
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RemMark 4.3. With the notation and assumptions given as in Theorem 1.7, if in addition ¢; = g,
that is, all the components of the random vector F belong to the same Poisson Wiener chaos,
then we can obtain better bounds, namely:

(i) For every g € C3(R%) such that g(F), g(N) € L'(P), we have

d
[Blg(F)] ~ ElgW)]| < Bs(g) Y A[BIF?] ~ 3E[F2P.

i=1

(i) If, in addition, X is positive definite, then for every g € C*(R¢) such that g(F), g(N) € L' (P),
we have

d
[ELg(F)] - ElgV)]| < Ba(g) Y. \[ELFS] - 3ELF?P.
i=1

5 Proofs of technical and auxiliary results

In this section, we first provide the proofs of Lemma 2.2, Lemma 2.3. The following result
from [31] will be helfpul.

Lemma 5.1 (Lemma 2.2 of [31]). Given p,q € N, f € L2(u”) and g € L*(u?), then

PAG

= P4
(p+)! /&5 = plg! ) (r)(r)llf @ 8lly = pla! If1l8lE + 5pup'a! (f. 8)3
r=0

and in the case of p = g, one has

2
Q2P f®f.888), = 2p1* (f.8) + Zp'z( ) (f® 888 f) -

0

Here we follow the convention that Z =0.
r=1

5.1 Proof of Lemma 2.2

Without loss of generality, we assume F = [}(f) and G = I)(g) for some f € L2(u”) and
g € L2(u?). It follows from Lemma 2.1 and the definition of I" that J,,,,(FG) = I, ( f®g) and

p+q-1

(5.1) 2T(F,G) = (p + )E[FG] + Z (p+q-k JI(FG).

By orthogonality,

p+q—1

Var(I'(F, G)) = éll Z (p + g — k)* Var(Jy(FG))
k=1
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p+q—1

12
a1y > Var(Ju(FG)) .
k=1

4

Similarly, as FG € L*(P), we have FG = E[FG] + X! J((FG) so that

p+g-1

E[F?G?] = E[FG]* Z Var(Jy(FG)) + Var(J,,,(FG))
k=1
p+g-1

=E[FGI + ). Var(J(FG)) + (p + @)l f&gl} .

k=1

It follows from Lemma 5.1 that

(p+ feglh > plglllfBlgls + 8,409 f, 8 = Var(F) Var(G) + E[FG]*.

Hence
Var(I(F, G)) < (p++ pil Var(Jy(FG))
= w (BIF?G*] ~ EIFGT - (p + )!I|f®3l2)
(5.2) < W (BLF?G?] - 2E[FGY* - Var(F)Var(G)) .

In particular, Lemma 5.1, applied to p = g and f = g, gives us

p—1

2
CpIfBLIE = 2P IfIE + PP ) (’: ) If @ fl ,

r=1

therefore implying

2
Var(I(F, F)) < %(

Q2p -1y < (rY
== [E[F4] - 3E[FP - p* ) (r) If & flz| -

r=1

E[F*] - ELF* - p)!Ilf&f1R)

This proves (2.6) and

p—1 2
(5.3) p!ZZ( ) If ® flly < B[F*] - 3E[F°]" .
r=1
It is also clear from (5.2) that
2p—1
(5.4) Z Var(J,(F?)) < E[F*] - 3E[F*]*.

k=1

G. ZHENG
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It remains to show (2.5) now: similarly, we write F? = E[F?] + Ziil Jy(F?) and by (5.1)

2p-1

(5.5) ['(F,F)=pE[F?] + ! Z(Zp k)J(F?) .
k=1
So by orthogonality, we have
3 2p-1
~E[F*] + ;E[Fz ['(F,F)] = =E[F*] + 3E[F*]? Z(Zp k) Var(J(F?))
32p-1) &
—E[F*] + 3B[FP + =22 Z Var(Ji(F?)
2p
< —E[F*] + 3B[F*]* + ?’(zg—p(E[F“] — 3E[F*]%)

4p 3 (BLF*] = SELFY) |

The other inequality in (2.5) is a trivial consequence of Proposition 3.2-(c). The proof of Lemma
2.2 is complete.

Remark 5.2. 1. Let F € C, have nonzero variance, then we have that E[F*] > 3E[F?]*.
Indeed, we can always assume F € L*(P). If p = 1, F = I'(f) for some f € L*(u),
then by product formula (see e.g. Proposition 6.1 in [19]), one has E[I7(f)*] = 3|If]l; +
[ f(@)*du > 3E[F?)?. For p > 2, F = I}(f) for some f € L}(u"), then according to (5.3),
E[F*] = 3E[F?]? would imply ||f ® fll» = 0, which would further imply by standard
arguments that f = 0 y-almost everywhere, which is a contradiction to the fact that F' is
nonzero.

2. Let F € C,NL*(P), one has p(E[F*]-3E[F?]*) < 6 Var (I'(F, F)), which shall be compared
with (2.6). In fact, it follows first from (2.5) that E[F*] — 3E[F?]* < 3E[F*(p~'T'(F, F) -
E[F?])], and by (5.5) and orthogonality property, we have

2p-1
D @p—k) Var (Ju(F))
Z(Zp k)2 Var (Jo(F?)) = 2 Var (I (F, F)),

k=1

E[FX(I(F, F) - pE[F*])] =

| =

l\.)l'—k

hence p(E[F*] — 3E[F?]?) < 6 Var (I'(F, F)).

3. Let F, N be given as in Theorem 1.7, then from (4.3) it follows that E[||F|;] > E[|IN|[3].
Moreover, if one of the components F; in F' has nonzero variance, it follows from the
above two points and again (4.3) that E[||F|l3] > E[IINVIl3].
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5.2 Proof of Lemma 2.3

Assume F = I})(f) and G = I)(g) are in L*(P) for some f € L2(u?), g € L2(u%). Then it follows
from Lemma 2.1 that J,,(F?) = I ( f&f) and J,,(G*) = I;’q(g@g). Moreover, one has

E[F2G?] = E |F? Z J(G?)
2g-1
= E[F2Jo(G)] + E[F2)y(G?)] + B|F? ) Ji(G?)
k:;q—l
= Var(F) Var(G) + E[F? J,,(G*)]| + E | F? Z J(G?)
k=1

If p < g, then E[F? J,,(G?)] = 0, so that

2g-1

E|F? Z J.(G?)

where the above inequality follows from Cauchy-Schwarz inequality and isometry property. The

desired result (2.7) follows from (5.4).
Now we consider the case where p = g,

2g—-1
Cov(F*,G%) = < VE[F*] J D Var((G2) ,

2p-1
E|F? Z J.(G?)

2p—-1
Z E[J((F)Ji(G)]

=1

k=1

2p-1 2p-1
Z Var (Ji(F?)) J Z Var (J;(G?)) (by Cauchy-Schwarz)
k=1

< \/(E[F“] - 3E[F?]?)(E[G*] — 3E[G?]?) dueto (5.4).
By orthogonality property, we have

E[)2,(F)J2,(G?)] = 2p){ f®f, §8g),

p-1 2
=2pXf,80 + ) | p!Z(IZ) (f® 88® ),
r=1

where the last equality follows from Lemma 5.1.
As a consequence, one has

|2
2

by Cauchy-Schwarz. Note that, by definition of contractions and Fubini theorem, we have
||f®,g|§ =(f®— f8§®,— &), foreach r = 1,..., p — 1. Thus,

p-1 2 p-1 2
E[F2),(G")] - 2E[FG]* = p!Z(‘r’ ) (f @ 88® f) < Zl p!z(’r’) |7 @ g

r=1
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p-1 2
p? lr) I7 & g,
o ) - )
= Z; pV 1: (f ®pr [+8®pr &), = Z; p!z(f) (f® f.8® &),
p-1 2
< 2 pP\") 1f @ flkllg gl (by Cauchy-Schwarz)

1

r

p-1

2 p-1 2
p p
Wi r) If ® fI J 2> p!Z(r) lg @ gll; ~ (by Cauchy-Schwarz)
r=1

<

r=1

T

< \/E[F4] - 3E[F?]? \/E[G“] —3E[G?)? dueto (5.3).
Hence, we obtain

2p-1

F? Z J(G?)

k=1
< 2+E[F*] - 3E[F2]2 VE[G*] - 3E[G?]? .

Cov(F?,G*) - 2E[FG)* = E[F? J,,(G*)] - 2E[FG]* + E

The proof is completed.

5.3 Proof of Proposition 1.5
It follows from (5.3) that

p-1

2
Y (}r?) 1 @ fulls < ELL(A)' = 3ELLA)T

r=1

157

IfE[IZ(fn)“] — 3 asn — +oo, then ||f, ®, fullo = O foreach r € {1,..., p — 1}. Therefore by

Theorem 1.1, E[I[gv(fn)“] — 3 and moreover by (1.1),
lim dry(L)(f,),N) =0 .
n—+oo

This completes the proof of our transfer principle.

