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Abstract

In this work, we study the normal approximation and almost sure central limit theorems for some
functionals of an independent sequence of Rademacher random variables. In particular, we provide
a new chain rule that improves the one derived by Nourdin, Peccati and Reinert(2010) and then we
deduce the bound on Wasserstein distance for normal approximation using the (discrete) Malliavin-
Stein approach. Besides, we are able to give the almost sure central limit theorem for a sequence
of random variables inside a fixed Rademacher chaos using the Ibragimouv-Lifshits criterion.
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1. Introduction

This work is devoted to the study of discrete Malliavin-Stein approach for two kinds of Rademacher
functionals:

(S) Y,k € N is a sequence of independent identically distributed (4.i.d) Rademacher random
variables, i.e. P(Y; = —-1)=P(Yy =1) =1/2. F = f(Y1,Y3,- ), for some nice function f, is
called a (symmetric) Rademacher functional over (Yy).

(NS) X4,k € N is a sequence of independent non-symmetric, non-homogeneous Rademacher ran-
dom variables, that is, P(X, = 1) = pg, P(Xy = —1) = g for each £ € N. Here
1—qgr = pr € (0,1) for each k € N. Of course this sequence reduces to the ii.d. one
when pp = q = 1/2 for each k. G = f(X1, X5, - ), for some nice function f, is called a
(non-symmetric) Rademacher functional over (X). Usually, we consider the corresponding
normalised sequence (Yj, k € N) of Xy, that is, Yy := (X — pr + ax) - (2/Prqr) -

From now on, we write (S) for the symmetric setting, and (NS) for the non-symmetric, non-
homogeneous setting.

Now let us explain several terms in the title. Malliavin-Stein method stands for the combination
of two powerful tools in probability theory: Paul Malliavin’s differential calculus and Charles Stein’s
method of normal approximation. This intersection originates from the seminal paper [12] by Nour-
din and Peccati, who were able to associate a quantitative bound to the remarkable fourth moment
theorem established by Nualart and Peccati [I5] among many other things. For a comprehensive
overview, one can refer to the website [I1] and the recent monograph [13].
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This method has found its extension to discrete settings: for the Poisson setting, see e.g. [16]20];
for the Rademacher setting, the paper [14] by Nourdin, Peccati and Reinert was the first one to
carry out the analysis of normal approximation for Rademacher functionals (possibly depending
on infinitely many Rademacher variables) in the setting (S), and they were able to get a sufficient
condition in terms of contractions for a central limit theorem (CLT) inside a fixed Rademacher
chaos %, (with m > 2), see Proposition for the precise statement.

In the Rademacher setting, unlike the Gaussian case, one does not have the chain rule like
Df(F) = f'(F)DF for f € C}(R) and Malliavin differentiable random variable F (see [13 Propo-
sition 2.3.7]), while an approximate chain rule (see (2.6))) is derived in [I4] and it requires quite
much regularity of the function f. As a consequence, the authors of [14] had to use smooth test
functions when they applied the Stein’s estimation: roughly speaking, for nice centred Rademacher
functional F in the setting (S), for h € CZ(R), Z ~ .#/(0,1), one has (see [I4, Theorem 3.1])

[E[1(F) - h(Z)]|
< min (42 oo, |2l s0) .E[|1 —(DF, —DL*1F>5|] + ?nh”lloo]E[(\DL*lﬂ, |DF|3>5} (1)

where the precise meaning of the above notation will be explained in the Section 2.

Krokowski, Reichenbachs and Théle, carefully using a representation of the discrete Malliavin
derivative D f(F') and the fundamental theorem of calculus instead of the approximate chain rule
, were able to deduce the Berry-Esséen bound in [8, Theorem 3.1] and its non-symmetric
analogue in [9, Proposition 4.1]: roughly speaking, for nice centred Rademacher functional F' in the
setting (NS),

d (F, Z) = sup [P(F < z) — P(Z < x)‘ (1.2)

TER
< E[u —(DF, —DL*1F>;3|} + gﬁi[(

1
DL 'F|,|DF|? } (1.3)
= IDFI*),
1 1 1
+71E[ |F-DL~'F|, — |DF|? } —|—SupE[ IDL™'F|, ——
2= VP4 s zER < VP4
The quantity dg (F, Z) defined in (1.2} is called the Kolmogorov distance between F and Z.
For the setting (NS), the corresponding analysis including normal approximation and Poisson
approximation has been taken up in [5l, [7, O] 18].
In this paper, we give a neat chain rule (see , from which we are able to derive a
bound on the Wasserstein distance

dw(R2)s= sw_ [E[(F) - 1(2)]

in both settings (NS) and (S), see [Theorem 3.1 and related remarks.

Another contribution of this work is the almost sure central limit theorem (ASCLT in the sequel)
for Rademacher functionals. We first give the following

(DF) - 1(F>x)>ﬁ} L (L4)

Definition 1.1. Given a sequence (Gn,n € N) of real random variables convergent in law to
Z ~ A4(0,1), we say the ASCLT holds for (G,), if almost surely, for any bounded continuous
f R —= R, we have

n

3 L A(G) — E[f(2)] | (15)

logn —




as n — +oo. In the definition, logn can be replaced by v, := > r_, k7!, (v — 1 < logn < v,).
Note the condition (1.5) is equivalent to that the random probability measure ~;, ! Y oreq k=t 4g,
weakly converges to the standard Gaussian measure almost surely, as n — 4o0.

The following criterion, due to Ibragimov and Lifshits, gives a sufficient condition for the ASCLT.

Ibragimov-Lifshits criterion.

E(] An(t)?
sup Z M < 400, forevery r >0, (1.6)
|t\§rn22 NYn
where
1 n 1r . 2
Ant _ —|:eltGk—€_t /2 . 1.7
0=2-37 (L.7)

If Gy 2% 7 ~ A4(0,1) and is satisfied, then the ASCLT holds for (G}). See [6, Theorem
1.1].

The ASCLT was first stated by Paul Lévy without proof in the 1937 book “ Théorie de l’addition
des variables aléatoires” and rediscovered by Brosamler [2], Schatte [19] independently in 1988. The
present form appearing in the above definition was stated by Lacey and Philipp [10] in 1990. And
in 1999, Ibragimov and Lifshits [6] gave the above sufficient condition.

Using this criterion, the authors of [I] established the ASCLT for functionals over general Gaus-
sian fields. The Malliavin-Stein approach plays a crucial role in their work. Later, C. Zheng proved
the ASCLT on the Poisson space in his Ph.D thesis [20, Chapter 5]. And in this work, we prove
the ASCLT in the Rademacher setting, see Section 3.2.

The rest of this paper is organised as follows: Section 2 is devoted to some preliminary knowledge
on Rademacher functionals, and we provide a simple but useful approximate chain rule there. In
Section 3.1, we establish the Wasserstein distance bound for normal approximation in both setting
(S) and (NS); in Section 3.2, the ASCLT for Rademacher chaos is established.

2. Preliminaries

We fix several notation first: N = {1,2,---}, Y = (Y, k € N) stands for the Rademacher
sequence in the setting (S), and it also means the normalised sequence in the setting (NS). Denote
by ¢ the o-algebra generated by Y, for notational convenience, we write L?(Q) for L?(Q,¥,P)
in the sequel. We write $§ = ¢2(N) for the Hilbert space of square-summable sequences indexed
by N. $H®” means the n'" tensor product space and $H®" its symmetric subspace. We denote
He" = {f en® i flae =0} with A, = {(i1,- - -,in) € N" : iy # i; for different k,j}. Clearly,
.6690 = 9" =R. For u,v,w € §, we write (u,vw) = Y ke UkVEWE.

2.1. Discrete Malliavin calculus
The basic reference for this section is the survey [I7] by Privault.
Definition 2.1. The (discrete) n'" order multiple stochastic integral .J,,(f) of f € H%", n > 1, is
given by
T(f)=" > Sl in)YeYiy oY, (2.1)

(i1,+in)EAR



We define Jy(c) = ¢ for any ¢ € R. It is clear that J,(f) = J, (f]lAn), where f is the standard
symmetrisation of f.