5.4 Proof of Theorem 1.11

The equivalence of (A;) and (A,) is the content of Theorem 7.5 in [29]. For each i € N, define

1

8i = —I[IiJHI)’
liv1 — 1
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then the homogeneous sum Q,(f, N, P), defined according to (1.6), can be expressed as the d-th
multiple integral ')(f), where

(5.6) Fi= ), flin....iNg, ® - ®g, .

1<iy,eesig<N

From now on, we identify fwith f in case of no confusion. Observe that the sequence G of i.i.d
standard Gaussian random variables can be realised via the Brownian motion (W;,t € R,). That
is, for each i € N, we put G; = IYV (g:)- As a consequence, the homogeneous sum Q,(f, N, G) can
be rewritten as I;V(f), with fgiven in (5.6).

With these notions at hand and in view of our transfer principle, if (Ay) holds, then, for each
JEl,....,dyand every r € {1,...,q; — 1}, ||fn; ®r fuj , 0, as n — +oo. Then, (A)) is an
immediate consequence of Theorem 1.10.

Finally, it is known that the fourth central moment of a Poisson random variable with parameter
A € (0, +0) is given by A(1 + 34), then E[P}] = 3 + (t;x1 — ;)" If inf{t;y — #; : i € N} > 0, then
Jensen’s inequality implies

sup E[|Pi’] < supE[|PI*T* < +c0.
ieN ieN

Hence, we obtain the implication “(A;) = (A3)”, while the implication “(A3) = (Ap)” is a
consequence of Theorem 3.4 in [37]. The proof of Theorem 1.11 is finished.

5.5 Proof of Proposition 3.3

Without loss of any generality, we may and will assume that Var(Y) = 1 and N ~ N(0, 1). Let
f : R — R be 1-Lipschitz function and consider

gx) = e / (fO) ~ELf(W)De™dy, x€R,
which satisfies the Stein’s equation

(5.7) g'(x) = xg(x) = f(x) - E[f(N)]

as well as ||g'||o < V2/7, |lg” |l < 2, see e.g. Section 2.3 in [44]. In what follows, we fix such a

pair (f, g) of functions. Let G : R — R be a differentiable function such that G’ = g. Then due

to ¥, 2 ¥ and ¥ € L*(P), one has
1
0 = E[G(Y) - G(Y)] = E[g(M)(Y; - Y) + Eg'(Y)(Y, — Y)’] + E[R,]

1
with |R,| < gllg”lloo |Y, — Y. It follows that

0=E|g(Y)x ;E[Y, ~Y|¥]

+ %E [g'(Y) X %E[(Y, -V 4] | + %E[Rg].
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By assumption (c) and as ¢ | O,

1 o1 N1 1
< EE“YI_ YP] < 3 \/;E[(Yt - Y)Y \/;E[(Yz— Y)!]

1
-3 V21 + E[S]+/o(Y)

1

Therefore as ¢t | 0, assumptions (a) and (b) imply that
1 1
0=AE[g'(Y)-Yg(¥)] + > E[g'(Y)S] + lilr(r)l ;]E[Rg] .
t
The above equation shall be understood as “the limit lim,j t“E[Rg] exists and is equal to

—AE[g'(Y) - Yg(Y)] - 1 E[g'(Y)S ], bounded by 1 V21 + E[ST+/o(Y).
Plugging this into the Stein’s equation (5.7), we deduce the desired conclusion, namely

dw(,N)= sup [BLf() = fV)][ < sup  |BIg'(¥) - Yg(v)]|
JSeLip(1) g’ llo< V277
llg” lleo <2

1.1
E[IS]] + ‘i lim E[R,]

( g’ |l
I losvzm 24

llg” lleo <2

<

V24 + E[S

<
34

1
: \/ZTE“S I

The general case follows from the fact that dyy/(Y, N) = o dy(Y/o, N/o) for o > 0.

5.6 Proof of Proposition 3.5

By the same argument as in the proof of Theorem 3 in [24], we can assume g € C*(R?) and
define

1
1
70 = [ {Ele(VEx + NT=TM)] - Blg) ar
which is a solution to the following Stein’s equation
(5.8) (x, Vf(x)) — (Hess f(x), Zyus. = g(x) — E[g(N)] .

It is known that M,(f) < r"! M,(g) for r = 1,2,3 and Mz(f) < %Mz(g). In particular, if

is positive definite, then M(f) < 2/ 127 2]lop Mi(g) and M5(f) < V2r|IZ712]|o, Ma(g)/4,
see [24, Lemma 2].

Again, it follows from the same arguments as in [24] that

1 1
0=z [ 5 (Hess F00, A0, = X0(X, - X>T>H.s]

1, 1
(5.9) + ;E[ (A(X, = X), VX)) + S EIR].
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where R is the error in the Taylor approximation satisfying

1 1 3 \/c_l 1 d d
ZIIA- _ AT E Y.\ E Y.\
R| < 3||A llopl1X; — X158 < 3 1A |lopB 2 (Xir — Xp) i:l(Xl,, X)),

where B := min {M;s(g)/3, V2x||I="/|l,, Ma(g)/4}, and the last inequality follows from the
elementary inequality |lx — y|I? < Vd( 2L, (x; — yo*)'/? for x,y € RY.

Notice meanwhile that the assumptions (a) and (b) imply that the limit 7 'E[R], as ¢ | 0, is
well defined and

1 1
~lim B[R] = E[(Hess f(X), Z)y 5 — (X, VX)) + 5E[<Hessf (0, A™"'S Yy |
1
= B[g(N) - g(X)] + 5E[(Hess FXO. Ay |-

where the last equality comes from the definition of Stein’s equation. Moreover, by assumption
(c) and the above inequality, we have

\/_

1 d I I I TR ]
%l_l’)l(};E[R] < T”A llop B \hm ;EZ(XM—X:') ¢lz1¢1(1)1 ;EZ(Xi,t_Xi)

_ Vo
= 518

d d
20 +ELS i) J D 0iX),
=1 i=1

1

where the last equality follows from assumptions (b) and (c). To conclude our proof, it suffices
to notice that E[(Hess f(X), A™'S )y s | is bounded by

(1~ 2 i
mln{EMz(g), \/;HZ Y2lop Ml(g)}”A Hlop ELIIS s ] -

Acknowledgements. We thank Ivan Nourdin and Giovanni Peccati for their helpful comments and
stimulating discussions.

References

[1] E. Azmoodeh, S. Campese, and G. Poly. Fourth Moment Theorems for Markov diffusion
generators. J. Funct. Anal., 266(4):2341-2359, 2014.

[2] S. Bai and M. S. Taqqu. The universality of homogeneous polynomial forms and critical
limits. J. Theoret. Probab., 29(4):1710-1727, 2016.

[3] N. Bouleau and L. Denis. Dirichlet forms methods for Poisson point measures and Lévy
processes, With emphasis on the creation-annihilation techniques, volume 76 of Probability
Theory and Stochastic Modelling. Springer, 2015.



PaPER 4 161

[4] S. Bourguin and G. Peccati. Semicircular limits on the free poisson chaos: counterexamples
to a transfer principle. J. Funct. Anal., 267(4):963-997, 2014.

[5] S. Campese, I. Nourdin, G. Peccati, and G. Poly. Multivariate Gaussian approximations on
Markov chaoses. Electron. Commun. Probab., 21:Paper No. 48, 9, 2016.

[6] S. Chatterjee, J. Fulman, and A. Rollin. Exponential approximation by Stein’s method and
spectral graph theory. ALEA Lat. Am. J. Probab. Math. Stat., 8:197-223, 2011.

[7] S. Chatterjee and E. Meckes. Multivariate normal approximation using exchangeable pairs.
ALFEA Lat. Am. J. Probab. Math. Stat., 4:257-283, 2008.

[8] S. Chatterjee and Q.-M. Shao. Nonnormal approximation by Stein’s method of exchangeable
pairs with application to the Curie-Weiss model. Ann. Appl. Probab., 21(2):464-483, 2011.

[9] P. Diaconis. The distribution of leading digits and uniform distribution mod 1. Ann.
Probability, 5(1):72-81, 1977.

[10] C. Dobler. Stein’s method of exchangeable pairs for the Beta distribution and generaliza-
tions. Electron. J. Probab., 20:no. 109, 1-34, 2015.

[11] C. Dobler and K. Krokowski. On the fourth moment condition for Rademacher chaos.
arXiv:1706.00751, fo appear in: Ann. Inst. Henri Poincaré Probab. Stat., 2017.