For g € Y™, it is easy to check that ||Jn(g)||2L2(Q) =g/} e. and €, := {Jn(g) : g € H5"}

is isometric to (95", Vn!|| - [|gen). €, is called the Rademacher chaos of order n, and one can see
easily that 4, is a closed linear subspace of L?(Q2) and ,,, ¢, are mutually orthogonal for distinct
m,n:

]E[Jn(f) ' Jm(g)] =n!- <f’g>5>)®n : I]-(mzn)v Vf € ﬁ()@n » 9 € j;')(Cj)m : (22)

More notation. 6, := R. We denote by S the linear subspace of L%(f)) spanned by multiple
integrals and it is a well-known result (e.g. see |[I7, Proposition 6.7]) that S is dense in L*(2). In
particular, F' € L?(2) can be expressed as follows:

F=E[F]+ Z Jn(fn) s where f, € HF" for each n € N. (2.3)

n>1

We denote by L?(Q2 x N) the space of square-integrable random sequences a = (ay, k € N), where
ay, is a real random variable for each k£ € N and ||a||%2(ﬂxN) =E[llal?] = dok>1 Ela}] < +o0.

Definition 2.2. D is the set of random variables F' € L*() as in (2.3)) satisfying -2, 01| foll3 e <
+o0. For F e D asin (2.3), DiF =3, < ndn_1(fn(-,k)) for each k € N. DF = (D, F,k € N) is
called the discrete Malliavin derivative of F.

Remark 2.1. Using (2.3) and (2.2)), we can obtain the Poincaré inequality for F' € D, Var(F) <

Definition 2.3. We define the divergence operator ¢ as the adjoint operator of D. We say u €
domd C L*(Q x N) if there exists some constant C such that [E[(u, DF)g]| < C||F||12(q) for any
F € D. Then it follows from the Riesz’s representation theorem that there exists a unique element
in L?(Q x N), which we denote by 6(u), such that the duality relation holds for any F' € D:

E[(u, DF)g] = E[Fé(u)] . (2.4)

Definition 2.4. We define the Ornstein-Uhlenbeck operator L by L = —§D. Its domain is given by
domL = {F € L?(2) admits the chaotic decomposition as in such that > °7  n?n!- ||fn||%®n
is finite}. For centred F' € L*() as in (2.3), we define L™'F = — 3> n~'J,,(fn). It is clear that
for such a F, one has LL™'F = F. We call L~! the pseudo-inverse of L.

Here is another look at the derivative operator D.

Remark 2.2. We choose Q = {+1,—1} and define P = @, (Prd+1 + qx6-1). Then the

coordinate projections w = {wy, -} € Q — wp =: X(w) is an independent sequence of non-
symmetric, non-homogeneous Rademacher random variables under P. We can define for F' € L?(),
Fok = F(wy,- -, wg—1,1,wgt1,- - -), that is, by fixing the kth coordinate in the configuration

w to be 1. Similarly, we define FO* := F(wy, - -, wr_1,—1,Wgr1,- - -). It holds that DyF =
DGk (F®F — FOF) see e.g. [IT, Proposition 7.3]. The following results are also clear :

o [F*—F| = 1(x,=1y|DuF|//Prdk < |DkF|/ /it and |[F*—F| = 1(x, 21 |DiF |/ /B <
|DiF|//Pras.-



e F € Dif and only if 3, cypraiE[|[F®* — FO*?] < +oc. In particular, if f : R — R is
Lipschitz continuous, then f(F) € D.

The following integration-by-part formula is important for our work.

Lemma 2.1. (|14, Lemma 2.12]) For every centred F,G € D and f € C'(R) with || f/||oc < 400,
one has f(F), L'F € D and E[Gf(F)] = E[(~DL™1G, Df(F))g].

In particular, for f(z) = x, E[Fg] = E[(—DL_lF, DF>;_,]. The random variable (—=DL™'F, DF ),
is crucial in the Malliavin-Stein approach, see e.g. [12] and [16].

The term D f(F) is not equal to f'(F)DF in general, unlike the chain rule on Gaussian Wiener
space, see e.g. |13 Proposition 2.3.7]. The following is our new approximate chain rule.

Lemma 2.2. (Chain rule) If F € D and f : R — R is Lipschitz and of class C' such that f’ is
Lipschitz continuous, then

Dy f(F) = f'(F)DiF + Ry, (2.5)

£ lloo
2./PkAk

Proof. Note first f(F) € D, since f is Lipschitz. Moreover, since f is of class C* with Lipschitz
derivative, it follows immediately that f(y) — f(z) = f'(z)(y — ) + R(f), where the remainder
term R(f) is bounded by || "]l - |y — x|?/2. Therefore, in the setting (NS)

Dy f(F) = /pay. - [f(F®F) — f(FF)]
= Vorar - { FFF) = f(F) = [F(FF) = £(F)] |
= Vieai - { P (F)(F® = F) + Ry = f/(F)(F™ — F) + oy}

where the remainder term Ry is bounded by - |Di.F|? in the setting (NS).

1£"lloo - |D&F[* 1f"lloo - | D& F[*

with |'R1’k| < R H(Xk:—l) and |R2,k| < DR ]l(Xk:l)-
Whence, Dy, f(F) = \/prar - ['(F)(F®* — FO%) + Ry, = f/(F)DyF + Ry, and the remainder term
. 1" lloo - 1Dk F'|2
Ry, = Rik + Ro) is bounded by —————. O
k= Pk (Rik + Rak) N

It is clear that in the setting (S), the remainder Ry, in (2.5) is bounded by || f”||o - |Di F|2.

Remark 2.3. In the setting (S), our approximate chain rule is different from that developed in
[14], in which f is assumed to be of class C? such that f(F) € D and ||f"'||oc < +00. Moreover,
their chain rule is given as follows:

Dif(F) = F(F)DGF — [f/(F¥) 4 f"(F9)] - (DLF)? Vi + B (2:6)

with |]§k| < %||f’”||oo|DkF|3‘ Apparently, ours is neater and requires less regularity of f. This is
important when we try to get some nice distance bound in Section 3.1. Following [14], the authors



of [I8] gave an approximate chain rule in the setting (NS): if f is of class C® such that f(F) € D
and || f"|lco < 400, then

|D F|?
4.\/Prax

Dyf(F) = ['(F)DyF JUER) 4 fEON] (DRF)? - X+ RE(@27)

5 D.FJ?
with the remainder term Rf bounded by §|| i ||oou See also Remark
: Prqk

2.2. Star-contractions

Fix m,n € N;and r = 0,---,nAm. For f € §%" and g € H®™, fx" g is an element in HE+m=2r
defined by

f*:g(ila'"7infr»j1,"'ajmfr): Z f(ila".77:7177‘3041)'"7047’)9(]‘1,”'ajmf’rwal,"'va'?“) .
a17---,a7\eN

Lemma 2.3. Fix /€ Nand 0 < r < (. If f, g € H®¢, then
20| f %5 gllgonear < 1 %67 Fllgoer + 95670 gl 00 -

In particular, Hf * ngJme,gT < Hf *ﬁi: fo)®2T + ||g *ﬁ:; g||ﬁ®2r.

Proof. Tt follows easily from the definition that

2Hf*: g”;®22727‘ = 2<f *2:: f7g*£:: g>ﬁ®m

<7525 Fll oo + 194027 allgon-

2.8. Stein’s method of normal approximation

A Dbasic reference for Stein’s method is the monograph [4]. Let us start with a fundamental
fact that a real integrable random variable Z is a standard Gaussian random variable if and only if
E[f(Z2)] =E|Z - f(Z)] for every bounded differentiable function f: R — R.

Now suppose that Z ~ .A47(0,1), for h : R — R measurable such that E|h(Z)| < o0, the
differential equation f’(x) — 2 f(x) = h(z) — E[h(Z)] with unknown f is called the Stein’s equation
associated with h. We call f its solution, if f is absolutely continuous and one version of f’ satisfies
the Stein’s equation everywhere. More precisely, we take f'(z) = zf(z) + h(z) — E[h(Z)] for every
z € R.