[12] C. Dobler and G. Peccati. Quantiative de Jong theorems in any dimension. Electron. J.
Probab., 22:no. 2, 1-35, 2017.

[13] C. Dobler and G. Peccati. The fourth moment theorem on the Poisson space.
arXiv:1701.03120, fo appear in: Ann. Probab., 2017.

[14] C. Dobler and M. Stolz. Stein’s method and the multivariate CLT for traces of powers on
the classical compact groups. Electron. J. Probab., 16:no. 86, 2375-2405, 2011.

[15] P. Eichelsbacher and M. Lowe. Stein’s method for dependent random variables occurring
in statistical mechanics. Electron. J. Probab., 15:n0. 30, 962-988, 2010.

[16] P. Eichelsbacher and C. Thile. New Berry-Esseen bounds for non-linear functionals of
Poisson random measures. Electron. J. Probab., 19:no. 102, 25, 2014.

[17] K. Krokowski, A. Reichenbachs, and C. Thile. Berry-Esseen bounds and multivariate limit
theorems for functionals of Rademacher sequences. Ann. Inst. Henri Poincaré Probab. Stat.,
52(2):763-803, 2016.

[18] K. Krokowski, A. Reichenbachs, and C. Thile. Discrete Malliavin—Stein method: Berry—
Esseen bounds for random graphs and percolation. Ann. Probab., 45(2):1071-1109, 2017.

[19] G. Last. Stochastic analysis for Poisson processes. In G. Peccati and M. Reitzner, edi-
tors, Stochastic analysis for Poisson point processes, Mathematics, Statistics, Finance and
Economics, chapter 1, pages 1-36. Bocconi University Press and Springer, 2016.



162 G. ZHENG

[20] G. Last, G. Peccati, and M. Schulte. Normal approximation on Poisson spaces: Mehler’s
formula, second order Poincaré inequalities and stabilization. Probab. Theory Related Fields,
165(3-4):667-723, 2016.

[21] G. Last and M. Penrose. Lectures on the Poisson Process. IMS Textbooks. Cambridge
University Press, Cambridge, 2017.

[22] M. Ledoux. Chaos of a Markov operator and the fourth moment condition. Ann. Probab.,
40(6):2439-2459, 2012.

[23] E. Meckes. An infinitesimal version of stein’s method of exchangeable pairs. Ph.d
Dissertation, Stanford University, 2006.

[24] E. Meckes. On Stein’s method for multivariate normal approximation. In High dimensional
probability V: the Luminy volume, volume 5 of Inst. Math. Stat. Collect., pages 153—178.
Inst. Math. Statist., Beachwood, OH, 2009.

[25] S. Noreddine and I. Nourdin. On the Gaussian approximation of vector-valued multiple
integrals. J. Multivariate Anal., 102(6):1008-1017, 2011.

[26] I Nourdin and G. Peccati. Stein’s method on wiener chaos. Probab. Theory Related Fields,
145(1):75-118, 2009.

[27] 1. Nourdin and G. Peccati. Normal approximations with Malliavin calculus, volume 192 of
Cambridge Tracts in Mathematics. Cambridge University Press, Cambridge, 2012. From
Stein’s method to universality.

[28] 1. Nourdin, G. Peccati, G. Poly, and R. Simone. Classical and free fourth moment theorems:
universality and thresholds. J. Theoret. Probab., 29(2):653-680, 2016.

[29] I. Nourdin, G. Peccati, and G. Reinert. Invariance principles for homogeneous sums:
universality of Gaussian Wiener chaos. Ann. Probab., 38(5):1947-1985, 2010.

[30] I. Nourdin, G. Peccati, and G. Reinert. Stein’s method and stochastic analysis of
Rademacher functionals. Electron. J. Probab., 15:n0. 55, 1703-1742, 2010.

[31] 1. Nourdin and J. Rosiniski. Asymptotic independence of multiple Wiener-Itd integrals and
the resulting limit laws. Ann. Probab., 42(2):497-526, 2014.

[32] I. Nourdin and G. Zheng. Exchangeable pairs on Wiener chaos. arXiv:1704.02164,
2017.

[33] D. Nualart and G. Peccati. Central limit theorems for sequences of multiple stochastic
integrals. Ann. Probab., 33(1):177-193, 2005.

[34] G. Peccati, J. L. Solé, M. S. Taqqu, and F. Utzet. Stein’s method and normal approximation
of Poisson functionals. Ann. Probab., 38(2):443-478, 2010.



PAPER 4 163

[35] G. Peccati and C. A. Tudor. Gaussian limits for vector-valued multiple stochastic integrals.
In Séminaire de Probabilités XXXVIII, volume 1857 of Lecture Notes in Math., pages
2477-262. Springer, Berlin, 2005.

[36] G. Peccati and C. Zheng. Multi-dimensional Gaussian fluctuations on the Poisson space.
Electron. J. Probab., 15:n0. 48, 1487-1527, 2010.

[37] G. Peccati and C. Zheng. Universal Gaussian fluctuations on the discrete Poisson chaos.
Bernoulli, 20(2):697-715, 2014.

[38] G. Reinert and A. Rollin. Multivariate normal approximation with Stein’s method of
exchangeable pairs under a general linearity condition. Ann. Probab., 37(6):2150-2173,
2000.

[39] Y. Rinott and V. Rotar. On coupling constructions and rates in the CLT for dependent
summands with applications to the antivoter model and weighted U-statistics. Ann. Appl.
Probab., 7(4):1080-1105, 1997.

[40] A.Rollin. A note on the exchangeability condition in Stein’s method. Statist. Probab. Lett.,
78(13):1800-1806, 2008.

[41] M. Schulte. Normal approximation of Poisson functionals in Kolmogorov distance. J.
Theoret. Probab., 29(1):96-117, 2016.

[42] Q.-M. Shao and Z.-G. Su. The Berry-Esseen bound for character ratios. Proc. Amer. Math.
Soc., 134(7):2153-2159 (electronic), 2006.

[43] Ch. Stein. Approximate computation of expectations. In Institute of Mathematical Statistics
Lecture Notes - Monograph Series, volume 7. Institute of Mathematical Statistics, 1986.

[44] G.Zheng. Normal approximation and almost sure central limit theorem for non-symmetric
Rademacher functionals. Stochastic Process. Appl., 127(5):1622—-1636, 2017.



This page is left blank



Paper 5: A Peccati-Tudor type theorem for Rademacher
chaoses

Guangqu Zheng*

submitted

— Abstract )
In this article, we prove that in the Rademacher setting, a random vector with chaotic
components is close in distribution to a centred Gaussian vector, if both the maximal influence
of the associated kernel and the fourth cumulant of each component is small. In particular,
we recover the univariate case recently established in Dobler and Krokowski (2017).

Our main strategy consists in a novel adaption of the exchangeable pairs couplings
initiated in Nourdin and Zheng (2017), as well as its combination with estimates via chaos
decomposition.

1 Introduction

1.1 Motivation

Nualart and Peccati’s fourth moment theorem states that a normalised sequence of fixed-order
multiple Wiener-1t0 integrals associated to a Brownian motion converges in law to the standard
Gaussian if and only if the corresponding fourth moment converges to 3. It was proved in [21]
using the Dambis-Dubins-Schwartz random-time change technique. Soon after the appearance
of [21], several extensions have been made, among which the paper [23] by Peccati and Tudor
provided a significant multivariate extension using the same techique. Roughly speaking, a
sequence of chaotic random vectors on the Wiener space converges in distribution to a centred
Gaussian vector with matched covariance matrix if and only if the asymptotic normality holds
true for each component. Note that the necessary condition boils down to the convergence of the
fourth moments due to the fourth moment theorem of Nualart and Peccati.

In 2009, Nourdin and Peccati [15] combined the Malliavin calculus and Stein’s method of
normal approximation so as to literally create a new field of research, known as the Malliavin-
Stein approach. One of its many highlights is the obtention of the (quantitative) fourth moment
theorem in the total-variation distance. Here is the bound quoted from the monograph [16]:

2010 Mathematics Subject Classification. Primary: 60F05, 60B12; Secondary: 47N30.
Key words and phrases. Fourth moment theorem; Rademacher chaos; Stein’s method; exchangeable pairs;
spectral decomposition; maximal influence.
*Email: guangqu.zheng @uni.lu
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given a normalised g-th Wiener-1t6 integral F associated to a Brownian motion, one has

A€ABR) \/_

where Z is a standard Gaussian random variable and #(R) denotes the Borel o-algebra on R. As
an immediate consequence, the fourth moment theorem of Nualart and Peccati follows.

The success of the Malliavin-Stein approach stems from the integration by parts on both
sides, namely, the Stein’s lemma within the Stein’s method and the duality relation between
Malliavin derivative and Skorohod divergence on a Gaussian space, see the monograph [16] for a
comprehensive treatment. The only ingredients required from the Stein’s method are the Stein’s
lemma, Stein’s equation and the regularity properties of the Stein’s solution, while “exchangeable
pairs”, another fundamental tool and notable cornerstone of Stein’s method, had not been touched
until the recent investigation [20] made by Nourdin and Zheng. They constructed infinitely many
exchangeable pairs of Brownian motions and combined them with E. Meckes’ abstract results
[12, 13] on exchangeable pairs to recover the quantitative fourth moment theorem on a Gaussian
space in any dimension. Such an elementary strategy was soon adapted by Dobler, Vidotto
and Zheng in [7] for their investigation on the Poisson space, and they were able to obtain the
quantitative fourth moment theorem in any dimension. In fact, the univariate fourth moment
theorem on the Poisson space was established earlier in [6] under some integrability assumptions
involving the difference operator, which are partially due to the inherent discreteness of the
Poisson space. Remarkably, the authors of [7] were able to obtain the exact fourth moment
theorem under the weakest possible assumption of finite fourth moment. This illustrates the
power of the elementary exchangeable pairs approach.

dry(F,Z) := sup P(FeA)-P(Ze A)' < % \/CI%‘II(E[IM] -3),

In this work, under suitable assumptions, we establish a Peccati-Tudor type theorem in the
Rademacher setting using the elementary exchangeable pairs approach.

1.2 Main result

We first fix a rich probability space (Q, F, P), on which our random objects are defined. Let E be
the associated expectation operator.

We write N := {1,2,...} and denote by X a sequence of independent Rademacher random
variables (X;,k € N)suchthatP(X; = 1) =py=1—q: = 1 = P(X; = —1) € (0, 1). We call it the
symmetric case, whenever p;, = 1/2 for each k € N; otherwise, we call it the general case. We
write Y = (¥}, k € N) for the normalised version of X, that is,

X — pr+ g
(1.1) Yo=—7—,
¢ zvkaIk

We write = £2(N), equipped with usual £?-norm and for p € N, $°” means the p-th tensor
product of $ and $° its symmetric subspace. We denote $;” := {f € H : f g = 0} with
Ap = {(i1,...,ip) € NP 1 iy # i; for different k, j}. Clearly, $5° = $*° = R and 7' = $.

Let f € 558" with d € N and E = (&, k € N) be a generic sequence of independent normalised
random variables. We define the following homogeneous sum with order d, based on the kernel

keN,
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f, by setting,

(1.2) Quf:B) = D, flir,... i) &

and in particular, Q,(f;Y) is called the (discrete) multiple integral of f. We write C; =
{0u(f;Y) @ fe Sjgd } and call it the d-th Rademacher chaos, and as a convention, we put Cy = R.
In case of no ambiguity, we will simple write Q,(f) for Q,(f;Y).

Let us introduce an important notion before we state our main result: for a given kernel
f € 92, we denote by M(f) the maximal influence of f, namely

(1.3)
M(f)y:=sup > flir,....ig1,k)* ford=2 and M(f) = sup f(k)* ford = 1.

keN Qi1 €N keN

This notion is adapted from the boolean analysis (see e.g. [22]), in which the class of low-
influence functions is often what is interesting or necessary in practice. It is also closely related
to the invariance principle established in [14] and the universality phenomenon of Gaussian
Wiener chaos [18]. See also Section 4 for more details.

In this work, we are mainly concerned with random variables in a Rademacher chaos and
random vectors with components in Rademacher chaoses. More precisely, we establish the
following result.

Theorem 1.1. Fix integersd > 2and 1 < ¢, < ... < g4, and consider the sequence of random
vectors

F® = (F", .. F = (00 (fin)s -+ Qas( i)

with kernels fj, in Sﬁooq" for each n € N,j € {1,...,d}. Assume that the covariance matrix
¥, of F™ converges in Hilbert-Schmidt norm to a nonnegative definite symmetric matrix
X =(%;,1<1i,j<d),asn— +oo. Suppose that the following condition holds:

d
j=1

If for each j € {1,...,d}, E[(F;"))ﬂ converges to 323’]., as n — +oo, then F™ converges in
distribution to Z ~ N(0,X), as n — +oo.

The above theorem is analogous to the Peccati-Tudor theorem on a Gaussian space [23], so
we call it a Peccati-Tudor type theorem, which explains our title. One of the main tools we need
for the proof is the following ingredient from Stein’s method of exchangeable pairs. As one will
see easily, we can obtain a quantitative version of Theorem 1.1, which will be an analogue to [7,
Theorem 1.7] and left for interested readers.

Recall first that two random variables W and W’, defined on a common probability space, are
said to form an exchangeable pair, if (W, W’) has the same distribution as (W', W).
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Proposition 1.1 (Proposition 3.5 in [7]). For each t > 0, let (F, F;,) be an exchangeable pair
of centred d-dimensional random vectors defined on a common probability space. Let ¢ be a
o-algebra that contains o-{F}. Assume that A € R™“ is an invertible deterministic matrix and X
is a symmetric, non-negative definite deterministic matrix such that

(a) hm ! E[ - F|9] = —AF in L'(Q),

1
(b) lillgl " E[(F, — F)F, - F)"|9] = 2AX + S in L'(Q, || - ||ys.) for some matrix § = S (F), and
t
with || - ||gs. the Hilbert-Schmidt norm,

(c) foreachi € {1,...,d}, there exists some real number p;(F) such that lim,, %E[(F it —
F)*] = pi(F), where F;; (resp. F;) stands for the i-th coordinate of F, (resp. F).

Then, for g € C3(R?) such that g(F), g(Z) € L'(P), we have, with Z ~ N(0,X),
[ELg(F)] - E[g2)]|

A Yoo Vd M
s” ”pf 2(g)E

g VaMy(@)lIA|

2 2 op
ZS,, - 3 ZzA”2”+E i me
i,j=

where M;(g) := sup,pa ||Dkg(x)||0p with || - ||op the operator norm.

The rest of this paper is organised as follows: Section 1.3 is devoted to a brief overview of
related results and we sketch our strategy of proving Theorem 1.1 in Section 1.4; in Section
2, we provide preliminary knowledge on Rademacher chaos and a crucial exchangeable pairs
coupling. The proof of our main result will be given in Section 3 and some discussion about
universality around Rademacher chaos will be presented in Section 4.

1.3 A brief overview of literature

Soon after the appearance of [15], Nourdin, Peccati and Reinert combined Stein’s method and
a discrete version of Malliavin calculus to study the Gaussian approximation of Rademacher
functionals in the symmetric case. This analysis is known as the discrete Malliavin-Stein
approach. It has been generalised by the authors of [9, 10] not only in the multivariate setting
but also in the general case where functionals involving non-symmetric, non-homogeneous
Rademacher random variables were investigated. Recently, Dobler and Krokowski [5] gave the
following fourth-moment-influence bound and pointed out that it is optimal in the sense that there
are examples, in which the fourth moment condition alone would not guarantee the asymptotic
normality.

Theorem 1.2 (Theorem 1.1 in [5]). Fix p e N and f € Sbgp satisfying p!||f||é®,, =1.LetZbea
standard Gaussian and F = Q,(f;Y) € L*(P), then we have the following bound in Wasserstein
distance:

dw(F,Z) = sup [E[h(F) - h2)]| < C\ y[ELF*] - 3] + Co /M),

7]l <1



PAPER 5 169

where Cy, C, are two numerical constants. This result echoes the remarkable de Jong’s central
limit theorem [4].

Besides the aforementioned references, Krokowski [8] derived a multiplication formula that
generalises the one in [17], and applying as well the Chen-Stein’s method, he studied the Poisson
approximation of Rademacher functionals. Independently, Privault and Torrisi [26] also derived
a multiplication formula and moreover, they obtained a generalisation of the approximate chain
rule from [17], and applied them to study Gaussian and Poisson approximation of Rademacher
functionals in the general case. Concerning the normal approximation in [17] or [26], the
authors were only able to obtain the bounds in some “smooth-version” distance, due to regularity
involving in their chain rules and Stein’s solution. In a follow-up work, Zheng [28] obtained
a neater chain rule that requires minimal regularity (see [28, Remark 2.3]), from which he
obtained the bound in Wasserstein distance as well as an almost sure central limit theorem for
Rademacher chaos. It is worthy pointing out that without using any chain rule, the authors of
[9, 10] used carefully a representation of the discrete Malliavin gradient and the fundamental
theorem of calculus to deduce the Berry-Esseen bound for normal approximation. Using similar
ideas, Dobler and Krokowski [5] also provided the Berry-Esseen bound for their fourth-moment-
influence theorem, which is of the same order as the above Wasserstein bound.