It is well known (see e.g. [4, Chapter 2|, [I3] Chapter 3]) that given such a function h, there

—x2/2

exists a unique solution fj, to the Stein’s equation such that lim;_, 4o fa(2)e = 0. Given a

suitable separating class % of nice functions, we define

A7 (X, Z) := sup [E[f(X)] ~E[/(2)]]

When .Z is set of 1-Lipschitz functions, d ¢ is the Wasserstein distance; when .% is set of 1-Lipschitz
functions that are also uniformly bounded by 1, d g is called the Fortet-Mourier distance; when .%#



is the collection of indicator functions 1(_, .}, 2 € R, d# corresponds to the Kolmogorov distance
appearing in the Berry-Esséen bound. We denote by dyw , dpn, d respectively these distances. It
is trivial that dppr < dw, and it is not difficult to show that di (X,Y) < /2C - dw (X,Y) if X has
density function uniformly bounded by C'.
Now we replace the dummy variable x in the Stein’s equation by a generic random variable X,
then taking expectation on both sides of the equation gives E[X f;(X) — f; (X)] = E[h(X) — h(Z2)].
Here we collect several bounds for the Stein’s solution fj:

e For h: R — R 1-Lipschitz, fj, is of class C* and f} is bounded Lipschitz with || f} || < \/2/,
| fi oo < 2, see e.g. |3l Lemma 4.2]. We denote by .Zy the family of differentiable functions
¢ satisfying [|¢||co < /2/7, ||¢”||co < 2, therefore for any square-integrable random variable
F

)

Ar(F,7) < d (F.2) < sw [E[Fo(F) - ¢'(F)]| (2.8)

o If h = 1(_u, for some z € R, then 0 < fj, < V27 and I fillo <1, see [, Lemma 2.3]. We

4
write g = {0 : [|¢/[|c <1, [[¢]l00 < @}, therefore for any integrable random variable F,
dx(F,Z) < sup |E[Fo(F) - ¢’(F)]‘ . (2.9)

PET K

As the density of Z is uniformly bounded by 1/v/27, we have the easy bound dg (F,N) <
dw (F,N).
3. Main results

3.1. Normal approximation in Wasserstein distance

In this subsection, we derive the Wasserstein distance bound for normal approximation of
Rademacher functionals. Our new chain rule plays a crucial role.

Theorem 3.1. Given Z ~ .47(0,1) and F € D centred, one has in the setting (NS) that

dw (F, Z) < \/EJEUI —(DF, —DL*1F>ﬁ|} +E [< \/;TIDLlFL |DF|2>ﬁ ] . (3.1)

In particular, if F' € %, for some m € N, then

E[[1 - (DF,~DL™'F),|| <[1 - E[F?| + %./Var(HDFH%) (3.2)

and

E R L prp, |DF\2>ﬁ } < VE[F?]/m -

T > ——B[|D.F]. (33)

keN



Proof. Given ¢ € Fy, it follows from [Lemma 2.1 and [Lemma 2.2 that

E[F(F)] = E[(Do(F), ~DL™'F)y] = E[¢/(F)(DF, ~DL™'F} + (R.~DL™'F)].
where R = (Ry, k € N) is the remainder satisfying |Ry| < |DyF|?/\/Prqr. Thus,
E[F¢(F)] — El¢/(F)] = E|¢/(F)((DF,~DL™'F)5 —1)| + E[(R,~DL™'F)s]

implying that
‘E[F¢(F) _¢/(F)]‘ < \/EE{“ — <DF7—DL_1F>;)” +E {<\/;>q|DL_1F|,|DF|2>ﬁ :| .

Hence follows from .

If F=Jy(f) withm €N, f€nHy™, then DiF =mdp_1[f(-, k)], Dil™'F = —Jp_1[f (- k)]
Recall E[F?] = E[{(DF,—DL"'F)g], thus follows easily from triangle inequality and Cauchy-
Schwarz inequality:

E[|1 — (DF, fDL*1F>ﬁ|] <|1-E[F?] + E[|E[F2] — (DF, fDL*1F>,-)ﬂ

< [1 ~E[F?)| + \/Var((DF, ~DL-1F)s)

1
=1 -E[F?]|+ E,/Var(||DFH%) .

The inequality (3.3)) is also an easy consequence of Cauchy-Schwarz inequality:

1 1 1
E [<|DL1F|,|DF|2> ] ~3E [DkF| : |DkF|2}
s m NZEn

\/ITq keN
1
< E[|DyF?] - ——E[|D.F[*]
2 2
E[F?] 1
=/ = —E[|D,F4] .
St

O

Remark 3.1. (1) In the setting (S), the results in can be easily deduced by taking
pr = qx = 1/2 for each k € N. As we have mentioned earlier, our approximate chain rule is neater
than given in [14], Proposition 2.14], since it requires less regularity (this is the key point for
us to get the estimate in Wasserstein distance). Although the authors of [I4] were able to derive
the Wasserstein distance via some smoothing argument, they imposed some further assumption and
their rate of convergence is suboptimal compared to ours.

(2) In the setting (NS), Privault and Torrisi used their approximate chain rule and the
smoothing argument to obtain the Fortet-Mourier distance, see [I8, Section 3.3]. It is suboptimal
compared to our estimate in Wasserstein distance, in view of the trivial relation dpy < dyy.

(3) Recall that the test function ¢ € Fx (see (2.9)) may not have Lipschitz derivative, so our
approximate chain rule as well as those in [14} [I8] does not work to achieve the bound in Kolmogorov



distance. Instead of using the chain rule, the authors of [§] carefully used a representation of the
discrete Malliavin derivative D¢ (F') and the fundamental theorem of calculus, this turns out to be
flexible enough for them to deduce the Berry-Esséen bound in the setting (S). Later they obtained
the Berry-Esséen bound in the setting (NS) with applications to random graphs. One can easily
see that two terms in ([1.3) are almost the same as our bound in Wasserstein distance while there
are two extra terms n their Kolmogorov distance bound.

Due to a comparison between and , we are able to replace the Kolmogorov distance
in many statements in [§, O] by the Wasserstein distacne (with fewer terms and slightly different
multiplicative constants). For example, we will obtain the so-called second-order Poincaré inequality
in Wasserstein distance in the following

Remark 3.2. (Second-order Poincaré inequality) One can apply the Poincaré’s inequality to
(-DL™'F,DF)g:
Var((—-DL™'F, DF)s) < IEJ[HD(—DL”F, DF>5§||Z}, (3.4)

provided (—DL7'F, DF)g € D.

In [9], Krokowski et al. gave the bound on Kolmogorov distance, see ; they also established
the so-called second-order Poincaré inequality as follows. For Z ~ .4#7(0,1) and F' € D centred with
unit variance, and r, s,t € (1,00) such that r=! +s~! +¢~! = 1, it holds that

Ver

dK(F,Z)§A1+A2+T'A3+A4+A5+A6+A7, (3.5)
where
1/2
15
A= ZJ > S VEDF2(DeF)) \JE[(DeD;F)2(DDeFY] |
1/2
3 - 2 2 )
Agi= | §1p£qz]E[(DgDJF) (DyDyF) ] :
Jsk,
o 1 - 2 .
Az 71@ W E[|DyFI’] 5 As |FHLT(Q g 1(DRE)*|[ . |DkF”L"(Q)’
12 . 1/2
As = Z LE [(DkF)ﬂ ;o Ag=1 3 Z #E[(DeDka} ;
Pt Prqk k=1 PrqrpPeqe
1/2

—\JE[(DeF)*] JE[(D:DLF)]

A7I: GZ

W PRak

Part of the proof for requires fine analysis of the discrete gradients in . For more details,

see [9, Theorem 4.1]. Following exactly the same lines, one can obtain the following second-order

Poincaré inequality in Wasserstein distance by simply comparing and , as well as going

through the proof of [9, Theorem 4.1]: dw (F,Z) < y/2/7 - (A1 + A2) + A3. Note the constants
s,t are not involved in Ay, Ao, As.



In the end of this subsection, we recall from [I4] sufficient conditions for CLT (in the setting
(S)) inside a fixed Rademacher chaos %, (¢ > 2). The analogous result in the setting (NS) was
proved in [I8, Section 5.3].