1.4 Strategy of proving Theorem 1.1

Stein’s method of exchangeable pairs was first systematically presented in Charles Stein’s 1986
monograph [27], which was subsequently developed and ramified by many authors. Concerning
our work, we mention in particular E. Meckes’ dissertation [12], in which she developed an
infinitesimal version of this method to obtain total-variation bound in normal approximation.
This infinitesimal version of Stein’s method of exchangeable pairs was later generalised in [3, 13]
for the multivariate normal approximation.

As announced, Proposition 1.1 is one of our main tools, and it can be seen as a generalisation
of [13]. To use it, we need to construct a suitable family of random vectors F;, t > 0 such that
(F;, F) is exchangeable for each ¢ and satisfies several asymptotic regression conditions. In fact,
we will first construct a family of Rademacher sequences X’ such that (X', X) is an exchangeable
pair of {+1}"-valued random variables for each # > 0. More precisely, let X’ be an independent
copy of X and ® = (6, k € N) be a sequence of i.i.d. standard exponential random variables
such that X, X’ and ©® are independent. For each ¢ € [0, +0), we define

X,’C = Xkl(eth) + X;'<1<ek<r) :

It has been pointed out in [10] that X’ has the same distribution as X, see also Remark 3.4 in
[17] for the symmetric case. However, both of these two articles did not explicitly state the
exchangeability of X’ and X, which will be proved in Lemma 2.2. Assuming this and writing
F = f(X) for some representative f : {1} — R, we can set F, = f(X’). It is easy to see that
the exchangeability can be passed to (F, F;) now. If F = (Q,,(f1;Y), ..., Q,,(f1;Y)), then we
can write F; = (Q,,(fi:Y"),..., Q,,(fs; Y")) with Y’ the normalised version of X' in the sense of
(1.1).

Moreover, this exchangeable pairs coupling fits well with the Mehler’s formula, which
gives a nice representation of the discrete Ornstein-Uhlenbeck semigroup (P,,t > 0): given
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F € L*(Q,0{X},P), we can first write F = {(X) for some | : {£1}' — R, then the Mehler
formula ([10, Proposition 3.1]) states that

(1.4) P.F = E[i(X)|(X}].

For ¢ € C), as we will see in Section 2, P,¢{ = e™7'£, then the asymptotic linear regression (a) in
Proposition 1.1 follows easily, and with slightly more effort, the higher order regressions can
also be obtained, see Proposition 2.1.

Another important ingredient in our proof is Ledoux’s spectral point-of-view for fourth
moment theorem [11], which was later refined e.g. in [1, 2]. Such a spectral viewpoint helps one
get rid of some computational deadlock that is usually caused by the complicated multiplication
formula. In particular, our proof is motivated by some arguments in [2].

As a byproduct of our strategy, we will provide a short proof of Theorem 1.2 in the beginning
of Section 3. Some estimate from this proof will also be helpful for our multivariate case.

Acknowledgement. Part of this work was done during a visit at National University of Singa-
pore. I thank very much Professor Louis H. Y. Chen at NUS for his very generous support and
kind hospitality. The gratitude also goes to Professor Giovanni Peccati for sharing his alternative
proof of Lemma 2.4 in [6], which motived our proof of Lemma 2.1.

2 Preliminaires

Denote by o{X} the o-algebra generated by the sequence X, and note that o-{X} = o{Y}. The
Wiener-It6-Wash chaos decomposition asserts that any random variable F € L*(Q, c{X},P)
admits a unique representation

2.1) F = E[F] + Z 0,(f,) with f, € $” for each p € N,

p=1

where the above series converges in L2(P). We denote by Ji(-) the projection onto the k-th
Rademacher chaos Cy: for F given in (2.1), J,(F) = Q,(f,) for each p € N, and Jo(F) = E[F].
It is not difficult to check that for f € 55817 and g € 5?, it holds that

E[Q,(NQy()] = 1ip=gP ([, &) ger -

This is known as the orthogonality property of the multiple integrals. One can refer to N.
Privault’s survey [25] for more details and relevant discrete Malliavin calculus.

The authors of [17] established a multiplication formula for discrete multiple integrals in the
symmetric case: given f € $7” and g € $:7, one has

PAg

22) 0,(NQ&) = ), r!(’r’ )(f)qu_z,(fé?rglw_zr) :

r=0

where the r-contraction f ®, g of f and g is defined by

(f®rg)(ila--"ip—rajb""jq—r) = Z f(ib*"’ip—rakl""akr)'g(jb"~ajq—r9kla"°’kr)

ki,....k,€N
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and f®,g is the canonical symmetrisation of f ®, g, i.e. for any h € $7, his given by

= . 1 . .
h(ll,. ..,lp) = F Z h(lg—(l),...,lg—(p)) .

€GB,

with €, the permutation group over {1,..., p}. We follow the convention that ¢ = ¢ for each
c € R. Note it is easy to deduce from the Cauchy-Schwarz inequality that IIZH ser < ||h||ger TOr
each h € H%, then applying the above orthogonality property and mathematical induction gives
us a weak form of the hypercontractivity property in the symmetric case, namely, E[|F|"] < +o0
forany FF € C,, p,r € N.

However, in the general case, one can not even guarantee the existence of finite fourth moment
of a generic multiple integral. Such a phenomenon, due to the asymmetry, is also revealed in the
corresponding multiplication formulae, see Proposition 2.2 in [8] and Proposition 5.1 in [26].
As already pointed out in [5], given F € C, N L*(P), one can not directly deduce from these
multiplication formulae that 2 admits a finite chaotic decomposition. Adapting the induction
arguments from the proof of [6, Lemma 2.4], Dobler and Krokowski gave the following positive
result.

Lemma 2.1 (Lemma 2.3 in [5]). Let F = Q,(f) € L*(P) and G = Q,(g) € L*(P) for some
fe 55(?” and g € 558". Then FG € L*(P) admits a finite chaos decomposition of the form

p+q-1

FG =E[FGl+ ) J(FG)+ Qpy(fegls,.,) -

k=1

In particular, if Q;(h) belongs to L*(P) for some h € $, then

h(k)*(qx = )
VPiqk

(As this lemma is crucial for our work and for the sake of completeness, we provide in Section
3.3 another and direct proof suggested by Giovanni Peccati.)

O1(h)* = ||kl + O1(w) + Qa2(h®h1,,)  with w(k) = ke N.

2.1 Ornstein-Uhlenbeck Structure and carré du champs operator

Denote by dom(L) the set of those F in (2.1) verifying
> PEIQ(£)] = ). Dl < +oo.
p=1 p=1

For such a F € dom(L), we define LF = -}, ., pQ,(f,). In particular, if ' € C,, LF = —pF'.
In other words, —L has pure spectrum N U {0} and each eigenvalue p € {0} U N corresponds to
the eigenspace C,. And we call L the Ornstein-Uhlenbeck operator, equipped with its domain
dom(L).

For F, G € dom(L) such that FG € dom(L), we define the carré du champs operator I'(F, G)
by setting

I(F,G) := %(L(FG) — FLG - GLF) .
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In particular, for F, G as in Lemma 2.1, one has FG € dom(L) and

P+q p+q-1
23) TFG) = %[@ +q)+1] (Z Jk(FG)] =2 5irG)+ . %HJAFG),
k=0 k=1

and as a consequence of the orthogonality property, one deduces that

— k)

p+q-1 2 p+q—-1
(2.4) Var(I'(F, G)) = Z (p++Var(Jk(FG)) < max{p®, ¢*} Z Var(Ji(FG)),

k=1 k=1

which is all we need about the carré du champs.

For each r € [0, +00) and F as in (2.1), we define
PF :=E[F]+ ) e ™0,(f;) .
p=1

(P, t > 0) is called the Ornstein-Uhlenbeck semigroup, which can be represented alternatively
by the Mehler formula (1.4). To verify (1.4), one can first consider F' = Q,(f,) in a Rademacher
chaos with f, € Sjoep having finite support and then use the standard approximation argument.
Note that for F € dom(L), it is not difficult to check "' (P,F — F) converges in L*(P) to LF, as
t!0.

2.2 Exchangeable pairs of Rademacher sequences

Lemma 2.2. Let X’ and X be given as before, then (X, X’) has the same distribution as (X', X).
In particular, for any f; € Sj(o)pj withp; eN, j=1,...,d,

(Qp (f1:Y), .., Op,(f: Y)) and (Qp, (/13 Y, ..., O, (fa: Y1)

form an exchangeable pair, where Y’ stands for the normalised version of X' in the sense of

(1.1).

Proof. Note first that X’ is a sequence of independent Rademacher random variables for each
t € [0, +00). For each k € N, it is easy to check that

PX,=-1.X=1)=PX, = 1,X, =-1)= (1 — e )prq -

This gives us the exchangeability of (X, X}) for each k € N. Leta = (a;,i € N),b = (b;,i € N) €
{1}, then using the independence within those two sequences X, X', we obtain

P(X =a,X =b) = | [ P(Xc = a. X; = by)
keN
= | [PX = b1 X; = @) by exchangeability of X;., X;
keN
=P(X=b,X'=a).
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This proves the exchangeability of X, X’. The rest follows from a standard approximation
argument: it is clear that after truncation, (with [N] :={1,...,N})

(Qp (filivy: YD, .. @, (falinpa: Y)) and (Qp, (filivpss YO, - ., Qp, (fuliwpra: Y1)

form an exchangeable pair; letting N — +co and keeping in mind that the exchangeability is
preserved in limit, we get the desired result. O

The following result brings more connections between our exchangeable pairs and Ornstein-
Uhlenbeck operator.

Proposition 2.1. Let F = Q,(f;Y) € L*(P) for some f € Sf)oep and define F; = Q,(f;Y"). Then,
(F, F,) is an exchangeable pair for each t € R,. Moreover,

1
(a) lil%l ;E[Ft — Flo{X}] = LF = —pF in L*(P).
t

(b) If G =Qu(g;Y) € L*(P) and G, = Q,(g;Y") for some g € Squ,

1
then we have lil%l ;E[(F . — F)(G, — G)|o{X}] = 2I'(F, G), with the convergence in L*(P).
t

© lim %E[(F, _ F)*| = —4pE[F*] + 12E[F’T(F, F)] > 0.

Proof. By the Mehler formula (1.4), we have

1 P(F)-F e -1
~E[F, - Flo(X}] = ’(: = ¢ —F.

converges in L*(P) to —pF = LF, as t | 0. As a consequence of Lemma 2.1, FG has a finite
chaos expansion of the form FG = E[FG] + X! Ou(h; Y) for some hy € $5F. Therefore,
F,G, = E[FG| + X} Ox(li; Y'), implying

1 &

~BIF,G, ~ FGIoiX)] = ) —E[Qu(h: Y') ~ Qullus Vo (X)]

k=1

converges in L*(P) to Zf:f —k JW(FG) = L(FG), as t | 0. Hence, we infer that in L*(P) and as
tl 0,

CEI(F, ~ FYG, ~ OlortX)] = 1E[F,G, ~ FGlor()] - o AT Bl = iR

— L(FG) - FLG - GLF =2I'(F,G).

Since the pair (F, F) is exchangeable, we can write
E[(F, — F)*]| =E[F} + F* = 4F’F — 4F°F, + 6FF?]
=2E[F*] - 8E[F°F,] + 6E[F?F?]  (by exchangeability of (F, F,))
=4E[F3(F, - F)] + 6E[F*(F, - F)*] (after rearrangement)
= 4E[F°E[F, — Flo{X}]] + 6E[F’E[(F, - F)*|o{X}]].

so (c) follows immediately from (a),(b) and the fact that F € L*(P). O
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3 Proofs

We begin with the following lemma, whose proof is postponed to Section 3.3.

Lemma 3.1. Given F = Q,(f) with f € §;” and G = Q,(g) with g € $;7, we assume that
F,G € L*(P). Then we have the following estimates:

p+q-1
(3.1) Z Var(Ji(FG)) < E[F’G?] - 2E[FG* - Var(F)Var(G) + (p + 9)!|| f&g14
k=1

2
p+q HOPtq ?

and in particular,

(3.2)
2p—-1 p—1 » 2 )
max{ZVar(Jk<F2>),p!2 Z(r) (=i 5@2,,-2,}SE[ ] = 3ELF?P + 2p)!|| 81 [
k=1 r=1
with
PA
(3.3) (VT3 Ve Z ( )( )mm £ 1er M(8). llgle M)}
r=1

(As a convention, we put Z =0.)

r=1
Before we prove our multivariate limit theorem, we will give a short proof of the univariate
case in Wasserstein distance, using our exchangeable pairs coupling.

3.1 Alternative proof of Theorem 1.2

We need the following result, which is the univariate analogue of Proposition 1.1.

Proposition 3.1. Let F and a family of real random variables (F;), be defined on a common

probability space (€2, ¥, P) such that F, "2 F for every t > 0. Assume that F € L*(Q,¥,P) for
some o-algebra ¢ C ¥ and that in L'(P),

1
(a) hm E[ — F|9] = —AF for some A > 0,
1
(b) 1il%1 - E[(F, — F)*|4] = (21 + S)Var(F) for some random variable S ;
13

(¢) and ltilr(gl % E[(F, — F)*] = p(F)Var(F)?* for some p(F) > 0.

Then, with Z ~ N(0, Var(F)), we have

\Var(F) VA + B[S Var(F)
dw(F,Z) < ~———"E[|S Vo(F).
w(F,Z) < Wir E[IS]] + 31 (F)

For the proof, one can refer to [7, Proposition 3.3]. One may also want to refer to Theorem 3.5
of [17] for a different coupling bound.
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Now given F = Q,(f;Y) € L*(P) (with E[F?] = 1), we can get by using (2.4) and (3.2) that

2p—1
Var(p™'T(F, F)) < )" Var(Ji(F%)) < BIF*] - 3B[F?? + 2p)!|| f& 14 55@2,,
k=1
4 212 2 . (2p)! £ P ?
(3.4) < E[F'] - 3B[F’] +y,BIFPIM(f)  withy, := ==~ Z 7).
p! r

r=1

Also using the chaos expansion of F2? and I'(F, F) as well as the orthogonality property, we have

3E[F’T(F, F)] - pE[F*] = 3E[F2(F(F, F)- p)] - p(E[F4] - 3)

2p—1 2p—1
(Z J(F?) ](Z ka(FZ)) — p(E[F*]-3) < 3p Z Var(Ji(F?)) - p(E[F*] - 3).
k=1
It follows from (3.4) that
(3.5) 3E[F’I(F, F)]| - pE[F*] < 2p(E[F*] - 3) + 3py, M(f).

Now define F, = Q,(f;Y’) for each 7 € [0, +0), then by Proposition 2.1, (F,, F) is an exchange-
able pair satisfying the conditions in Proposition 3.1 with ¢ = o{X}, A = p, S = 2I'(F, F) —
and p(F) = —4pE[F*] + 12 E[F*I'(F, F)]. Therefore,

dw(F,N) < E[|2[(F, F) - 2p|] + ‘4—2—;’ \/—4p E[F*] + 12 E[F2[(F, F)]

pVN2n

2 - \2p
< N \/Var(p 'T(F, F)) + ? \/—4p E[F4] + 12E[F2(F, F)] (as E[['(F, F)] = p)

< \2/7\JBLF*] = 3 + 5, M(f) NEAL \/2(15 F4 = 3) + 3y, M(f)
4
< (V2/m+ §)J|E[F4] ~ 3|+ («/2/7r+ %f)w—p VM)

4 2p)! &
This proves Theorem 1.2 with C; = V2/m + 3 and C, = (V2/m + \/( p)! Z

=1
Remark 3.1. (1) For F in the first Rademacher chaos, one can directly prove Theorem 1.2

without using the exchangeable pairs. Indeed, if F = Q,(h) € L*(P) for some h € $ with
ll7llg = 1 and Z ~ N(O, 1), then by [28, Theorem 3.1],

[ee)

1
dw(F.Z) < Z  h(k)*.
=1 Pk

By Lemma 2.1, F? = 1 + Q;(w) + Q>(h® hl,,) with w(k) = %w%m k € N. This implies

B[FY = 1+ Z h(k)“% + 2@ hIEe — 2h @ g o
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—3+Zh(k)4(qk )’ ZZh(k) —3+Zh(k)4u—42h(k)

P4k P4k

Noticing p,f + qi > 1/2 for each k € N, we have

(o)

Z —h(k) <4 % h(k)*+E[F*] -3 <4M(h) + E[F'] - 3.
2 Dkqk =

Hence, dw(F,Z) < V2 A /|E[F 4] - 3| +2V2 VM(h). Moreover, using the so-called second-
order Poincaré inequality in [10, Theorem 4.1], we can have the Berry-Esseen bound

=1
dia(F.Z) = sup [P(F <2)-P(Z <2)| <2 kZ‘ <3 JIELF4 = 3|+ 6 VM) .