Proposition 3.1. ([I4, Theorem 4.1]) In the setting (S), fix £ > 2. If F,, := Jy(f,) for some
fn € 55, then

/—1
Var (|DF|3) < C 7 || fa % fal|eseom - (3.6)
m=1
and
4 —1 )
STE[DFE <O [ fa ¥ Fallmee o (3.7)
keN m=1

where the constant C' only depends on /.
As a consequence, the following result is straightforward.
Proposition 3.2. (|14, Proposition 4.3]) If ||an?§®z -4l — 1 and
| frn anﬁwfzm —0, Ym=1,2,--- -1, (3.8)

as n — 400, then F), converges in law to a standard Gaussian random variable.

8.2. Almost sure central limit theorem for Rademacher chaos

The following lemma is crucial for us to apply the Ibragimov-Lifshits criterion. The Gaussian
analogue was proved in [I, Lemma 2.2] and the Poisson case was given in [20, Proposition 5.2.5].

Lemma 3.1. In the setting (NS), if F' € D is centred such that (—DL™'F, DF)g € L*(Q) and

> LE[|D,€F|4} <400,
o PRk

then

|E[e"F] — e*t2/2| <[t |1 —E[F?)|+t*- \/Var((fDLle, DF)g)

1
LY
£ VPR

In particular, if F' = Jy(f) for some £ € Nand f € 5'98)6, then

. 2 t|?
B[]~ e=2| < 12 [1— )7 e | + 0 Var (I DFIB)
1
+eP - D> MEHD,CFH«/]E[FQ]/E. (3.10)

keN

E[|DkL‘1F\ : (DkF)Q} . (3.9)

10



Proof. Set ¢(t) = et*/? -E[e?F'], t € R. Then

(B[] — e ] = [o(t) — $(0)] - /> < 2]+ sup [¢/(s)] - (3.11)

Is|<[¢|

Clearly,

¢ (t) = tet PE[eiF) + ie! I2E[F - ¢tF] = te? 2E[e"F] + ie! /*E[(~DL™'F, Dei'F) ] ,
and it follows from that for each k € N,

Dyett = ite™ D F + Ry,
with |Ry| < [¢|? - |DiF|?//Prak. Therefore,
§'(t) = te" B[] — te B[ (—DLUF, DF)5 | + e *E[(~DL™'F, R)s].
Then by triangle inequality, one has
8/ (t)| < [t]e"”/?-E[|1 — (-DL™'F,DF)5|] + ¢ ?|E[(-DL™'F, R)g]|.

It follows from that

B[] — e /2| < PE[1 — (~DLF.DF)o|| + 1 - Y. ———E||DiL " F|- (DiF)?].

ken VPrIk
then the desired inequality (3.9) follows from the estimate E[|1—(—~DL™'F, DF)g4|] < [1-E[F?]|+
\/Var(<—DL—1F, DF)g), see[Theorem 3.1, The rest is straightforward. O

The following theorem provides sufficient conditions for the ASCLT on a fixed Rademacher
chaos in the setting (S). The analogous results in the Gaussian and Poisson settings can be found
in [I, 20] respectively.

Theorem 3.2. In the setting (S), fix £ > 2 and F,, = Jy(f,,) with f,, € 5669[ for each n € N. Assume
that ||fn|\%®e ¢! =1, and the following two conditions as well as (3.8)) are satisfied:

C-1 Z Z |fk7f] f_,®2| oo

n>2 V” k,j=1
c2 Y — Z N fr o Frllgozeam <400, Ym=1,....0-1.
n>2 nﬁY" k=1
Then the ASCLT holds for (F},)nen-

Proof. Note first F,, converges in law to a standard Gaussian random variable, by Proposition [3.2}
Observe that

A i Z ( t(FeFy) €7t2> B o—t?/2 i%(eitm B e—t2/2) (3.12)

7" k,j o=

—¢2 n
et/2

1 _
E - (e_”FJ' — e‘t2/2> .
In

11



Now we fix r > 0, t € [—r,r]. For brevity, we omit the subscripts. One can deduce from

and , that

)

-1
B [eitF"] _e—t2/2‘ <C- Z | fr % f| ’
m=1

here and in the following the constant C' may vary from line to line but only depend on 7, £.