(2) Continuing the discussion in previous point and assuming py = p=1—-¢g = 1 — g, for
each k, we have

2 4 &
3.6 BF_3= LT PN e
(3.6) [F] I

If pe0,1)\ {% +f} then we have the exact fourth moment bounds:

1 & E[F* -3 \'* E[F*] -3 \/*
dw(F,2) < A|— > h* < | ————— ddg(F.2) <2|——1"2 | |
Wik 2) Jquz; ® (p2+q2—4pq) and o2 < 2\ —apg

see also Corollary 1.4 in [5].

3.2 Proof of Theorem 1.2

Without losing any generality, we assume that £, = ¥ and each component of F" belongs
T

to L*(P). Recall that F™ = (F(”) e F;"))T = (Qq] (fins ), os Qg (fans Y)) and we define

F® = (F" F;’ft))T with F l(’t’) = Qg (fin; Y') so that by Lemma 2.2 and Proposition 2.1,

IR AR

(F,F,) := (F™, F™) form an exchangeable pair satisfying the conditions in Proposition 1.1 with
¢ = o{X}, A = diag(qgy,...,qs) and

= (2r(F", F'") - 24,5, ;)

J1<i,j<d

o pF™) = —4q.B|(F{")| + 12B[(F"T(F, F{™)].

Indeed, the condition (c) in Proposition 1.1 follows from the relation (c) in Proposition 2.1, and
for each i, j € {1,...,d}, we have

1
lim 7E[F,?'? ~- FPlo(X)] = —¢:;F" in L*(P),
) ,
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and
lim —E[(F(”) FP)FY - FO)o(X}| = 29,5, + [20(F", F) - 2¢,%;;|  in L2(P).

It follows that

d 2
1
|ZELF - Pl + AF("’ Z ( [F? — F"lor(X)] + q,-F;"))

converges to zero in L*(P), as ¢ | 0; and
1 2
: ) _ oy g™ _ pem\T _ -
H IE[(F, FO)F" - F") (X} | - 2AS SHH.S.

d 2
1 n n n n n n
= § (;E[(FE) FM)FY - FO)o(X}| - 20(F"”, F ’))

=1

converges to zero in L'(P), as ¢ | 0.
Hence we can apply Proposition 1.1 and consequently, it suffices to show

1/2 4
E[”S”HS] + 1 Z’D (F(”)) < [Z Var F(F(n),Fj.n)))] + 1 Zpi(F(n)) -0, asn— +oo.
i,j=1 i=1

In view of (3.4) and (3.5), it reduces to prove lim,_, Var(F(F 5”), F;”))) =0 fori < j. We split
this part into two steps.

Step 1. Suppose F, G are two real random variables given as in Lemma 2.1 with p < ¢, then

we have
p+q-1
E[F’G?| = E[FG) + Z Var(Ji(FG)) + (p + 9| feel,, | o
k=1
and by (2.4) and Lemma 3.1, we get
1
?Var(F(F ,G))
prq-1 p
< Z Var(Ji(FG)) < Cov(F?,G?) - 2E[FGY* + (29)! Z r'( )( )mm 11/ 13er M(), llgllé&,M(f)} :
k=1 r=1
Thus, we can further reduce our problem to show
(3.7) lim (Cov((F{")%,(F")?*) = 2E[F"F"]’) =0 forany 1 <i< j<d,
n—+oo E E

which will be carried out in the next step.
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Step 2. Let F, G be given as in previous step, we have

2g-1

E[F2G*] = E{Fz {E[Gz] + Z J(G?) + qu(GZ)}
k=1

2g-1

F? Z J(G?

k=1

= Var(F)Var(G) + E + 1 (=g B[ J2g(FH) T2 (G?)] .

If p < g, then E[FG] = 0 and

2g-1
'Cov(Fz,Gz)‘ < EIF*]4| Y Var(Ju(G?) < \/E[F“] \/E[G“] — 3E[G2] + y,E[G I M(g) ,
k=1

where the second inequality follows from (3.4) and the constant y,, is given therein.

If p = g, then

B[ 2g(F2)12(GY)] = Q) f8f, g8gL.,,) . = Qa)\(f&F. 88g). ., — )\ (f&f, g®gl.s )

5@2(] 5@25]

$5®2

= 2q1%(f, 803 + Zq'z( ) (f @ 888 g — QNfBSf. 888 L, ) .,

where the last equality follows from Lemma 2.2 in [19]. Consequently, Cov(F?, G?) — 2E[FG)?
is equal to

q-1 2
2[4 ®f, g®
A q' (r) (f ©: 8.88 s = QON[BF. 88815, ) -

r

2g-1
(3.8) E(F2 Z J.(G?

2g—-1

D HF)IGY)

k=1

The first term in (3.8) can be rewritten as E , which can be bounded by

2g-1 2g-1
Z Var(J,(F?)) Z Var(Ji(F?))
=1 =1

< JE[F*] - 3E[F?P + v, EIF2IM() \JEIG*] - 3EIG?F + 7, BIGAIM(g) :

and the second term in (3.8) can be bounded by

-1
q'() If ® |
q—

< q!z(f) If ®- f

r=1

»Q

2
(3~9) §®2q-2r Z qu( ) <f ®q—r f’ 8 ®q—r g>s§®2r

M

._._.

) |g Qg-r & §o2r

35®2r
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q-1 q 2
= Z q!Z(r) ||f ®: f §o2-2r ||g ®r & |5®2q—2r
g-1 q 2 5 g-1 q 2 5
(3.10) < Z q!2(r) 1 ®r Fllgezs-s Z} q!Z(r) le - gl -
GA1) < JBIFY] - 3EIF2P + Y, M(DEIF] \JEIG*] - 3EIG2F + 7, M(9EIG?] .

where (3.9) follows from the easy fact that ||f ®, g||35®2q_2,~ = (f ®pr f-8 Oy g>g)®2r, and
we used Cauchy-Schwarz inequality in (3.10), while (3.11) can be deduced from Lemma
3.1 and (3.4); finally, the third term in (3.8) can be bounded by I|fI.,(29)![|e®g1.;,

I f ||f§®q V2 !y, EIG*IM(g). To conclude this case, we obtain

55@2(1 S

|Cov(F?,G?) - 2E[FGP|

<2 \/(E[F“] — 3B[F2P + ¥, M(f)ELF?1)(E[G*] - 3BIG? + 7, M(9)EIG?])
+1171Be A/ 20) Y, BIGAIM(g)

Combining the above two cases, we get immediately the relation (3.7), and hence we finish the
proof of Theorem 1.1.

3.3 Proofs of technical lemmas
Proof of Lemma 2.1 Let us first introduce some notation: if F = f(X), we write
F®k = Jf()(], ... ,Xk_], +1,Xk+], .. ) and Fek = T(X], .. ,Xk_], —1,Xk+1, ... ),

we define the discrete gradient DyF = +[prgi(F® — F°F), in particular, D;Y;, = 1. We can
define the iterated gradients D,(c'l"’)._.’km =Dy, o Dl(;" _ll)(m with D,((l) = Dy. For example, D, Q,(f) =

dQu-1(f(k,") and DZ)Qu(f) = d(d — 1)Qu-1(f(k, ¢, ")) for d > 2 and f € $3?, see [10] for more
details.

Proof. ltis clear that FG € L*(P) has the chaotic expansion

FG =E[FG]+ )" Qulhn),

m>1

where for each m € N, the kernel £,, € $5" is given by A, (ky, ..., k,) = #E[D;’f)k(F G)], due
to the Stroock’s formula (Proposition 2.1 in [10]). So it suffices to show that

(3.12) D™ (FG) = (p + @ (f@) ks - - ko)L, (ks Kprg) and DY (FG) =0

..........

for any s > p + g. Note that the second part follows immediately from the first one.
Recall the product formula (see e.g. [10, (2.4)]) for the discrete gradient Dy: for F,G € L*(P),

X
Pk

Dy(FG) = (DF)G + F(D;G) — (DyF)(DG) =: D{(FG) + D{(FG) + D{(FG) ,
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that is, we decompose Dy into three operations D%, DY and D}'. Therefore, we can write for
ki <... <kp+qa

+ Apy
D(pj'(i) p+q( G) - Z Dﬁl1 "0 Dk p+z1q (FG) - Z D’]?ll 0 ka]wq (FG) ’

Al,Aprg€{L,M R} Al,..Apig€iL,R}

where the last equality follows from the fact that for k # ¢, D/(X;F) = X;D.F. Moreover,
D;:l‘ 0---0 D?p’:q" (FG) = 0 unless L appears exactly p times and R appears exactly g times in the

words Ay, ..., A, so that one can further rewrite D(p Ji_q) (F G) as
(p) (9)
Z (Dkrr(l) ----- kc'(p)F)(Dko—(p+[) ..... fT(P+q) Z f(kO'(l)’ ooy kO'(p))g(k(T(p+l), ey ko’(p+q)) )
TEC 14t TEC) 14

o()<...<o(p)
o(p+1)<..<o(p+q)

where the last equality follows from the symmetry of f and g, and it gives us D(p +q) ( G) =

.....

P+ PR (ki,..., kp+q). This proves (3.12), while the particular case follows from again
the Stroock’s formula. More precisely, one can first deduce from the previous discussion that
0:(h)? = ||h|| + OQ1(w) + Ox(h ® hl,,) for some w € $ given by w(k) := E[D;(Q,(h)*)]. By the
definition of dlscrete gradient, one has

2
Pr + 4k
Di(O\(h)?) = Prde pqu{(Zh(])Y +h(k) \/_ ) (;h(J)Y + h(k)——= 2 o ]}

Jjtk
= hP L= 2n) Y n(jyY;
Prqk P
which concludes our proof of Lemma 2.1. O

Proof of Lemma 3.1: It follows from Lemma 2.1 that

p+g-1

FG = E[FG] + Z Jk(FG) + Q[H'q(féglpr) ’

therefore, by orthogonality property, one has

p+g-1

E[F’G*] = EIFGP + Y. Var(Ju(FG)) + (p + ! [|/®BgL,., o0
k=1
P! —~ 12 ~ 2
=B[FGP+ ) Var(Ju(FG)) + (p + )" || 18 gops = ( + D] 1®81 s, [[gores -
k=1

Recall from [19, Lemma 2.2] that
(3.13)

pAq
(p + ! ||18s].., = Pla! Z:(; (r)( )||f® g

qorsazr = PN llglRes + Lpmgp*(f- &Ygon
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thus (3.1) follows by noticing that E[FG] = 1(,—p!(f, &) ge» and Var(F)Var(G) = p!q!llfll%wllgllgm.
Using (3.13) again, we have

(3.14)

p+g-1 p-1

2
> Var(Ju(F?) = E[F*] - 3E[F*P - pi? )’ (l: ) If e f
k=1

r=1

2
5@2]) >

;z,,fz, +p)| /&1,

which implies (3.2).
It remains to prove (3.3) and we’ll use the same arguments as in the proof of [5, Lemma 3.3]:

~ 2 2 . N2 . N
11881y Jlsore < F @81 o = D, Fltseeesin)eGits s )
(il,...,ip,jl,...,jq)EA;Hi
PAq p\(q
. N2 . N2
(3.15) = Zr!( )( ) > FGiyeo s in)8Gnsos o) s
rj\r . .
r=1 (i15-0lp)EAp
(jl ~~~~~ jq)EAq
card({ir,...ip ) {15 fgD=r

where card(A) means the cardinality of the set A, and the combinatorial constant r'(’r’)(‘j) 18
the number of ways one can build r pairs of identical indices out of (iy,...,i,) € A, and
(Jis---1Jg) € Dg.

Therefore, it is enough to notice that for each r € {1, ..., p A g}, the inner sum in (3.15) is
bounded by

Z f(ila s aip—r7kl5~ .. ’kr)zg(jla .. ~7jq—r5kla .. ~akr)2

(i] s"'7ip—r9k| !"'skl‘)EA/I
(jl y~-~sjq—r7k| y~-~skr)EAq

< D flnip K80 g 0P < min { IR M), gl M(P) -

(il wwip—l ,k)EA,,
(j19~~"jq—| :k)EAq

The proof of Lemma 3.1 is complete.

4 Universality of Homogeneous sums

Fix d > 2 and a divergent sequence (N,,n > 1) of natural numbers. Consider the kernels
fo:{1,...,N,}¥ - R symmetric and vanishing on diagonals and d!|| f,lllé@, = 1, then according
to (1.2),
QulfsD = D, flinsidy &
i1vdg<Ny

The following central limit theorem due to de Jong [4] gave sufficient conditions for asymptotic
normality of Qu(f,; ).

Theorem 4.1. Under the above setting, let = = (&;,i > 1) be a sequence of independent centred
random variables with unit variance and finite fourth moments. If E[Qq(f,; £)*] — 3 and the
maximal influence M(f,) — 0 as n — +oo, then Q,(f,;E) converges in law to a standard
Gaussian.
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The above result exhibits the universality phenomenon as well as the importance of the notion
“maximal influence”. Another striking result with similar nature is the invariance principle
established in [14], in which the authors were able to control distributional distance between
homogeneous sums over different sequences of independent random variables in terms of
maximal influence, see e.g. Theorem 2.1 therein.

Let us restrict ourselves to the Gaussian setting for a while: when G is a sequence of i.i.d.
standard Gaussians, Q,(f,; G) belongs to the d-th Gaussian Wiener chaos, and the fourth moment
theorem [21] implies that if Q,(f,; G) converges in law to a standard Gaussian (or equivalently
E[Qu(fy; G)*] = 3), then ||f, ®u_1 fullgs> — 0. While M(f,) < |If, ®4-1 fullge> due to [17, Lemma
2.4], so that M(f,) — 0. This hints the universality of the Gaussian Wiener chaos, see [18] for
more details.

The following result is (slightly) adapted from Theorem 7.5 in [18].

Theorem 4.2. Fix integersd > 2 and g; > ... > q; > 2. Foreach j e {l,...,d}, let (Nj,,n>1)

be a sequence of natural numbers diverging to infinity, and let f;, : {I,...,N;,}% — R be
symmetric and vanishing on diagonals (i.e. fj, € Sﬁcoaq" with support contained in {1, ..., N;,}%)
such that

nl—1>l:}—rloo l(qk:q,)(Ik! Z ﬁc,n(il, ceey iqk)ﬁ,n(il, ey iqk) = Zk,l ’

[15eees iqk SNk,n

following statements are equivalent:

where X = (2;;,1 < i,j < d) is a symmetric nonnegative definite d by d matrix. Then the

(A;) Givenasequence G ofi.i.d. standard Gaussians, (Q,, (f1..3G), ..., Qg (fun: G))T converges
in distribution to N(0, X), as n — +oo.

(A,) For every sequence E = (&;,i € N) of independent centred random variables with
unit variance and sup,.; E[|&[°] < +oo, the sequence of d-dimensional random vectors
(O (138, - oy Qgu(funs E))T converges in distribution to N (0, X), as n — +oco.

Similar universality result for Poisson chaos was first established in [24] and refined recently
in [7]. It was pointed out in [24] and [18] that homogeneous sums inside the Rademacher chaos
are not universal with respect to normal approximation and a counterexample is available e.g. in
[24, Proposition 1.7]:

A Counterexample: LetY be a sequence of i.i.d. random variables with P(Y, = 1) = P(Y; =
—1) = 1/2 (that is, in the symmetric setting). Fix ¢ > 2 and for each N > ¢, we set

1

fN(il,...,iq): q' N—q+1
0, otherwise.

, i, i =1{1,2,...,g—1,s}forg < s < N;

Then in the symmetric case,

Y;

NErEa

O,(fn;Y)=Y Y- Y,

N
i=q
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converges in law to the standard Gaussian, while if G is a sequence of i.i.d. standard Gaussians,

law

then for every N > 2, Q,(fy; G) = GG, - -- G, fails to be Gaussian. It is easy to check that
the maximal influence M(fy) of the kernel fy is equal to 1/(gq!) for every N > 2, which is
consistent with de Jong’s theorem.

In the end of this section, we provide a (partially) universal result for Rademacher chaos that
complements [7, 18, 24].

Proposition 4.1. Let the assumptions in Theorem 4.2 prevail. Then, the following statement is
equivalent to (A;) and (A,) in Theorem 4.2:

(A3) in the symmetric case, as n — +00, (Qy, (fin; Y)s - -, Qu,(fun; Y))T converges in distribu-
tion to N(0,X), and M(f;,) — O foreach je {l,...,d}.

Proof. Suppose (A;) holds true, then (Qy, (fi,: Y), ..., Qu(fun; Y))T converges in distribution
to N(0,%) by “(A2) © (A})”; and by the fourth moment theorem on a Gaussian space [21],
(A1) implies that [|f;, ®;,-1 fiallge2 — 0, as n — +co. Recall from [17, Lemma 2.4] that
M(f) < |If ®a-1 fllge2 for each f € 924 therefore M(f;n) — O foreach j € {1,...,d}. This
proves the implication “(A;) = (A3)”.

It remains to show “(A3) = (A;)”. Now we assume that (As) is true, then by a weak form of
the hypercontractivity property (see Section 2), we have lim,_, ., E[Q, (3. j; Y)Y = 32? ; for each

j=1,...,d. It follows from Lemma 3.1 that ||f]n ®r fin R A Oforeachr=1,...,q;-1,
and any j = 1,...,d. Hence, (A) follows immediately from the Peccati-Tudor theorem [23].
This concludes our proof. O
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