Since v/ay + ...+ a; < (/ay + ...+ /a; for any ay,...,a; >0,
, -1
B[] - 2| <€ 3 5wt il
m=1

Similarly, we apply the same argument with s = v/2t and g = (f — f;)/V/2, and we get

-1
’E[eit(n—m)} _e = ‘E[eis.ﬂ(g)] _ 6_32/2‘ <C Z Hg*ﬁ gH +C- ’<fkafj>|~ (3.13)
m=1
Clearly, g g = 5 (fi xim fr + fi m f5 = frxm f5 = fi < fx), then
2l|gxm gl < [fxm Fill + 115w £l + 20| e 2 £l
implies ka * fJH < ka *ﬁ:ﬂ ka + ||f] *ﬁ:ﬂ f]H Therefore,
-1
[Ble ] - e < ot £l + € X (e sl + M al) - 310
m=1
Hence,
E(| An(t)?) (3.15)
C n 7 1 -1 n 1 -1
<5 Z [ 0L C5n LS sl L i)+ S50 03 iz ]
Tn =1 k=1 " m=1 "k=1" m=1
C < !<fk,f>! 1«
-2 R D ensl.

Now we can see that the conditions C-1, C-2 imply the Ibragimov-Lifshits condition (|L.6[), so the
ASCLT holds for (F,,n € N). O

In the setting (S), the normalised partial sum S,, = (Y1 + - - - + Y},)/+/n converges in law to a
standard Gaussian random variable. Moreover, the ASCLT holds for (S,,), this is a particular case
of [I0, Theorem 2]. The following result is a slight generalisation of this classic example.

12



Corollary 3.1. In the setting (NS), let F,, = Ji(f,) be such that || f,||s = 1 for all n € N. Assume
that the following conditions hold:

(i) Z Z | fkafy

n>2 7” k:j 1
o0
i Y — Z D N (m)]* < +o0
n>2 %Lk 1 m= 1

oo

1 k——+oo
(i) Fem)l? 250
el VPmAm

Then F, -2 A4(0,1) and the ASCLT holds for (F,,n € N).

Proof. Note —DL™1'F,, = f,, and DF = f,,. Then the quantity (~DL™'F,, DF,)g is deterministic
and | Dy, L71F,| - (D F)? = | fu(m)|? for each m € N. Therefore, it follows from that

‘E[e”F"] — e_t2/2’ <[t Z [ (m)[°.
\/W
oo’ mqm

By (iii), the CLT holds for (F},). Similarly as in the proof of |Theorem 3.2 we have

, = 1
B[] — =) < 22| (fi, fi)a| + 2V m) = f;(m)[*
| (Fe 0] + 22" 37—l fim) = £ )
S |
< 2°(fi, fi)s | + 8V2It fem)P? +1£;(m)?)
|(fies fi)s| ||ﬂ;\/m(|()l i (m)[?)
where the last inequality follows from the elementary inequality (a+b)3 < 4a®+4b3 for any a,b > 0.
The rest of the proof goes along the same lines as in O

To conclude this section, we give the following example as an application of

Example 3.1. In the setting (S), we consider the symmetric kernels f,, € $§* for n > 1:

1
o — ifi,5€{1,2,---,2n} and |i — j| =n;
falisg) = 2/

0 otherwise.
Setting F), = J2(fn), we claim that the ASCLT holds for (F,,,n > 1).

Proof. 1t is easy to get 2an||525®2 =1 and

1

. — ifi=j€e{1,2, -, 2n);

Foxd Fulind) = { An jet J
0 otherwise.

13



So ”fn *% anfJ®2 -
If kK </, then

converges to zero as n — +o00o, thus the CLT follows from Proposition

1
2v/2n

(fk,fesam:kalijJ kalj]l(h dl=k) Je(d, )L (jimji=¢) = 0,

1,j=1 i,5=1
thus

Z Z |fkaf€f)®2 Z Z|fkafk so2| Z Z@<+OO'

n>2 nry" k=1 n>2 ’Y” k=1 n>2 ’yn k=1
That is, the condition (C-1) in|Theorem 3.2|is satisfied. It remains to check the condition (C-2):
Zn Z }fk*lfk“g@m Zn - 72\;ﬂ<+00
n>2 Tn k=1 n>2 n k= 1

Hence it follows from [Theorem 3.2| that the ASCLT holds for (F,,n > 1). O
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